CHAPTER 4

RESEARCH METHODOLOGY : (ﬂ}

4.1 INTRODUCTION

This research follows the quantitative method in whi a as‘colle ted using
the survey instruments distributed among the key informants in Mﬂo@he
key informant refers to the decision-maker of the fi ha succe fu se!uréiundmg
via equity crowdfunding from the year 2016- 2 here 7 SMQ_\dltogether

The key informants include the founder,ewier, direc

(CEO), chief financial officer (CFO), a lef operatingoffic 00). Also, they

include other designated posts whi %b‘lty E)\‘%'decision-maker of the

firm with the appropriate knowe\ to res he s@ questions.

chle& cutive officer

This chapter almst dialls the m@dology used in collecting the
primary data for this st e data %search questions and addresses the
objectives to investi th@nded ~@-ms in Malaysia. Performance was
examined usi |nan ial an (}r\lflra)ﬁcral approaches. The study investigated the
impact of gemen pra s, the affiliation of social networks, and the

ECF a focusgtj this stqu on equity-crowdfunded SMEs' performance in

Malaysta*Thus, this chapter explaln the study's research design, the population,
pling techniques. Later, it will describe the research instrument used and the
cess for a pilot study. This is followed by a discussion on the validity and reliability

of the instrument in the subsequent subsections.
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Lastly, this chapter discusses the statistical techniques that this study employed
and the steps for data analysis. The SPSS version 20.0 was used to clean the dat

using the PLS-SEM version 3.0 to assess the measurement and structural @

4.2 RESEARCH PARADIGM Y.

The French philosopher, Comte (2015), inspires the positiviSm paradigm in
exploring social reality. He highlights that understanding al g/z-mg' the situation is
vital, especially when understanding human behavior. also m that true
knowledge is based on sensational experience, obse n, andexper, 1nt.i® He
also added that positive thinkers adapt their SCI et S fo@c')wledge
eed rébevunderstood
(Dash, 2005). These assumptions are& s determini err@‘tlsm parsimony,
and generality (Cohen et al., 2000) &

N
Positivism is described %lonaﬁt, 0 0&|V|s<té?d experimentalist, using
the quantitative approac \derr ayphe §>non On the other hand,
b

interpretivism embrac% w and

to understand a p%‘enon m ussigzm& Easter-Smith et al., 2008). The
er

research objec erm @*élect the positivism or interpretivism

generation. Thus, principles and assumpti o no

-—o

ser atlbm@ employs a qualitative approach

approach. P I ncer &ltb ving or rejecting the hypothesis, testing the
theory, and rikosmg't P and@ based quantitative data to generalize the result.

@m interpretivism m@e’s theory generation and producing subjective and

q t e data (Collis & Hussey, 2009; Saunders et al., 2009).

Q Since the objective of this study is to examine the performance of ECF on the
rm's performance, this study is involved in the testing of numerous hypotheses among
the constructs developed based on existing theories that supported previous empirical
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studies. Thus, this study chooses positivism as the philosophical paradigm as it matches
the spirit of this research. Therefore, the deductive approach is more reIevant?n’u
study. In addition, this study also intends to demonstrate the theoretical (eh}ship
with previously-researched theories. As a matter of fact, in leotheses
development, this study employs the resource-based view (RBV) amderpinning
theory and signaling theory to explain the phenomena involvi Munding and the
performance of the ECF-funded firms. However, the over r&;ﬂre of this study
is bounded by Islamic teaching. This study uses the Par east q‘tmisds‘tructural
Equation Modeling (PLS-SEM) technique to analyz attribute o e’h@‘z;ses

and extract the decision of this research usin tatm Iect@gﬁom the
O$;

sample of firms that successfully raised m n;( cr fundj@;gtforms.

This research employs the stru &Qwey questi

the gquantitative measurements as this.is the cmgbe ,@thods to collect data
fi o

(Sekaran & Bougie, 2009; Zik 3). The survey mzQ is a sampling technique
that interacts with the purp '}nprll cisio kers of the firms (Zikmund,
2003). The targeted s%zre firms whi

h
s s

&
2019. Due to C()/\Q{the ir S wc-%dﬂstributed using Google form after
w

further discussi& the 'lve @’platforms. To note, the Covid-19 has
[
emotionally impacted th fir?’ (JC.-)
N

all
% ugh purposi P samp&?g has some drawbacks because of its subjective

natLQselecting the sam@(i.e., it is unsuitable in representing the whole

p jon), it has its own advantageous, especially when dealing with limited

airecéﬁ'rument to obtain

Euo@sfully raised ECF from 2016 to

esources, time, and personnel. Another reason for its justification is when the
opulation is too big that randomization is impossible, particularly in studies in which

the number of successful ECF-funded firms is still low (see Etikan et al., 2016).
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Furthermore, quantitative methods enable the investigation of the research problems
scientifically, systematically, and objectively. This method allows the resear?!u
carry out his/her analysis using multiple variables in a single study as it p@high
generalization and external sound reliability (Nikbin et al., 2012).

The survey questionnaire perfectly extracts data from hidde&t.tt'erns, builds
concrete relationships, and concludes sound facts compar. thers strategies
(Saunders et al., 2009). In addition, the survey technique e tﬂct‘ng the targeted

population faster than any other method when the data ¢ tion rWrt or data

the sufvey i nlatl@‘;i‘ate
t% jon (I\@i'n et al.,

posi& this study
, @‘ﬁitative research

is cross-sectional (Forza, 2002; Wong et al., 2009). Fi

and effective tool to obtain meaningful respon
2015). Therefore, the above deliberation

which embraces the positivistic rese&

approach using the survey as the re

%

4.3 QUANTITATIVE (D U IVT ITATIVE (INDUCTIVE)

RESEARCH APPRcﬁg)

This study am st e'perfo ance e firm that received funding via ECF.

