157

CHAPTER FOUR
RESEARCH METHODOLOGY \2
4.1 INTRODUCTION \;

The previous chapter reviewed the theories used in this s nd [discussed the

theoretical framework used to determine the relationsh t\‘kasdcoqﬁ;ate
| N
governance and board diversity with CSR. This ch discu}se t metY_ ology
Y
used to address the objectives and test the resea chmw h)@%ses stated

in Chapter Three. The following section e@he sa ele , followed by
data collection. The content analysis met%s discuse ?‘\ e,@‘l~ including a brief

N,
0 ) .
explanation of the measurement of d ‘%t arg ind é‘ndg&'\/ariables, and scoring

N
of the disclosure items. The fi aan ig thi : zg@butlines the data analysis
method used in this study. )
N
1 (O
&=
The population ON study consist gl.l companies listed on the first and second
%\. G-
markets of nman Stock Exchange (ASE). Table 4.1 shows the number of

‘&
N 3
¢
compgniesW¥ggted on the ASE by markets. Companies are classified into three major

w2

AL

XU

%
Q/
& |
4.2 SAMPLE SELE
&y -3
h

w

sectors, namely financial, services, and industrial. These sectors are broken down into
a total of 23 sub-sectors, as shown in Table 4.2. However, the reason for the inclusion

of the financial sector in the sample is due to the importance of this sector in the

Jordanian economy. For example, banks in Jordan accounted for 44.6% of total stock
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market capitalization. In addition, the financial sector ranked first among other sectors
in terms of trade volume and the number of traded shares with 67% (ASE, 2011). Lim
et al. (2008) stated that including companies from the finance sector in CSR studies
will provide a greater generalisability of the results. The inclusion of the f\X;
sector which was previously ignored by Jordanian studies such as Al-Khadagh (2003),

Suwaidan et al. (2004) and Ismail and Ibrahim (2008), will allow the stW‘D cover a

' Moration and

guleitions related

broad range of business activities to provide more comprehens

analysis of CSR practices in Jordan. This is based on the view

to corporate governance and CSR in ASE is for all listgd coMparfes diesqof
| &
g

industry. P Y
NN
NN

The sample covers a period of four years, fro@ till 2 ¢ éﬁ of 2009 was

excluded in this study, since a change wﬁoade m\r%?g a(%n The corporate

(—,
governance code of 2009 was suppos take %}s of l@ﬁary 1, 2009 but the
Jordan Securities Commission itf%e c’brr? gh time to prepare for
implementing this code thus, gome t‘)ﬂnplementmg this code in the

same year while others 1@110 r. Ix@(actlce all Jordanian companies

O

’
begun implementing t % in recJSC requested all companies listed on
\
the ASE to have i al c}ﬁ; t:ga@-\g the implementation of the corporate

governance €O heir annual repb? Therefore, excluding this year from the

sample se B reasonable to avoid any bias or misleading results.

After excluding 106 companies over the study period (2007, 2008, 2010 and 2011),
which contain 47 companies due to unpublished annual reports and or missing data

along with 59 companies that changed their listing from the first and second markets



159

from year to year, the sample size for this study consisted of 117 companies chosen

from the first and second markets of ASE.

X

Stratified random sampling method is used according to market type to re the
first and second markets as subgroups. The study used this sampling methodbecause
the population of this study is considered a heterogeneous grou eXe.ntmg two
different markets (first and second markets) each one with digfer equlrements in

order to be listed in ASE. It is important to employ this singe y aims

to compare CSR disclosure levels between the first and s markets r'] ian

listed companies. In this method, the population is

(strata). According to Sekaran (2003), using strtwando é\an efficient

method because more valuable and dlfferentlate fo ati ot‘)&Qed with respect

to each group. Table 4.3 shows the selec roq;: ures f d companies. The
sample represents 46% of the entire a]o%!rdl to Sekaran (2003), the
more samples representing the c% n, tf‘l. mo sed the research findings.

0 be@e accurate as the findings can

9
th Latiple size was based on the sample
? S p p

Hence, the results of this s &?\c ex‘ec
be more generalised. Tlcwnra;iox

size table develope E ejcie an? @S‘J(IWO), and cited in Sekaran (2003).
wing formula s i 1

They suggested th alculating sample size. A list of the sample

companies in %\rrem study is shown in Appendix A.

S
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s=X2NP(1-P)+d2 (N—1)+ X 2P (1- P).

s = required sample size. Yn

X2 = the table value of chi-square for 1 degree of freedom at the desired nce

N = the population size. \}

P = the population proportion (assumed to be .50 since isWd provide the
maximum sample size). \d
X

d = the degree of accuracy expressed as a proportion (.(@ J | -\o}
4 \)Y"

level (3.841).

Table 4.1 Listed Companies by Business Mm
ﬁ? Q&
ma »)

Year First market C e
\j N

2007 12 Y. ,733 § 245

2008 26 262
\l %@

&
(}‘1 65 277

2010 q P r,(_)

2011 P A g 152 247
“ly
é@ S
>




Table 4.2 Sectors and Sub- Sectors in ASE

161

Financial sector Services sector Industries sector
No Sub sector No Sub sector No Sub sector
1 Banks 1 Rcal Estatc | Pharmaceutical and is
Industries
2 Insurance 2 Health Care Services | 2 Chemical Industn
3 Financial 3 Educational Services | 3 Paper and Cartoon InQstries
Services %
4 Hotels and Tourism 4 Printing ang PacRpging
5 Transportation 5 LEN
6 Technology and 6 l
Communications
7 | Media 7 Extrm .
ustrics \Y.
8 Utilities and Energy | 8 gineering a ofstdyction
9 Commercial Scrvices 9¢ ectric In cs
K‘ VV
0 e ath@ Clothing
1 d CC%ﬁlic Industries

2

panies in 2007

ompanies in 2008
companies in 2010
7 companies in 2011

% ‘
N
1 MMublished annual N7 | 47
‘x data.
changed their listing from | 59

New population 151
First market 67
Second market 84
| Final Sample 117
First market 52
Second market 65
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4.3 DATA COLLECTION

This study is based on secondary data collected from the annual reports of Jordanian
companies for the years 2007, 2008, 2010 and 2011, i.e. two years pre@t
implementation of the CG code in 2009. Choosing these years allows &%Jating
and comparing CSR levels from before and after the code’s implemen?.

