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CHAPTER V : CONCLUSION

5.1 Overview of the Study A :
This study is aimed to evaluate the performance of three traditional VW} three deep
learning models in predicting stock movements by assessing the evaluatiom” indicators. The

traditional ML models selected are Logistic Regression (LR), Sup Ztor achine (SVM),

and Extreme Gradient Boosting (XGB). Three Deep Learning Is sel ct‘e‘&a@eep Belief
Ay
Network (DBN), Multilayer Perception (MLP), and Stack@u-Enc er Ii) @esee

the direction of the stock prices. P 4 \,Y*

date E@Sa.ry 1%, 2018

he@‘ﬁe twenty popular

This study has a total of 2,000 trading days % ake

of each stock data from thirty largest compaNE)rsa Ma

technical indicators used as features gene(’gSm this s . %/h

N
Analysis (WFA) method, there are 250% da gof traineset acg(?: trading days of test set
&
A50 t

which produces 350 training sessio* %ther ra signal as the output for each

stock and each ML model. % "' Q’
’ &
The trading signal hen eval W ed og.pectional and performance evaluation

rs arédcuracy Rate (AR), Precision Rate (PR),

ying Walk-Forward

indicators. Six directio% atio i '
Recall Rate (RR), F&@e, A a‘U erfhe((-;jr ph (AUC) and Mean Square Error (MSE)
whereas four p ce eyaluati ? indieé\;s are Winning Rate (WR), Annualized Return
Rate (ARQnualized Sharpe R\e@f (ASR) & Maximum Markdown (MDD). For

perform% luation indicators, there is two additional strategy included for comparison to

I\w , which is ‘Buy-and-Hold’ strategy and KLCI index. Lastly, a statistical test is
€

per d in order to analyse significant difference between the evaluation indicators between

the trading strategies.
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5.2 Contribution of the Study

From the perspective of Malaysian stock trading strategy, it can be determined

e Deep learning models have better performance in terms of predictingpst ice
movement than traditional ML models in all directional evaluau&acators.
The values obtained from AR, PR, F1 are the highest from Tarning and
the MSE has the lowest value. \[

e All the performance evaluation indicators for traditi nm models are more
efficient in terms of profitability and risk ent, t ' d learning
algorithms. WR, ARR, and ASR of all ML m have better p olm;@:o)gt-han

=\
those of benchmark index and B&H strategy. Meweveg MD fall\/ﬁ@: models

me rg&.ignificantly
&

are significantly more than the ben% in

similar value as B&H strategy\c) O
e Some traditional ML modeE have si%?r r'@,to some of the deep
e ascert

learning models. Conse itcafl b ain@t deep learning models

might sometimes notN mL ible{}.xt e best in trading strategy.

Therefore, it is sug m appjtmd-“% ML and deep learning models
so that it cou@ T’ee{@ ther:;@roves that ML can help in decision-
making @ pri i %
5.3 Practical I@ns from
Thec Wn of téswg‘can Wﬁct the judgement for the investors or analysts in

ok
v

investmen% n making. This is betause they are people who are aiming to either maintain

¢

or bo profit value by investing in the listed company’s stock with higher expected
income. Fhe study can also be significant for the stock trading prediction developer companies

because they provide services for investors in price prediction through website, software, or
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applications. With this information, the investors, analysts, and the service developers are able
to choose which ML models to be implemented as their trading strategy so that they can
generate the best stock investment judgments based on their objectives. Moreover zd-y
is beneficial for researchers as the findings can contribute to extension of i ss';d data
analysis on predicting stock prices and stock trading strategy. This then can ?ﬁglp improve

the application of ML in quantitative trading and time series prediction.\,

5.4 Limitation of the Study and Suggestions for Future Res z '

There are some limitations in this paper. This will pro op orMpr future

recommendation. For suggestions, it is best to include m@res into t gtrimiﬁs as it

4

gives better comparison between ML algorithms. For e , ot SS cludmgze:xchange
rates or commodity prices, or add more known ic anaIV?is indicator he study but

with advantage and disadvantages taken into\ . Other t hat,@rease the number

stock data because it helps increase the perf‘ﬁ’ce o@ﬂ%
n

Lastly, instead of comparing three t al ML andythtee @E'p learning models, it is

recommended to do more so that thesfinding would ore _Ssistent.
% ' Q’

@e discussed in paper.