Performance mea st survi I of the firm. Scientific research is needed
to study ormal Eﬁ Most researchers frequently use scientific
appro derlve SO tlost to S0lve particular problems either in applied research

S

or4asic research. Accordlngﬁ} Sekaran and Bougie (2016), qualitative research is

%to provide generalizability. Thus, it is impossible to conduct the same study on

Qer firms with different settings. Table 4.1 provides the eight characteristics of
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scientific research that assist the researchers in obtaining accurate and assured findings,

Table 4.1: Scientific Research Criteria A
No. Characteristics Descriptions Ni

as explained by Uma Sekaran and Roger Bougie.

1 Purposive Has goal to achieve.
2 Rigor Follow thorough investigation
3 Testability The hypothesis created for the résearch. must be testable
4 Replicability The hypothesis created can be in t'\e same type of
research elsewhere.
5 Precision and Nearness to the reality and
confidence correctness.
6 Objectivity The results derived fro
researcher emotional i
7 Generalizability The validity of the ar
situations or surrou%
ful

research increases its
8 Parsimony Easy and simﬁwlainin
: (4] '
Therefore, in line wi r

(..)
esewe“i@ a new phenomenon in
Malaysia, this study intendYbow i’-de e p@rowdfunding reality. At this
o
stage, the researcher ir‘%tes furgh rt "hif, ace of the ECF-funded firms in

Malaysia. In most Mndinb chhe em@%'r{aneurs are motivated to approach the

platform for s asons. Fo ple t@ost of raising ECF capital is lower, easy
ab

to apply, to a rac?fa er @et recognition and future funding from the

invest %traditign

| 2
Pe w2020; Strausz, 2017) .5

nKing institutions (Baumgardner et al., 2017; Ljumovic &

Specifically, the qualitative research approach focuses on exploring,

Oestigating and categorizing the new emergent outcomes. A qualitative researcher is

unable to predict the consequences of the research. Thus, he/she may conduct interview

sessions or collect answers from open-ended questions to know the results. However,
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when the researcher can expect the outcomes, quantitative and descriptive or causal
research is the best option (Sekaran & Bougie, 2016). Therefore, this serves to
the purpose of the researcher in selecting the quantitative approach over th%\tive.

Table 4.2 portrays the differences between quantitative research alitative

research based on nine features below; ?

Table 4.2: Comparison between Quantitative and itative ITesearch
|
No. | Features Quantitative Research Qualitative ?esea ¢ o~
1 | Focus of Quantity (how much, how lity (natlre, es enfe) g}‘
research many) -\
2 Philosophical Positivism, logical henonpnclog symb(S{i'c
roots empiricism, realism interactioniST, constructivism
3 Associated Experimental, empirical, i orky ethno ic,
phrases statistical N uralistic, groumded,
ivist £,
4 Goal of Prediction, con tanding, description,

investigation description, confirmatio N
hypothesis % rl\ ﬂQ
5 | Design PredeterEd, uct“rer" Iéxib&h)evolving, emergent
characteristics U Q-
n

\\y strument, interviews,
8 Primary mode i ti
of analysis \ i %a\ % method
9 Findings recise, numerical Comprehensive, holistic,
N L

6 Sample Large\ , repreSentati S non-random, purposeful,
[ etical
s) . | observations, documents
" \ () expansive, richly descriptive

7 | Data collection InaTinstrr I J-Researcher as primary
|
V| Inductive, constant comparative
‘ L] ™t N .
l 7“9 Adapted from Merriam & Tisdell (2015)

ethod wa pted in this study to investigate the FMP, SN, PP

N
influence of mediator (BI) specifically on FAR and FPC towards the

ormance of the ECF-funded firms by applying the RBV. Correspondingly, several
S

otheses were formulated to test this theory and these hypotheses were either

confirmed or rejected based on the data collected and analyzed in the respective
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industry. Notwithstanding, the ultimate finding will confirm or possibly suggest
modifications to the theory. Thus, by adopting the deductive research methodwu‘

the suggested research questions would have been answered. 0}
4.4 RESEARCH DESIGN ?

A study’s research design is “a blueprint of data collection, m€asurement, and

analysis designed to answer specific research questions” aCn Bougie, 2016,

p.95). Formulating the research problem and determinin char te‘?iszjgdould lead
®

to deciding which of the research design to be selecte

Yw
nswer fthe a’c@lem
S % esea@-@rs when

conducting a research project. The study?s, res
research structure from the beginning e fimal output IS st@ Typically, there

are three main types of research de uantita \q.u?ht IK nd mixed-method.
N

Emory and Cooper (19% thﬁ a research d@n depicts a structure for
&
SW

(Herek, 2012; Megan, 2013). Research design i

achieving the research obj han ing t q‘esearch questions. Further,
Sarantakos (1998) affl% ta ref‘ rch e;fgn«b’central to the research. Sekaran

(2006) and Chur h and Iac'o

undertaking th ese h p hey ested research design as a guide for
scholars to mp mwtklr QS@

&
006&[90 outlined the research design as

t I tandm 201 commends that research design is connected to
the Ilectlon process. In raI the selection of research design should signify
t |0ns concerning the S|gn|f|cance given to a series of aspects related to the

Q rch process (Bryman & Bell, 2014; Bryman et al., 2018). Conclusions are also
rawn upon achieving and answering the research objectives and questions. Based on
the earlier review, it can be deduced that a research design establishes a basic research
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plan for collecting data, which helps in answering the questions and objectives
underpinning a study. Accordingly, this section examines the proposed research
to meet the research objectives and answer the research questions addr@ this
study. A