N

An annual report is the most important source of CSR (L zal.,l2008), and a

primary channel of communication of CSR information §W1 an ]MW Q_al,,

N
1995). Hanafi (2006) argued that annual reports a nsideredy th m(!stasc(?liable
s \’Y'
source of social and environmental information whenomp Notheéﬂurces, such

as internet websites, media releases, neS\gy ad enS(and company

brochures or booklets because these sourc%e ver Vg, l@he-consuming, and
% Py N

infeasible approaches (Hanafi, 2006).\ ile. the errr@cgn provided by annual

reports has a high level of credibilit?vessi!:.iff d ao@ability (Tilt, 1994; Adams
} I

et al., 1998). Abu-Baker and Naser, OOQ{ hﬁé?l) annual report offers the most

disclosure channels to & Sf@evela@g countries. Meanwhile, other
N ? &)
i

'3 néaity of companies. The reason for this

disclosure channels ar. %}m ed |
Q' N | |
is that annual rep% used pavm';& as a way to demonstrate its own social
; . 2 : :

image within \ (Niemark, 19924:)and as a medium for companies to promote

themselvis% et al., 1995). Annual reports are also regarded as legal documents

are required by legislation.

becaus

In previous studies, annual reports have been the main source of social and

environmental disclosure, such as Hackston and Milne, 1998; Adams et al., 1998;
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Abu-Baker and Naser, 2000; Al-Khadash, 2003; Haniffa and Cooke, 2005; Barako
and Brown, 2008; Rashid and Lodh, 2008; Lim et al., 2008; Said et al., 2009 and
Khan, 2010. In Jordan, annual reports are widely used as the main data sougce for
CSR (Abu-Baker and Naser, 2000; Ismail and Ibrahim, 2008). They are al 'mt

easily accessible source for studying social disclosures, because a&l report

comparisons from Jordanian companies with other sources are morezost-effective

(Al-Khadash, 2003). Yv
NY.

. QN .
Given the many aforementioned benefits, the annu ot is algo olna@ with

' P i
some disadvantages. For example, the annual repow i ?NQ rmatigadYthat may

ecause it is

produced on an annual basis and thus, is@s)s effict T %pared to corporate
>
tf

=

o
A

=2

website that provide up-to-date infi usety qui » and allow users to

comment and provide feedback (%ﬁ 21 wegs this study examines the
(

level of CSR within the annua%rts of # w@panies for a period of four

O
years. The results of this AQ\/HI ghlight th@ponance of board diversity and
PG
corporate governance %\to f%dile&sé/sR in Jordan by comparing CSR

practices before a@i’mp)e g }tion&le corporate governance code.
A N
XS

44 CO % ANALYSIS

Content analysis is widely used in conducting social science studies (Krippendorft,
1980) and is the most common method used to measure corporate social responsibility

disclosures (Milne and Adler, 1999). Content analysis has been extensively used by a
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number of researchers within CSR studies (see, Guthrie and Parker, 1990; Gray et al.,
1995; Adams et al., 1998; Deegan and Gordon, 1996; Hakston and Milne, 1996:

Milne and Adler, 1999; Imam, 2000; Belal, 2001; Ghazali, 2007; Said et al.,@.

Abdullah et al., 2011). ‘\:

Content analysis refers to the “method of codifying the text (or co ent) f a piece of
writing into various groups (or categories) depending on select tena” (Weber,
1988). It was defined by Abbott and Monsen (1979) as, hrliqu thermg

data that consists of codifying qualitative information in'@ggcdotal nd tTar

into categories in order to derive quantitative scales mK o@fexny ”

Krippendorff (1980) suggested numerous advan usMig ¢ tent y51s First,

data can be accepted by a researcher in vario Ims, suclghas cc@)any websites,

press releases, and annual reports. Seco %sz n ar&%ms the researcher
“« Q-

artic eno@on occurs, as well as,

[¢]

can investigate the number of times th -
derd b

the underlying meaning or cm%g the examined. Finally, using
<&y
content analysis allows the r '@her tf a 1@# number of data. Krippendorff
&)

(1980) proposed a numb tag md)@tent analysis:

1. Identify the quest1 be igvespg ed\(J
VAR
Y-

2. Determine thes 1PN g,umts o}’
~N

3. Determine ine content categories

4. Determl recording unit

5. Determme the coding mode

6. Test coding on a sample of text

~

. Assess reliability and validity
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After determining the sampling units, the next stage in content analysis is the

development of categories into which data capture units can be classified.

Determining and selecting the categories of CSR is an essential stage in the T‘t

S

analysis method (Milne and Adler, 1999). A number of steps have been ta
to develop the CSR checklist which including themes and items of discloWure. As a

starting point, a preliminary CSR checklist that contains themwa items were
prepared and selected based on the previous studies that e rrw CSR disclosure
practices, such as Hackston and Milne (1996), Ahma ( w:iffa and
Cooke (2005), and Said et al. (2009) and more import thosg pri ;t.f}s that

have been conducted in Jordan (e.g. Abu-Baker ase{ : uw;';&l et al.,
ility<< 1&16: Jordanian

(
Second, all disclosure checklis% then ﬁﬁtﬁr@ent validity through a panel
ven ol ol
of expert judges which l& n aSked Jo ref}

items. However, the C(%\'al ity (ny('(rument will be presented in detail in
O
the end of this seftipMwThe glfec “st w@\hen updated and checked and reviewed

—
=x
[¢]
o
=
(¢’]
o
=
e
—
@]
=
®)
w2
=
=
w
<N
o
w
=
Ln ]
(¢']

against any Agulation related.@’disclosure requirements to ensure that the

disclosure@ist reflects the disclosure practices and meet the disclosure

requitgaenfPduring the examined period.

As result of the above steps, the final CSR checklist consists of five themes, namely

community involvement, employee information, environmental information and
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product or service information, these themes are further broken down into 36 items as

shown in Appendix B

4.5 MEASUREMENT OF VARIABLES : )

4.5.1 Dependent Variable

The third stage of the content analysis method is to identj c' of geasuring

disclosure (Unerman, 2000). There are two meth%d to ti tlwa’ESR

er toft en;\}&'l evel of

t@ﬁzh refer to

the qualitative of the information in term of

forward-looking/historical, monetary/ %&taﬁ 1t1¥6%vclarat1ve) in order

to meet users needs (Botosan, 2004M al nt b een disclosure quantity

N
and quality is based on the Cisclo re J m@ disclosure quantity, each

’$
disclosure item is equaﬂQ{ighteli, ic it have unequal importance in

disclosure quality. Th en ltu'

disclosure. This 19%905(3 e ’u

eegan an C{)rk/rw%) with little difference between CSR

ses ®1nvest1gat1ng the quantity of CSR

)

f CSR disclosures may reflect the

=,

disclosure’s qua

\
quality an gmntlty (Gunawan, 2010).

