CHAPTER 4

DATA ANALYSIS (}
4.1 Introduction ?

This Chapter is devoted to showing the data analysis performedto test the study

hypothesis. The First Section of this chapter, an introducti tcing its components,

kicks things off. The Second Section discusses the re ser ew after the
]

data collection phase. The Third Section describes espondents’ h}reiiej stics.

The Fourth Section provides a detailed descri
and assumption assessment required bew

analysis (CFA). The Fifth Section is d& Eedb showi
ensure construct validity and re@yty of éﬁ\?\ﬁt

t%' inary %E'analysis
i e co@g;tory factor

irst@er CFA results to

,(&nstruct and the full

N
-order CFA results of

measurement model. The Si

s
E
2

employee performance. T %th [ 0 epreﬁéthe hypothesized structural
Secti

model and its fit mea Eight

evaluates the direct indireci \ts\ helé
N

|
4.2 Respo %le / 4 C‘)

&

¢
T% 'onnaﬂaahy%een di&buted physically to participants using a paper-
X

baseg@ule. In this study, t@earcher distributed a total of 380 questionnaires to

ted participants according to the sampling framework. However, the total

A

ber of returned questionnaires was 377, yielding a response rate of 99.2%. Out of

(/

e received questionnaires, only 375 were subjected to analysis since the remaining

were deemed incomplete and unreturned, leading to their exclusion from the analysis.
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Consequently, the adjusted response rate was 98.7%. The distribution of the

questionnaire and response rate are detailed in Table 4.1. T
Table 4.1: Response Rates of the Final Study (!)
Response Rate Respondents'Now,
Questionnaires Distributed 380
Returned 377 ? '
Not Returned \,
Returned and Unusable 2
Returned and Usable
Response Rate 98y7%
{

4.3 Respondent Profile \d‘
P g C§'
In this sub-section, the descriptive statisti the re,sp ndents' eﬁ}bgraphic

profile of respondents that are shown in Table 4?0? 375,r were 317
(84.5%) males and 58 (15.5%) females the er ed f %0 to 40 years
(n = 220, 58.7%) while 22.9% of them age% n &Qars and 18.4% of
them were aged above 40 years! ISHI nYof thet_‘) ple according to the

academic qualifications of res& ts sho 46. G@d 46.4% of them had high

school or lower and b hek?ﬂ!gree res C |ve |Ie 8.0% of them had MA or
Ph.D. degrees. ,
The distrib h’the @y m|ILQ rank shows that 45.9% (n = 172) of

respondents re ice en to firs tla ts 33.9% (n = 127) were lieutenants to

captains, %o (n 76 s or above. As for years of experience, more

f
than &ﬁ)f them 1 0 ears (n = 221, 58.9%) while 21.3% (n = 80) of
ha

the\ to 10 years and 19.7% of them had more than 20 years of experience (n =
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Table 4.2: Descriptive Statistics of Participants’ Characteristics

Characteristics N %
Gender T
Male 317 845 \
Female 58 155
Age (years)
Less than 30
From 30 to 40
Above 40
Academic qualification
High school or above
Bachelor’s degree
MA or Ph.D.
Military Rank
Policeman to the first assistant
lieutenant to captain

major and above 6 20. \Y'
Experience (years) ' _i’)
From0 - 10 80
From 11 -20 A
Above 20 Y.
4.4  Preliminary Data Analysis \:' ,
Before conducting factor anws it is \ov{a? ,@ure that assumptions

have been met. Such assumpti ludé" sampling a cy, outliers, normality

assumption, collinearity of indicaters i ctor, a@nulticollinearity. This study
?‘l fol

extensively addressed the 's;es int wing.‘@%section.
v’ &

The firs of factor a ysfs it-t/%%nsure that the data suited the measurement

N
model %kck whethe }he daé\is appropriate for factor analysis. Sampling

ade@‘or each variable in @easurement model can be tested using the Kaiser—

Ikin (KMO) test. It is a measure of the portion of the variation in variables

6 ight be shared variance, whereby larger proportions lead to a higher value of the
MO,

and thus the data is considered sufficient to conduct. It also examines whether

there are sufficient items that can form and predict each factor in the questionnaire
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(Joseph Hair, Anderson, Babin, & Black, 2010; Kline, 2014). The values KMO test lie
between 0 and 1 such that values closer to 1 are considered accurate for an acc
factor analysis accuracy. According to Kaiser (1974), the minimum accs@/alue
of the KMO test is 0.50, while values ranging from 0.70 to O.SAonsidered
acceptable, and a value greater than 0.90 is considered outstanding better. In this
study, the values of KMO ranged from 0.842 to 0.942, which Ms the sampling
adequacy and an indicative of factor analysis suitability as Yn.T ble 4.2.
Another assumption that must be met is the collineacity of 'nWmeasuring

oy
their underlying construct or factor. This can be@ using |Ba t’, @vhich
examines whether the measured items under% act(Q ighly @Elated. A
ered a

nt ind@:izgn of highly
20@(han & Mohiya,

significance value of less than 0.05 is consid

correlated items underlying each fac oseph Hair
2020; LoVullo & Matson, 2009; c@gse, c% K |g@,\2o14). In this study,
N
the significance values of Bartla% are {éss th .O(@ich provides substantial
evidence that items of each Mt a M@ as shown in Table 4.3.
)z (
%e 4.3: YCJ‘B?}Q’S Tests

Bartlett's Test of Sphericity

Construct  No. of it KMO . i
onstruc 0. ot items Approx. Chi-Square ~ Df  Sig.

TE 10 0.926 2442.605 45 0.000
TS 10 0.894 1945.804 45 0.000
LV 10 0.842 1424.645 45 0.000
CCT 10 0.851 2472.766 45 0.000
EXP 10 0.942 2457.492 45 0.000
QW 10 0.908 2124.381 45 0.000
El 10 0.921 1866.313 45 0.000
Full model 70 0.842 38947.555 1830  0.000

s: TE: Training environment; TS: Training strategy; LV: Leader’s vision; CCT: Culture
reative thinking; EXP: Experience; QW: Quality of work; El: Employee innovation.
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442  Assessment of Outliers

Another important assumption in multivariate analysis deals with outllersw
are the data points that differ considerably from other observations (Byrn \» The
presence of outliers in the data can influence the accuracy of the estiH;w and thus
lead to misleading results (Whittaker & Schumacker, 2016). Cao eWOl?) define
outlier observation as an extreme case of one or two variabl S.Mrmore, extreme
cases should be discarded from analysis to obtain accura m ts (Jakhetiya et
al., 2018). \d

"X

Accordingly, outliers can be tested using M obis Dist ekl\@) and

0)% d M%RFy (2019)

MA@Je is greater

i nifi@%e and 100.425 at

Cook’s Distance (George & Mallery, 2019; Pal

suggested that an outlier case is consider

than the critical Chi-square value (90\305 level

0.01 level of significance). 8 case detec Yc e& bers: 18, 180, 241,

274, 292, 311, 323, 346) that h%:aredq\/lA igher @u the critical Chi-square
value. However, before w %to I ese 1 , we have estimated Cook’s
Ca 0se b '

distance to identify ou S pr

if these cases have nusual T r mﬁe on the data. The criteria to assess
outlier cases si & &gge&%‘&a‘[ any case that has Cook‘s distance
value that exc nS|d ddo @(\-/?serlous problems with the data (George &
Mallery&{' ablf4uj s t ok‘s Distance values, which indicates that the

ma value is 0.7604, WWB lower than 1. Hence, the researcher decided to

e and Mallery (2019) and check

Table 4.4: Descriptive Statistics of Cook’s Distance

?\ese 8 cases since they do not have serious problems (Pallant, 2020).