A researcher uses the research design to plan how the data camllected and
analyzed (Hair et al., 2010). Thus, it is essential to derive m nMinformation to
answer the research questions (Bhattacharyya, 2006). | mi research, the
researcher assumes social realism external to the inform rson W’%&@dnowledge

oy

is considered factual and quantifiable. Thus, the rese r assumes hi h{r @s an
observer and attempts to identify the commonspki es reg'ar ing‘the %Xi-ons and

N

consistencies of the chosen research variablw e contrarysa quali e researcher

assumes that social realism prevail@wdent of info@ﬁj person, while

knowledge is personal and subjecti \T A

N
A cross-sectional surveyé)pte(ﬁs theda C%Q on method representing

a single point in time in this_study. AT Ingito Olésn%nd George (2004), a cross-
po

sectional survey enca e whol
4

XandY ata certa'!rN{iod. Tr

collect datafror% ples=Pri '

¢

formal Iis@tions befor ar‘ﬁ. é??r, the self-completed questionnaires were
N

distributed ,to “the reSpondents, anﬁwy were required to answer and return the

conﬂ&questionnaires to tIK earcher.

% he objectives of this study were established to investigate the FMP, SN, PP
h

Ia!iosb’a representative sample among

:
urvey. <<{uod was employed in this study to

coneuJ%fng the survey, the researcher prepares a

e mediating of BI specifically on FAR and FPC towards the ECF-funded firms’

G
erformance. In this study, a quantitative approach was adopted. It includes descriptive,

explanatory, and confirmatory characteristics with three justifications used for
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delineating the research flow and outcome. Firstly, this study focuses on the influential
elements relative to the ECF-funded firms in Malaysia; thus, it entertains des

values from previous studies. Secondly, this study describes the relationshi

the measurable variables via extensive analysis; hence, it also h ignificant
explanatory character. Finally, the study develops a conceptual mework that
accommodates the confirmatory elements on the factors that influen e performance
of the ECF-funded firms. In conclusion, the deductive Ko a guantitative

approach was adopted to generate the anticipated outco atm et.s\&{dectlves of

this study.

4.5 RESEARCH PROCESS \,:
The research process explalwal

collected, measured, and analyzedl ije, 20 e res q&'h“process illustrated in
Figure 4.1 outlines the steps %@n ﬂ thi dy Qh related literature was
reviewed extensively, then Io byl i ifying r h problems to describe the
purpose of the study. % theo'r‘e1lca| n'\e s and hypotheses of this study
were developed to Gb‘&he resr Iem rder to strengthen the results of this
study, two m Is more the researcher determined the

approprlate u sto estt hﬁ)otj?s under study. Next, the instruments were
tested tln¢ | i;udles%r Model 1 and Model 2. After doing minor

mocﬂ;& ons on the initial in @ﬁents, the fieldwork or correction of the actual data

@\ducted
S
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PRELIMINARY INTERVIEW

DEFINE THE PROBLEM STATEMENT

| G

DEVELOPMENT OF THEORETICAL FRAMEWORKS AND HYPOTHESES

Y \)‘

Model 1 Model 2

To investigate the relationship of To investigate the relationship of
financial management practices, financial management practices,
social network, ECF platform social network, ECF platform
provider (primary data) on firm provider (primary data) on firm
financial performance (primary customer performance (primary
data). data).

In addition, the mediating effect of 1 In addition, the mediating effect of
the business intelligence is also the business intelligence is also

investigated. \ investigated.
>
| O die)!

DETERMINE MEASURES — development of instrumentation

ISR A

VALIDATION OF INSTRUMENTS

o 1 !l S

PILOT STUDIES

a 2 V1%

DATA COLLECTION

’\v‘ .\V' r(y

DATA ANALYSIS — SPSS 20.0 and PLS 3.0

2 O LT 77 XN %

DISCUSSION ON THE RESULTS

N\ Y v

CONCLUSIONS

0 Figure 4.1: Research Process
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The construction of the theoretical framework was followed by establishing the
study’s hypotheses. Two models were developed to support the result of this )
Model 1 analyzed the influence of financial management practices, soci@rks,
ECF platform, and the firm's financial performance. Further, it iﬂﬂg'wated the
mediating effect of business intelligence. Model 2 analyzed the influemce of financial
management practices, social networks, ECF platform, and GWS non-financial
performance. Further, it investigated the mediating effect usi ess'intelligence on
the financial analysis and reporting, and financial planningand c thes.

e hypotheses dev R-)ggc:in

n% i fth@gtrument

before collecting the actual data. Finally, thelast,step WTst aIyze@;gata. At this

stage, the study's data was processed, rz'ad, discus nd @Iuded.
A
\T o

d , S
4.6 SAMPLING PROCEDU q ((%

A quantitative study,_aims¥to T ure waria and find generalizations in

which the findings ar fromithe t rge‘ted&)pulation. A research's targeted
’ &
population mustKined le \te\ nswgbe problem the researcher wishes to
investigate (Haw I, 2 :
¢

's, thiéﬁfdy‘s sampling procedure initially begun

with selec@rese ch's t ge{p@l tion, followed by choosing the sampling
N
method% g thess iize an%’mally, the execution of the entire process.