S

Different methods have been suggested for measuring the quantity of CSR disclosure

; either through the amount or volume of disclosures (Gray et al., 1995; Darus et al.,

2009: Alawi and Rahman, 2011), or through a disclosure index (Ghazali, 2007; Lim et

al., 2008: Abdul Razak and Mustapha, 2013), or both (Haniffa and Cooke, 2005). This
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study adopts both methods in order to provide a complete picture of the statue of CSR
in Jordanian companies. Measuring disclosure volume provides a richer data set (Gray
et al., 1995), and measuring CSR by disclosure index better captures the variety and
nature of disclosure items. Another reason to use both measurements is to aﬁﬁ\gl;
limitation of using a single method. For example, employing disclosure.v@ only

ignores important information contained within photographs, gra;wﬂr charts.

MJS procedure

sclclsure or many

Similarly, solely using the disclosure index by adopting a dic

considers the disclosure item equal whether a company makes

disclosure within a category and between companie

disclosures and as such, this method is unable to det rmin® the] am of {%em
N
% | &
ack

stofn nd iln@996).

However, the current study focuses on investiga% q
This is because the quantity of CSR disclo\&@y re
(Deegan and Gordon, 1996) with little rencﬁe‘n

(]
q
quantity (Gunawan (2010). ‘Q. oy
\ $
( N
Different methods of measuring CS} by di a‘vQ}xme include measurement by

@)
number of words (Deega&}Go n, 96)<$asurement by sentences, (e.g.,

C

\J
f C&W sclosure.
dﬁﬁsure’s quality

quality and the

| .

Hackston and Milne, 1998\ MiIn arfd g 1(9;99; Ahmad and Sulaiman, 2004), or by
\

page (see for exar | ,éay sl 7;Y-.§”Aron et al., 2004; Abu-Baker and Naser,

2000). In this KAW “number of se@ﬁces” is employed to measure the volume of

CSR, be mé number of sentences can be better justified (Hackston and Milne,
sbt

1998) ne with less use of judgment (Unerman, 2000). Furthermore, less

quantification errors occur when using the number of sentences method, compared to

the number of words (Milne and Adler, 1999).



167

study adopts both methods in order to provide a complete picture of the statue of CSR
in Jordanian companies. Measuring disclosure volume provides a richer data set (Gray
et al, 1995), and measuring CSR by disclosure index better captures the vari nd
nature of disclosure items. Another reason to use both measurements is t et
limitation of using a single method. For example, employing disclosuru‘%'ne only
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considers the disclosure item equal whether a company m n dlS 1bsurgor many
disclosures and as such, this method is unable to de ine thg a urt @Y'em
disclosure within a category and between compan ckstdh Mllﬂ' 1996).

However, the current study focuses on investn@ ant1 of @Q disclosure.

This is because the quantity of CSR disclos (@losure s quality

(Deegan and Gordon, 1996) with littl reR éR quality and the
Q;—
A“’
e\

quantity (Gunawan (2010).

Different methods of me ::;R
I

number of words (D %
¢
Hackston and Mllne 08 r; d e@99 Ahmad and Sulaiman, 2004), or by

S Wj
page (see for ex %Gray et 9§V$aron et al., 2004; Abu-Baker and Naser,

2000). In thi the ‘number of htences is employed to measure the volume of

CSR, % he number of sentences can be better justified (Hackston and Milne,
do

ne with less use of judgment (Unerman, 2000). Furthermore, less

\dgi su;e\.éﬂume include measurement by

199@3\4{r1easuremem by sentences, (e.g.,

1998),

quantification errors occur when using the number of sentences method, compared to

the number of words (Milne and Adler, 1999).
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This method overcomes problems in other studies that measured pages or words.
Using the number of pages is inaccurate due to different print, column, and page sizes
from one annual report to the next (Hackston and Milne, 1996). In addition, wsi
pages decreases reliability (Weber, 1988) because some information ma%\ost
(Gray et al., 1995). This will make it difficult to compare between the two romerts. In
terms of the number of words, Haron et al., (2004) argued that mea%xz in terms
of words is difficult, because words do not give any meanin wiWa sentence to
provide content (Milne and Adler, 1999). Accordingly, this g pl%umber
’
of sentences to determine the level of disclosure. Accord o Hagksto a’1d &x;e
R\
(1998), using sentences may overcome the problem on‘.j{ es @avoid
, b, o
the need to account or standardize the number w E h<< umber of
sentences was seen as the most appropriamlngﬁﬁ

i@ es important
information contained within photographs, s, ﬂ%.

(i<

each CSR item in
checklist items @as prepared and ‘bc{éd for recording data from the annual reports
for each @ and for each year. Each company has its checklist items (scoring
sheet) inShggihg detail about company name, year of annual report and market type
(first or second market). In addition, checklist items consisted of all items and themes
used in this study. The recording of information disclosure was performed by ticking

the relevant items in the checklist. Every sentence disclosed by the company
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containing information related to a particular item was ticked in the checklist as one
score or point, and then all scores related to this item were counted manually. For
example, if the item “environmental protection” is mentioned in five sentences g the
annual report for company X, every sentence will receive one tick, meanin ﬁ:
item will receive a score of five in the checklist. After that, the data ofﬁ&hecklist
forms for each company is transferred to an Excel data sheet in order towerate sums
of scores for each disclosure theme as well as for total CSR dvure scores. To
compute the volume or amount of CSR disclosure for a co . the Kla-nber of
| ]

sentences related to each item is counted and added tog% | ‘_}\"

’ X
'\ure @3? where a

&
SR(sclosure index
A

A dichotomous procedure is applied to determin@:

score of “1” is given if an item is disclosed aN if not. T

for a company score is calculated as @fﬂt \I ige awarded for the
company divided by the maximum po& cor%&n}fa“aﬁg—ooke, 2005; Ghazali,
2007; Barako and Brown, 200f; Sal et al,

disclosure items in this stt%'.’) @A g Gfaximum disclosure score as
illustrated in the formula W &
' '
F.9
O

