CHAPTER 3

RESEARCH METHODOLOGY

3.0 Introduction Vz
This chapter presents the research methodol r thei study. In this

chapter, the researcher discussed the research paradigm th mng eing

used whichincorporated quantitative as its res S|gn h sc‘mﬁ(‘ﬁ also

é\‘?

involved the sampling, data collection, and ana ocedx\

J

S
3.1 Hypotheses Develop ? A,
S
n 5
N
|
The primary ob f to e‘gnme some selected factors that

may influence the pro% beha our :. m w1th the tax law. To accomplish

that, the study uti he M,TR el of 4 V|dual behaviour and performance
which conS|sts ot| t|o iole p@;e%'ptlon and situational factors as the basis
to understa el dIVI X y{r chyleance behaviour. To further understand the
behaV| mply' ye taéz~ e original model of MARS is extended with
reI| and ethical sensm&y variables. Based on the conceptual framework,

hy? ses are then constructed. The hypotheses are developed concerning the
[

onship of MARS model elements (motivation, ability, role perception, and

ituational factors) with additional religiosity and ethical sensitivity variables in
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explaining the individual taxpayer compliance behaviour. To ensure consistency, the

numbering of the subsequent hypotheses follows the precedinghypotheses. Y’

3.1.1 The Influence of Motivation on Tax Compliance Behawiour

0 a force within

ist nle of yvoluntary

According to Campbell & Pritchard, (1976), motivatiop re

someone that pushes him or her direction, intensit

behaviour. As McShane and Glinow, (2005) positeE to perform a j p' rfﬁrqme,
(.)

individual employees must have the motivati perform. As jthe % ies of

4
e xplai thvatlon to

xtripsic* motivation as

motivation are abundant in nature, the present qu ch

comply with the tax law with the conc@ﬁtri

lligjtilized widely by

Qv NN
312 :%e Influe ofAbi@n Tax Compliance Behaviour

N
S
McShane & Glinow (2005) define ability as both natural aptitudes and

orned capabilities required to successfully complete a task. Aptitudes here refer to

natural talents that help an individual to learn specific tasks more quickly and perform

116



them better while learned capabilities are the skills and knowledge that an individual
currently possesses. Aptitudes and learned capabilities are always be associat&vm
competencies. Competencies according to Spencer & Spencer (%\ are
characteristics of a person that result in superior performance. Loo & 05) who
study competencies among the taxpayers relate competencies with{functional tax

literacy. Functional tax literacy is defined as the ability of a ta@ file tax returns

and calculate his or her tax liability independently er':ompasses the
comprehension of some tax jargon and having fundam tax Jkno ‘on what
constitutes taxable income, allowable deductions, relief, and rebates ( ll& izah,

2003). Y- 4 &
\/ SN QT‘

As past studies that adopt mRS mode eII@L:(Ompetency study

on tax, refers ability or competenr%tax kno@g\dge?or ax_literacy, therefore the

-

N
present study also used the sama%his isn relevantas 022& ax studies, for example,

Siti Syagilah Hambali &%«h[ aluddin @) who studied taxpayers’
competency levels on % Service T S?SFBSO refers competency as literacy
&

s
and awareness. \ l art é./
A N
N N O
@)n th{di u io‘ir@ﬂ?pter 2, no study analyzes the role of ability

N
belfa ’1 Mal‘&%a. Some studies in Malaysia examined the role

ofta&wledge in understa@@ taxpayer behaviour in complying with the tax
Iaé\kinstance, the study by Mohd Rizal Palil (2010) found a significant impact of
nowledge on tax compliance. Another study is by Loo et al., (2009) who also

Q;)nfirmed a similar result. Therefore, the following hypothesis is suggested.
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1. Does ability have significant positive influence in tax compliance behaviour
among professionals in Malaysia?

H2: Ability have a positive effect on tax compliance behaviour. q

3.1.3. The Influence of Role Perception on Tax Complia haviour

T

As motivation and abilities are two significantypredict rsWehawour

role perception as proposed by the MARS mode@her influenc A,c id\,ng to
McShane & Glinow (2005), role perception 0 thede 0 V\Q’gﬁ people
understand the job roles assigned to them d oﬁ\the g

The discussion in Chapter {ssals tha ‘y es the influences of
role perception towards tax co eha@iour h preséﬁ?study, therefore, molds
role perception into the conce t cnl a cu@n The study of Orviska &

Hudson, (2003) exami Ie of civicd ylh yer compliance behaviour. The
4 :

study found that Ci duty t(i \*e\ pact eva3|on primarily. Therefore, the

following hypo\ pro

<
N
’

l C,)(.z
\ : : .
1. Doe Q’ erception ve s«g\h'ncant positive influence in tax compliance

|our among professmmﬁ}s’m Malaysia?

ole perception have a positive effect on tax compliance behaviour.
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3.1.4. The Influence of Religion on Tax Compliance Behaviour

Religiosity is proved to be a significant determinant in the i e&ylaoft

Malaysian community. Some studies in the Malaysian context has ons rated the

significance of religiosity in various dimensions such as heal m (Yadollah
Abolfathi Momtaz, Tengku Aizan Hamid, 2009), moral judgm hamad & Ghani,
2006), social problems (Hazizan Md. Noon & Ami l'etall ehaviour

Q,
Raihana Mohd Ali & Pope (2014), and Tekeli (2 ave confirmed the !nﬂﬁence of

(Mokhlis, 2006). In the context of tax compliance, Mohd Rizal Palil etgal. 20139;Hor
N

religiosity in understanding tax compliance bWur Th\f ings, @ﬂ/ever, are
;t\th impor g

different in terms of its influence magnltleMln of religion in
the Malaysian community, the presenm, th efor _{\ add in religiosity

variable to the original MARS m c ng @thems is proposed.

‘&
N
1. Does religiosity ha g icant positiv nfue In tax compliance behaviour
among professionals m) ala SLK
Ha: Rellglosm‘@po t've ton @ompliance behaviour.
.
S Y
(f) 4
Q- \0
% I A

N

oy
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3.15. The Influence of Ethical Sensitivity towards Tax Compliance

Behaviour %\Y-

Another variable to be included in the framework of the preseh research
is ethical sensitivity. Ethical sensitivity is found to be an important isz in Malaysia.

Numbers of studies were carried out to investigate the imp hical sensitivity

among auditors (Ahmed Mohamed Alteer, Sofri Yahay. d I-larashid Haron,

ax raws,(s aila

N
Abdul Hamid, 2014). However, there is no study, e researcher’ ()'Nle&;b has
analyzed the role of ethical sensitivity in prediw comgolki eha%igrr among
the professional groups in the Malaysian ﬁWHenc rrentsﬁy aims to fill

the gap by examining the aforementioN oth@is proposed.

following
AN
&

, %3 eV S
q
1. Does ethical sensitivity WV\ 'gnif%cjtive @nce in tax compliance
behaviour among profes in Malaysia. N
(@ 'O

Hs: Ethical sensitivi e a posifi ect %ax compliance behaviour.

N\ O

2013), accounting practitioners (Ismail & Ghazali, 2011),
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3.1.6 The Moderating Effect: Situational Factor

The last element mentioned in the MARS model is situati@lo

rs.
Situational factors refer to the factors that are beyond the immediat@&ol of the
people such as time, other people, budget, and physical work facilities. According to
McShane & Glinow (2005), the situational factor is needed to s N the motivation
and ability to influence performance. It is referred to a %a.ti in which the
environment can influence the performance of an indiidual. awinpliance
studies proved that, as presented in Chapter 2, sit al factors g‘t _R@Ye;]ce

taxpayers to comply with the tax law. Few stugi am@ le G&uational

factors towards complying with tax law suchvas Sang &!Tarb gh (@;nd Trivedi,

et.al, (2003). These include factors IiWDJf income,
rates, the effectiveness of tax admi@stion age\éﬁwoc' @ms, moral intensity,
ighos

and expectations of audit. The ud ,'howe Mwiif;:fy focus on the influence

X louras prg'%to situational factors. These

of financial strain and peer ?ﬂ g bT
factors are chosen as t is,a’lack (:I nve ig&tiobf the variables, especially in the
&

Malaysian context. 1Wte, thler \m empirical’ evidence that associates situational

un@l’oyment rate, tax

factors to the be@to C
[ ]

lth ta ‘i'%fhe Malaysiancontext.

Q- &
% he sifUiati }facto%i&s as a moderator in this study. The present study

aimz&t whether situationa\Kf}c’tor affects the strength of the relationship between

in \al behaviour construct and tax compliance. There are five hypotheses are

@ osed.
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1. Does the situational factor moderate the relationship between motivation and tax

compliance behaviour among professionals in Malaysia? Y'
He: The positive relationship between motivation and tax comphan@wor
among professionals in Malaysia will be stronger when situationa is high

2. Does the situational factor moderate the relationship between ‘ability and tax

)

ce EhaVIOF among

compliance behaviour among professionals in Malaysia?

H-: The positive relationship between ability and tax ¢

professionals in Malaysia will be stronger when situa I f tM

3. Does the situational factor moderate the reIat@etwee role pe c@o

tax compliance behaviour among profession an' \’

Hs: The positive relationship between@,ce

among professionals in Malaysia wil tro%

4. Does the situational factor mo%gt thenr%%i be@een religiosity and tax
o

co p tance behavior

©

|tu;{Qal factor is high.

QL

compliance behaviour amM fession ala‘\éﬁ/?

N
Ho: The positive r bet een |IPIO and tax compliance behavior
among professmnals in ala sﬁ@er when situational factor is high.

5. Does the S'U‘M fac d&@

ate t@tlonshlp between ethical sensitivity
and tax c&p}ce havi zﬂ'hon&@rofessionals in Malaysia?
|p®ﬁween ethical sensitivity and tax compliance

Q’ SI'[IV? lati n
NIO among professmnt’fg;. Malaysia will be stronger when situational factor

S
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With reference to the conceptual framework, ten hypotheses are developed

to be tested in the present study. Table 3.1 below presents a summary of the re

hypotheses to be tested.

R
0

Table 3.1: Summary of research questions and reseamotheses

Research Questions

Research theses

Does motivation, ability, role perception,
religiosity and ethical sensitivity have significant
positive influence in tax compliance behaviour
among professionals in Malaysia?

Does the situational factor mod
relationship  between motlvatlon
compliance behaviour among pro
Malaysia?

an

Ie perception
on'tax compli
ellglo y thav apzsgue
%5. :
\, fect

positive effect

béne E& =

effect

itivity. hsye a positive

mplla@hehawour

N
itive ionship between
and=“tax compliance
professionals in

be stronger when
sit thﬂ@]&@tOl’lShlgh

esmnals in
0
Does the situational

fact derat
relationship between ability a Ng co p
behaviour among professmn laysia“

<

I’

7" The/positive relationship between
bility_and tax compliance behavior

am rofessionals in Malaysia will
b nger when situational factor is

Does the situational fi t

"‘\a

o

Malaysia?

The positive relationship between

relationship betwe 1%&; per e nd t (Jole perception and tax compliance
compliance beh& ong "professionals 'alé behavior among professionals in

Malaysia will be stronger when

| situational factor is high.
Does the derate/ the H9: The positive relationship between
relationsh' tax religiosity and tax compliance
compli avioa; mo nals in behavior among professionals in
Malay, 4 Malaysia will be stronger when
‘\Y situational factor is high.
D situational  factor"moderate the H10: The positive relationship

shlp between ethical sensitivity and tax
nce behaviour among professionals in
sia?

between ethical sensitivity and tax
compliance behavior among
professionals in Malaysia will be
stronger when situational factor is
high.

Na
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3.2. Research Paradigm

The idea of paradigm or worldview as an overarching fr NK is

proposed by Kuhn (1962) in his work of The Structure of Scientific Rem . Kuhn
(1962 pg.45), refers paradigm as “the set of common beliefs and a nts shared
between scientists about how problems should be understood anu&dg The basic
idea of the research paradigm is for the researcher to have |ew of the problems
that the study attempts to address. The identification of. earch radl is crucial
in steering the ways of doing research. As stated Mackenzie & |pe &856)
recognizing a paradigm as the first step is |mportan itis th‘o step f the sgbsequent

activities regarding methodology, literature, or r earch The i eYﬂflcatlon of

the theoretical paradigm or philosop CB%YDUO

significant in understanding the ov

the rature of reality is

|cn\he study is designed

&

develop a searc 10n” (See Figure 3.1)

and carried out. Saunders et al.,
which depicted the levels or IN fthe r pro;&‘énd how every layer needs

to be addressed while km owards ec ter '%mce of the research paradigm

will influence the str tegle h&(
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- Philosophies

— Approaches

pae

Time
horizons

Techniques and
procedures

Figure 3.1: “The Research ' —\(__}

Paradigm can be characterized thr M |IosoE f reallty)

epistemology (philosophy of knowlediet 0 (pr()£< re to acquire

knowledge). These characteristics create Ilstw ho& view knowledge.