N Min Max Mean Std. Deviation

Cook's Distance 375 0.00000 0.76035  0.0063258 0.04742650
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4.4.3  Assessment of Normality

This study needs to assess the normality of each latent construct, whic
backbone of multivariate analysis. Normality assumption could be assess@}g the
measures of skewness and kurtosis. Byrne (2016) suggested that th variables
might be considered normally distributed if the skewness values of éach item ranged
from -2.0 to +2.0 and kurtosis values ranged from -7.0 to +7.0. Nonetheless, values of
skewness ranging from -3.0 to +3.0 are acceptable to be ms ributed (Awang
et al., 2018). The skewness values in this study ranged -1. 5\&-\%6 as well
and kurtosis values ranged from 0.708 to 1.229, sho indicative 'din(i{(}‘gthe
normality of the data variables has been attai le 4.5 the{/&*mates of

, Whi@;ws that the

alu QTabIe A.l in the
O

skewness and kurtosis of the study vari bw ch
C

normality assumption has met the ma1ded

ed.

that all indicators are normally

Appendix shows the skewness and%sis oﬁc&ca y\TPT'dividually and shows

Skew Kurtosis

~1.074 0.914
~5.00 -1.032 1.224
500 -1.006 1.051

I
N
CCT \10 . NLO06 Q)(J 5.00 -1.028 1.229
EXP (') 10 1’50(_, 5.00 - 0.966 0.460
QW% 10 ) 1.0 5.00 -1.075 1.072
EY . p' J. 19& 5.00 -0.978 0.708

TE: Train nvironment, TS: TraY@hg strategy; LV: Leader’s vision; CCT: Culture of
creag've&inklng; EXP: Experier@Q\N: Quality of work; EI: Employee innovation

N

the meantime, the sample size could also affect the normality assumption,

ancially low sample sizes of less than 50 or 30 participants, and the results would be

not accurately reproduced if the data variables were not normally distributed (Hair et
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al., 2010). The sample size of the current study is 375 which is greater than 200
indicating that any departure from normality could not affect the results Th :

this study utilized a large sample size, and thus the effect of the non-normality“ef the

data was reduced. A

4.4.4  Assessment of Multicollinearity

One of the most important assumptions of multivariate analysis is that the latent

é_h

lated, then the
@

problem of multicollinearity arises indicating that théscorrelated late yari are

=
redundant and might lead to inconsistent result§ iA g, Afthanorhan, & Asfi, 2015).
S Impo

Y
Before reporting CFA results, therefore, w D rﬁn\conﬁ@;ﬂ all latent
constructs are not highly correlated (J&g@ir et al. : N@kollinearity could

ent constructs in the

be assessed using the bivariate corgélations of cTn P

measurement model of the %ﬁ a fule gum@e bivariate correlation

coefficient between any twoNpen t co@s(ﬁéts that is less than 0.85
L

demonstrates that therg'is cue reg

removed one th é\ahan
. x ' o o
Joseph Hair % 2010). %h fenéjt dy assessed the multicollinearity problem
using t%ktion m trix/be e@l latent construct variables as shown in Table
t

constructs should not be highly correlated. If they ighly,c

iah, I, & Khalid, 2019; Awang et al., 2015;

b
LaN ariable scores arec%bﬁzned by averaging all their respective indicators’
N

6.
r Ns at this initial step. The results showed that all the bivariate correlation
coefficients (Pearson) did not exceed the cut-off value of 0.85 and thus it was

anluded that multicollinearity is not detected among latent constructs.
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Table 4.6: Bi-variate Correlations Between Latent Constructs Before CFA

TE TS LV CCT EXP QW EV.;
TE  1.00
TS  0.692 1.00 C\

LV 0.541 0.442 1.00
CCT 0.564 0.572 0.698 1.00
EXP 0.596 0.692 0.663 0.621 1.00

Qw 0.701 0.584 0.674 0.556 0.571 1.
El 0.594 0.593 0.532 0.664 0.672 0.68 1.00

TE: Training environment; TS: Training strategy; LV: Leader’s viston; JCCT: Culture of
creative thinking; EXP: Experience; QW: Quality of work; EI: Em innovation
It is important to note that multicollinearity. also elas sed after
. L . I . *
conducting the CFA of the full measurement Wthhl@jlcted in this uiy Iit%B-
s N~
Y

4.5 Confirmatory Factor Analysis — St% SE \ 5 X~
0

Before SEM is conducted, it is @
t the

\ u model has met its

the latent constructs and ensure tE
respective criteria for good fit ( Hair et al. 72010 deed, the validity and

7]
reliability of the latent consN re UMIU sing the CFA procedure
[73) S

(Joseph Hair et al., ZOt). i [ 0
Construct vaIi%a e ssesg‘{ md" @Vergent validity, which is measured
the Awverage rianc@(plained (AVE) which measures the

N
extent to whi dicatdrs sure ﬂwg underlying constructs (Joseph Hair et al.,
O
2021). C &l’val?i is also’assessed using a discriminant validity index that can
é&/ :
be meéasu

using either facot;{ri‘.cross-loading, Heterotrait- Monotrait (HTMT),
F:Nand Larcker formulaﬁ\b Hamid, Sami, & Sidek, 2017; Harry & Watson,

Henseler, Ringle, & Sarstedt, 2015) and reflect whether any two latent

as thelvalidity and reliability of

Ce

3

7B

g

based on comp

owlstructs are highly correlated. Convergent validity assesses within-construct
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relationships, while discriminant validity assesses validity between constructs (Awang
et al., 2015; Joseph Hair et al., 2010).