CSRRIQE Total disclosure of company (i)

Total maximum disclosure score (36)



There are two methods to score disclosure items, namely weighted and un-weighted.
The un-weighted method means that each disclosure item is equally weighted. In
other words, all information items have the same degree of importance for all users. In
contrast, the weighted method assumes that all items have unequal importarc)xs'
therefore based on a subjective importance of information items to t ers. For
example, the researcher used a five point Likert scale for items, where&:’re of 11is

an unimportant item, 2 is a little important, 3 moderately imponavyportant, and

5 is very important. However, using the weighted method € riQse?n other
aygead

studies such as Khan (2010), as it was argued that usin@le odfm | 187\&"15
LA

in the results, because from time to time, there are erenges Yin SSIgRAG the

NV
importance of an item, from company to compan$lﬁt\ind® As such,

the un-weighted method was used in this studN rmine t eve@‘CSR, because

. ‘ A
the concern was with all users, rather tha rou {S
< &
N KNG
. \ .
Assessing the reliability and vac' itE the lagt st ep@tent analysis, and should

'3 s D -
be considered in order to assxthe gol a é@éurmg instrument. Reliability

)

results on repeated trj#§ b emJo ' he {@_me measurement. In other words, the
. ~ < - |
reliability of a medgu withoulbiad (erfgrfree) and thus is consistent over time and
N &
stable over a M of conditions (Sa?aran, 2003). Validity concern on whether we

concerns on accuracy of @em lr to(tjﬁ! possibility of achieving similar
¢
g t"

are meastigohe right thing refers to the extent to which any instrument, technique

or process Y®used to measure what it is intended to measure (Sekaran, 2003).

In order to assess for reliability and validity, the study applies a numbers of

procedures and analyses.
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1. To ensure the content validity of CSR measurement, a panel of expert judges were
identified and selected based on their knowledge and expertise including two
academics who have experience in conducting studies in CSR, and one auditor with
expertise in Jordanian companies and a member of the Jordanian Associ NYf-
Certified Public Accountants (JCPA) were asked to refine the checkl'g%C SR
disclosure items to ensure that the measuring instrument is representatiwg’ol a set of

items that capture and reflect all the aspects of disclosure pracy r Jordanian
companies. A copy of the preliminary checklist was sent to %w rlo check the
disclosure checklist item by item and remove any inapplicggle itms ;K;!m&vﬂ
items in checklist are applicable to the Jordan context. @as}e thgi to _igest

N
new items they thought useful and relevant fogghi stuﬁy.\eSultin rom this

revision, a number of items were added t e)hecklist ch @Q“Awards for

. . s 4 Vo T
environmental protection” and “Islamic hlleh*% séuere omitted from
0 A
not t e ir %;dan, and there are a

the listed such as “Recycling”, since itﬂ 0

limited number of recycling procam and in#iatifsli W§are undertaken only by

the government.

—

77
v

\ i
¢
2. Test-retest reliabilit@ne{to S s{s@;'i?ity. Stability is a form of reliability
ws)

2 3 coge data in the same way and obtain similar

and refers to the a w researc
N

) :
scores over tir 9%1 ne and Adler 1993)! In this study, the analysis of annual reports

consist% f the sample population, which is re-examined three weeks after the

first round@fe correlation coefficients between the first and second rounds is .96 for
CSRDI and 91 for CSRDA, and significant at the 0.01 level (see, Appendix C). This

result confirms the stability of the research instrument.
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3. Cronbach’s alpha test was employed to assess the internal consistency of CSR

disclosure. Internal consistency refers to the degree to which the items in a test

measure the same construct (Khan et al. (2012). The Cronbach’s alpha coefﬁT
e

ranges between 0-1. The closer Cronbach’s alpha values is to one, the g

internal consistency and reliability (Sekaran, 2003). A Cronbach’s coefﬁcfe%ith the
values of 0.60 to 0.70 is considered acceptable (Hair et al., ZOl%Rw.ever, the
Cronbach’s coefficient alpha in this study for the five themgs Wund 0.72 for
(CSRDI measure) and .70 for (CDRDA measure) (see dix (l)\Ty result
indicates good internal consistency compared to other stu uch affthe pra:tgg;s

of 0.51, 0.63 and 0.70 found in the studies of Gul ng(\l a@n and

Bukair (2013), and Khan et al. (2012). CV

>,
4.5.2 Independent Variables N ,Aj \AQ'

'S

The independent variables examined th,th ilcldf} consist of two groups. The
s

first group is board diver@lras@, w@ comprise of four variables:

independence, age, gend ngtion 1 rs. The second group consists of
\

four variables relat% orpgt gvermeyce mechanisms: role duality, multiple

Y'
directorships, a@ily members on\‘ﬂ\E board and audit committee. Table 4.4

summarises surement of all variables examined in this study.

N
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Board diversity characteristics

1. Gender diversity
Gender diversity refers to the presence of female directors in corporate b& of
directors. The measure of gender diversity in this study is the ratio of womkdi ctors

to the total number of directors on the board. This is similar to the me&&nent used

by other studies (Wang and Coffey, 1992; Williams, 2003, Bara rown, 2008;
Bernardi and Threadgill, 2010; Khan ,2 010; Zhang et al., 201 \d
oy
1S
2. Nationality of directors P v

Nationality of directors are measured as the ratu@‘?—]
number of directors on the board. The sam&%e was

that measured foreign board members as a orti &‘1

)
instance, Barako and Brown (2008\asur§}<8n > and Khan (2010)
measured non-Bangladeshis. HOﬁe\WS S’A ug@lly on the nationality of

directors and avoids using me @)y of ethnicity and culture.

ts sx{
& Q N
3. Independent dll‘CCtOl(\: X'J (,)(J
d & daman governance code as “a member

Independent director, es;n =
of the board of ,difgctdrs who is mdeg&.ent of management and shareholders or

byst8vious studies

Acm the board. For

f{bv

relationship re\s to the company that may be suspected to bring that member

beneﬁt”S@r to previous studies (Lim et al., 2008; Said et al., 2009; Sahin et al.,

2011 and Htay et al., 2012), independent directors is measured as the ratio of the

number of independent directors to the total number of directors.
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4. Age diversity