Ontology involves the philosoph Y, ﬁp%o y oﬁe other hand addresses
q
reality, @ methodology identifies

practices to attain the (Kra,Ass ). @gm choice is a reflection of
é\ : I

how the researchers view th orld y)'(aa}glbelleves that knowledge is created

the ways the researcher co

(epistemology) ( ke &'Shar y, 20 Accordmg to Creswell (2013), there

\
are four co p a% ded"gnl social science research; positivism,

constructi nsformativ; d atlsm
N
\,‘Z'

\\ Positivism comesh% existence through Auguste Comte’s denunciation of

%ysms and his contention that barely only technical and scientific facts can

Oclose the reality concerning truth. It was later officially recognized as the dominant

scientific method in the early 20" century by constituents of the Vienna Circle, with
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Karl Menger, Otto Neurath, Rudolf Carnap, Gustav Bergmann, Philipp Frank, Herbert

Feigl, and Moritz Schlick. The positivist paradigm believes that the world is ewﬁl

(Carson et al., 1988) and there is a single objective reality to any research @non

waiting to be discovered (Hudson & Ozanne, 1988). This paradi uses on

-3

S

describing, explaining, and uncovering facts, through stated theoriesind hypotheses
The ontological position of positivism is oneyof realism: sm is the
while the epistemology for the positivist is on % and\2$~12). The
belief isthat the researcher should remain diStant from t Y
research that can distort their objecti% In the positivist \@ there is a clear
methodology is directed at ex@relaﬂn nshi .uTh%é;%ose of positivism is to
usation trgg n be used to predict human
’ ¢ &
theories, which w/ b@ed thr observations or measurement of
phenomena (Krauss, 2005). i las a@;s%/arch philosophy normally be conducted
¢
through qu &@ researc tHSdsQJ‘;r)ng various statistical techniques. Positivist
@% N

Y.

(MeAZOlO). \c}’
QE Interpretivist paradigm on the other hand began with the philosophy of

(Jonker & Pennink, 2010). \/
*aX
view that objects have an existence independent %\ower Co e‘ a_lé%OO?),
ecti
reséarch to.avoid bias in the
distinction between science, pers%xperien\n% I,u.g judgment. Positivist
g y N
acquire an answer for the @ty T
activity (Mohamed, 20 IS can be achie ed‘th@h empirical evidence and tested
researc usedqt ‘wlize ings if there is a sufficiently large sample size
dmund Husserl’s phenomenology and Wilhelm Dilthey’s and other German

philosophers’ study of interpretive understanding called hermeneutics (Mertens, 2010).
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Hermeneutics refers to the study of meaning and interpretation in the historical context.
The purpose of research that the interpretive holds is to understand the experie
people in their everyday lives. The interpretivism is interested to uncover @ning
in a given situation. The interpretive researcher’s role is to und explain,
and interpret the social reality through the eyes of the participant. Theybelieve that the
world is complex, and it will constantly change. While positivi m terms of cause
and effect, interpretivism view such patterns as being crea Yf'

evl)lving meaning

systems (Neuman & Dickinson, 2003). Positivists view the S(!ands‘external
Y'
to the study which is in contrast with interpretivi at holds v‘sv@ the
researcher and the people under study interactywi acho\lﬂe dso Ozanne,
1988). \, 0\
Interpretivist sometime(nafferred t\sanw stﬁ&ism is on the opinion
ﬁ y N
% d 9r

that,the researcher could not om theusubj being studied. This is

because, to understand the \Dtehi ery itua@he researcher should be part
of the study. Onlythro%e ction with t ‘p[eophmder study, the researcher will

P 4
be able to uncove'@th. Ft‘r
values of the areseareher ™ le
at&ismji? the view that reality is subjective and it

L
\'rn seekié.w answers the research, the personal
theﬁéﬁdings. The ontological position of
¢
interpretivi relativism. R
Y

differs one indivi noths&Scotland, 2012).

% 4

"~ S

According to the interpretive, social reality is seen by multiple people

Qﬁese people interpret a situation differently. They deny the existence of one real
orld. The multiple realities can be explored, and to understand it, the researcher makes

sense of thr social world by being part of the people and interacting with them.
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Interpretive epistemology is subjectivism which is based on real phenomena. The world
does not exist independently of our knowledge of it (Grix, 2004). The mterww

methodology is directed at the understanding phenomena from an %\ml’s

perspective. ‘k

As the primary purpose of interpretivism is to und(*iltan e meaning, the
t

interpretative researchers appreciate the first-hand experi thfu' reporting, and

direct quotations of the actual conversations from the Msider’ p;}Speds (Tubey

et.al., 2015). The researcher employed data gath@lhods at sdns_i\ﬁ% to a
context which enable a rich description of?ph% he qj;]al data

collection method utilized by the interpretim

inte\/ie ~focus dlscussmn,
and case study, which is considered qualitative method.

A
i

able to ge mliz% ings, the findings of the

A

interpretative data cannot b \Ilzei tsp ulatgg This is because the primary

aim of the interpretivi nderstand slltu@n and uncover the truth. While
v f &
\afc ro

p to find the answer to the study,

positivists follow stemaﬂ\t} i
interpretive avoid rigidfra a more flexible structure. They believe

m
L G
in anti-fou n n is hl‘{‘?cf'slr@; route to discover meaning.
Y
1,), S

Applylng the cor@tﬁ of positivism and non-positivism to studies in

Unlike positivists

ta%k, McKerchar (2012) suggests that the use of deductive reasoning and

@ titative approach reflect the positivism paradigm. In contrast, inductive reasoning

nd the qualitative approach imply the non-positivism research paradigm in

understanding tax issues (McKerchar, 2012).
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While positivism focus on quantitative methods and interpretive highlight on
qualitative methods, the pragmatist paradigm lies in between the two para :
Incorporating the strength between the two approaches, pragmatists ado@xed-
method approach. It was first introduced into philosophy by Charles S#&Peirce in
1878. This method gained its position over the past 30 years. Mierod enables

richness of understanding of phenomena through the confﬁ' Wof results and
NY.

round positi |sln_\ tion,

whereby the knowledge is created through i usal(ggtionship

Waiteéifmed, 2005;
08; @%ﬂler et al., 2003;

extension of knowledge (Wright & Losekoot, 2003).

Generally, most tax compliance studies rev

between taxpayer and tax compliance (See

Raihana Mohd Ali, 2013; @Ab’i amid, 2044; Khadijah Mohd Isa, 2012;
2

013;% Na h'Sab,' 2011) intending to gain a
F e -‘40
\ding on %compliance behaviour.
&

\ ’ 'C?O

The_deCision to japp héhe(_g sitivism, interpretivism, or pragmatism is

based the philosdp lief ‘&#he study. As mentioned by Creswell (2013),
ele uch as influence, Q@& factors, relationships, and effects lie within the
‘@t paradigm. As the core purpose of this study is to explore the influences of all
efour elements of the MARS model of individual behaviour with additional variables

f religiosity and ethical sensitivity, the positivism view is well suited as the research

paradigm. On top of that, this research aims to generalize the findings of the research
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to the larger professional population of the taxpayer in Malaysia, hence the adoption

of the positivist paradigm answers its purpose.

3.3. Research Method \3
As discussed in the previous section on the re rcRaradigm, the present

study adopted a quantitative approach as its metho . This qWe design

®
reflects positivist philosophical assumptions. As defined by Cohen'€t ’al., S_}&?),
; —~

quantitative research is defined as social research tiIizeQe pirical mQhods and
Y

}ment is ‘f‘é?red to as a

n v%uhe real world is

ative.yesearch as a type of

empirical statements. He further states that an empirica

descriptive statement about what is th r&@ﬁ i

ought to. Furthermore, Creswell (2013), defi a?t

w

research that explains a phenome la analyze umeﬁ%l data using statistical

“« Q-
methods. If compared to the qw e ich is)téés specific and less precise,
ﬁuct ed,

N
@ve been proved their validity
:

and reliability (KumKZOl : aaf.@ reseé}éh isolates variables and categorizes

quantitative studies arefspecific, well-

them. These vari&re thenJinkedftoget form a hypothesis.
N
(\: ¢ J,l C—g'}
¢
pres‘,g study adg@@d quantitative as its research methodology
4

becaus&he uantitative metho%i the best method that can be used to explain a
RS

P Menon. It is a great method to further describe what constitutes a phenomenon,
t

are factors lie behind a phenomenon. As the current research interested to

Oderstand atax compliance phenomenon, the researcher aims to investigate whether

motivation, ability, role perception, situational, religiosity factors, and ethical
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sensitivity do have influences on tax compliance behaviour, therefore, quantitative

design is the best to suit its purpose. T

In addition to that, the quantitative method is also usefﬂk quantify

opinions, attitudes, and behaviours to understand the population wew%w rds certain

phenomena. As this study aims to understand the taxpayer corﬁi behaviour, and
ned in

to further investigate whether all related variables (as e 'the conceptual

ith ew, hence,
"X

quantitative method is viewed as the best metho %ntltaﬂ e o‘i &%}o the

most suitable method to test hypotheses. The p bj ctide cun@f study is

«
S

framework) do influence the taxpayer in complyin

to test hypotheses of the various variables a&@:sed

Based on the Justlflcatl cussed gth ese cher is on the view

r
N
that the quantitative method i |s odolo that @e utilized in the current

research. \
’ S
’ a‘
TB Rewf i St hat Used Survey
etho
-

S Lﬁample Data Analysis
t 8 taxpayers SmartPLS
zalm ft I( ?\ 152 taxpayers SmartPLS
icakSana, A. 100 taxpayers SmartPLS
ubratha l. (202].)\j
%sunga F. J., Kiria J{@ ames, = 109 tax students SmartPLS
(2020).

I-Zageba, M. A. A., & AIl- 480 taxpayers SmartPLS
Rashdan, M T. (2020).

QE Fauziati, P., Minovia, A. F. 300 taxpayers SPSS

Muslim, R. Y., & Nasrah, R.

(2020)

Agyeiwaa, H., Amankwaah, E., = 399 taxpayers SPSS
Abina, S., Agyei, K. N., & Antwi,

K. (2019)
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Sritharan, N., & Salawati, S.
(2019). .
Malangkucecwara, S. T. I. E.
(2018)

Puspita, A. F., Subroto, B., &
Baridwan, Z. (2016). 0.

Fauziyyah, D. 1., Septiani, T., &
Musyaffi, A. M. (2016).

Faizal, S. M., & Palil, M. R.
(2015).

Ocheni (2015)

Zeng, T. (2014).

Modugu and Anyaduba (2014)
Mohd Rizal Palil, Mohamad Abu
Hamid, & Mohd Hizam Hanafiah
(2014)

Suhaila Abdul Hamid (2013)
Modugu, P. K., Eragbhe, E., &
Izedonmi, F. (2012).

Alabede, J. O., Ariffin, Z. Z., &
Idris, K. M. (2011).

Mohd Rizal Palil & Mohd Fariq

419 taxpayers SPSS

300 taxpayers SmartPLS Y~
136 taxpayers SmartP%\

100 taxpayers Smﬂ&

400 taxpayers

300 taxpayers

174taxpayers

500 taxpayers
5500 taxpayerss
1500 taxpayers

600 taxpa

382 taxp

0 4

Mustapha (2011) \! w‘
Murphy (2008) payers
Chattopadhyay, S., & Das-Gupta,. axpayers
A. (2002).
MENNG, )
R )
&

3.4.

problems to the eéﬂ'&al re ' h.

to collect, an@et e
question tio dbbﬂr

é ; 4 b4
descri% how, when and wher

00

N

Research Desi
Dj N
:
Research desigmn’is t ‘m& plané/ﬁéonnecting the conceptual research

rticu@he type of data, the methodology used
!

¢h0v5‘1he data can be used to answer the research

97 pg. 142) a research design is “a plan that

%25; are to be collected and analyzed”. Therefore, the

f Mg discussion will revolve around the type of research followed by the type of

0 and methods used to collect and analyze the data.
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3.4.1. Research Purpose

Research can be done in variously and most types of re3£%an be

classified according to how the researcher knows about the research problém before

the investigation took place. According to Salkind et al., (2010) research can be

grouped into exploratory, descriptive, explanatory, and evaluati loratory studies

areusually undertaken when little is known about a ph on. "he goal is to

determine whether a relationship exists among several vagiabl chr@ve

N
research attempts to describe a group of peop@heno n t is.tgfﬁen be
L 4
n th

it
conducted to understand social problems and?ﬁmlar issue eig}u.;r hand,

e another. Its primary

explanatory research focuses on why vari M related t

purpose is to test a theory, and evalN search pu

particular intervention, process, o ure a@jh}ﬁh g
@
q

-
RN S

As mentioned iTsearr objective earhier, the primary objective of the

o
present research is to% varioy ‘UE}%N% cribed in the MARS model to
understand the ta@ beha'vihwrds@‘nbplying with the tax law. Therefore,
the present stu@p anatory
¢

then provi vidence t0 s f@ the contention that there is cause and effect
relation‘w een{hVZZIesY’%\

)\ N
N
S

se is@assess whether a

133



3.4.2. Research Process

éq

This study followed a research process that comprises of de
research issues, formulating hypotheses, designing the research tool, mg and
evaluating information, and discussing the summary of the results. 2 outlines
the research process of the study. First, the researcher defined t :X:ff the study

by reviewing the literature. Based on the literature r iemmcted, a deeper

knowledge of the variables is suggested. '
O \T
|2,
Next, in the stage of the conceptual pment stage, attenti given

tothe model used in the current study. The frame ork of e is a oRted from the

original MARS model of individual beha%\ﬁj performance (M@éh ne & Glinow,
2005) where three independent varlables, med@? d &erendent variable
is adopted into the framework I%‘a on Ilte@'}re review, another two
variables are incorporated |nt ear ork &ﬁ.rch are religion and ethical

sensitivity. In developing esear}h d , ﬁresearchers have considered
as :;tru

different aspects such 0 éqt, sampling design, and pretesting.
The sampling de@&er r‘es th proc 0 |dentify sample size and sampling

techniques. T mur ent fo t v es involved in the study is tailored from

the pas nd some of'th If-developed by the researcher. Based on the
' 4

pretesty, t I|d|ty of ‘the ﬁeseafiﬁ instrument was assessed. In the next stage, a

pr inary assessment was pﬁ'formed to determine the reliability of the instrument.