A L\/>
\
4. \rget Population

: The targeted population is also known as the theoretical population. It refers to
e whole set of entities (individuals or objects) with similar characteristics that the

researcher defines in his/her study to generalize the findings (Banerjee & Chaudhury,

Later, suitable measures were established to

this study. The following two steps concern the
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2010; Lavrakas, 2008). The target sample refers to a subdivision that represents the
entire targeted population. The researcher uses the sample for information gat /
processing, and generalizing the findings to represent that targeted populati tton
& Jones, 2010). A
This study’s targeted population are based on the annualyreports of the
Securities Commission of Malaysia to obtain the number of successful ECF funded
<

firms (issuers). The report showed that 77 successful issue o'n 2016 to 2019

(Securities Commission of Malaysia, SC, 2019). ‘\d
| ]

DS
4.6.2 Unit of Analysis b 4 \’Y*

SIS or@;mpling unit
ssiv@ps in performing

| analysis since the

Sekaran and Bougie (2016) suggest that the'uni

should be the extent of accumulated da emang fr

data analysis. Hence, the researche@g’ded too ?fi
N
primary research objectives ar investi aﬂe the effect @ financial management

practices, social networks,. and EI atform @e ECF-funded issuers and
ese

o
3

business intelligence tor. 'T‘ :LT{S Qb' represented by their founder-
manager as their vigig often rer e vie <'Q{he entire firms (Bakar et al., 2015).
Thus, the unit o% iS Co 'the @Iﬂer, CEO, CFO and COO. Therefore, to
have better %sizes ea::h tlé f@ was approached to answer the survey by a
maxim % resp P in.{rr\ole of a decision-maker, specifically in terms of

fina@ecision. The resp@ﬁts must either be the founder, director, or top
@ent teams. Thus, this study's population (N) is the total amount of successful
:'s rs, which are 77 multiplied by three respondents (77 x 3), hence equal to 231

spondents (N=231).
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This study assumes that the firms' decision-makers, such as the founder, co-
founder, and top management teams such as director, CEO, CFO, and Cov
positively participate in this survey. They are selected based on the ass@that
they are the most competent individual in the organization in term owledge,
participation in decision making, and well-versed about the organizatien's policies and

strategic planning (Brazeal, 1993; Inkinen, 2016). \,

t;in by which the
istics. iwfirms are
Yw

@
Secondly elfi@nust

After this approach, the sampling unit must first

selection for the unit of analysis is based on three chara

registered under Suruhanjaya Syarikat Malaysia (

successfully fundraise the ECF campaign from

19 and t not\,mst, only

iew\oft is, the Eéganded firms

are those represented by their foundewar as their y théﬁays an on-going

role in the daily functioning of t)'cﬁsn operati % \/{\'mﬂuence in decision
N

making; hence, the unit of analysi thisnstud isuspeeifically represented by the

successful ECF-funded fir %
(,)z L] S

-~

hin s two main sampling methods that have

firms aged three years and above were sele

been groupe ﬁo)roba lity a ngr:-eé)?ability. The probability sampling or random
samplin% d expl: ?t eves&\omponent in the population has a chance to be
chogmair et al., 2010; Se ata\g,/ 2003). There are various sampling methods under
t p of probability sampling, such as simple random sampling, systematic
ampling, multistage sampling, stratified sampling, cluster sampling, and lot quality

ssurance sampling (Banerjee & Chaudhury, 2010).

187



The non-probability or non-random sampling method explains that not every
component in the population has a chance to be chosen. In other words, the samp?!
not randomly chosen. They are selected based on the preference of the r her
(Sekaran, 2003). The purposive sampling technique is one of t)@%-random
samplings. However, non-probability sampling has certain limitations!” For example,
when the targeted population is too huge to be recognize Mer, this is not
considered a limitation when the generalization of finding que population is
not required. Other than this, from the statistical point of , duefto 1ts\na e‘of being

Yw
non-random, the non-probability sampling canno used e z{te_@s of

significance and confidence intervals (Banerje d ur)f, . \Y

is to be,ég.depends on

o)

Even so, the choice to choose Whichw g

the availability of resources and timwﬂaptions. ime@(enuinely random

sampling is impossible. Consequent% samrﬁw n q@“biased.To overcome
N

this, the researcher should pos in informagion ab e population to reduce

\w &
the degree of bias that will Qiba afr € aliditgdata collection (Banerjee &
the a

b0\‘/‘e infor, al'ion}ﬁs study's targeted population is
&

small. As such, th Wrcher\lz‘\ﬁs\ rea%al/ery successful firm which secured

funding via ECE. , 1t 'he ion of non-probability or non-random
g o

sampling or G@ue. ’ QJ
L

Y'
4.6 ification for Non-P o@bility Sampling

Chaudhury, 2010). Ba

S

%

\lon-probability, also known as the purposive sampling method, enables the
esearcher to disseminate the questionnaires directly to individuals who possess the
quired information. In this study, they refer to the successful issuers. They are

perhaps the only source of needed information or meet the researcher's predetermined
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standard (Fraenkel et al., 2011; Hair et al., 2010; Sekaran, 2003). The objective of this

research is to investigate the ECF-funded firms' performance. Therefore, in the Tﬂ

of this study, the required information can only be provided by the found@&tors

or the executive level employees in the organization. Generally, iS new in

Malaysia. It is a new emerging funding technique. Due to that, the pa&mation rate of

businesses involving crowdfunding is considered relatively low. In%fact, most of the
iz

ECF-funded firms are young. Therefore, to obtain the requ rmation and ensure

its richness, it is necessary to adopt purposive sampling to rw targeted
L

population. é ‘ .@‘T
’ X
. N" N ©
4.6.5 Sampling Size é\

Initially, this study aimed to m questio

online applications such as Gmail%’tspr
these methods can reach the tar%:pulaﬂon better an&déﬁer. The methodological
approach which the researc }Dracj ﬁi’ *}e sample size (Hill, 1998).
Furthermore, t intaccurate datal thé ssh)le size has to be representative
’ 4 f &
N tob

because every sin@le hji}
The researcher Q{t ke t i con '%tion to ensure that the data collected is

!