Younger board members are used in this study as proxy of age diversity. Age diversity
was computed as a ratio of young board of directors to total number of directo

the board. The young directors in this study are defined as those who are you&
40 because, the age of young people generally ranges between 20 A years

according to Erik Erikson’s stages of human development. Furthegnore, age

discrimination in employment in some countries such as th mdicated that
younger employees are under 40 (Feder, 2010). Similarly, in str@our in

¢
Jordan defined young people in the labor market as th@o are youn r'tl.lior&b

(DOS, 2011). Y. 4
Corporate governance characteristics \3
\ AL
E N
] 4 é)
&
Role duality means that the chair of rd ' iggqjors ;@ the CEO positions are
held by the same person. Role duh meas\}frﬂ.j;% y variable, which takes a
value of 1 if the CEO and ch@ar the saghe pe and 0 if not. This is similar to

Ko

the measurement used by%\us!tu{%ﬁ'n&ﬁ)m et al., 2008; Khan et al., 2012;
\

Al-Janadi et al., 2083 dulﬁ%gj and

N 3

2014), A &’
N

<

6. Multipde dig€ctorships

Yv
¥

/.

S. Role duality

&

Multiple directorships refer to the directors who sit on more than one board. Similar

to Haniffa and Cooke (2005) and Azman & Kamaluddin, (2012), the measure of
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multiple directorships in this study is a dummy variable with the value of 1 if the

chairperson has multiple directorships and 0 otherwise.

\Y'

Similar to previous studies (Ho and Wong, 2001; Darus et al., 2009, Aﬂ&mmarl

7. Family members on the board

and Al-Sultan, 2010), family members on the board is measured smgz;e ratio of

family members on the board to the total number of directors r the family
members in this study refer to family member on the boa@ av tantial
equity holdings.
| &
X \7’
8. Audit committee V °‘
The corporate governance code in Jordan Qﬁ comp S thstabllsh audit

committees with at least two members bes epﬁ 11ct§ In this study, the
1

7]
1on walepe, t members. This is
&

similar to the measurement used t r stud Ls (Yaid * 2009; Al-Janadi et al.,
£ &

2013; Gantyowati and Nugrahgg 20 4)| b
i’v
N, l 5S
Moderating varlable@ l ’\(.J
"b) >
<Q 4 X
Board size A '{‘)

Board size r% the number of members on the board. Similar to previous studies

(Bunia . 2008; Said et al., 2009; Ali and Atan, 2013; Abdul Razak and

audit committee is measured by the

Mustapha, 2013), board size is measured by the total number of directors on the

board.



Control variables

1. Firm size
Firm size has been measured by a number of different measures in the dlsclR~

literature such as number of employees, total asset, turnover, market caﬂ%lon,

and total sale. There is no theoretical justification for a particular mea size in
disclosure studies. Hackston and Milne (1996) found that ther not much

difference to measuring firm’s size by using different measure ts%; tllls study, the

natural logarithm of total assets is used to measure the firm Sygize. ets was

'-‘3'
widely used in prior literature (Hackston and Milne Y Ho olg,,iﬂ)Ol;

R

Webb, 2004; Gul and Leung, 2004; Branco and Rod es, a
o)

Cheng and Courtenay, 2006; Said et al., 2009; J@arj 0‘ 2@).
\ AL
\"\
]
a

2. Profitability %
Profitability is measured using retu (R‘ ;wh@ s been widely used in
I
e

gt & 2010 Sahin et al., 2011),

s 2006;

the previous studies (such as, 2004;

NN

which is calculated as the ra& t rl>ﬁtt total@ets.
g
1 O
S l '}.- S



Table 4.4 Measurements of the Variables
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Variable Acronym Measurement
Dependent Variable \T
CSR disclosure index | CSRDI Ratio of the actual score awarde %mpany

divided by the maximum posmA@
CSR disclosure amount | CSRDA Total number of sentences Y.
Independent
Variables V |
Gender diversity GEND Ratio of women rs to ftal ber of
% i fa}

Independent directors | IND ctors to the

Age of directors: AGE
Nationality of directors | NAT
Role duality RODU

ey

(‘?

Multiple directorships

fable, where, 1= chairperson with

tl&glrectorshlps and 0 = otherwise

Family members on th

ﬁat(pf family members on the board to the total

n‘%ber of directors

board
Audit commi AUD \C“{'ropomon of independent members of audit
\ committee
M\ode?%ble
BQ(% BOSIZ Number of directors on the board
Control variables
Firm size SI1Z Natural logarithm of total assets
Profitability PRO Return on assets
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4.6 RESEARCH MODEL

4.6.1 Ordinary Least Square (OLS) Y’

Ordinary Least Square (OLS) is the appropriate and powerful statisticﬁwique,
when there is a single dependent variable and a number ofindependenv'w,b es. This

study used an OLS regression model to examine the relationship bethgep independent

1 ezrs, 'role duality,
multiple directorships, and family members on the board @

. g
the dependent variable (i.e., social disclosure level), gressipn cﬂelg{l’ﬂ this
P 4
VT

study are based on the two following measures. Y' \

Model 1 \ A
A
e 0>!T $
E &
CSRDIir = B0 + B1 INDit + p2 %ﬂ BQ?D{ g% NATi/ + 5 RODUir+
10

variables (i.e., independence, age, gender and nationality

B6MDir+ p7FMOBIr+ B8AUD 1Zit

oy

S
CSRDAir = B0 + Bl 1@ Bl A% P BL%ENDH + B4 NATir + p5 RODUir+
B6MDir+ B7TFMO '&KU i BPSIZi P10 PROr+eil
Ty pe P

&

462 M %Multiple Regression (MMR)

This study employs a moderated multiple regression(MMR) analysis to examine the
moderating impact of board size (moderating variables) on the relationship between
corporate governance and board diversity (independent variables) and the level of

CSR disclosure (dependent variable). MMR analysis is an appropriate statistical
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technique method for detecting and testing the effects of the moderating variables
(Aguinis, 1995). To test the moderation effect, Moderated Multiple Regression
consists of two steps (see, Aguinis, 1995; Alawi and Rahman, 2011). In the firs 4
the dependent variable regressed with the independent variables and %\ator
variable (without interaction term) as presented in the model (2). .\
Yv

Y

Model 2 Y. l

independent variable (independent X&

| S
model as shown below: (')Y' \J ‘j' . 3

Model 3 (‘} : '_l c-,(}
Qs l 5
CSRDIir/ CSRDA# = + Bkl D f B Eir+ B3 GEND ir + [34 NAT ir + BS