%al face-to-face survey was performed. The data obtained were screened using

QSS Version 23 software. The Partial Least Square- Structural Equation Modelling

(PLS-SEM) was used to test all the hypotheses. Finally,the results were interpreted and
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presented, and the findings were discussed and documented.
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3.5. Quantitative data collection

As illustrated in Figure 3.2, the Research Process diagrar(ﬁx the

research questions are developed, the researcher clarifies the data coﬂ‘*w process

which includes sampling, questionnaire design, and pilot study. This process is

significant before the survey could be administered. V

N
3.5.1. Sampling % ‘.J'—{')
et

The following discussion @3 research saqug frame, sample
size, and sample selection. AV
& NVL
% @ .

“ &
N §

3.5.1.1. Sampling amg (
(’,) \"bj"(‘}?

Acc@ Bab@O) s@g frame refers to the list or quasi list
of elements @/hi &R)}b’ilit&%&fmple is selected. This study involves
h

S

O
understa@ﬁ copbiflﬁ gg}ﬂr among the taxpayer a specific focus of the
’
profesﬁna employees. The CE)@Toyment Act of Malaysia (1955) provided no
N

S M definition on professionals’ employee, therefore the present study use the

nition provides by the Inland Revenue Board (2019) where “professional” means a
N

son who belongs to a profession and is a member of a professional body orregistered

with a body which governs the profession. IRB also further defined “profession” as
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includes the profession of lawyers, accountants, architects, doctors, pharmacists,

engineers, surveyors, or any other profession where the status of the profesw

recognized by written law or statute in Malaysia. ('}

In Malaysia, the most of the professionals are registered under their

ian Institute of

respective professional bodies. Among the registered professignal y in Malaysia,
are Lembaga Arkitek Malaysia, Lembaga Jurutera Mala klay:'

Accountants (MIA), Malaysian Association of Certified ic Accou Iyl IC

PA),
- | | | B\
The Institution of Engineers Malaysia, Pertubuh rkite yﬂla;\%ajlls
Perubatan Malaysia, Majlis Pergigian Malaysi bagi I Ma@%ia, The
Malaysian Bar and Institut Landskap Ark ayﬁe\ andsI'he Y(.)f Quantity

Surveyors Malaysia. \) é
AN
(f) A
This  study targ%o i

N
Q(R professions namely
Accountants, Lawyers, A X'\T
1.

&
significant as IRB r% at R.‘

D@, and Surveyors. This is
penalties was levi n doctl)r

architects, and 7.39 milli }Nyer{}&ém this amount, 4,610 cases comprising
¢
3,000 doctars, lawyer ‘Er icg%ts, and 1,287 engineers (The Malaysian
Y
Reserved 2017Y. Apart ‘,that, ese professions are selected because they are

T
ni@ higher-earning pr@ons in many countries such as in US and UK

0
@Jn, 2011). As suggested by Kassipillai et. Al., (2003) study into a different
d p of taxpayers will help the tax authority in targeting groups which need extra
d

ucation and attention.

o
3

n{il' of additional assessment and

f&

.83 n engineers, RM1.81 million on

C
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3.5.1.2. Sample Size
9y
Sample size can be defined as the subset of a population requir@sure
thatthere is a sufficient amount of information to draw conclusions (Sekﬁ%& Bougie,
2010). The sample size is significant to establish generalizability. It is a common
process in research to determine appropriate sample size. The sample size must be

adequate to ensure that the study is capable to produce us 'It must be “big

enough” so that it is statistical significance but not “too big” to avoi resources
Y
than necessary. | _ﬁ‘)

\" \/T
As the current research involv&&z;i fessi Y(;roup as its

population, it is quite impossible for t%&her to conduct a r@ﬁ]wide pool. This
qh\_o\ntweigh the benefits.

is due to the geographical spread, %ffort, amgw
-:\" y N

Even there are some researcha%onduct natienwid eys (See, for example,

Christensen & Hite, 1997, ?}Id @ Hite & Roberts, 1991) the
a

present study will o sample om @population. As mentioned by
’ ¢ &
Richardson & SaWOD, if \mmon f%ghe researchers to draw a sample from
te,

>

within a city or

ideric‘éé/nationwide pool.
o !
2 9

*
re arg’” per. hes to determine sample size (See, for example,

COQYO; Krejcie & Morg@?O; Roscoe, 1975). As the current study employed
z% as its data analysis technique, therefore determining sample size using

@ er analysis is crucial. According to Hairet al (2017) sample size should be based

n power analysis, which is the minimum number of samples based on model

complexity. Power analysis determines the minimum sample size by taking into
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account the part of a model with the largest number of predictors (Hair et al., 2014). It
requires information related to power, effect size, and significance level to caw
the minimum required sample size (Hairet al., 2018). A value of 80 perc@}mre
represents an adequate level of power in social science research (Coh , Hair et
al., 2017). The G*Power application was used to determine the mini%ample size.
According to Erdfelder, Faul, & Buchner(1996), G*Power 'N-in-one power
analysis program which normally used in computer and %

ienies research for

statistical tests. For this study, the F test of regressio s used G*Power

X
application. To determine the accurate sample%& Power a sﬂ; L&% for
multiple regression comprising eleven predictor?g est% of 0~Q§~a power

T
of 0.80, and a medium effect size of (fzw.As 81 percent is cé?idered as the
minimum acceptable power in most sOCi %ﬂces studi ef@igdon & Straub,

2011), the desired sample size was 118. \h\%o "%rted by 10 times rule
'?h";' y N
(Barclay, Higgins & Thompson%w ich indicates thiziaple size should be equal
DA

to the larger of 10 times the%' nu rmagq ndicators used to measure a
single construct or 10,ti he largest num

'3 &)
particular constrw strugt \m el. F is, a minimum sample size of 110 is

&
needed. N
S |2 S

*
he tderejc‘isi& Morgan (1970) offers more than 380 sample

size&&ower suggests 118 e size and 10 times rule suggested 110 samples, the

be@ structural paths directed at a

re \er decided to consider a larger sample size of 1000 considering the possibility

6 W response rates and minimum sample size requirements for PLS.
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T

Table 3.3: Sample size recommendation in PLS-SEM fg tistical

Power of 8
Sigpificance Level
1% w b 5% 10%

Maximum Number of Arrows Pointing Minimum R? % Minimum R? Minimum R?

at a Construct 0.10 025 [050 [0.75 (& 025 [050 [075 ]0.10 [025 [050 [0.75
2 158 75 47 38 % |52 33 26 88 |41 |26 21
3 176 84 53 42 . |38 30 100 [48 [30 25
4 191 91 58 46 %gm | 42 33 111 |53 |34 27
5 205 98 62 50 147, 0 o |45 36 120 [58 |37 30
6 217 103 |66 53 |57 0| 75 |48 39 128 [62 |40 32
7 228 109 |69 %86, 116 -80° 51 41 136 |66 |42 35
8 238 114 |73 \‘;?' R 184 54 44 143 |69 |45 37
9 247 119 |76, 2~ (181 88 57 46 150 |73 |47 39
10 256 123 | 7999 “64,37‘)16,95' 91 59 48 156 |76 |49 41

‘e a QO Source: Cohen (1992)




3.5.1.3. Sample Selection

There are two major groups of sampling techniques which swbility
and non-probability sampling. The sample of the present study was_selected using a
no?ball sampling

cross between simple random sampling (probability sampling) a%

(non- probability sampling). Simple random sampling is a amWQ'design in which k

il dre’sseg?)f the

Professionals was developed by the researcher%ﬁhe N i ation on
the list of Professionals registered in M@%MF he. on z§‘t\ollected from

the annual report and the websites o%especti{ erei{ fessional bodies.

From the list of the professionals,g%ear‘(t:k%’

(7]
res@ﬁe&ﬁsmage of simple random
sampling is it has the | asth of’erst OS-Q.E}eralizability (Sekaran, 2003).
f j [

However, the use of Sim rand pling ,could become cumbersome and

expensive (Sekarﬁ\Z ). Tllerefo , in %-% to complement the process of data

N
collection, th Nrch r has i‘lriied(_sgwwball sampling. This is following the

recomme BroEr?O ), e when the subject of the research is sensitive
fwer

possible combination of k item is equally likely to be,the sample Selec
2012). A database containing the names, add , and e

se@Randomizer software

in to generate a random nu

ks canbe applied particularly through snowballing. This

then ind1 s social
N
IS d by Mahin Naderﬁ;?, Hamideh Goli and Freshteh Galjaie (2017) where

éll sampling is applied with the target characteristics are not easily accessible.

Qis method is effective when studying hard-to-reach populations, such as

professionals, who may not be easily accessible through traditional sampling method
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(Freshteh Galjaie, 2017). In snowball sampling, one subject gives the researcher the
name of another subject, who in turn provides the name of a third, and so on (
Johnson, 1999). This sampling method was advantageous because of t@\tive
nature of the research topic. Respondents were understandably Wﬁ’& answer
questions on tax compliance. Therefore, it was much easier to acceswg population
through referralsby their trusted professional colleagues. \,

clusion in

However, since snowball sampling does not'sglect units 1

Y
the sample based on random selection, it is ir@ to determi ’ne@sible
sampling error and make generalizations. Y. \" b

Since there is inadequate mation on the f p@s ionals available

2

in Malaysia, therefore the research@selops a\ba?e méhing the name list of
N

the professionals. This is don wsing thr th@%&? of professional bodies

registered in Malaysia. \bf ] o1 prof@als were acquired. These

fessional bodies. Therefore, to

>

professionals are regi h their respécti

y
s ¢ &
m er lﬁ&zés a snowball sampling approach by

obtain a more robu ple, tlle
ere s@éﬂed from the database developed by the

requesting thoseyprofession

researcher, ]‘: st butefn
peers. % appKo ?bee ed by Suhaila Abdul Hamid (2014) in selecting

Y.
tax for samples in her @

i
N
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3.5.2. Questionnaire Design

A questionnaire is a pre-formulated written set of questions\%ich

respondents record their answers (Sekaran, 2003). A survey is often used 1 studies that
used individual people as the units of analysis. According to Babbi 0), survey
research is probably the best method for social science research%brxgi:terested to
collect original data, where the population is too larg toVbserved directly.

According to Jackson & Miliron (1986) and Richar W r'(200 ), survey

research was the most common approach in tax comg'ance tudies. ' ¢ “}Y'

fod X

opting, ald@ptlng items

Iy rﬂggfied to ensure

they areunderstood by the respondents%are SO S ft&@ms which are self-
A

developed by the researcher. E ) & >’

“« Q-
&
A
. . N .
Careful att tlowgpald'o ensur t@ wording of the items can be
ond:;a

understood by the resp S. Itj'\lﬁ\ n¥'todensure that the questions are simple,

easy to read, and@k to@. The,Questionnaire is prepared in the English
O
language withfMalay, trarislation. { C—)
.| ) §J

The instrument of the study was develope

=

from existing validated measurements.

w

o

%

b g
%e questio air€ is ‘d\igﬂﬂed into three parts: Part 1 consists of hypothetical
. 5

scemario questions; Part 2 cona’gts of a close-ended statement, while Part 3 consists of

ns on the respondent’s demographic information such as age, gender, ethnicity,

o{mation level, income level, and profession.
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The items are categorized to 7-point items with the following response
options 1 = Very Strongly Disagree”, 2 = Strongly Disagree”, “3 = Disagree?’
Neutral”, “5= Agree”, “6 = Strongly Agree”, “7 = Very Strongly Agr@}/eral
researchers have suggested that 7-point categories scale is the best tha be used
to ensure validity and reliability (Finn, 1972; Foddy, 1994; HudsonWler, 2005).
This is to support Artuna & Arslan (2016) who suggest that the reliability of scores can
be optimized by the utilization of seven categories scale. Ed'that the human
mind has a span ofapprehension capable of distinguishin ent items,
which implies about seven on the number of categor at people al‘le_é‘,:ge in
makingjudgments about the magnitudes of un| na stifn T
é\‘?