¢

enough to %e the whol o{ultji‘ga (Sekaran, 2003). Roscoe's (1975) rules of
thumb %ik

rese s the recommended aﬁ)\ér more samples (as cited in Hill, 1998; Sekaran,
N

% In addition, other factors to be considered before the decision on sample size

Q be made, such as; resources constraint, the objective of the study, the confidence

g(.\i'he assumption was
N,

N
at the Priate%ple size for most experimental (quantitative)

interval, the confidence level in accepting the risk, the level of inconsistency in the
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population itself, and under certain circumstances, the size of the population itself
(Sekaran & Bougie, 2016). However, aside from the above method to find the T&
size, Krejcie and Morgan's (1970) guideline seems to be more convenient (rﬁ\siable
for almost any study. Again, this study refers to the annual reports o%ecurities
Commission of Malaysia to identify and obtain the number of successful recipients of
equity crowdfunding. Therefore, using Krejcie and Morgan's, the ‘Suggested sample
size would be 140 (Krejcie & Morgan, 1970). Otherwise, Ey.a;]plied Sekaran's
(2003) minimum of 30 sample size option. This study asSumes th thdecision-

"X
maker, such as the founder, co-founder, and top ma ent tedms h‘a@ctor,

CEO, CFO, and COO, will positively participategn,.thi urve)ﬂ'T re s&lé&-éd based

in theéﬁ%;nization in

W@%ersed about the

on the assumption that they are the most e

terms of knowledge, participation i %‘y making,

organization's policies and strategicﬁasing (Br\t\% ,)ﬁ\kfnen, 2016).

i pe@r\]ance, it is essential to
&

methodo e@to represent its population.

expand the study through %ollelf
Thus, it is justified to % rposive sa Iiﬁg@hod to obtain the required data.

Since this study's obje

s g

&
The researcher in’t$) gaiﬁda a fagw face. Unfortunately, the Covid-19
arc

restricted the re to e fa@ﬂface approach. As a result, it has taken

!

¢

the consider wd adyice fr lﬁe Egc?platform to use the electronic mail surveys
N

to incre% numVebo_() pond@s, thus increasing participation in the survey

(Dil t al., 2009). UtiIisi@é electronic surveys during the pandemic has been

p \by a study conducted by Alharahsheh, Harahsheh, Ehyeh and Alrawashdeh

& 1) during pandemic Covid-19. The study population included Jordanian private
n

iversities in the northern region, with a total of five universities, and the analytic unit
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included university deans and their deputies. The authors revealed the respondents'

As

4.7 RESEARCH INSTRUMENT DEVELOPMENT A

higher participation, 93.5%, from the original samples of 108 participants.

This section discusses in detail the development of the stiidy’s research

instrument. \,
4.7.1 Questionnaire Design ‘\d
@

. _ . . AY
The questionnaire development began with re g the relev Iller.&@ that

an% ionn@@ survey
| sthtur é\v

The structure of the questionnaike employed in thi udy@'ﬁvided according

provides necessary information for this stud

approach was adopted in this study based

o

eV

to various aspects, such as; firm graphic %n @ founder-managers

S,
demographics (age, educationsg ial %d agerr(zg& experiences), financial

management practices empexze,hea[ a tWO@CF platform, the business
intelligence (mediator)%w ance," éy?i' écﬁ@'es.
nswﬁu of the questions enquired on a five-

&
The respo@e reqr sttt
point Likert raw A i 'to A@é, Afthanorhan and Mamat (2016), the

¢

Likert scale %@Ily applied a‘ese:;ral survey, either primary or secondary. The
%d

purpose%

agree,ordisagree. The descrip \/arybetween'l‘to'S'. '1' signifies 'strongly disagree,’
‘@)

N
y the atti of the\%spondents on a specific question in which they
' %l!ates to 'disagree,' '3' signifies 'neutral,’ '4' indicates to 'agree,' and '5' signifies
3 gly agree." The questionnaire consists of eight different sections. Each of the
ections contains questions related to the identified variables in the study. However,
Section 1 and Section 2 are excluded as they focus on the demographic criteria of the
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firm and founder-managers as respondents for the study. Additionally, Section 8 is
excluded as well. Section 8 is geared to obtain the respondents' ECF backgrouw

general opinion on the effect of the ECF on their performances. c}

Cover Letter: A cover letter was attached to each questionnairef It explains the

objective of the proposed study and ethical deliberations of thii sm

Section 1: Founder and Top Management Team ograph

'Y
This section consists of questions that associate With the top adsr@eam
of the firm. These include the founder-man?;' nd_thé f t@embers'

Ty &
S A S
Section 2: Firm Demographc‘) \Y ,<\
N,
This section consists of S ass%ciat ith thei?m's characteristics.
RN
S

characteristics.

employed by thefirm:Fhe i ed to each of the financial management
¢
components %able that eée@ termined in the literature review and from

N
previou earchersJi tings&ilar constructs (see Hailu & Venkarteswarlu,

201Qey include Workin®ﬁtal management, financial planning and control,

f Shl reporting and analysis, and accounting information system.