On the other hand, construct reliability can be evaluated using t\/@bility
measures, namely composite reliability (CR) and Cronbach’s alpha, eflect the
internal consistency and accuracy of the measurement model and exWhe extent to
which the findings can be replicated when the study is repeate similar settings
(Awang et al., 2015; Joseph Hair et al., 2010). Furtherm ?.im ortant to check

and report model fit indexes to evaluate whether the osed m.ehg{dent model

@

Yw
shall be either accepted or rejected given the s%ata. The li the ‘@cited
Y

several model fit indexes with recommended t alués goo@f Among

X

these indexes are which are Absolute Fity Incréme monious Fit

(Byrne, 2010; Joseph Hair et al., ; aalid et al 16dteyers, Gamst, &

Guarino, 2006; West, Taylor, & \/\qﬂ). Ta\ﬁox q@ns the most cited and
N
ingt

_‘
D

widely used model fit indexes h th&r corresponding-cut-off values for a good

&
fit. \ l $
z (
Table 4.7: Most Use%l Fit Inge es (}T@gcceptance Levels for Good Fit

Model Fit Type : \Fit'fndex\(_)f\cceptable Value for Goof Fit

Parsimonious ?Qba&(‘” I MIN/ CMIN/ DF < 5.0 (ideal if < 3.0)
Incremental Rit In \gFI“’)\ GFI1 > 0.85 (ideal if > 0.90)
5\ o CFI%  CFI>0.85 (ideal if > 0.90)
") ST TLI > 0.85 (ideal if > 0.90)
®) NFI > 0.85 (ideal if > 0.90)
Absollite Fit'Index®? o’ » MSEA  RMSEA < 0.1 (ideal < 0.08)

 ——

X

MSEA™ROot Mean Square Etroriof Approximation; GFI: Goodness of Fit Index; CFI:
tive Fit Index; TLI: @Zﬁr Lewis index; NFI: Normed fit index; DF degrees of

dom.
Kntler, 1990; Hair et al., 2010; (b) Chau, 1997; Segars and Grover, 1993; (c): Bentler,
; Hatcher, 1994; (d) Byrne, 2010; (e): Bentler and Bonett, 1980; (f): Byrne, 2010;

0 eyers et al., 2006.
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45.1  Confirmatory Factor Analysis of the Independent Variable CBT
The CBT variable contains two sub-scales of Training Environment (w
Training Strategy (TS), whereby each one has 10 indicators. CFA was cﬁ%\ed to
validate the CBT construct and assess whether the indicators measur derlying
latent constructs. The results of the CFA for the independent variabRB.T are shown

in Figure 4.1. Some items had factor loadings of less than 0.50¢ which must be

removed to improve construct validity and model fit in , am(Ty item number

(TS.10) which has a factor loading of 0.44. \d‘
Furthermore, the findings confirm that the ement mo ¢f @Eent

construct of CBT is free of irrational correlati ecause odek/‘ffindexes

exceeded the recommended cut-off points&lhat,Is, t

of RI}QSAT was 0.068
dataé%o, the values of

which is less than 0.08 indicating a fit’for the s

GFlI, CFI, TLI, and IFI were 0.915((%3, 0.93 \r&qQ ,,{E\&pectively, and higher
N
than the recommended cut-oﬁ%! O.9ﬁ indicating Qaq%bd fit of the study data.

Moreover, the value of the_Chi- arT atio ( N/DF) was 3.645, which is

less than the cut-off v showing a od fit Of the study data.
F &

Table 4.8 sh the f g ogh.a CBT latent construct. The results

revealed that allgfact adi

their thresho &@ .
regressi%kts)
@0

0.5 .805. These results @)ﬂv a good indication that these items or indicators
N

ded E?J%’and model fit indexes were greater than
! (?h
eﬁo@ ows that factor loading (i.e., standardized

- \ -
tlcall',&gmflcant and was acceptable, and ranged from

\h the underlying constructs, namely TE and TS. The AVE was used to evaluate

& onvergent validity of each construct. A value of AVE that is larger than 0.50
d

icates that convergent validity is attained (Awang et al., 2015). The results show

that the AVE (0.545 for TE and 0.560 for TS) was greater than 0.50 (Fornell &
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Larcker, 1981; Joseph Hair et al., 2010). To assess composite reliability (CR), the CR

value should be greater than a cutoff value of 0.60 for CR to be achieved (|
Awang, Walsh, & Altaf, 2015) while Joseph Hair et al. (2010) suggested c
higher than 0.70 confirms composite reliability. The results show

for TE and 0.920 for TS) achieved acceptable values higher than

Hence, the

CBT model with its underlying indicators and constructs fits the study data.
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Figure 4.1: Results of CFA for CBT Construct

CMIN = 579.545
CMIN/DF = 3.645
P-value = 0.000
GFl =0.915
CFl=0.923

TLI = 0.937

IF1 =0.924
RMSEA = 0.068



Table 4.8: Factor Loading, AVE, and CR for the CBT Construct

Items Training Environment  Training Strategy
AVE 0.545 0.560 Q
CR 0.911 0.920

abbreviation
TE1 0.583

TE2 0.606

TE3 0.644

TE4 0.768 N
TE5 0.759

TE6 0.810 Q

TE7 0.773 |

TE8 0.789 \d
TE9 0.801 -
X

TE10 0.805 N
,é\ J | S
TS2 0g74

far ¥

Items Factor loading (Standardized regression Weigl:sg

TS3 7

TS4 z \%99 X
TS5 VU g %\
TS6 (f) 1735, &,
TS7 0.73

TS8 \ 723

TS9 Cj >\VY (734

TS10 Q 0.4 eleted)

AVE: average variance,explained; GR: co ogite@jﬁbility; TE:
.

training environment; TS%raini qw AN

N

(,az N

45.2  Confirmatory cto% of. ndependent Variable CTA

The CTA l@stms@ns two,dimensions, namely the Leader’s Vision
of

(LV) and the@
in each @Un '}h results jof t (Jnitial CFA of the full construct indicate that
i

some rs have factor T:)ac@? of less than 0.50, which are LV.4, LV.7, LV.8,

N
reati '@'nk&é‘(CCT) such that 10 items were embedded

C.)
CN CT.2, and CCT.B\fo ensure construct validity and reliability. After

ding these indicators, the results of CFA show that all factor loading exceeded
00 as shown in Figure 4.2. Moreover, the results show that model fit indexes were

all met showing that the model fit the study data well. That is the model fit indexes of
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RMSEA (0.065 < 0.08), GFI (0.937 > 0.90) CFI (0.961 > 0.90), TLI (0.950 > 0.90),

IF1 (0.961 > 0.90) signify as a good fit of the study data. Moreover, the

CMIN/DF was 2.558, which is less than 5.0 indicating an acceptable fit@}n

hypothetical model and the study data.
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Figure 4.2: Rség')ts of the