An increasing renown m@ata collectien is @%se of the online

survey method. Online surveys off wer cost gc Ig{%n and higher speed;
they are visual, interactive bIe 'More mpozgéa/ they do not require
interviewers to present and b eop WI| re taking part in a telephone

survey and are more Wi answer qu tion @sted on their computer screens
’ F &
(Kellner, 2004).Th wnt s@s Suréd\/ronkey as the medium of the online

survey. Nevertheless, there S0 %lawbacks of an online surveys. Online
surveys are %o co ect dO'm bmple of the population and if compared to the
self- administéred sur onI‘r@survey does not enjoy a high response rate.

Y.
TheA to ensure high res@é rates, an additional self-administered survey was

u-\gbs\t&omplement the limitation of an online survey.

The main benefit of a self-administered questionnaire is that the researcher

will be able to collect the completed responses within short periods of time. Any doubts
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that the respondents might have on any question could be clarified on the spot. The
researcher is also afforded the opportunity to introduce the research topw
encourage the respondents to provide truthful answers. Compared to t \/IGW
method, personally administered questionnaires consume less time anf&Sekaran,

2003). This method also assures a high response rate, accurate samplin Qand minimum

T

Initially, the researcher will email the link o W&mndents
researche olv%') here

ab@ e, thg%;earcher

.G\rior that, @e calls were
made for an appointment. In the case\%ﬂdents whoyare ur@% to complete the

survey on the day, the researcher ollect th y ,@% weeks’ time and a

\
follow-up telephone call remln e |ven Q—J
S"
\

bias (Oppenheim, 1992).

based on the email address in the database developed

approaches these respondents via face-to-f

_|
=
D
0
[
(9]
w
[y
o
>
>
E
=
D
(@)
?‘”
<
e}
QD
(@)
a——
QD
&
)
D
o
oé‘
<
D
-
=
=
D
-
QD
>
o
(@]
>
D
D
QD
(@)
=
-
(@]
=
~—+
=
D

questionnaire. TK rlet 'ned tb%ﬁrpose of the study, confirmation on the
¢
anonymity m for/th S ve@’, QC}I?VItatIOI‘I to participate in the survey, and
>

ensuredConfidentialify >surv ata.
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3.6. Pilot Study

Pilot testing or pre-testing refers to mini versions of a fuII-scaIQ%Z as

wellas the specific pre-testing of a particular research instrument. In th cron, the
questionnaire may have to be restructured and some items may hav ewritten to
fit the research objectives. At this stage, the focus is placed on th propriate wording
in questions, clarity of instructions, and the like rather,thango report the result
(Synodinos, 2003). Pre-testing aims to avoid poor data@d t re'duce r prevent

evaluatio (MGnC)\Ymg,

Ramayah, Chuah, & Cheah, 2017). \
s \,Y'
\ <
In this study, the questionnairﬁﬁye-t :)1 i ee stages. In stage one,

the survey instrument was translated fro% English | ge &g% Malay language.
A

This translation was performed bﬁnaag% ertsito ensy@,wording and concepts
t

“ Q-
are equivalent. The questionn&K hen | d bz@-(m the suggestion from the
N

language experts.
guage exp ? [ 0
L
To eg@ re 'a‘:)ilit d va@/ of the items, ten experts in the field

N
of taxation in@a ia Were in e?'to Qétﬁde feedback regarding the questionnaire
items. ThQﬂnonnai w nt en tax experts in Malaysia. They are from
’ 4
Uni Mra Malaysia, U'ni\@l'ti Islam Antarabangsa and Universiti Teknologi

versi
A <
M%a d three feedback W(}E gained from this process. All experts were requested

4

the deletion of items during the measurement mod

ments on multiple elements, such as the appropriateness of the scale used, the

Ouracy of instructions provided, the clarity or uncertainty of construct definitions,

and the representation of items. In summary, pre-testing tests the designed
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questionnaire for content validity. To enhance the reliability and validity of the
questionnaire, the views of two tax practitioners were also acquired. The questlw

is then improved after incorporating comments and suggestions. q

In stage two, the questionnaires were sent out to PMD. students of
Universiti Teknologi MARA. The involvement of postgraduateij s is crucial with
regard to their opinions on the terms or language used in t |onrla|re The study

was only able to get seven students involved in the pilot : feedback

Y
from the pilot testing, the wording of a few items we nged _{')

N
In the final stage, the survey w;nt i ated.b{\pre -testing to

pr %onal employees

i@ggestions. Copies of

the final survey questionnaires

Based on %t; coIIec(ld fr m'th'eb’llot survey, a reliability test is

P 4 t
conductedto ensur ﬁ&stabili‘y
&pa

nsiste égwof the measurement. In this study,
each construct i ente

i i&rent@fre of items. Some are formative, while

others are ct e. r{ul@inearity test is conducted for formative

S
constru ronbdt ?for re&?ctive constructs.

A\ 3
N
Nj

~
S
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3.7. Construct Development and Measurement

As mentioned earlier in the conceptual framework, to un@ the

taxpayer behaviour in complying with the tax law, the present study uti e MARS
model of individual behaviour and performance with an extensiomnother two
significant variables which are Religiosity and Ethical Sensitivityt” Therefore, the
proposed modelconsists of seven constructs, with four ¢ r%s'dirived from the
MARS model of individual behaviour and performa mot awlity, role

perception, and situational factor) with another two

Y'
ucts name el‘gig\ﬁ%/ and

|a% obseryable. To

indicators th@f‘e;resent the
underlying construct. The indicators\%ectly obs Ie,@ the researcher

believed thatthese indicators accura@jpresent\laﬁgt?nt a,@le_ Before discussing

0 \
the specific measurement of nstructs, t
e

‘0”@9 section discusses the
differences between formati }refl asu@d explores the second-order
factor whichbecomes i% Wher} nstlicts araéfined at a more abstract level.

3.7.1 @e d ?af'i\@easures
& ~

Generally, meas nt models are using multiple indicators of latent

ethical sensitivity. These theoretical constr

measure a latent construct, the researchém,ca

cts mentioned in the Structural Equation Modelling (SEM) literature namely
0 reflective model and the formative model. The main feature of these two models is
depicted in Figure 3.3. In reflective measures, the latent variable or the principal factor

is caused by the latent factor. As shown in Figure 3.3, in which each construct is
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represented by a circle with several arrows stemming from it to a set of indicators. The

direction of causality is from the construct to the set of indicators (Jarvis, Mac

& Podsakoff, 2003). On the contrary, in the formative model, if there are \ge

S

be made in the measures it will cause changes in the underlying construﬂ;gdlrection

of causality moves from the indicators to the latent construct. The inicators act as a

group to give meaning to the construct.

study, Hair et al., (2014) present a guideline to d

reflectively and formatively as depicted in Tab

To determine the appropriate measurement

Table 3.4: Guidelines for Cm :na ,1e Meas
b

T

| that c

7

u

ther
J

Criterion

Decis

N

G

sed {g'the
rd a _c\&}truct

<

Q\T

Mode

0

&

tam

.

&

~=%)

4
“Reference

Is
explaining

indicators?

Causal priority between the
indicator and the construct?

the construct a trait

rather a combination

the indicators o

ion
[ ) om the
i tors
\ om th

C

&

Do the indicator Mnt ‘ Ifeonsequ -reflective
consequences or ¢ causes of, IfCauses: ative
the construct? \ | @)
¢ C.)

Is it necessarily ae that if« gy@;eﬂective
the asse Qﬂf the frait /'@ Izsl.\ ormative
change I ¥items” <wi 'r
chang®, i imilar mafiher \S"
(as they are equally
CK \(')

the items mutually = ® If yes: reflective

If no: formative

o

iamantopoulos &
Winklhofer (2001)

Fornell & Bookstein (1982)

Rossiter (2002)

Chin (1998)

Jarvis, Mackenzie, &
Podsakoff (2003)

Q%rchangeable
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3.7.2. Second-Order Factor

The previous discussion is only focused on the first-order Iate(ﬂ\ruct
More often than not, the constructs are quite complex and can be op@&allzed at
higher levels of abstraction. Figure 3.3 illustrates the four main typ&ﬂ"the second-
order factor model. These types of models have two e the first-order

components, which capture the sub-dimensions of the abstr rld second- order

components, which capture the more abstract entity. .\d‘

In the first model, Type I, both fir faq< ond@r factor

are conceptualized using reflective measur i R{pe sthe fin@‘rger factor is
constructed based on reflective measuwa second-o0 fac@developed using
formative constructs. In Type III,%ﬂrst org\facé_§$

p[f? is described using
N

formative measures and refle structs arepused &Cé&plam the second-order

factor. Finally, in Type IV,% wa- d trse ond-order factor models are

conceptualized using f measures a cdn@ts

By fer to ature ew and conceptual framework of the

study, the c s u and e ﬂ'wthj?udy applied Type I1I: Reflective first order,
sUDZjustl

formatl cond orde |on is, individual behaviour is formed by the
con of motivation, abl@fole perception, situational factors, religiosity, and
ethi ensmwty. Therefore, these second-order constructs are formative, because

indicator form a formative construct captures a specific aspect of the construct’s
omain. Each item is an important construct, which implies that omitting an item

potentially alters the nature of the construct. On the other hand, the first-order construct
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is reflective.

Type I: Reflective-Reflective Type Type IlI: Formative-Reflective Type

Source: Hair et. al., (2014)

Figure 3.3: Types of Hierarchical Components Models
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3.7.3. Model Constructs and Measures

As explained in the Conceptual Framework, the proposed W%\M tax
compliance behaviour has seven main constructs. These are behaviourﬂ&\ply with
tax law, motivation, abilities, role perception, situational factors, aigiosity, and

ethical sensitivity. These constructs are broad and complex*&%us quiring a large

NY.

tudies are c'to_{'rgs'ure
re %' iterqs}?om past

research to be used. However, for religiositw uctspthere"are ava.@?e items from

number of items to adequately measure each of them.

Generally, the measurement items from pa

the constructs except for some constructs wher

the past researcher, but the present alized dif th@cal foundations

hence different measurement item@)develop guar -t‘%'e the reliability and
n

validity of the self-developed 4 *“the re has ired feedback from tax

R\

S presented in the 3.7 section.

The following sectionidi es the 'mod c[) cts and the indicators used to
LK

measure these constfiets. l %
& Q N
S5t S
%. &
3.7.3.1 QB’ aviolir d‘npl@h the Tax Law
N
\A S
‘% The behaviour to comply with tax law is operationalized as the dependent

Oiable of the study. This study employed hypothetical scenarios to measure tax

compliance behaviour. Scenarios are attempts to describe in some detail a hypothetical

ussi

experts. The detail of reliabi 'ﬁ vaL
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sequence of events that could lead plausibly to the situation envisaged (Kahn & Wiener,
1967). A hypothetical scenario has the ability to reduce social desirability bias

et. Al., 2002; Kelly, 2015). For this study two hypothetical scenarios@ting
income and understating income as well as fails to declare income veloped.
This scenario is used to measure the MARS model items namely mWon, ability,
role perception, and situational factors. As the natures of taxcomphance behaviour
questions can be considered sensitive questions, the use rios jwould be more

likely to ease the respondents to provide more truthfu ons .Mnario has

"X
been utilized by other studies like Noor Sharoja Sapi | (2014) a I&b@t al.,

% estioqugrovided.

beenﬁi.cized. One

ot @to be useless but

Notwithstanding the benefit that scenari

criticism is that the scenario may be d b

also misleading (Kahn & Wiener, 1%To incre\bh_‘z_a_se validity*and reliability of the

N
scenarios, the researcher had%d oﬁinion om<Q experts as well as tax

practitioners. Following th }io, l
re

stateme tétocapture the MARS model

items were offered and% nts W‘g L;e'd t&ate their opinions using a seven-

pointfullyanchoﬁ. l \ g
NS
(’} ,?:1 O
3.7.3.2. %ati‘cnb) Qé-j
& 'YX

that,is measured by two main components which are intrinsic motivation and extrinsic
otivation. The following discussion discusses the measurement for intrinsic

motivation and extrinsic motivation respectively.
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3.7.3.2.1. Intrinsic Motivation

NS

In the present study, the aspect of trust is used as a proxy{togintrinsic

motivation. Therefore, intrinsic motivation is operationalized as a firstﬂ&construct

which is measured through a hypothetical scenario developed by the'esearcher. The

respondents are requested to read the scenario and answer f rsey)f questions on
X

seven-point scale to solicit the agreement from complete ree rnd completely

agree. The scenario is developed by the researcher. Two questions wi p‘ted from
Yw
Verboon & van Dijke, (2007), and another two ions a ch@ the
’ N~

NV

/i

researcher. Y.