0 Section 4: Social Capital Networks
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This section consists of questions that associate with the social capital networks
as a strategy that may affect the firm's performance. T

Section 5: Equity Crowdfunding Platform q

This section consists of questions that associate with the equuf&dfunding
platform strengths as a strategy that might affect the firm's performaY'

N

Section 6: Business Intelligence as Mediator z '

This section consists of questions that associate With bu 'nw@igence as
L

the mediator that might affect the independent var , In specifi t'e @cial

analysis and financial planning towards the firm: n’an\

Section 7: The Performance ol\amded V|a dfundlng

This section consists of q@sus relate ance of successful
equity-crowdfunded firms in TI% per rmanoQo the firms is measured

using the financial and non- aml indicators, hlc@e been explained in Chapter
3. co vj l
's ¢ &
N O

su at The questlons\eeded to be as simple as possible but still capture the

‘% ntion of the survey. The Google form has been used for this purpose (Wulandari

Qal, 2020). Table 4.3 depicts all sections and the number of questions in the

questionnaires.
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Table 4.3: Summary for Sections in Questionnaires

Section Content Total Questio S
Demographic Information

1 ( _J
2 Firm Demographic

3 Financial Management Practices 17

4 Social Networks

5 ECF Platform Strengths

6 Business Intelligence \,

7 Firm Performance

8 ECF Information 0

Initially, this study intended to use secondary d f E Wrms The
Syarikat ys‘a_ﬁﬁ\/l) or
us@ udyq@' derived

se m\ta nds 0@19 availability

of the audited financial statements, }d costs. er\Nl.Q}he respondents'

researcher planned to purchase the data from Suruhan

MyData. However, due to the pandemic, finanei

from the questionnaire. The consideration t

willingness to fill in this sectlon WO an adva T

The questionnaire Was ed in Engl cand<0 |gned to suit the online
survey via Google form to g yr spondents as G%fble(Wulandarl etal., 2020),
and some modificatio f vers |1\ du t Covi 19 and movement order control

4.7.2 Instr t evel : (_/
\
y usé ‘ary d Hence, one of the vital steps that have to be
prl is developing the q@fonnalres instrument. The questionnaire is defined
as |C|al framework consisting of questions and scales to acquire primary data

et al., 2010). In the overall survey process, the data is collected from the
istribution of the questionnaire. Only then can the research objective be accomplished

(Brace, 2008). Before developing the questionnaire, the related literature was
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extensively reviewed. The literature review acts as a source of information to formulate
the research questionnaire used to determine the variables and information reI?‘M
the primary data instrument. Besides that, questions adopted and adapted fr@lous
research related to financial management practices, social networks, latforms,

business intelligence and performance measures in this study, such asghose posed by

earlier researchers as shown in Table 4.4 and Table 4.5. \,
The questionnaire has three approaches; open- d,CIosrd-ended, or a

ionnaifes rcised in
* X

qualitative research. The closed-ended questionnaires sed in quanti ti‘/e @rch.

Therefore, this study mainly uses closed-end tio% to Q&éure the

variables of interest. Furthermore, thesg:fi ind thé\‘:%sed-ended

questionnaire is that it is easy to con% will ge

while allowing the data to be analyﬁsﬁcien@;eqe {ﬁ*(Zhou etal., 2017).
i

mixture of both (Dawson, 2002). The open-ended q

a @ er response rate
An advantage of the q aire 1S thatait«is (20 ffective as it saves the

researcher's time, money, %t

respondents may atten% wer t

. ] I
questions without t ing, an(i

2

vantageous as unmotivated

:-’._g
1
;)

que })hs@th respondents may answer the

&
aIsoﬁ{Mespondents experiencing fatigue in
ei &(:%guchi, 2009).

I%{S‘P stating the objective of the research was
N

7

ver

attacheddogether with't rch ﬁtionnaire. The letter and the questionnaire were

-

distm to the respondents @nvitation and request for their consent to participate

At t |

)
<)

i dy. The covering note is essential to get the respondents’ acknowledgement

3 upport (Zikmund, 2003).
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4.7.3 Measurement lItems

When research involves the survey to collect data, a researcher needs to d?m
an instrument for measurement (Forza, 2002: Zikmund, 2003). The survey.i ent
includes items used to measure the model's constructs, the inforrfAvnd firm
demographic information. The literature review and the components (Wbles in this
study adopt measurement of the variables from other research rmave conducted
similar studies using similar variables. The items should id E.re.se t the variables,

match the definition of each construct, and pass the vali and r Iiszts.

Ay

4.7.3.1 Financial management practices mea

1. Accounting | Computerized accounti
Information managing our accounti Bl R
Systems The reporting of thé'ipancial informatien in myfirm is efficient.
My firm knows that Al c% anELnb’fop management
al es/ A

understanding o inanci

rqﬁ)(ﬁ?fof%)efter d%siéion, controlling and

V4
2. Financial d an@&"s based on the Financial
Analysis & N
Reporting [ a@mng collecting, calculating,
al_data:
asted ihéome statement.
ervanalysis.
3. Financial ly fi isesfbudgetary control.

Control

,% My, firm greated alfinancial trail to improve the decision process.
4. W % M% i hds a working capital management system.
Capité My firm maiptaihs optimal cash balances.

ent My firm maintains proper records for all payables.

Planning and %% rf s p&)l@ﬁ:al comparison to determine budget

My firm monitors its cash conversion cycle.
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4.7.3.2 Social networks affiliation measurements

My social networks' contacts supported my firm’s ECF campaign.

The mutual acts of members in the crowdfunding ecosystem helps gener
opportunities for my firm.

My family and friends supported my firm’s ECF campaign. L% z

The social network is capable of promoting creator-backers relations

provides future competitive advantage for my firm. Yy

4.7.3.3 ECF platform measurements ?
i
ECF platform provides alternative funding for my fir v
Platform providers potentially attract the investor’s willt ss to pa te on the
project launched on the platform rather than word outh attri:tion@ -~

The ECF platform’s popularity possibly attract tand ,un Oleg&my
company — act as a marketing platform for my fir o~

the investors.

Government intervention towards the ECF pla 'ncre@%rding@?fect of
. 4

o ; . &
4.7.3.4 Business intelligence as media suremen O
V - b " 4 A%
T

It helps my firm retrieve emergent ation immediate
It enhances my firm’s customer re ent dnd"makes it more
meaningful. 0N
Business intelligence creates alue m. N\
With business intelligence) irm able to i ehtify@seize opportunities better
and faster. i f | _\}
\"v/ &
4.7.3.5 Firm perf ents
&
lease $s,) to tﬁg\ best of your knowledge, your firm’s

perfofm epver(@s last three years in term of Sales Growth.