CFA for the CTA Construct

Table 4.9 represents the factor loadings of the indicators that measure the

nderlying constructs which ranged from 0.683 to 0.853. Furthermore, the AVE were

0.667 and 0.645 for LV and CCT, respectively which exceeded the recommended cut-

109



off value of 0.50 exhibiting that convergent reliability was attained. The values of CR

were 0.933 and 0.927 showing good internal consistency of the measured cow

because it was greater than 0.70. c}

Table 4.9: Factor Loadings, AVE, and CR for the CTA Constru

Items

AVE
CR
ltems

abbreviation

LV1
LVv2
LV3
LV4
LVS
LV6
Lv7
LV8
LV9
LV10
CCT1
CCT2
CCT3
CCT4
CCT5S
CCT6
CCT7
CCT8
CCT9
CCT10

Leader’s Vision Culture of Creatiw Hlnking
0.667 %

0.933 0.
Factor loading (Standardize reWn weights)

0.863 |
0.827 \d
0.782 ‘X

0.314 (deleted) B
0.891 é > J I -f’
0.795 \/‘T

0.226 (deleted)

0.328 (deleted)
0.808\\,
0.741 c’)

4 6Qeleted)

CO \Y 279 (deleted)

0 % (deleted)
% 0.782
‘\\. .;::sdibq4§87 0.741
N 0.824

Y' ' 0.789

(') bj“l ) 0.831

4 0.808

NV

; ; 0.844

AVE: a

verdge vafiance explai
T: ure
@

vision;

453

d; C&g mposite reliability; LV: leader’s

sis of the Mediator Variable EXP

matory Fact
. . A .
rience ¢ strlﬁts (MP) are the mediator variable in this study, which

k3

S@ &
co %}nly one dimension\c?vith 10 indicators. After conducting the CFA, the

%exhibited in Figure 4.3 shows that there is no indication that factor loadings of

O than 0.50 indicate that the factor extracts sufficient variance from that variable,

and all indicators measure the EXP construct. Moreover, the CFA model for EXP for
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construct validity fit the study data well since all model fit indexes were greater than
cut-off points and thus met the recommended criteria for a good fit. The incr |
fit indexes were higher than 0.90 (GFI = 0.964, CFl = 0.986, TLI = .Q\NFI =
0.986). Moreover, the ratio of CMIN/DF was 2.036, which is less than"l%owing an
acceptable fit between the hypothetical model and the study data. MWer, RMSEA

was 0.053 and thus has exceeded the recommended criteria of a g fit of less than

K\

39
EXP1 @
58
EXP2 @
62 63
76 EXP3 @
80
67
_32 EXP4 @
60
77 EXP5 (e5)
a0 63
EXP6 @
80
64
15 W EXP7 (e7)
72 61
EXP8 @ CMIN = 65.154
68 CMIN/DF = 2.036
- 52 P-value = 0.000
EXP9 GFl = 0.964
CFl =0.986
16 TLI = 0.981
| . IFI = 0.986
EXP10 @ RMSEA = 0.053

\J

S—
E\ Figure 4.3: The Results of the CFA for EXP Construct

The convergent validity of the EXP construct was achieved since the AVE value

was 0.574, which exceeds the cut-off value of 0.50 and all factor loadings were higher
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than 0.50. Moreover, the CR value of 0.927 has exceeded the recommended value of

0.70, which is indicative of achieving model composite reliability as shown i?ﬁe

N
K\

Table 4.10: Factor Loadings, AVE, and CR for the EXP Co

Items Experienr

AVE

CR o.%}

Items abbreviations Facto ings
EXP1
EXP2
EXP3
EXP4
EXP5
EXP6
EXP7
EXP8
EXP9
EXP10

AVE: average variance explainéd; CR:
experience

454  Confirmatory Fav%lysi of t

Performance
the I

The dependent %zf %
'
contains two factorwe (i Work((Q
whereby each @as ind

i
[
performance, dings reve ed&att\‘/f/a items, namely QW.3 and EI.1, have factor

G

%v N .
Ioading% thanf). 0 'g wer. carded from the analysis. Then, the CFA was
er

re-r xcluding these iter@gn.d the findings show that all indicators have factor
N

I \lhy greater than 0.50. Figure 4.4 shows the results of the CFA for the employee

d rmance model. Moreover, the results show that model fit indexes were all met

owing that the model fit the study data well. That is the model fit indexes of

RMSEA (0.066 < 0.08), GFI (0.908 > 0.90) CFI (0.951 > 0.90), TLI (0.940 > 0.90),
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IFI (0.951 > 0.90) signify as a good fit of the study data. Moreover, the ratio of
CMIN/DF was 2.614, which is less than 5.0 indicating an acceptable fit betwwﬂe
hypothetical model and the study data. co

As for construct validity, the results indicated that all factoﬂ&pgs were
greater than 0.50 and the AVE was 0.522 for the QW construct anm for the EI

construct, which is higher than 0.50 showing that construct \@Mf the employee

performance has been achieved. Moreover, the CR for El ronstructs were

0.908 and 0.909, respectively, which exceeded the cu val WO achieve
o

composite reliability as displayed in Table 4.11. I@ composit Ii#bK f the

employee performance construct has been achi 4 i i

e 3

S
Y/
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CMIN = 373.206
CMIN/DF = 2.614
P-value = 0.000
GFI =0.908

CFl = 0.951

TLI = 0.940

IFI = 0.951
RMSEA = 0.066
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Table 4.11: Factor Loadings, AVE, and CR for the Employee Performance Construct

Items Quality of Work Employee Innovation?_L
AVE 0.522 0.530
CR 0.908 0.909 \
Items Factor loading (Standardized regression &@
abbreviation
Qw1 0.764
QW2 0.722 Yv
QW3 0.443 (deleted)
QW4 0.673 \)
QW5 0.656
QW6 0.766 i
QW7 0.736 |

QW8 0.744 \d

QW9 0.721 .

QW10 0.714 9

ElL

EI2

EI3 Y-

El4

EI5

EI7

EI8 AQ.