RODU ir + B6Q+ B7FMOB if + @JD it + BO(IND ir * BOSIZ ir) + B10 (AGE
it * BOSIZ 1 (GEND ir * BOSIZ it )+ B12 (NAT ir * BOSIZ if) + 813 (RODU
it * BRSIZNY+ 814 (MD ir * BOSIZ if) + B15 (FMOB it * BOSIZ if) + 816 (AUD it

*BOSIZ i)+ g it
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Where,

CSRDI = Corporate social responsibility disclosure index

CSRDA = Corporate social responsibility disclosure amount \2
IND = Independent directors 1%
AGE = young directors

GEND = Women directors q

NAT = Non-Jordanian directors V

RODU = CEO duality z

MD = Chairperson with multiple directorships (g

FMOB = Ratio of family members on the board tgthe tdtal fhmb dirgqpors

. | S

AUD = Proportion of independent members it comngtt -

BOSIZ = Board size Y. \f Y.;)r

Size = Size based natural logarithm o &Uv sets‘ 4\

PRO = Profitability based on retur&as ts O<’~

BO-P16 = Regression coefficient % \? ,Q\
S

4.7 PANEL D@ALYSI I~
S
N -

This stud panel data analysis to test the hypotheses and to investigate the
influelace ofoard diversity and corporate governance characteristics on the level of
CSR disclosure. Panel data has been applied by previous studies. For example, Htay
et al. (2012) used panel data to identify the impact of corporate governance on CSR

disclosure in Malaysian banks over the 1996-2005 period. Saleh et al. (201 1) used
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panel data analysis to test the relationship between CSR and institutional ownership
for 200 companies listed on the main board of Bursa Malaysia over the 2000-2005
period. Similarly, Mohamed and Faouzi (2014) employed panel data analysis t

the link between corporate governance and the level of voluntary ereirSXent
disclosure for 23 companies listed on Tunis Stock Exchange from 2003&1 1. This

type of analysis is the most appropriate methodology for the curr%stzy since this

study consists of both cross sectional (companies listed in ASE) 1me series data

(years between 2007 to 2011). \d
N

‘{\ 1O
Panel data, or longitudinal data also known as crosggec naK sgfies Q}Eﬁ, refers
to the data on individual units observed in diff&gn.e,‘( ‘ b, o

5 20@ Panel data
contains two dimensions: a Cross sectionN sion

&
titie@r subjects e.g.,
AN

countries, firms, or individuals), and a tg’ %iesﬂ i GG;@., year and month).
icte o

“« Q-
rm ata.&ﬁtro panel data or short
N
panel occurs when the numbtof %e per‘)ds # fess\an the cross section (T<N,

s '3
Small T and Large N), whileymacro @Tda orl% panel occurs when the number

e n
‘27 S
N). In this study, my el data~ys si@ the data contain four years (short time
nge 4\

4 . L
ies ( &rostectxonal).However, 1t 1s 1important to take

period) and 1174¢ nies
&
into accou;: nature of data set i\panel analysis in terms of either balanced or
ta

YV

Panel data can also be divided into\

unba% . In balanced panel data, each company in the data set is observed in
the sa mber of times periods, whilst unbalanced panel occurs when company in
the data set may be observed in different numbers of times (Greene, 2008). However,

balanced panel data has been used in this study because the data are balanced.
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Several scholars employed panel data methodology to examine issues that are unable
to be studied in either time-series or cross-sectional settings alone (Greene, 2008).

Panel data provides many advantages as discussed in Hsiao (2007), Gujarati 3

and Baltagi (2005). (}

First, Panel data increases the sample size due to a larger number o ervations as

r of

result of accounts for multiple observations (N) over multipl tiwpyods (T) which
results in a total number of observations (N*T) and proy, 8 i@?ive data.
This will improve the efficiency and reliability of e metric estit tis'ae’&'use

panel data leads to increased degrees of freed lesg Collheariy~ among

\ N
ivityal hé@%.eneity and
X

ort@ to control it to

omit unobserved or mismeasured variables\ach, it 1s

avoid any bias in the resulting estimate %i, @33 c;é@re able to study the
7
dynamics of change (such as, job tur&E spwmﬁﬁ&nem), and complicated

variables. Second, panel data has the ability to4ggntzBl ilﬂ

= o]

Sy
behavioural models (such as, on$ies of sca ?I@hnological change) rather
: ? bJ.‘
-se \: é‘j’
N
| (_,o
'n{)

gﬁount the individual behaviour for cross

than pure time-series and crqgs

S

As earlier mcntione@ dat{ ta
sectional as wel %oss ti fo@ing is the basic panel model commonly
\A &

-
0
=]

used.

Yi( =QW + €&y

Where:

Y,: dependent variable.
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o vector of intercept.

B: vector of coefficients.

X: vector of independent variables T
N

€: error term, i)

i represents cross sectional dimension (e.g. countries, firm)

t: represents time series dimension VY.

Y~

Different types of panel data models are used to estima data i e pooled
2

ordinary least squares model (pooled OLS), fixed effec@dels E a‘ui\f%dom
Y-

effects models (REM). These models depend on 1o 4 11'I'srcept, the

slope coefficients, and the error term. CV o‘ ‘4
gy
1. Pooled ordinary least squares model e S @
% A“'
Pooled OLS is also known as the nt ,oeff ignt @el (CCM). This model is
considered the simplest model. [D m def at the regression coefficient’s

intercept and slope are @t @al

countries, md1v1dual) \;er Srdps m s del ignores the individual effect or

"’7

11 cross sectionals (companies,

heterogeneity acr WS ((} n esplte the simplicity of this model, it is
the most restnAamong the other els due to several assumptions. For example,

if the mo%ts the following assumptions then OLS is the consistent and efficient

estm@ eene, 2008 and Wooldridge 2002).

1. Homoscedasticity

2. No autocorrelation
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3. Linearity
4. No multicollinerity problem

5. Disturbances are not correlated with any repressors (Exogeneity)

6. Normal distribution '(}
Baltagi (2005) stated that the model is the same as the OLS &o'n but with

double subscripts i for cross-sections and ¢ for time-peSdWJjarati and Porter

(2009) pointed out that the pooled OLS model can be tre s us a%egression

because this model ignores the cross sectional and tin@nsion of tt VO& data.