S

Eis
e

M3"and IM4 represent intrinsic motivation items
N

2 9
o

Figure 3.4: First arﬁ?econd Order Measures of Intrinsic Motivation

N}
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3.7.3.2.2.  Extrinsic Motivation

In this study, the aspect of rewards is used to represent the @}ct of
extrinsic motivation. Hence, extrinsic motivation is operationalized a irst-order
construct which is measured by four items. Figure 3.5 provides an iIRtration for the

second-order construct which is motivation and first-ordeaith is extrinsic

\d

"X
For the extrinsic motivation constru@!ﬁe best of ‘e@er’s
knowledge, there are no items developed by?,g; ev% cher..ta» measure
extrinsic motivation in tax compliance bew. Th@'fast dies@analyze the

motivation.

role of extrinsic motivation exami it arough an erir@%l method (See,

Dwenger et. al., 2014; Feld, et.al., @95 Farr@;?u se _‘,\2016) and interview
N

(See, for example, Rillstone, 2 . refo'r‘e, self*devel items based on the past

research that studies the roi@ard{l iR other disci s are offered for this study.
The researcher modifi% ms from Bo ‘-éc @(2002) and the semi-structured

2

interview by Rills (2015).| & Kim-(2002), extrinsic reward is used to

understand knowdedge'shari iour \(fﬁi‘é in Rillstone (2015), extrinsic reward is

!
¢
used to me tax compli bém ior. Apart from the modifying questions from
N
Bock i 01)& tone(2015), the researcher also developed another one
| %3
que \0)

Q Overall, the motivation construct is multi-dimensional and these
imensionsdo not tap into the same aspect, this construct is treated as a formative
construct following the recommendation by Petter (2007). However, for the items in
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intrinsic and extrinsic motivation, the measures are likely to covary and thus

measured as reflective. The following figure depicts examples of the conceptuawm

in this studyas first and second order levels. q

Intrinsi

EM1 Motivatio

EM2

EM3

Extrinsic
Motivation

EM4

Figure 3.5: First and

3.7.33.  Ability %Y- ;Lj,-l§
N

ty factor is<the Qec@ement mentioned in the MARS maodel.
&

i as hoth )1a ral udes and learned capabilities required to
succes womple{a ask. Aié(\udes and learned capabilities are always be
AN &
C

with competencies.\(ﬁ’s the primary objective of the current study is to

as
‘%we the MARS model with tax compliance behaviour, abilities as one of the
Oments in the MARS model is represented by the tax knowledge variable as discussed

in the literature review.
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Here, the ability is operationalized as a first-order construct which is
measured by seven items. All the items to measure tax knowledge are adoptew

Natrah Saad (2011). The items are considered reflective indicators. q

Y~
\

The third element of the MARS model is roleyercep ioMgussed in

Yw
o whi¢h p Ie‘u@ tand

R mﬁ i no@zational
X

manie b viouré}n employee.
The present study, however, aims tomeodel wi X C %iance behaviour

among the professional group. Aﬁﬁue orgarhiogal eh-é»iour discipline, role
-:: l! N

perception is viewed as the ex hich the e ye%‘?derstands the job roles,

3.7.3.4. Role Perception

the literature review, role perception refers to the e

the job roles assigned to them or expected of t

behaviour model used to understand the |

‘Sc.%ent the taxpayer understand

hence in this tax study, role \on ]

their job as a taxpayer% uty ai‘ citi :1- Br%}ietimes be referred to as a civic

duty. \ [ \
\ @ ! (?
hle p/rce ti i!' OF@} ionalized as a first-order construct which is
%h';gh

NS

measur a liy ical scenario. There are five questions developed by the

resea&to measure role pe@fon towards tax compliance. The measures of civic

‘@ likely to covary and thus regarded as reflective.
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3.7.35. Situational Factor

The final element of the MARS model is the situational@ As
discussed by McShane & Glinow (2005), employees’ behaviour is alsoﬂ&ds on the
situation.Even an employee is a motivated employee, equipped with'the right skills,
and knows his or her role obligation but if some situational coﬁwhamper him or

her, he or she will definitely perform poorly. A similar tion islexpected for a

taxpayer. Although a taxpayer has a strong motivation t tax gwledge on

.
if he of sh céd@cial
e% i ttry\tgzzvade to

T

comply withthe tax law. This is the assumpti thaP\the sent@y attempt to

examine. \) é
Therefore, as menti%()

order construct while finaneial str

tax, and realize his civic duties towards the nation

constraints orbe influenced by the peers surroundi

ris viewed as a second-
s considered as a first-order

construct. Financial strai eers irrue e 1‘0 the situational factor construct

g F 4 &
which is the mod@aﬂ@& ramegd(.
N,
N, 1 O
hdy v d { pothetical scenario for both constructs. The
NN
scenari the abilify ide %‘S‘Rtance from obvious self-evaluation as depicted
in t?n&report scale (Prinst@‘(al, 2011). For financial strain, apart from adopting

‘@m Mohd Rizal Palil, (2010), the researcher developed another two questions.
Q e other hand, items used to measure peers’ influence construct were adopted from
ohd Rizal Palil (2010) as well as self-developed by the researcher.
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The items to measure peers’ influence are reflective as it is a trait used to
explain the peers’ influence construct. This is consistent with the suggestion of
al., (2014) who said that, if the construct is a trait of the indicators then, t@
reflective. A similar measurement model was used to explain the ot struct of
situational factor which is financial constrain. All the items are refleY'eas well.

In this study, situational factor is considered a & tmg variable”.
Moderating variable is the variable that influences th g:h. d/or direction
between two latent variables. In the context of the prese dy, hewnal factor
is assumed to influence between the exogenous varia motivatio bi'itx\ﬁvr‘ole
perception, religiosity, and ethical senS|t|V|ty) oé’e arlaqgt/vhlch is
the behaviour to comply with the tax IaW sed 'on Hﬂll’ e (20@\31 moderator

effect requires the specification of thw ffect of t og@t latent variable,

the simple effect of the moderator v , and the gtt hich also be referred
to as interaction term. In PL ' erenare t ouapp es that are usually be
employed to create the inte n erm re th duct indicator approach and
the two-stage approa(% rodu Jn r‘ a ach involves multiplyingeach
indicator of the exo ter]t Wlth |nd|cator of the moderator variable.
In the case of e gen t va e or the moderator variable, havinga
formative re ent mo |nd|cat0r approach cannot be applied (Hair

et aI ., 201 ) s thér Prmaﬂ% constructs that existed in the present study,

ther two- stage approac ﬁ@t’ be used. The operationalization of the first and

se?x;rder levels for the situational constructs can be viewed in Figure 3.6.
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PI1
PI2

Peers

Influence

PI3 &—

Situational

FC1 Factor )
FC2 Financial .
FC3 constraints (,)"'3'
Y
FC4 J
\,Y'
X

Figure 3.6: First-Order Construc

3.7.36. Religiosit(0 3 bj}; 3

The p@discufsi
in the MARS WI. is stu
[ ]

another sigpi 'c'ca;a/aria Ie,‘n??m Is [gi_giosity. As discussed in the literature, religion
S

is foun ignifi redic f individual behaviour. Due to that, the present

reseﬁhms to examine the \6f religiosity towards the behaviour to comply with

*PI1, PI2, P13 represent items for p We
items for financial constrain %]
S

o
=

the aw.

S

compliance behaviour measure religion in terms of its religious affiliation and the

The past studies that examines the role of religiosity in understanding tax

160



degree of religiosity and regressed it with the compliance behaviour (See, for example,
Mohd Rizal Palil et al., 2013; Nor Raihana Mohd Ali & Pope, 2014; Torgler,w
The present study, however, is interested to develop items that directly mea% gion
towards tax compliance behaviour. To better comprehend religiosit onstruct
towards understanding tax compliance behaviour, Hirschi’s Social !Rt;ﬂ Theory is
used as an underlying theory. Therefore, this religion variable Md in the theory
is used as a reference to develop items for the religiosity va %s.th'e items are self-
developed, the researcher has sought opinion and suggestiens fr W}perts,to
r

Y-
ensure the validity and reliability of the items. All the\itéms to e‘ig_ié}y are
reflective as the items are likely to covary with er\‘. \Y

Q\T
S VS
3.7.3.7. Ethical Sensitivity (') \? §

SR

o
Apart from eh@ thj M@y including the religiosity
to

variable, this study a i add' ano liﬂﬂb&'rtant variable which is ethical
s &

sensitivity. As mj@ in @a{ure, et:&a! sensitivity has been proven by the

past researchersyas ignifi edicte‘r.)%ﬁ tax compliance behaviour (See, for

N l

[
example, Sﬁ%)bdul amid; 0{4;Q9C?derson&Kaplan,2005; Ho & Wong, 2008;
l.,'29

N
94T ?re, t@esent study is interested to analyze the role of

%

Reckerséet

ethi nsitivity in unders@g compliance behaviour specifically within the

fr?\mrk of the MARS maodel.

As discussed in the literature that ethical sensitivity is viewed as a multi-

dimension, therefore the construct for ethical sensitivity in this study is operationalized
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as second-order factor measured with twelve first-order items. The items were
categorized into four groups which are moral equity, relativism, egois

utilitarianism. For each group, two items were developed to measure ethic \Ivity
except for four items for the moral equity dimension. The dimension oﬂ%actualism
was dismissed from the measurement model following the critiques from Skipper &

Hyman (1993) that the contractualism items of MES are,{im barrelled. For

example, to answer violates/does not violate an unwrit 0 ract'assumes a Yes

answer to Does a contract exist? .\d
(3
Y
| S
All of these items were adopted fr et % 4 Respkogaents are

ikert s@.‘q hese items
&

requested to provide their responses thro seyen poi

were developed to answer a self-develw othetical ario
\ Y
N
o >
All the measures i i itivity ar lective. At the second-

order level, the multidime% etl
constructs since these% repr‘e‘ nt -f‘sﬂembiderlying concepts.
N
N 100 O
3.7.38. chrap c Ba r;un&mriables
o N
poty
T

: he demographic Q&ails captured in this study include age; gender;
N

N/; education level; occupation; income level; profession and e-filing

experience. The age of the respondents was measured in years. Respondents need to
ind

icate their age by choosing the age range that is applicable to them, namely: (a) 25-

S

29 (b) 30-34 (c) 35- 39 (d) 40-44 (e) 45-49 (f) 50-54 (g) 55-59 and (h) 60 and above.
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For gender, the respondent needs to choose either (a) male or (b) female. To capture
the ethnic group, the respondent needs to choose the appropriate group they belwﬂ
The ethnic groupis either (a) Malay (b) Chinese (c) Indian (d) Other. G@ﬂs of
educational level, respondents need to choose either (a) Secondary lev elow (b)
Certificate (c) Diploma (d) Degree (e) Masters (f) Ph.D. Anommographic
background that the respondents are requested to answer is the Mﬁt’s profession.
The respondents need to choose either (a) Lawyer (b) Doct %itfct (d) Engineer
(e) Accountant or (f) Surveyor. In terms of income level, fers to ':T%ada‘l income

Yw
(a) RM40 1-IR@,000

(d).RN1 1-RA¢&)',000 ©)

to in?ica heir e)@"lze.nce with e-
filing. It is either (a) Never (b) One ti@ times (d re tr@ times.
AN

&

e, | S
The summary of th%ﬁce uged to evelo& survey questionnaire is
presented in the following x ‘é\
A v}' S

earned by the respondents. The income range is as fo

(b) RM 50,001-RM60,000 (c) RM60,001-RM

RM80,000 and more. Finally, the responde
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Table 3.5: Model Constructs and Measures

N4

(O
Constructs Component = Represented Item *J Source Item codes
measures by mea
sure Y‘
S
Tax Understating If faced with the same situation, Wil ot declare | Self-developed UILR
compliance income my sideincome.
behaviour The probability that | will no UI2R
income | earnis high
If my friend is dealing withst : UI3R
situation, my friendwill not e he\,R‘
side income. % \
Overstating If faced with a simi 'pratlo ill cladn my OE1R
expenses travelingexpens&% than f @aotual
expense _
The probabilitysthat 1 wi \aﬂe t!@ claims OE2R
more than t | traveling expenses is high
If faced w'nbV sWtio@y friends will OE3R
claim thei eling expenses:more than the
actu trmg eﬁpeé?as O
Motivation Intrinsic Trust I fee he a yﬂn,{he described scenario Adopted from Van Dijke = IM1
motivation Wortle @e & Verboon (2010)
d ertai W de tax money to the tax IM2
¢ Ce i c.\ K
‘DUStJ 5 ufh@r?es influences me to comply IM3
=with the Wi
% Trustiin'tak aghorities intrinsically motivates me IM4
é to complywith the tax law
Extrinsic Rew | expect to receive monetary rewards as an Adapted from Bock & EM1
motivation $ incentive forcomplying with tax law Kim (2001)
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that can beused as a credit for job promotion
time | successfully
file a tax return = o

I expect to receive an honour such as certlflc@

I believe that more focus on positive appr@aches
encourageme to comply with tax law*s, »

tax

Adopted from Rillstone
(2015)

EM2

EM3

EM4

I believe a reward system is effecti\Y'&Tncreasing
f
L

compliance (e.g monetary rev‘\g,h lida * X
package,acknowledgment i workplacg)) .o

Ability

Tax
knowledge

General

knowledge

The income tax system i ay for the ‘E}
government tocollect re?ue tO{é
economy ) N W

Individuals are subjécttd a sing
income taxunder

Legal

knowledge

As far as | am aware, non-
taxpayers cag%pq;:ayi fogjgi\

guilty of evading'tax, 7 “ <%

Similar to Othef ¢ i@ﬁﬁﬁen&%, individuals can
S :

also epﬂ?@tute fo tg&plylngwnh the

Malaysian‘inco b@?‘:'

Iavl -, (Q/

)

0"not have g\abi y the deadline for the
issi rn form (s) (in case of
omme; suc

i i#oﬁ?ﬁp& h asrental and business
ificone), as the deadline is only a
.guiﬁ(;igpz';l d @eg:not result in penalties.