EI9 Cj \Y A, 0.767
a6 &7 0.796

EI10
AVE: average variance e@ CR:compogite rei@ﬁty; QW: quality of

work; El: employee innova

o S
L
455 Confirma torAQa Si ‘F% easurement Model

Now will T Nssess' the mea ent model before conducting SEM

&
and testing tEW)t |s‘t :[e t(})nstruct validity and reliability. Before
performin@d' ecuting "SEM, it\(yimportant to ensure that the validity and
reliabi lw consf'r dve bé\attained. Indeed, the measurement model of the
N
CO\

would be evaluaﬁs&’for construct validity, convergent validity, and
%nnant validity. Furthermore, the composite reliability of the measurement
o el would be evaluated using CR and Cronbach’s alpha (Awang et al., 2015;

Memon & Rahman, 2014; West et al., 2012).
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The results of CFA are shown in Figure 4.5 and show the model fit indexes for
all latent constructs in the full measurement model, the factor loading f?ﬁr
measuring indicator for each construct, and the correlation between cor{ty} The
fitness indexes should meet the cut-off points as shown in Table 4.7, théwr loading
for each indicator should not be less than 0.50, and the correlation coéfficient between
every two constructs should not exceed 0.85 (Afthanorhan e am; Awang et al.,

X

2015; Joseph Hair et al., 2010). The findings reveal t indicator has factor

N
@ \Y
[
4.5.5.1 Assessment of Multicollinearity 4 J \3“
The problem of multi-collinearity pr em \ i aq@;\‘/(.) constructs
are highly correlated (i.e., the correla\%ﬁcient > IS assessed. In this

study, the CFA indicated no high@srelate \Tstr?cts found and thus the

N
problem of multi-collinearity d%exisphere .sho%' Table 4.12 (Alfiyah &

Riyanto, 2019; Awang et ai:% Jo’e et ?Ié\ 10). Once the results of the

pooled CFA are obtai rocesslof model @ation for the construct validity,
4 ¢ &

convergent validity, ‘@i criminar \ﬁ'sl.l.[ ,and%(fo.mposite reliability should be initiated

(Awang et al., 2015).

loading less than 0.50.

o
O
w
=

&
o YO o e |
orgelatio Ma)rl betwéen Constructs in the Full Measurement Model

~
LV CCT EXP QW El
X~

T , 4
TS : . 1.00
0.421 0.422 \C.) 1.00
N 0.514 0.554 0.680 1.00
0.572 0.671 0.663 0.619 1.00

e QW 0.681 0.560 0.674 0.544 0.562 1.00
0 I 0.589 0.582 0.532 0.648 0.663 0.683 1.00

Table 4.

4
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4.5.5.2 Assessment of Normality

The normality of the latent scores obtained from the data imputation w
needs to be assessed. Table 4.11 shows that the skewness values in this @nged
from -1.068 to - 0.952 as well as kurtosis values ranged from 0.438 to™" showing
evidence that the normality assumption of the latent variables included in the full

measurement model because they fall within the recommended range (Byrne, 2016).
Table 4.13 shows the estimates of skewness and kurtosis ent '/ariables, which
suggests acceptable evidence to conclude that all t vari anormaIity

L
distributed. é
? 4
ns

N
g
Table 4.13: Assessment of Normality ofwutent 0
el

sint ull
Measurement

&
w\\ ,%\ Kurtosis

A

Construct Min & < |S

TE 1.00 .00 68 6 0.886
TS 1.00 . 023 1.192
LV 1.00 5.00 \T 92 1.043
cCT 1.00 .88 1 1.196
EXP 1.00 % 5, % ﬁ 0.438
QW 1.00 5. 068 1.041
El Tl N N

&20.958 0.685

TE: Training environment\J'S™ Training stratedy; LV:-teader’s vision; CCT: Culture of
creative thinking; E@ ience; : Qlality rk; EI: Employee innovation.

4 s
456 Assesi@ f Construcy Valid ty-and Reliability

. N o AP
Itisim Moa ess t }Ildlttgnd reliability of the constructs to ensure the

accuracy isten Eyh me ment model. Awang et al. (2015) indicated

that ¢ ct’ validity ean be asstsed using convergent validity (within construct
A

)
) and discriminanﬁcalidity (between construct validity), which measures

rel\
‘éent to which the findings truly measure what they are supposed to measure.

Oanwhile, construct reliability can be evaluated using composite reliability (CR) and

Cronbach’s alpha measure the internal consistency and accuracy of the measurement
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model and exhibit the extent to which the findings can be replicated when the study is

repeated in similar settings (Awang et al., 2015; Joseph Hair et al., 2010). T

4.5.6.1 Convergent Validity A

To assess convergent validity, this thesis shall compute the AVE. The values of
AVE must exceed the threshold point of 0.50 to achieve con% alidity (Awang
a

et al., 2015). Table 4.14 shows factor loadings and A ch 'Iatent construct

included in the measurement model. The results indica at all co S ha‘\ée' an
AVE of greater than 0.50 showing that conver lidity Jof rﬁe ment

constructs has been achieved. Therefore, all indi |§'s, re relﬁa to their
respective latent constructs and hence the

n e evidence @he use of the
convergent validity of the model. \ O
\I A
:nd ,ver jance Eeg; ined of the Full

o

Table 4.14: Factor Loadin

Construct AVE
Training Environment 0.545
E2
TE3
TE4S
0.560
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Table 4.14 continued
Construct Code Loading A
0 %

Leader’s Vision LV1 0.863
LV2 0.827
LV3 0.782 \
LV5 0.891
LV6 0.795 T
LV9 0.808
LV10 0.741 \,
Culture of Creative Thinking CCT4 0.782 0.645
CCT5 0.741
CCT6 0.824 '

CCT9 AN
CCT10 _{‘)
Experience EXP1 0.57&.
EXP2 NV
EXP3 .

XP8
9
104
Quality of Work 1 0.522
\ QW2
Q
? QW5
6
Q
NI X
W1
i 0.530
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4.5.6.2 Discriminant Validity

Discriminant validity is also another type of construct validity that a?!s
whether the latent constructs are highly correlated or not. It can be measu(%\g the
Fornell and Larcker criterion that compares the square root of th with the
correlation of latent constructs (Fornell & Larcker, 1981). That is Ware root of

the AVE on the diagonal and correlation coefficients in the o -Wal of the matrix
of Fornell and Larcker. This method ensures that a late ructl should explain
better the variance of its underlying items rather than théyariange o ther latent

]
constructs. Therefore, the square root of AVE for onstruct s Iq e_i Y'the
correlations with other constructs in the same r olum#’ ( mid\erEI., 2017;
Joseph Hair et al., 2021; Henseler et aI.,Z% QX\ é\v

The square root of AVE for %truct an eIa@@ with others are
th

shown in Table 4.15. The findings@sl that nﬁ*&% e/calt ations has exceeded
the square root of AVE indicati iscritina validi@as been achieved, which

&

provides evidence that the latent ns:’ IS npt hig orrelated and the indicators
resp tive t

underlying each const in thei constructs.
s &

Table 4.15:mand L‘arc ssesig\"of Discriminant Validity of All

TS, LV JcCT EXP QW El
TE O ’ (JJ
TS 74 N
L% 21 204 0817

514~ 0554 Q680 0803
% 0572  0.671 c,}o.ees 0619  0.757
\ 0681 0560 ~ 0674 0544 0562  0.722
0589 0582 0532 0648 0.663 0683  0.728

he bolded numbers are the AVE
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Furthermore, the discriminant validity was assessed using factor cross-loading
as shown in Table A.2 in the Appendix. The results indicated that all factor |
of indicators underlying each latent construct are greater than all loading ©f ther
latent construct as well as exceeded the cut-off value of 0.50 (Ab Haﬂ&al., 2017,