’ &
Tn=8+ BXil + &it

Where,

Xit: independent variable

X I 7s
ai :is the intercept \.’ $ &
f: is the coefticient & 0

& 1s the error term q

This method assumes that each company has a constant slope coefficient but different
intercept. The difference in the intercept is due to the fact that each company or unit
has its own individual characteristics such as managerial style and philosophy

(Gujarati, 2003). The intercept varies across individuals or companies but not over



time (time invariant), which means that this method removes or controls the effect of
unobserved time-invariant (Allison, 2009). FEM is an appropriate model in cases
when the intercept is correlated with the independent variables (repressors). HowYc
in order to consider the varying intercept across individual or company is @loy
either the dummy variables method or mean deviation method. The du1n$riables
method or Least Square Dummy Variable (LSDV) method is empl@reating a
number of dummy variables for each companies. Gujarati, (2 03V&d that the use

of this method causes problems (especially when numbe mparfges, 1S very

©
large) such as the possibility of multicollinearity and red the dderee oi ir\r%.m
).

K fixed
Yv
S

since many dummy variables will be used (Gujarqs Pqrtef,

NN

—=

effects model is represented as follows: :V

. q
Yi = ai+ BXi + & \ > i A(Q
\
Where, i , [ §

s L 4 @
Yit :is the dependent variable,&&ere 1 =l t =é :

Xit: independent variable | @)
‘ \1 ’ 2 (,)

o :is the intercept Qf \(J
% ‘v’s ‘$

f: is the coefticien

&;1s the error@

3. Random Effect Model (REM)

This model is also known as the Error Components Model (ECM). The assumption

underlying the use of this model is that individual effect is not correlated with any
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independent variables and allows for time-invariant variables (Greene, 2008). In this
model, slopes remain the same across company as in the fixed effect model. The
difference is in the individual specific effect (unobserved heterogeneity) w

FEM assumes to be part of the intercept model while REM assumes rando@ les

as part of the composite error term (Gujarati and Porter, 2009). ifference

between FEM and REM models are shown in Table 4.5 below: \3

Table 4.5 Fixed Effect and Random Effect Models

Fixed Effect Model

o
Functional Yit = (at+ wi) +Xitp+ vit '
form
Assumption - e not correlated with
Lot TS
Intercepts Varying across group 4 SBnsignt (_}

time

Error variances | Constant

Slopes Constant

Estimation LSDV, within efig

Hypothesis test | I test @usch-Pagan LM test

Source :Practical guides to

el is usually estimated by generalised least squares (GLS) since

A random cé
OLS estatdk will be inefficient (Gujarati and Porter, 2009). It can estimate FEM as

follows

Yy=ot '3Xil + Wi

Where,
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Yi :is the dependent variable ,where 1= firm and t = time.
Xi: independent variable

a :is the intercept T
B is the coefficient : %\

Wj.. composite error term. wi- Uit + vi . Where, vi = unobserved indivi ect. uir

the remainder error term(regular error term) V
4.8 DIAGNOSTIC TESTS \d, -

5
4 i

4.8.1 Normality \ Y\"
NSNS

Normality is one of the main assumptions of miMg Dregressi anal@ and refers to

the shape of the data distribution for 1321 s$ 'I} to be normally

“« Q-
distributed. Ghasemi and Zahedias (2 ted t 1 noﬁ&ﬂity for the data leads

N
to invalid and unreliable results. g ity ca\, be stp(@lumerical methods (such
% ’
as, Shapiro-Wilk test, Kolm%v- nil \o\ st ar@‘jékewness and kurtosis) and
graphical methods (such asaQistder es ‘f‘éﬁte, Q-Q plot, and boxplot and P-

P plot). QG,)
' 4

Numerical and gﬁhca methods are u%d in this study to check the normality. For
~N

R P
4/‘7/("

Numerical met F skewness and kurtosis are the most commonly used to tests the

normal@-g other methods such as the Kolmogorov-Smirnov test, which has

been found to have low power properties (Ghasemi and Zahediasl, 2012). The current

study uses skewness and kurtosis to test for normality.
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Skewness measures the degree and direction of asymmetry data. It reflects the balance
of the distribution (centred, shifted to the left or right). If skew is zero, then the
distribution is normal. Right skewed (long right tail) indicates a positive skew vv.
while left skewed indicates a negative skew. The data is considered to hav(%xm
distribution if skewness values fall outside the range of -1 to +1 (Hair W2010).
Others suggest +1.96 (Haniffa and Hudaib, 2006) and +3 (Kline 19%..Kurtosis
refers to the degree of peakedness or flatness of the distribution \N’Y‘he peakedness
is high, this indicates a positive kurtosis, and when the flat h t!ns icates
negative kurtosis. A good kurtosis value is within the @f -2.0fto + O'

and Steed, 2003). Y'

)

Another method employed in this study to chec r rm i

that include a histogram and density estlm the distr utu@f the residuals that

assume a normal curve. In addition, P- Mt onJn o ndardized residuals is

used and all observed values are %c to t;z: bzy

R
4.8.2 Multicollinearl@ l) ';éj)

v’
o 4
Multlcolllmant urs when there\\ﬂ high correlation among two or more

G

mdependm a s in the regression model. The presence of multicollinearity will
effect eretanon of the results and estimation of the model. Kumari (2008)
stated that when multicollinearity exists then it will be difficult to estimate the
individual effects of the independent variables and the result will become less reliable.