1. Financial \
Performance(o)
-

Q pPlease’ a ses@ the best of your knowledge, your firm’s
e

rifanc r the last three years in term of Return on

p
5% Assets (ROA).
\ Please ‘asséss, to the best of your knowledge, your firm’s

performance over the last three years in term of Return on
Equity (ROE).

on-financial My firm experiences customer growth after the ECF campaign.

rformance My firm's loyal customer database has increased for the past 3
Customer years.

Management) My firm's customer satisfaction have increased for the last 3
years.
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Table 4.4 and Table 4.5 below list the summary of variables and measurements

for the study. T
Table 4.4: Independent Variables Measurement q
No. | Independent Measures Adapt & Adopt ‘\
Variables
1 Financial Y'
Management X
11 BV,
Accounting Computerized system, (Chung 0, 2016)
Information Reporting efficiency,
System Founder’s knowledge, '
Timely reports ning(iyahi 2011
1.2
Financial Follow standard, doy & Goe Oﬁ) _\q
Reporting and Governance,
Analysis Prepare forecasted inco olmara eing@~
statement, \ &
Prepare breakeven analysi é
1.3 &
Financial Budgetary control} ( asiva@ Subramaniam,
Planning and Variance analysis, N ; Wolmaran & Meintjes,
Control Real time ing, 5Y.
Create trai ) (Eniolﬁk Ektebang, 2014)
- » y &
1.4 AV
Working Capital | Wogki pital management tonga, 2013)
Management ystem, N
%t in optimal cas ‘.' \)’
alances, . &
Proper M paya @}’
Qash @n cycl (Gracia-Teruel & Martinez-
lano, 2007)
\ So s
)\ \ | s (J
2
Socia twas (Giudici et al., 2013; Vismara,
2016; Nitani & Riding, 2017)
% ' (Kuppuswamy & Bayus, 2018)
(Aprilia & Wibowo, 2016)

campai
Support'other campaign

(Liao et al., 2015)

Platform
Providers

Alternative Funding
Attraction to participate
Platform popularity
Government intervention

(Mollick, 2014)

(Lacan & Desmet, 2017)
(Moine & Papiasse, 2020)
(Jiang et al, 2018)
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Table 4.4 cont

4
Mediator: Emergent Information (Al-ma, 2013) YL
Business Source of attain and maintain | (Phan & Vogel, 2010) \
Intelligence competitive advantage
Create Value (Ramakrishnan et al’}, 201
Identify and Seize Capability | (Torres, Sidorova S

(2018) Y'
N

Table 4.5: Dependent Variables Meas e( '

Depe_ndent Measurement
Variables
1 Financial Sales Growth
Performance Return on Assets

Return on Equity

2 Non-Financial Customer Perf mQJ

Performance - Customer gro
- Loyal custamer gro
- Customer satisfactio

~
,

4.7.4 Validity and Re!c' biliq ’
Given the nature his sﬂ&

ﬁ&éj‘urement items were adapted from
previous studies.@t is Lal alid e measurement components used and

N
improve the questionnairge desi d;t’) d&agm//ith the framework of the study.

@,
N\
4.7.&%&3 V)" \/Yg\

\A validity test is a test &d to measure specific components or qualities that are

‘%ined operationally. It requires the construct validity (Heale & Twycross, 2015).

e purpose of construct validation is to avoid wrong judgement or conclusion

(Bamberger, 2017; Kang et al., 2016; O'Leary-Kelly & Vokurka, 1998). The construct
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validation is valid when the components realistically represent the theoretical construct

measured (Forza, 2002). Yv

Validity tests involve pre- and post-expert validation. First, Wher(%xl of
experts is engaged to validate the measurement components and improv?&eveloped

questionnaire, and when the experts’ make modifications to the questionnaire or

measurement components, the researcher needs to amend qchly. After such

amendments, the instrument will be pre-tested to detec ssit’e problems or

enquiries related to the questionnaire that may affect the ondents to answer
o

(Malhotra & Peterson, 2006; Saunders et al., 2009). xperts vali edt@dy‘s

res@' penc@az
din expege;dback, the

\@’ distributed to
@n and the time taken

N,

owed most of the respondents

questionnaire and framework. The experts' deta?g
After the necessary amendments WW ac
pre-test procedures were conduct IHQ question

academicians and doctoral students %ntify the\mga

to complete the questionnaire. T%est r&ults

took about 20 — 30 minutes,to complet qu tion@ This procedure also caused

some changes to be m% eitemsint e}iﬁs@ent.
In addition, Wlly ar

w

’ &
\'ﬂs ein ( have confirmed that "validation is

\Vhile validity is concerned with how well the concept is defined by the
G ure(s), reliability relates to the consistency of the measures (Hair et al., 2010).
eliability concerns how the concept is measured. It differs from validity that concerns

what concept should be measured (Hair et al., 2010). According to Sekaran and Bougie
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(2010), the reliability of a measure indicates the extent to which it is without bias (error-
free). Hence, it ensures consistent measurement across time and the various it i

the instrument. It also helps assess the "goodness™ of a measure. Hair e(%’OlO)
added that reliable measures would be consistent in their vahﬁ& multiple

measurements are taken. ?
Meanwhile, as Malhotra and Birks (2008) reported, r Iiw is assessed by
: hc

determining the proportion of systematic variation in a sca can be determined

by the association between scores obtained from differe ale a mwns. If the
L
association is high, the scale yields consistent r and is t que_\@‘db'e-
Approaches for assessing reliability include f?b Ite@ S, @internal
. o
consistency methods. \, 0\ é\
One form of reliability is test-r@which consi ncy@easured between

the responses for an individual at %oints inti ai eré‘f 2010; Malhotra &

N
Birks, 2008). The objective is t hat %spo re VQ‘:POO varied across periods
is rel'gé.