Hair et al., 2022). Therefore, discriminant validity has been &ined and the

measurement model exhibits a good fit of the study data. \,
4.5.6.3 Assessment of Composite Reliability \d
]

Yv
The assessment of Composite reliability (CR)wis of utmost in"pc_)@t:e in
research involving latent constructs (Joseph al.%' hif @ZT 2015).

ach’s alpha

Therefore, this study established CR b

*

reliability coefficients, and the results sﬁoan in Tab

The findings show that botr(%and r\h\gs p@\are greater than the
N
n@t i

threshold values of 0.70 of ea ruct shewingiindicative evidence of the

satisfactory level of com helia’i' d in@l consistency of all latent
constructs. z S
4 ¢ &

Table 4.16: Asﬁ@t of qom\lte Religbility of the Full Measurement Model
2

de ,~“Mean SD CR Cronbach’s
;\J O alpha

Training Envi nt ¢TE 7 352 041 0911 0.925
Trainings@» 398 071 0.920 0.906
Leader’%a F o 2.67 0.43 0.933 0.927
Culture ofCréative Thinking®  %CCT 381 065 0927 0914
Experiefice g}'Exp 3.76  0.67 0.927 0.933
Quality 8PWork N ow 358 061 0.908 0.910

e Innovation El 3.87 0.74 0.909 0.911

mposite reliability; SD: Standard deviation.

N
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4.6 Second-order Confirmatory Factor Analysis of the Employee Performance

The current study needs second-order latent variable testing of enw
performance because employee performance was examined using two | ions,
namely the quality of work (QW) and employee innovation (El), aﬂ*(efore be
able to test the hypothesized model explained in Figure 2.3 in Chm To do so,
first the QW and EI into single variables and then a CFA the employee
performance construct, which contains the two new va gs.lr]dlcators of this
latent construct. The results of the CFA are shown in ndardlzed
regression weights (factor loading) and model fitness

As can be seen from Figure 4.6, the re w th f Ioa% the tow
indicators were 0.924 and 0.882, which exéeeded'the Oﬁt 0 alue Qég% indicating

good construct validity. Furthermore, wal fitness es e recommended

criteria of good fit. Accordlngly, tio of qF q& 926, which is lower
than 5.0 indicating an accept etwe'én th hypot(v al model and the study
data. Moreover, the model in es '%ZO G&< 0.08), GFI (0.901 > 0.90)
CFI(0.912 > 0.90), T

study data. \

The AVEaalue'for th s 0.8 hich is higher than the cut-off value of
0.50 showi nce of co rg@nt(\_/él‘l‘?dlty Moreover, the value of CR is 0.899,
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43

A

Qw

CMIN/DF = 2.926
P-value = 0.000
GFIl = 0.901

CFl =0.912

TLI = 0.909

IFI = 0.912
RMSEA = 0.071

Employee
Performance

4.7 Structural Equation Modeling of

After completing the procedure

and composite reliability have beer(ag’

the study hypotheses. The mo@e i

in AMOS software meani

variable scores t(@

the structural rﬁ{ i

mediator v '&e}XP
' 4

etal., 2 '

3
Astructural model @ates the path coefficients, which represent the

hy\?psized relationships connecting the latent variables as illustrated in Figure 4.7.
h

standardized path coefficient is reported, which ranges between -1 to +1 such that

alues closer to +1 demonstrate strong positive relationships while values closer to -1

are indicative of strong negative relationships. bootstrapping was performed with
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5,000 sample replications to estimate standard errors and test the significance path
coefficients through a t-test (Joseph Hair et al., 2021). Statistical significanc

path coefficients was sought using a t-value of 1.96 for a two-tail test wit evel
of significance and probability value (p-value) of lower than 0.05 (Jo%iair etal.,
2021; Kline, 2011).

As shown in Figure 4.7, the findings indicate that t eMural model has
it

passed the recommended cut-off value of good fit for all | n(iexes. The value

of CMIN/DF is 2.023, which is less than 5.0 showing ccept blwhe model.
o

. 954) @.971,

ditio@??he value

ndiu\tiv |denc,%x good fit.
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Training
Environment Q

4
k)
76
Training
Strate
ay 2 78
64
) 48 Employee
%5 SUSIEIES | —— Perftfnn!;nce
1 09 »\
CMIN/DF = 2.023
P-value = 0.000
Leader’s GFI = 0.931
Vision CFl= 0971
TLI =0.954
69 IFI=0.971
RMSEA = 0.053
. Culture of Creative
Thinking
Figure 4.7: The Estimate dardized essioépath Coefficient between the
onstrlicts
s s

Lo
4.7.1 CoefMo De@ ion Rﬁ
The co o et%tﬂn (ﬁ%ﬁs a measure of goodness of fit regarding
t

the predi |ty ofi the
QJ g V)

the w us (dependent \@Ble that has been explained by the exogenous
\

endent) variables and should be high enough for a reasonable explanatory

ughmodel that assesses the amount of variance in

Wer (Falk & Miller, 1992; Hair Jr, Sarstedt, Ringle, & Gudergan, 2017; Urbach &
Iemann 2010). Falk and Miller (1992) suggested that the R2 value should be

higher than or equal to 0.10 for acceptable for the explained variance of endogenous
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constructs. Meanwhile, Cohen and Francis (2013) suggested that it should be higher
than 0.26 with an acceptable power greater than 0.02 while Chau (1997) sugg?&a
cut-off value of higher than 0.65 with a sufficient power of 0.19. On th@\namd,
Hair Jr et al. (2017) indicated that it should be greater than 0.75 with ient power
higher than 0.25. Y'

Table 4.17 shows the R2 obtained from the estimated struct model. That is,
the R2 for the dependent variable experience is 0.682 sh 'Y:as able fit, which
means that 68.2% of the variance in the experience construct is p\h'mgd)‘/ TE, TS,

value of the 'erlfgvn.ous

s that'78,49 fth{jﬁ'riance in
X

: G?T, d exp ce variables.
Therefore, the findings suggest that th@of R2 are pta@b reach minimum

explanatory power. \ A
(') \ >7 { N

,
Table 4.17: The s of th Coe@iéﬁt (@Etermination
A

LV, and CCT exogenous variables. Moreover, th

variable of employee performance is 0.784, whi

employee performance is explained by TENTS,

Exogenous variables E'l gen‘asv NB‘Ie R?