Technic
knowl

>

&p..

Ever%ﬁe‘w@?éarns income in this country
is taxable,régardless of whether the person
is a resident or not.

I can deduct all personal expenses in calculating

my personalliability.

Adopted from Natrah
Saad, (2011)

GK1

GKZ2R

LK1

LK2

LK3R

TK1

TK2R
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A - _ 4
| have little idea about the deductions that | \‘ TK3R
can claim as ataxpayer in the computation (—)
my tax liability. ;
Role Civic duties If | face the same situation, | would not feel Self-developed RP1R
perception guilty for notdeclaring the side income. %
If | face the same situation, | will notﬁwjuilty RP2R
of adding10% of the traveling expe
If | face the same situation, | wi | RP3R
feel guilty forunintentionallyfai
declare the side income. , \hd- v
If | face the same situation uld nbt _J | _fa‘ RP4R
feel guilty forunknowing er claimin e
the traveling expenses K e
Based on the scenarie,above, khave a great-moral RP5
responsibility for, tt@aj ntry-to file taxes
honestly @)
Situational Financial Based on the s%ri;g%lln&@l position Self-developed FCIR
constraints affects mydeCision t plete théitax return
The proba@rat would filetaxes accurately is FC2
high ~
¥ <
V = s A
| am'satisfied with t J‘,ihana'lal situation of my Torgler (2003) FC3
househ Ml %
Peers %@&on the scenario-above, | think friendsand = Self-developed PIIR
influence elativesi le nt)J&iecision not to declare my
¢ firto'm é él;t) trongly infl lif PI2R
rien ives strongly influence my life
Qb T Syaes stongly ’
% The p?abébi@'that I would reduce my PI3R
A chargeablejpcomebecause of peers and relative
\\ influence is high
Religiosity Religiosity appears to prevent deviant behaviour, = Self-developed R1

includingtax evasion

S
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A w .

| believe that, if an individual possesses a streng', R2
emotional connection with a religious inst'@
(e.g mosque, church),the likelihood to in%
delinquent behaviour such as taxevasion_is 1o
I believe that, if a person has a clear motkatlon R3
and life goals, the likelihood to engadesiny
delinquent behaviour like Y~
tax evasion is low |
Individuals who are involved%ho : R4
activities are expected to protectindi OMg~
delinquent behaviourlike ta sion >
Most religious belief enco 2 R5
embrace the tenets of th
proscriptions againstadeli >
behaviour like tax &
Ethical Based on the abo nario, theractién)of not Adopted from Cruz et. al,
sensitivity declaring thesiée—gm m 7\/ ghe.iming 2000
expenses are: N N
Justice ;c\‘ N ESIR
Fair N a8 ES2R
MorallyRght | 31 = ESIR
Acc e to my faniily ~7 ES4R
Tra%i‘? ly.aeceptable Y ES5R
Iturally acceptable, <" ES6R
&[ elf- ing for'me ES7
(CPeFsonally, satisfiesime ESBR
£).-Produce the reatest utility ES9R
ES10

’ Minimizipg b@efits and maximizing harms
&
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3.8. Data Preparation and Pre-Analysis

This subsection discusses the pre-analysis performed for th-"&laitative

part of the study. The discussions focused on data scr?% response
| desi

representativeness, nonresponse bias, common method bias, soq'aV rability bias,

descriptive analysis, and t-test analysis. T
| 2 \Y.
| |5
3.8.1. Data Screening Y"
0 4
\ N
g

The data screening process ¢ s\&!d a anfu ge fgi nsideration in

the social and management science re&w studies et_{., 013). A number
of studies have highlighted the importance %a S &hing process (Badara,
A

q
Mu'azu Saidu & Saidin, Siti Zabedah (2014)) Mai & Mouktar, 2011 and

N
Gorondutse & Hilman, 201 refo#, it ish
data entry andother possible ista%

N |
: | C,)(.z
3.8.2. ﬁ' ;spé:}??:'é\&_;

" e
A . N .
The first step in ds@cleanmg is checking for blank responses among the

S

d questionnaires, and Microsoft Excel was used to conduct the procedure cases

0& more than 25% blank responses on the independent variables or any blank

responses on the dependent variables are deleted from the sample. The study uses the

port@o assess the possible errors in
I

/

formula of 155 COUNTBLANK to check on blank responses. The results are presented
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in Chapter 4.

3.8.3. Data Entry Error

In verifying the data error sampling checking wwas used. For
sampling checking, using SPSS 23, all fields were sorted chln' or descending
to see if there was an entry error or any entry that was%eutsid owge in the

incorrect responses. In most cases, the incorrect v@be replaced witH t@rrect

value by checking back the original survey res

3.8.4. Missing Values Co ? ,<\
‘% -
X &
The next stage in data*cleani den r&ny missing part of the data
set and missing data. g to:;jll( ), missing data occurs when a

respondent doe answi§ r m%&uestlons, either intentionally or

unlntentlonally air eval., | ff missing data is that it can diminish the
statistical p 0 a stu y ate biased estimates that result in worthless
conclus ( ng, 20 gra@of missing data hinges on the configuration of

missi ta, the quantity of @ng data, and the reason why it is missing. Missing

\onSIdered a common problem in research. A check on the datarevealed that all
Q responses received have less than 10 percent missing data. Hair et al., (2010)
uggest that any remedies of missing data could be applied if the missingdata is less

than 10 percent. Following the recommendation of Hair et al (2010), the Expectation
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Maximisation (EM) method was used to treat the missing data problem.

X
N
.{"
x

3.8.5. Outliers

Outliers are extreme responses to particular qu or extreme

responses to all questions (Hair et al., 2017). An outlier Xu?bicause of errors
in participants’responses, errors in data entry, poorly @ y‘\e@d incorrect
(3
specification of the population or sample (W%&gch & i F%)\E}Trhe
assessment of outliers is crucial in a PLS-S analysis JHecause it %éﬁ* have a
significant effect on data analysis (Hair etal., %). t\M te@e, extreme
data points will hurt the estimate ot@meters. outlﬁswere diagnosed

' &
Univariate outlierh be i M ar{%pection of the frequency of
the distribution or box plo Y;h va%%ot c@-‘%uous variables, several options
exist for determining,the thre II 4 tlier‘- signation. For univariate outliers, the

to i@ potential extreme outliers.

(JC')

wkmult'yabig%%u iera{t}e Mahalanobis Distance (D2) was employed to

analyzed,outliers. The Mahalar@i.s measures allow for significant testing at 0.05 and
N

(2]

critical z-score \éfu&qa.z

.\evels (Hair et., 2010). Both the univariate’s Z-value (3.29) outliers and the
ivariate Mahalanobis distance outliers detect only 3 cases and therefore the 3 cases

ere removed.
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3.8.6. Normality

The first assumption in multivariate analysis is normalit@h is
embodied by the normal distribution assumption in each item Il linear
combinations of items (Tabachnick & Fidell, 2012). The normalityq the data was
checked by examining the skewness and kurtosis of the data{imgstrltion. Hair et al.

(2017) and Cain et al. (2016) suggested that the multivaria ess rnd kurtosis are

measured using the software available in statistical anal eb ter’e online.
. | NI
The results can be viewed in the following URL address: ' _{')

https://webpower.psychstat.org/models/kurtosisvw.ph[% a66{2$6b4b26a
X
13f5881¢2ce636. \, y é\
< )

The result shows that %ajorit%??t edﬁvithin the acceptable
N

rangeof +/- 2 for skewness and tent with the suggestion

of Hair et al., (1998) wher x een -2 to 2 and for kurtosis
ranges between -3 to 3 I
¢
3.8.7. Rgawse R/te?
2K b-)

b4
:%n/ any survey stu@}&e survey response rate is important for the

N
ization of the findings to the whole population (Sekaran & Bougie, 2010). The

survey was conducted between Jun 2018 to September 2018. A total of 1000 survey
e

stionnaires were distributed to the respondents via online or self-administered. For

the online survey, the researcher will email the respective respondents the link to the
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online survey. The purpose of the research and the anonymity of the respondent will
also be stated. For self-administered survey, the researcher will send the questio

together with a cover letter that emphasized the research purpose and th@ﬂity
of the respondent. A four-week return date will be requested. To incre response

rate, some measures are undertaken such as follow-up reminders, and’a small gift to

the respondent. \,

3.8.8. Non-Response Bias é J | _\t,}
0 4 \,‘Z*

Non-response is a challengin e in usi yS as.@;{; collection
sult@ﬁas in responses.

According to Rogelberg & Luor%998), nﬁés&n Azhs occurs when the
et et
€

instrument since a high non-response cauld possib

individuals responding to a sur er from noiR*respo, ts on variables relevant
to the survey topic. Dillman a[' ilar otes@at non-response bias occurs
when a significant nu% eople uyg‘ylvesb'atmple fail to respond and have

relevant characteri @ 40%
N S

!
¢
eyl non4res I‘g rQr}maIIy divided into four different categories
N
which ar€ inac@essibility, inébility, earelessness, and noncompliance (Rogelberg et al.,
200 ccessibility means@the respondent never received the survey, while
inakility means that the respondents are not able to respond to the survey due to illness
Q e like. Carelessness on the other hand, respondents misplaced the survey, and
ctive non-compliance means the respondent consciously decided not to participate in

the study.
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Non-response may reduce the sample size, and due to smaller sample size,
the precision of estimators will be smaller, and the margins of error will be larger.
moreserious effect is that it can be selective. This occurs when specific grou%\&nder

or over-represented in the survey. As the present study, employed a self-administered

method, the bias is expected to be lower. i

To examine the existence of nonresponse bias

followed the approach by Armstrong & Overton (1977), Using late re rlts, those
y . N\

who participated after the reminders being sent, as su tes forino pdnd;{rt; The

responses were later divided into “early respo > an “l!?e nde%swjand the

means of the responses were compared to check

the ficance of the F value at p < 0.05 in
t value i n"de(e;aned depending on whether there is equal
s

Levene’s te;i
varianc% n the't fups ‘%&/hen the variance is not equal. Based on the t

valu&significance of the{%ﬁs is determined at p < 0.05 (Gaur & Gaur, 2006;
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3.8.9. Common Method Variance

Researchers agree that common method bias is a potential@ﬂ

in
behavioural research (Podsakoff, et.al., 2003). A common method bﬁ&sts if the
variation in responses is caused by the instrument rather than the actual predisposition
of the respondents that the instrument attempts to uncover. In Nrds, a common
method bias is a measurement error that is compound %\:t'andency of the
respondents to only provide an affirmative answer (Chan nW tM‘& Eden,
2010). Podsakoff et al., (2003) have discussed in @Nting the s elof Yr;on
method bias. Generally, common method bias 1 d a{ fusi@qhe same
source, item characteristics, and item c%?fh@\ ef caus@g;/ the item
characteristics itself include comple%\%wbiguity, fo@‘, and negatively

worded items while effects that M by ite\mgxt nciﬁdes priming effects,

N
embeddedness, context-induc&%inte(1 iXi uemé? a different construct.
Furthermore, effects cause%asu’e ent nst@includes time and location,
and common medium.% data of the es&n&&‘earch is obtained from a survey,

:

s &
there is a possibit@:om@lﬁmd bia;&ay exist in the responses.
N o

il ! C?(J
%ced alr. )‘o @t ol common method bias has been taken into
N
considegation When d€signi ?the T ionnaire. Podsakoff et al., (2003) has proposed

sorrmhs which are obtainingtmgasures from a different source, temporal, proximal,
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psychological, or methodological separation of measurement, protecting respondent
anonymity, counterbalancing question order, and improving scale items. To ens?ﬂ!
robustness of the findings, common method bias is addressed in pre- dlst%\ and
post-distribution of the questionnaire. In the pre-distribution stage, the!é& methods

are used, for example, obtaining measures from a different soice protecting

Apart from the previously mentioned remedies th Mt‘ilized to
Y-
employe Fdr @tical

ariKé.s use@ test the

heth@smgle factor
tinc@%tor explains the

respondent anonymity, and counterbalancing question order.

minimize method biases, statistical remedies also c

remedies, Harman’s single factor test and full

CMV. Harman’s single-factor test is cond

surfaces from the principal componM&is, or if a

majority of covariance among the v sin the te

et al., 2003). The result is pres% ha ter 4. espi gflge)acknowledgment of the

aci& analysis (Podsakoff

s
2003) and only p& o@ the a e or presence of CMV (Tehseen et
al., 2017). (SQ
e

reforg, Illneﬁy test was performed to determine whether any

Harman’s test in most soc1Ye_ e Sr acks have been discussed by
some researchers. The% id to be inc r:ldle d insensitive (Podsakoff et al.,

reflect the Varianc @étlon Factor (VIF) values of equal to or greater than

k & Lynn, 2012). The result is presented in Chapter 4.