In other words, it will be difficult to explain which independent variable is influencing
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the dependent variable. El-Dereny and Rashwan (2011) pointed out that the
Multicollinearity problem has several effects such as: drop some important variable

from model, estimated coefficients may have wrong signs, and reduces the preciii

of estimation due to high variance of coefficients . c\

To check for mulitcollinearity, two tests are employed in this study. Thgﬁrst test is
based on the correlation coefficients matrix. The degree of con‘elTshould not be
more than 0.80 (Gujarati, 2003; Field, 2005). If it exceeds is | indicate a

high degree of correlation and causes multicollinearityjngroblemg. SK?Q@S
=
e. o

iel 0y Tl d
{ @con

Fac&lF). The

VIF is equal to 1/ 1-R2, where R2 is the co c 1t estim by@gressing each

suggest that correlation should not be more than 0.9

test applied to check for multicollinearity is the V

AN
independent variable to all other indepen 1a \li 1997). If the VIF
]
value exceeds 10, this indicates a pot roble ult&ﬁﬂ%leanty (Neter et al.,

\
1983; Gujarati, 2003; Field, 200c eover, ‘;}:qlh ity exists if the tolerance

4 s
&

is (1/VIF) less than 0.10 or 0.2(Fiel @ %
& §

l
o o ) | |
e, cmr@n methods are available. First, drop

To solve multicolline bl
one variable from gh el, bﬁ‘t thé casedwe should consider the importance of the

variables in ¢ to remove the less\'nportant one. Second, use the centring and

standard& proach suggested by Aguinis (1995). Under this approach, the

problem e avoided by transforming the variables to Z scores that have mean zero
and standard deviation one. This approach is commonly used when generating a new

variable.
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4.8.3 Linearity

The assumption of linearity states that the model must have linear parameters_This

means that the relationship between the dependent and independent variablﬁw:ld
iife

be linear. Outliers occur when there are extreme values that are substanth% rent

from other observations on either the independent variables or dependenvariables or

both. The outlier problem may effect on mean, variance and reww coefficients.
Bohrnstedt and Knoke (1982) suggest three situations to @o tllner roblem.
First, drop an outlier from the analysis because the prglem mayf co 'rohévata
entry errors or observation errors. Second, keep the 0& th‘o alySes e@cially
N

\ate thés(')blem by

t al 06) stated that

if it is considered an important observation. TRird, CCO

using data transformations or robust regressi\%'ever,
non-linearity is not a problem and it is a %n i% 2 &?}disclosure studies
% ] )

(Cooke, 1998). This may refer to K gag_of S‘Ri%'closure level among

companies which result from diierWrac‘érist lucg@he firm size and industry
he S

type and ownership structure [T gsé)(atter plots to check for outlier

\ en&é
problem or linearity assuv@ Q §
YN

&
4.8.4 Heteroskedak{jei "'(r) >

s
A N
{
Homoscedasﬂ%ms one of the main assumptions of the linear regression model.
S

ption, the variance of the error term is constant for all observations.

Under thi

In this case, if the variance of the disturbance term is non-constant and differs across
observations, this is known as heteroskedasticity (Greene, 2008). Heteroskedasticity is
often found in cross-sectional data. The OLS estimate under heteroskedasticity is still

unbiased and consistent but not efficient and is no longer a best linear unbiased
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estimator (BLUE) (Gujarati and Porter, 2009). This is because when

heteroskedasticity is present then the standard errors of the estimate will be bias

causing the t-statistics and p- value to be biased (Baltagi, 2005). T
Several tests have examined the presence of heteroskedasticity such as hite test

(1980), Breusch-Pagan/Cook-Weisberg test (1979), Goldfeldt- Q nt t8gt (1965) and
the modified Wald statistic. Several ways suggest ?or remedy the
heteroskedasticity problems include specifying the é ahsfogning the
variables. Second, use weighted least squares (WLSRNLhird, yse Tt ﬁaard
errors. The latest one is a more common and rthydmethdd thVéal with
heteroskedasticity. Robust standard errors dea w & p??ble of e@xvzhat are not
independent without changing the coeftici timates che@ng the standard
errors and significance tests (Gujarati rtehr, tths;:)he test statistics will

L]
give reasonably accurate p values m eth Q‘*NLS is more difficult to

implement because it requirefin ssum ion |
-U./S -‘

&’

/77

..}
&
N

Ko

4.8.5 Autocorrelatlo '

e
The classical 11 }i él (@'{M) assumes no autocorrelation between
the disturba utocorrelatlon Q@’I‘lal correlation indicates that error terms are
correlat observations in time series data or in Cross- -sectional. Thus, the

@of disturbances are not zero. However, autocorrelation is often found in
time-series rather than in cross-section studies (Baltagi, 2005). The OLS estimator is
affected by the presence of autocorrelation problem. However, the OLS remains

unbiased and consistent but is no longer efficient (Gujarati and Porter, 2009). In
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addition, t-statistics and standard errors become invalid because serial correlations
result in smaller standard errors and a larger ¢ statistic. Moreover, the R? tends to be

too large (Wooldridge 2002). It is clear that the problems caused by autocor fon

seem to be caused by heteroscedasticity, but are more likely to inﬂuez%\OLS

estimator (Greene, 2008). Y.

A number of methods used to test the problem of autocorrel ioWe been proposed

in the literature such as Breusch—Godfrey (BG) test, in— W test and
| ]

Wooldridge’s test. However, the current study uses Wodiegge’s fest, h":h (s} new
=

test discussed and derived by Wooldridge (20 boldrifieg: test\iy. easy to

| . \y

implement and flexible since it requires a few twlonswm n be'wigrformed for a

&
- number of different cases (Drukker, 2003). in the h oi@sticity problem,
A

robust standard errors are also used %ta n*)% on@uay to deal with the

“« Q&
autocorrelation problem. \ Aj \AQ/
X" |} s
4.9 DATA ANALYSIS &@VA® &

\ ! )
¢
i TR %Soﬁiar !Tbversion 11 to run the regressions. This

software is mor 'alise(f t s&@ cross-section, time-series and panel data.

V
STATA is aﬂ | statistical pac‘k‘%ﬁe that is more suitable for panel data analysis

compaf@her software, through providing a number of statistical tools and a

vari ptions including a series of commands (such as, xtreg, gmm, regress,

Xttest, xtregar, cluster, xtrc, and xtscc) that are designed especially for panel data.
Accordingly, this study used STATA to test the hypotheses and analyse the data.

However, this study also used Statistical Package for the Social Sciences (SPSS) to
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generate new variables by interaction term between the moderating and independent

variables, and to transform the data along with other tests.

4.10 CHAPTER SUMMARY s )

This chapter discussed the research methodologies adopted fo ;hesm Data

collection was based on the annual reports of Jordanian co T e study sample
comprised of 117 companies the random selection from t markets
of the Amman Stock Exchange (ASE). This chapter al@ssed j lng&}?s-in
detail whereby the CSR checklist was developed n 1or tb§;s The

study adopted two measures of CSR dlsclosurtwly agt‘)t mtzei%f sentences
and disclosure index. Un-weighted methodsmuse to tKQsclosure items.
Finally, this chapter explained panel datd 513\ meghod @d for data analysis.

The findings and results of the analy ’ sse the following chapter
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