TE, TS. LV, CCT, EX ployee,Jerf qntg- 0.784
TE, TS. LV, CCT

™ 0.682
472 E(e\z;ﬁe o?,' S
rv'the

ct size (), which measures the change in the

Thi %eeds re
_{w AL
coefficign multiple etermi@ if one construct is omitted from the structural
:M.\In this study, the effh size is computed to determine the exogenous and
1a

tor constructs’ power and impact on employee performance latent variable.
Ohen and Francis (2013) formula given by him indicates (Cohen, 1988):
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2o R? with (included) — R? without (excluded)

1 — R? with (included) Y.
(4.1) Cohen Equation

As a rule of thumb, identifying the significance of the effect size 'rﬁ@d that

the values of f2 of 0.02, 0.15, and 0.35 signify small, medium, an effect sizes
respectively (Cohen, 1988; Joseph Hair et al., 2021). Table 4.18%hows the effect size

estimate of the structural model. The results indicate tha SVﬂd EXP variables

have a large effect size on EP while CCT has a medi ct'size 0’1 EP._Moreover,
TE has a large effect size on EXP while the effect sizes of TS and C o'n EX@/Vere
at medium level. However, the effect sizes of LV P and I?( we reIa@y low.

TS EP 0.784 N’ . Large
TE EP 0784 (‘397 >\y Large
LV  EP 0784 ? 7828, : Low
CCT EP 0.784\ 0.71 (&3' Medium
EXP EP 07

: 673 %ABS Large
TS EXP % 5841 | Q 308 Medium
TE EXP 06 d $ 4, 0374 Large

LV  EXP &.\?pszl 681 5 0.003 Low
ccT E& 6820 !o.'esg&\ 0.236 Medium

4.8 H% es Te,st
L\-'s ction shows the r&)&; of testing the hypotheses of the current study.

\
Mng to the research model, a thorough understanding of the study objectives
ob

tained by analyzing the hypotheses based on the second dimension. It assesses

0& direct and indirect effects of the exogenous variables, namely TE, TS, LV, and

CCT, on employee performance. Path analysis was used to examine the direct effect
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and the Sobel test was used to examine the indirect (mediation) effects. Table 4.19

shows the results of the path analysis. T

Table 4.19: The Estimated Standardized Regression Path Coefficient %ﬁeir
Significance .j&

Path Estimate®  UValue P-value®  VIF Result ypothesis
Y. Result

TE - EXP 0.763 16.432 <0.001 1.231 Significant Supported
TS - EXP 0.642 7.437 < 0.001 1.426 SIgnIfIC Supported
LV — EXP 0.110 1.533 0.125 1.528 Not Si t Not Supported
CCT - EXP 0.163 4.487 <0.001 1.637 i 5% Supported
TE — EP 0.314 9.184 <0.001 1.263 nt Supported
TS - EP 0.331 14.673 <0.001 1.753 ignific nt upported
LV- EP 0.090 1.215 0.264 1.642 Not8ignificant tS ted
CCT- EP 0.253 2.464 0.018 1.423 Signifi J 'Su ed
EXP- EP 0.480 3.481 <0.001 1 Signifi orted
(a) Standardized regression path coefficient; (b) Calcul ed u SOOWbootstr Y*
replications procedure. NV

i S"

4.8.1  Assessment of the Direct E (Ntlo ship &

In this sub-section, this study sumes e hyi/ ses t@ng to examine the
LV,

AN
direct impact of the exogenous ables T E“;QS ) on the endogenous
‘é L
\\‘%
S

variable (employee performan@k

H1: There is a m%rz |mpaCIIof es@y based training on employee
performance at th l
As show e 4 d|n ow that there is a significant impact of
the trainlng o mention e ﬁ er rmance (t = 9.184 >1.96, p-value < 0.001).
_ \
The val f sta i regresédn path coefficient for TE is 0.314. The value of

raiz regressmn p oefficient is in |cat|ng that as the tralnlng
d ed \c ffi 0.314 indi h h

% ent rises by 1 standard deviation, the employee performance will rise by
standard deviations.

6 Moreover, the results show that there is a significant impact of the training

strategy on employee performance (t = 14.673 > 1.96, p-value < 0.001) as indicated in
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Table 4.19. The value of the standardized regression path coefficient is 0.331

indicating that as the training strategy rises by 1 standard deviation, the enw

performance will rise by 0.331 standard deviations. (ﬁ\

H2: There is a significant impact of creative thinking applicati employee

performance at the PCP. \,

The results of this study reveal that there is no signi 'caWact of the leader's

vision on employee performance at PCP because t = .96 and’p-value = 0.264
> 0.05 as displayed in Table 4.19. Therefore, it is notistatisti all:fu:p\e;('c}v'
As can be seen from Table 4.19, there is a%ant ' fthe@!ture of
creative thinking on employee performance, andistatisti mN nific n!z\(‘t\/: 2.464 >
>

1.96, p-value = 0018 > 0.05). The w
mc Insu'e\

coefficient is 0.253 indicating tha
% A
standard deviation, the employee ESO anﬂe% y 0(2?3 standard deviations.

“« Q-
\{o
H3: There is a significant V@of cImpe n y-bgg»training on experience at the
PCP. l 0

4 ¢ &

The analysis wdata 'sho hat th ining environment has a significant

impact on exp

rdiz

—

gression path

o

1.96(5:\\7alue < 0.001) with a positive standard

’ ! (..)
regression hfficilnt 753@e value of the standardized regression path
coeﬁici&% (nuyz.g th@ the training environment rises by 1 standard
deviatienythe experience will @y 0.763 standard deviations.

oreover, the analysis of the data showed that the training strategy has a

ificant impact on experience (t = 7.437> 1.96, p-value < 0.001) with a positive

tandard regression path coefficient of 0.642. The value of the standardized regression
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path coefficient is 0.642 indicating that as the training strategy rises by 1 standard

deviation, the experience will rise by 0.642 standard deviations. T

H4: There is a significant impact of creative thinking application on experienge at the

PCP.
The results of the study indicate that there is no statisticallJ;t impact of

the leader's vision on experience. The t-value of 1.533, which Rgthan 1.96, and the

p-value of 0.125, which is greater than 0.05, b ults ar Lot tistically
]
supported. \Y"
| &
Moreover, the finding indicated there is al act o}t e culture reative
Y

thinking on experience (t = 4.487 > 1.96, p-va% < 0. i a$' e standard
i e

gression path

hat y‘axbhence has a significant impact on
\1\.96, p-vatde < 0.001) with a positive standard

Th@ue of the standardized regression path

.

a @perience rises by 1 standard deviation, the
employ@;ane'e gﬂj;e byv 80 standard deviations.
N
=~ N