0
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3.8.10. Social Desirability Bias
¢
Social desirability refers to the need for social approval and c@ and
the belief that it can be attained by means of culturally acceptable mroprlate
behaviours (Crowne and Marlowe, 1960). It is viewed on the part ofmzhwduals as
a tendency to portray themselves in a favorable light. This ias affects the
o

validity of the questionnaire (Huang, et.al., 1998) This is ellndlwdual may

respond in light of socially acceptable and not truthfu ons SW )/ somal

desirability bias occurs in socially sensitive quest@ordm To nde@an

(2007) income is also one of the sensitive qu As n! cons@ s in the

survey involves financial constraints, soma Sir |I|ty°?|as yhke@ccur

& &

A common method us detect $es 'ﬁhy Bias is Marlowe-

Crowne Social Desirability SC%D 0 It is @set Of’*(/ and false questions. As
\k sional g

ho are normally busy with

the respondents of the stud% ptl)
their routine tasks, the% resear€her ado te 0- set questions by Cohen et al.,

(1993). For the ;t@at |n\1o SI'[IVI t is the question on the financial
ill

constraint, ther WO estloajcﬁ the same item. The first question asked

the first pahVo { ﬂ't?tﬁnd the second question control for social

desirabi fo he s¢C ?son (1&\ uld your peers do it?). The responses for both

ques&Awere recorded usmg{@én points scales ranging from High to Low, with the

ere indicating a low probability to perform described behaviour. The mean

U@ nses were then compared using Paired T-test in SPSS.
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3.8.11. Descriptive Analysis

Descriptive analysis is important to present quantitative descriptions |\c

manageable form. The present study will employ descriptive statisti )rowde

preliminary ideas on how the taxpayers perceive the income tax sys thls study,
basic features of the survey data will be presented where freq ean, standard
deviation, variance, minimum, and maximum value for ch and construct are
calculated. All these measures are obtained from th stlc available
from the SPSS software. ' ('}

Y

3.9 Introduction to Structural w delling"and Egial Least

SquaresMethods ?

%; Q\
3.9.1 Structuraiﬁqu on Mo y 'E@
:

@20 searc@ have shifted the technique of data
analysis from@t géneratio t‘thn (multlple regression, logistic regression,
and analy rlancg-)e nd- ration technique namely Structural equation
Mode M) S“E |s‘71e\QBbed to overcome the first-generation technique
w ess s. SEM enables t%c?researchers to incorporate unobservable variables

‘%ed indirectly by indicator variables (Hair et al., 2014). This powerful
Oltlvanate analysis technique includes applications like causal modeling or path

analysis, confirmatory factor analysis, second-order factor analysis, regression models,

3

177



covariance structure models, and correlation structure models. Apparently, SEM is

preferred among researchers due to its flexibility to interact between the theovm
data (Chin, et al., 2003). (,}

SEM technique is a useful technique in developing and Wing theory,
especially when second and even third-order factors 'Nvide a better
understanding of relationships that may not be apparent %A
2014). SEM consists of two components which are a me ment m ing a set
of observed indicators to a smaller set of latent construgtstand a strict nﬂ)d_e\"i'ing

" 2 16‘. tcoqsyhct is an
e to r@?ure the latent

construct, the researchers develop ind rs aat capture con@ﬁ%t. The indicators

are directly observable and the r@jher be!l\a\é_:(_egat h{\ndicators accurately

trachan, et al.,

]

£

the hypothesized model of latent constructs (Hai

unobserved construct and cannot be measur

N
measured the construct. Before ionship between t ent construct is assessed
through the path analysis, tb?m' y al er iabil@the observed indicators will
be addressed. Only a aliditz/‘ nd I}a‘oiﬁb’of the measurement model are

&
established, the reI&WNp bef \the Iategcdnstruct can be examined to test the
hypothesis. \ &

N
YIS,
2 9
*
re arg't plevmshary schools in the field of SEM which are co-

vari based SEM and \ca'ﬁponent-based SEM. Co-variance based SEM

% trated by its software such as LISREL, EQS, AMOS, SEPATH, and

Q ONA) is considered as a generalization of path models, principal component
nalysis, and factor analysis to the case of several data tables connected by causal link

(Tenenhaus, et al., 2005). Another school under the umbrella of SEM is PLS (Partial

178



Least Squares). It is a two-step method. First, latent variables scores are computed
using the PLS algorithm, then OLS regressions are carried out on the latent vaws

scores for estimating the structural equations (Tenenhaus et al., 2005). ('}

Despite the numerous benefits of CB-SEM, it is not without limitations.
Mequate sample

Iso 'equires normal

the F’%a[ds‘ult in the
Y'

elimination of meaningful content for measuring th structs. T reto@ded

items per construct are only 3 items (Hair et ?Q; ). he f Iimi@%n is the
aysu?e r ctivaéx;ere is any

formative measure in any of the itemShit would be pro ati@the CB-SEM to

account for all co-variances amonﬁijeasures.\ﬁ¥ gq‘if‘rcant issue with CB-
: \y N
%& Qcarong theory with well-

CB- SEM requires a larger sample size, preferably 200 and al

size may result in poor parameter estimates. Secondly, C

distribution of data. Thirdly, to obtain an adequate mode

measured items of the latent variable sh

SEM s, the analysis is expec performed usin

developed measures Whicr?'\emdj e serietéﬁ} exploratory analyses. It is
at n

suggested that it is no%) ew‘f‘] th thelom&relatively tentative or when the

F &
measures are newl veIop@w es o ghumb for selecting each method are
listed in Table 3:6. N
YIS,
& ¢ >
Y
h .

Conside mitatiéns of co-variance-based SEM, component-based

SEV@eveloped by Herm Id in 1974. PLS-SEM is gaining its place due to its
@z handle problematic modeling issues that normally occur in research such as
@ normal data and model that is highly complex. The following discussion is,

erefore, will revolve around the background and overview of PLS.
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Table 3.6: Rules of thumb for choosing SEM method

PLS-SEM CB-SEM

The research objective is exploratory The research objective is confi |z of we
or confirmation of theory based on total developed structural and measu eory ba
variance on common variance

The measurement philos hy is €estimation
with the common facto&&l using only

common variance (covarlan

The objective of the analysis is prediction

The measurement philosophy is estimation
with the composite factor model using total

variance The research requi al goodness-of- fit

The research objective is to explain the C'e"on

relationships  between exogenous and Llll’e

The err ms
endogenous constructs
specification, asc va
®

The structural and/or measurement models The struc odel sbecifi - swe
are complex (many constructs ¥ 6+ and relati r‘P
manyindicators¥s 50+) ‘,

ur I easur t models

Formatively measured constructs are oS Ie 5 rcon ts and 50 or
specified in the research

ndlca rs)
Preferred method when the sample SIX% 6

dditional

small (no 100). But PLS is also an excelle
method for larger samples ?

The error terms require addlt [
specification, such as covariatio 6
The research objective is laten ‘\
variablescores in subse t yses

l
The data are not normally dis buteK,‘uj g C}/
The scaling of sp\oss is lordm or @

nominal

| \y T
The data is 3% far¢hival, t;ularfy')
single-ite (_;
\
Th tr%%odel&/ estim ai‘svith
, e Ny

construct“that ha
|r I constructs \/

nalysis involves a continuous
ator. The investigation will examine
model for unobserved heterogeneity

dopted from Hair et al., (2017)
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3.9.2 PLS-SEM

PLS-SEM is accepted by researchers as a viable methodo‘y} has
gained itsmomentum through many business disciplines. From 198 1, there
are morethan 300 studies that employed PLS-SEM as their methodology. Through the

meta- analysis of Hair et al., (2014), reveals that the justificatiqn to PLS is because
S(o

of non-normal data, small sample size and formatively me nstructs.
Y. \y
PLS path model has three components, are the str urAI @I, or

referred to as the inner model and the measur ode@ erred\¥~ as outer

models, and the weighting scheme. The innw Is sm‘wt ath b@ge.n the latent
constructs. PLS-SEM only permits re %elationshl ich@ns the structural

path between the latent constructs cﬁsly head N%Ie j{QC ion. In the structural
'D" ly N
%uctsnwhic are @‘;nous and endogenous.

model, there are two types

Exogenous construct is th } coT cts that dg%t have any structural path
ous

relationship pointing t%m ndog‘g on&tma'on the other hand, is the latent

'3 &)
constructs in the strietural mO(Te \are explé&xdd by other constructs.

N &)

@ ! C?
next compone of'th(_s} uctural equation model is the measurement
%k

N
models uter /M .‘,This ter model is used to evaluate the relationships

bet\m&le indicator variabl s‘%{d their corresponding construct. An extract of the
p els of the study is presented in Figure 3.7. There are two types of measurement
h are reflective construct and formative construct. The extensive discussion of

eflective and formative measurement has been mentioned in sub-section 3.14.
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Motivation

Tax
ompliance

c

behaviour

perception

Structural Model

Measurement model of the

endogenous constructs

constructs

Figure 3.7: Path Models



3.9.3 Justification for Using PLS 5
The previous discussion explained on the PLS as a concept. ©Overall, PLS
possesses many benefits compared to CB-SEM. Therefore, PLS is Ysas the data

analysis technique due to the following reasons. \,

T

Firstly, the research objectives. As sug y ai%Ol?), the

choiceof either to use PLS-SEM or CB-SEM is determined by the relev tjesga’& er’s
S
ry-

research objective. In the case where the researchingoal is ‘;h sting‘-e: theory
Y

confirmation and the prior theory is strong “and \welope CB-SEM is

appropriate, otherwise, PLS-SEM is t @naﬁ WW rega@to the objective

of the current research, the MARS Eodel a W pe&model with less than

he gmodel, eref@PLS-SEM is the best

T8

N

Secondly, PL&EM%& igG.r technique compared to PLS-SEM.

In CB-SEM, a@ass pti mus(E\e fulfilled, which are normality of
N
distributions, @m mpl ?'an(ﬁ%&imum model complexity; otherwise, the
o

re(‘:‘iswjl s;s‘assumptions are violated, PLS-SEM is the best
b4

e
hnique. With all Ehgﬁolated assumptions, PLS is able to provide more
r Nstimations. As the prese\nt study have a small sample size, thus PLS-SEM suits

10 empirical studies that have t

statistical technique to be appm\

S

alternative

S limitation. This has been mentioned in Hair et al (2017) that, where the most

mmon reason for using PLS is due to small sample size.

183



Third, PLS provides a better prediction capability that suits the objective

Ay

Fourthly, PLS is suited for both reflective and formative ¢ ts which

of thestudy which is to predict tax compliance behaviour.

is appropriate with the nature of the current study, which is a mix between formative

and reflective constructs. : \,

Fifthly, PLS is suitable to be used when a lex Mﬁted such

Y
cond-g@rde cbr_\\ﬁ\m“able,
air@ ) whg;' the two

mcuiel C plexi@ga formative
constructs. Finally, some of the items@develope i ms,@ erefore, PLS is

the best-suited technique for this pL%
? o e,
3.9.4 Model Edaluati S
’ $ &
art @)

!
¢
model (als s@d to jas the utgr rci)cﬁgls in PLS) and the structural model (also

as in this study. As the modelinvolves moderator a
therefore PLS is well suited.This was mentio

most common reasons for choosing PLS-

/
/;),

referreddo as the innér l,in th‘rontext of PLS-SEM). It is significant to perform

a mnm/aluation in order t(\&%‘fyse the constructs. As the current study is utilizing

z% its data analysis technique, model evaluation is one important step before
@ er analysis is undertaken. There are 2 important processes involved which are (a)
valuation of the measurement model (b) evaluation of the structural model.
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3.94.1 Evaluation of Measurement Model
X
The measurement model evaluates the association between n@ and
the latent construct. Analysis of PLS-SEM enables the researcher ate the
reliability and validity of the construct measures. When evaluatinan’easurement
model, it is important to differentiate between reflective a mive constructs.
These 2 constructs are based on different concepts and h%r:r'qwre different

consideration for each. Reflective measurement models sheuld be asse |th regard

to their reliability and validity. For the reflective me ment mod h‘ @osne

reliability, convergent validity, and discrimi K ssed&hlle for

dcol I.@Ey are those

formative measurement, content validity, c r

assessments that must be taken into acw
ﬂ

It of the reflective measurement

In the proces f as%
models, some ey w@ch as rellability, convergent validity, and

discriminant I| he fo ng tscussion entails each criterion for the
assessme res ult of the'r I odels
‘0".'
\,‘Z'
\ S

§ 1.1 Reliability

3.9.4.1.1  Assessing the \of ctiv Me@ment Models
'S
e-'

The first criterion to be evaluated in assessing the result of reflective



measurement models is reliability. Construct reliability for reflective measurement
models normally focuses on composite reliability to estimate the internal consi
of a construct. It takes into account the different outer loading of the indica \ble.