Assessment of the Indirect Effect Relationships

Q% In this sub-section, this study summarizes the hypotheses testing to examine the

direct impact of the exogenous variables (TE, TS, LV, CCT) on the endogenous

variable (employee performance) through the mediator variable (experience). The
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significance of the indirect impact will be assessed using the Sobel test such that its
values that are greater than 1.96 are considered significant at a 5% I?‘vf
significance (Sobel, 1982, 1986). The Sobel test was used to assess t@tion
impact (indirect) of the EXP on the impact of TE, TS, LV, and CC?&P among

Palestinian Police personnel. Y.
Furthermore, the direct impact of EXP on employee per OM IS positive and
Y.T value of the

statistically significant (t = 3.481 > 1.96, p-value <

standardized regression coefficient is 0.480 indicating whe thWence goes

"X
up by 1 standard deviation, employee perfor@oes up b .@O@dard
? 4

deviations. \ \Y
Table 4.20 illustrates the results of Sobel teei to "assess t@)}ificance of

indirect impact. The indirect effect (a n bacalculate ul@ing the impact of

the exogenous variable on the me% variab %/ t e4n act of the mediator
N
i i a% mati

variable on the endogenous var. ally, i be represented as total

Mathe (Q
indirect impact =a x b (S h%az, ﬁz;t@istic, standard errors, and p-
value of Sobel’s test a%akd baE} f‘rf oi@%interactive calculation tool for
P 4% Leonardelli, 2001).

mediation test (P;{Q& Ha)ie \ A reaﬁv
&

Table 4.@ S ‘of ﬂ?eG\ I,Test@the Assessment of Mediation Effect

Indirect Results Mediation
Effect (ab) (Sobel Test) T
=axb t-value p-value ype
H6  0.366 3.404 0.001*** Partial
0.308 3.153  0.002*** Partial
H7 0.053 1.399 0.162 No mediation
0.078 2.758 0.006*** Partial

p< 0.05, **p< 0.01, ***p< 0.001
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H6: There is a significant mediator impact of experience between competency-based
training and employee performance at the PCP. T

It could have been seen from the results shown in Table 4.19 that t@ct of
TE on EXP is statistically significant (t = 16.432 > 1.96, p-value ) and the
standardized regression path coefficient is 0.763 with a positive sWicating that
when TE goes up by 1 standard deviation, EXP goes up by 0.763 standard deviations.
Given that the indirect impacts of TE on EXP and EXP o Y>:e l)erformance are
statistically significant, the total indirect effect (ab) is 0.366. The So statlstlc is

vides substantial ‘f\ﬂstlcal

3.404 > 1.96 and p-value = 0.001 < 0.05, whic
evidence of the indirect impact. Since the dir

dire i S ar%&lstlcally

significant, there is a partial mediation imp abhx4 nd T 20)

As shown in Table 4.19 the |mp\ on EXP1 atls@?y significant (t =

7.437 > 1.96, p-value < 0.001) a standa ?e e T%n path coefficient is

N
0.642 with a positive sign |nd at vﬁlen T. goes(gé.’by 1 standard deviation,

EXP goes up by 0.642 sta ar viations. ent e indirect effects of TS on

EXP and EXP on emp% forma ear stbﬂs@ally significant, the total indirect
effect (ab) is 0.308. ﬁe\Sobel ie:; o |sg§/> 1.96 and p-value = 0.002 < 0.05,

which is an ingdicatoryof t cant(_/ rect impact. Hence, it concludes that

¢
experience %S the' relati srfp E./ een TS and employee performance. Since
kd

the dire Q,
ﬂ.&Table 4.19 and Tab|q~20)

irect i P are @Stlcally significant, there is a partial mediation
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H7: There is a significant mediator impact of experience between creative thinking
application and employee performance at the PCP T

According to Baron and Kenny (1986), the direct significant reIaU@m
be significant to implement the mediation impact of EXP on the imp V on EP.
However, beyond this condition, a study by Hayes (2009) indicatewﬁt mediation
analysis still can be conducted if the direct impact of IV on D ngnificant.

The findings of this study reveal that the impai \?; n EXP is not
statistically significant as displayed in Table 4.19 (t = 1. <1 G,W: 0.125 >
which is_r aﬂvi@vr;all.

1628 dic@ﬁa that the

QTCG, at GX&EG does not

mediate the relationship between LV %oyee per anc@e Table 4.19 and

Table 4.20). (,) ,Q\
N
Given that no direct and %atlorf‘lmp of LQ\Q&? EP, then may conclude

that LV has no impact on fro t

(2010) indicated that v% e was

0.05). Moreover, the total indirect effect(ab) is O

Sobel’s test statistic is 1.399 < 1.96 and the p-

T

total indirect impact is not statistically signific

ers . Zhao, Lynch Jr, and Chen

@—%

ithe dn'e r medlation impact, the variable

4 .‘
did not theoreticall pact tr'e N d the% irical findings did not support the
theory. &

I ¢

The fi fthi st d ndrcaw t the impact of CCT on EXP is statistically
Q NN

ygmﬂc% 4 48?# p- va$< 0.001) and the standardized regression path

X

t is 0.163 with a @ve sign indicating that when CCT goes up by 1
deviation, EXP goes up by 0.163 standard deviations. Given that the indirect
ct of CCT on EXP and EXP on employee performance are statistically
nlflcant the total indirect impact (ab) is 0.078. The Sobel test statistic is 2.758 >

1.96 and p-value = 0.006 < 0.05, which is an indicator of the significant indirect
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impact. Hence it concludes that experience mediates the relationship between CCT
and employee performance. Since the direct and indirect impact are statw

significant, there is a partial mediation impact (see Table 4.19 and Table AQQ}

4.9 Chapter Summary ?

In this chapter, the researcher has discussed the extensive/ details of data

analysis. The response rate and descriptive statistics of th iCipantis characteristics

have been described. Furthermore, the researcher succ swcked the

L

CFA and ]@Y no

assumption of multivariate analysis required to con

issues regarding sampling adequacy, c

: nermali o%m'rs and

del ss tlons,@v been met.

multicollinearity have been detected an I
Additionally, the researcher has succ "y’btamed sultdﬁm CFA for each

latent construct and full measurem deI su % @lt indexes performed
well and therefore construct u etgen I|d|ty and discriminant
validity as well as const 111t ing omp rehablhty and Cronbach’s
alpha has shown that nstru S ar v h rellable and exhibit good fit the
sample data. More r, the em ement model has been tested and
verified and p acc esult |cat|ng its ability to test the study
hypotheses. , the tud pgthtsi?of direct and mediation relationships with
employ mange_ha })een sﬁ\cessful The next Chapter will summarize the

Ilowed by an ext@ discussion of the findings and will propose

ndations for future research consideration and potential policy implications.

S
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