This type of reliability takes into account the different outer loadings ﬂ*indicator

variables. q

Composite reliability values of 0.60 to 0.70 Crato[y research and

values from 0.70 to 0.90 in more advanced stages esea hwiirded as

1cator\’§~loadings

40 andﬁ;hould only

indicator’s loadings also need to be taken in
should behigher than 0.70. Indicators with W

i
be considered for removal from the s if ae i

in composite reliability (Hair et al., % _\_
% %

Accordifg 40, ‘Sarstedt ‘aoi (Y_ ), to evaluate construct validity, analysis of

onm& validity discrimina@ﬁlidity, and criterion validity must be carried out.

O
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3.9.4.1.1.2.1 Convergent Validity
9
Convergent validity is the extent to which a measure correlat@vely
tothe alternative measure of the same construct. To establish convﬁ& validity,
researchers need to demonstrate that the constructs should be related, are related.
Higher outer loadings indicate that the indicators have high 'Mes. A common
X

rule of thumb for outer loading should be 0.708 or higher 014)

4.

However, for social science research, anlindicator with er’lo@gs of

0.70 is frequently observed especially whe d% cales&?e used.
X
Otherwise, outer loadings values ranging W to 95\7 should be@fsidered to be

removed. A common technique to establish anvergent ity@erage Variance

Extracted (AVE). AVE refers to th@sd mean\he%f e,@\lared loadings of the
-:"'i y N

indicator associated with the . AVE valde of 0<</ more indicates that on
average, the construct explai e th[ a the @nce of its indicators.

N
3.9.4.1.1.2.2 DisCri \v@

nt AN
(f) e ." c’)(J
N S
%' criminant Validity=refers to the extent to which a construct is truly

distjﬁm another construct tngemvpirical standards (Hair et al., 2014). This is crucial
AN

ine the uniqueness of each particular construct. There are 2 ways to analyze

t
Gziscriminant validity which are cross-loading or the Fornell-Larcker criterion.
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By examining the cross-loading of the indicators, the indicators of the
outer loadings on the associated construct should be more than any other loadi
other constructs. If the cross-loading exceeds the indicator’s outer loadin @es a
discriminant validity problem. On the contrary, The Fornell-Larcker cri&ompares
the square root of the AVE values with the latent variable correlationRﬁe'square root

of each constructs’ AVE should be greater than its highest c*elw withany other

NY.
Hair et al., (2014) summarized the@to assess t e‘a@ and
0 4
\ \/‘T

construct.

validity of the reflective construct.
Rules of Thumb for Evalu

Internal consistency reliability: composite reliabiti iou)j igher than 0.708 (in
exploratory research, 0.60t0 0.70 i GQIere ). ider Cronbach’s alpha
as a conservative measure of inter sistency reliabilit )
Convergent validity: the AVE s be hi n 0.5&0
Discriminant validity Z i ( 0.

s 2
ctsh

An indicator’s outerQa\din OF \GﬁQt Id"be higher than all its cross-loadings
with other construgts. b %

N
The square roet ‘of_the E of each éjgn&ruct should be higher than its highest
correlation w% other con

N
$
N
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3.9.4.1.2  Assessing the Formative Measurement Model

In contrast to the reflective measurement models, formative n%\‘nent

models are assumed to be error-free. Therefore, reliability measﬂ%t is not
appropriate to be analyzed. In the formative measurement model, s&e assessments
involve which are the assessment of content validity, converg«ii validity, collinearity,

and lastly the outer weight.

D [ 18
3.9.4.1.2.1 Content Validity 4 \,Y*

riat@ stablish content

validity before all the measured co%ts are eV—a_li\ﬂe:‘ V ﬁi&ionale behind this is
@ =
(4]

s of the constructs. The

1)
\ g
onvergent Validitggv he extent to which a measure correlates positively
N

'\ber measures of the same construct. It is important to analyze whether the

atively measured construct is highly correlated with the reflective measured
n

struct. This type of analysis is known as redundancy analysis. The term redundancy

analysis comes from the information of the model which is redundant in the sense that
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it is already included in the formative construct, and it is included then again in the
reflective construct. A value from 0.80 to 0.90 is considered satisfied for th
between Y Iformative and Ylrefelective. or R2 value of 0.64 to 0.81. If R2 \@}).64,

then it indicates that the formative indicator of the construct Ylform&does not

contribute at a sufficient level to its intended content. i

3.9.4.1.2.3 Indicator Collinearity : '
NY.

In the formative measurement mod igh correlatio e&mﬁeiﬁ’items

are not expected. The high correlations betwee orrr% f atorm}~ referred

e reseéauers have the

The tolerance represents the a OG)f vari \of?o {e-}native indicator not
explained by other indicators %me (;ock dir eggct? 2014). The researchers
should compute the toleran \ess ‘o%ﬁe A In contrast, VIF is referred

eve j.cl:zggarity is high (tolerance value of

< 0.20 or VIF \%ﬂ,‘%), fhe\archeéﬂuld consider removing one of the

0 Another important criterion in assessing a formative indicator is its outer

weight. The outer weight is the result of multiple regression. To determine each
indicator’s relative contribution and its relative importance, the values of the outer
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weights can be compared with each other. The estimated values of outer weights are

normally smaller than the outer loadings of reflective indicators. Y'

It is important to assess whether the formative indicatorsf&ontribute
to forming the construct. To establish this, it is crucial to analyze thefouter weights

which should be significantly different from zero. This can bﬁwd by means of

bootstrapping. '
Q NY.

he origin dfd @aﬁach

ara:Kér i ate5$. used to
alcu\ate asses@‘cf indicator’s

weight significance. Figure 3.9 summarizes ae rules o b @L‘he assessment of
formative measurement indicators. \1 ,(\
S

In bootstrapping, subsamples are drawn
subsample is then used to estimate the model

derive standard errors for the estimates. t va ar,
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Rules of Thumb for the Evaluation of Formative Measurement Indicatorsz

e Assess the formative construct’s convergent validity by examining it %
correlation with an alternative measure of the construct, usi
reflective measures or a global single item (redundancy analysis). The
correlation between the constructs should be 0.80 or higher.

e Collinearity of indicators: Each indicator’s tolerance (VIF) va
should be higher than 0.20 (lower than 5). Otherwise, i
eliminating indicators, merging indicators into a singleg
creating higher- order constructs to treat collinearity

e Examine each indicator’s outer weight (relative import
loading (absolute importance) and use bootstrappi
significance

e \When an indicator’s weight is significant, thergy
to retain the indicator

e When an indicator’s weight is not significa
item loading is relatively high (ie>50),. the
generally retained

o If both outer weight and outer loading,are nansi

empirical support to retain the indicator sho
the model

Figure 3.9: Rules of Thumb for the?gssment of F mati\f%V/Ieasurement Indicators

v@ydlty of the construct are confirmed, the next

%v Y
proces % valu the s@ral model. In the structural model, exogenous
i h o 4 . .
co are distinguished. 'Fh‘;&'term exogenous is used to describe latent constructs
‘@ ot have any structural path relationships pointing at them while the endogenous
@escribed as the latent target of constructs that are explained by other constructs (Hair
et al., 2011). Few procedures involve in the evaluation of thestructural model which

are assessing the collinearity issues, the path coefficients, the level of R2, the effect
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sizes of 2, and the predictive relevance of Q2 and the g2 effect sizes.

Yw
N
e
Yv

3.94.21 R-Squares

The primary analysis to test the structural model is ering the value

i n.z his ,coefficient is a

of R-squares, which indicates the coefficient of determi '
as the squareg€orrelation

measure of the model’s predictive accuracy and is calc
L ]
between a specific endogenous construct’s actual a edicted valugs ‘Hairg‘al.,

2014). The R? values range from 0 to 1 with higher [évels indicatin hi{h}?r‘level of

predictive accuracy. According to Hair et al% Jiti fficu%oXFovide rules
of thumb for acceptable R? values as@nds on de@hplexity and the

research discipline. It is also comrr%accept qe f 0.60 is considered
S
as substantial while 0.30 is reg moderate av around 0.19 indicates a
&
weak relationship (Henseler et al’} 007 %ZA@ann,ZOlO).

3.9.4.2.2. Ef@ '
)l BS X%

NS

(thhenro , 2 can also be used to analyze the effect of an

4

endqgengus construct on exogqgl"u.«s construct. The formula to calculate effect size is
N

n
a;\(v§ S
0 f2= R Zincluded — R excluded
1-R?2 included

g
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The change in R? values is calculated twice. The values of 0.02, 0.15, and

0.35 respectively represent small, medium, and large effects (Cohen, 1988)?6%

exogenous latent variable. q

3.94.23 Path Coefficient ‘

After running the PLS-SEM algorithm, the Steuctural r.ﬁodgldatlonshlp

it is the indicator of a strong positive relati

for negative values. To test the sig ncDof the co

suggest the use of bootstrapplng \$ ,'\'\
o \
AsPLS-SEM asslm!%glt@ta that denied the utilization
of parametric signifi : PLS E h@r , relies on the nonparametric

bootstrap procedur %\bo ber of subsamples are drawn from

the original sample w

(a)
oy
3.9 Q Bootstrapping \C-}’

Q Since PLS does not assume normality data distribution, it relies on
onparametric resampling technique in its evaluations which is bootstrapping

procedure. In bootstrapping, a large number of subsamples are drawn from the original

194



sample with replacement. This replacement means that each time an observation is
drawn at random from the sampling population, it is returned to the saw
population before the next observation is drawn. In this study, a resamplin@ooo

samples is used consistent with the suggestion by Hair et al., (2014).

3.9.4.25 Collinearity Assessment z '

L ]
In the assessment of collinearity, the s easures are l?sn _@gjthe

evaluation of formative measurement mod Tolerance /" F @he two

considerations that should be accounted fag,assessing

mentioned, tolerance levels of belom@d VIF
collinearity. c ;\?
% %
q

¥ s

3.9.4.3 Moderating Effects, ¢ &

S F
A R
I@Ming eﬁ?:gl e\uged by variables that have influences the
strength a@xe irection’ of’a @Tf)nship between exogenous and endogenous
variab 5&&

d
n & Kenny, 1686)\.\,3'he idea of a moderating effect is that the slope of

th% dent variable is nowgn)ger constant but depends linearly on the level of the

p==- =

tor (Henseler & Fasott, 2010). The moderator effect requires the specification

onhe simple effect of the exogenous latent variable, the simple effect of the moderator

variable, and the product term which is also be referred to as the interactionterm. This

195



study has one moderator which is situational factor that moderates the relationship

between motivation, ability, role perception, religion, and situational factor WW

compliance behaviour. q

In PLS-SEM, two approaches are normally be used to cr€ate interaction
term which are the product indicator approach and the tv\%' approach. The
product- indicator approach involves multiplying each indi of'the exogenous
latent variable with each indicator of the moderator iable. In\hgdse of the

Ay
moderator variable having a formative measurement el, thel twao:sta i;{ah)lied
(Hair et al., 2014). The two stages are built up vm S: \" b

NV
. ER‘
Stage 1: In the first stage, thewafect PLS

m@s run to obtain

estimatesfor the latent variabeﬁres. The\nM/ar b@cores are calculated

Lter tioln tba X M is built up as the element-

Stage 2: Inthe s t;.ge, the
s $ &

wise product wlatenf \'able scor X and M. This interaction term as
well as t %vari? t'es oféé‘aﬁd M are used as independent variables

¢

ina %inear egres n‘;n c'IZ';ltentvariablescoreson. (Hair et al, 2014).
2&. >
A As the modera@for the present study only involves formative

N

ment, therefore the present study will employ the two-stage approach.
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3.10 Conclusion

This chapter presents the proposed conceptual framework as 3@ test

the variables under study. The proposed conceptual framework is later translated into
hypotheses to be tested in the current study. Therefore, the disc ssionz' this study is

centralized on the operationalization of the central model of th h, MARS model

of individual behaviour and performance, religiosity, and sen}itivity with tax

po dechLual

N
framework with tax compliance behaviour were t anslated into y!)olbfg?es.

0 4
\ .\,T
T
The chapter also discussed tEWch pgf\adi use%;&\the study, the

roces@bsequent to this,

compliance behaviour. The relationships of the variables

methodology, the design of the research,

the discussion on sampling which, i S sa ram ,{ample size, and sample
? 6
]

etion s presentec &
selection is presented. 5
X
. ¢ i _ Loy |
The discu cont|.n ed 9»(;22, on the data collection procedure

and pilot testinag disals i\rocee%s'/ with construct development and
measurement %&fm €, form
in the stud@ searcher-als expl@ the procedure for data analysis which begins
with the%Ji iono ntw-ﬂz;onsﬁs, data screening process, common method bias,

SO A

‘@ tural equation modeling (SEM) applied in the study, explaining the types of
GM modelling and model evaluation, both at the measurement of the first-order factor

con@der factor, measures for variables tested

ability bias, and desc(:[iptlve analysis. The discussions are then concentrated

and second-order factor as well as the structural models. As the study involved

moderatingvariables, the discussion on testing the moderating effects is also presented.
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