vid “duidanes for coefficient alpha values,

8

so that a measurement take an oiIr'\Q
Hair et al. (20 have p

’ &
r \'rg romgul. Table 4.6 shows the rule of thumb

referred to as Cro&s alpha,l
to interpret alp% as 'by D(:)&e’orge and Mallery (2002) and Hair et al.
[

(2006). The f&)f the coeffi nltalpaa} 0.7 is considered as minimal, even though

lower v%

2006,,2040). However, for pre%@'i{)n,Hair etal. (2006, 2010) advise further inspecting

N
y alsg ?otabls&pending on the research objectives (Hair et al.,

t Xe of coefficient alpha if it records more than 0.95. It is to ensure that they

G ure the different aspects of the concept.
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Table 4.6: Rules of Thumb about Cronbach’s Alpha Coefficient Size

Alpha Coefficient Range Strength of Association 3:

<0.50 Unacceptable

<0.60 Poor
0.60t0 <0.70 Moderate
0.70t0 < 0.80 Good
0.80t0<0.90 Very Good Q
0.90 Excellent

Source: George & Mallery (Qwair et al. (2006)

The pilot testing purpose is to ensure the i

4.7.5 Pilot Testing

Cronbach'’s alpha to determine internal consi

assumes that each item is considered an e(itw test é’!‘d all correlations between the

items measured are the same. If the vaN hows

used is high in its reliability value (q-) al., 201\‘7
>

At the pilot testing stag ability test é‘qugguhnaire will be distributed

Ny AN
to a group of respondents vYﬁare tT sa hara‘(gistics as the real respondents.
[
Here, the researcher wi ss the_data est reliability and validity of the
% y v_}:.t & y y

measurement use@)ach belie%&(O provide enough reliability test for
all types of resew aran

ie, 2(@). Its credibility cannot be denied because
S’Q ' &
it has beenawidely accepte Ihotr(_gt al., 2012). However, to prove the internal

consiste% e mea gnts, @Iue of the Cronbach's coefficient should not be
Iess&.? (Hair et al., 201&)&'{:\/terms of the pilot testing of the respondent’s size, it

i \mended that the minimum sample size should be ten respondents (Saunders et

009).
However, depending on the pilot testing goals, the number of respondents can

be more or less than ten as long as the sample of respondents can evaluate the wording
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or instructions, formatting, and administration of the measurement instruments used.
Unless the pilot test goals are to assess the internal consistency, modify the instruwﬂ,
estimate items' performance, test and retest reliability, then a small sar@e of
respondents is not enough. Nevertheless, the rule of thumb in decidian@ze of the
pilot testing is 10% of the final study's sample size (Hertzog, Zoomddition, to
conduct the exploratory factor analysis, a larger sample of re@h@ is compulsory
l
The pilot study was conducted on 30 responden Il of thnstructs
al., 200; nrtallﬁ—g;S).

ou% mati@rSystems
i Planuéggz;nd Control

or@0.888), Platform

g@)rmance (0.892), and
N

trength of associations.

(Hair et al., 2010).

had Cronbach's alpha coefficient of more than 0.7 (H

Providers (0.861), Business InteIIi(ﬁﬁs(O.%? ,\hangia

Non-financial Performance (O.P%ver ood exce(l(/

Table 4.7 presents the mea hthe[ ili scog}rom the table, it is clear that

the Cronbach's alpha %t inst:y
acceptable in line with Hair e't: I
decrease to 0.6 %orat ch. &
S YUNSY
& r >
Y

25,

:ble 47 ach’stAlpha (a) of the Research Variables
L
Variables (>4 Original Items Cronbach’s alpha («)
F% Management Practices

ting Information Systems 4 .907

i ial Analysis and Reporting 4 .863
inancial Planning and Control 4 .882
orking Capital Management 4 .857
Social Networks 4 .888
Platform Providers Strengths 4 .861
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Table 4.7 cont

Business Intelligence 4 .837

Financial Performance 3 892 \z

Non-financial Performance 3 .8 )
N=30

X

4.8 DATA COLLECTION METHOD
The data was collected after the experts validated t z'onn’ire. A pilot test

was then conduct to measure its reliability (Cronbach's ao nwl‘lis stu
timeframe I .\\Y'

t% rw@arposely
robIeXn ( Ihotraﬁ:rks, 2007).

According to Hair et al. (2010), prim %an be garnered vi@’application of a

survey approach. The benefits of tl'es/ey @gm '}Sirstly, surveys allow
m%t )
L

dy

completed the data collection survey within a-six mo

Primary data refers to first-time data ga

studies specific research to address the r

D

the gaining of an extensive v data. Theyreaso ue to the credibility of

C(gésecondly, the data collected
'in@reted using advanced statistical

methods. Last buKﬁKast, SUr,v m alloghé researcher to understand better the
iors

The e, o proceed, i! st@’utilized the survey method. Respondents'
N

feedbac rmered £h : THS&CF platforms assisted in distributing the

que%ire using their datab@due to the difficulty to access the ECF-funded firms

ovid-19. The researcher sent the survey to the founders, co-founders, and top

G gement teams such as director, CEO, CFO, COO, and other designations
epresenting the firms.
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4.9 DATA ANALYSIS TECHNIQUES

This study employed two statistical techniques to analyze the survey OYM
the beginning, the researcher used the Statistical Package for Social Scie@SS)
version 20.0. The SPSS is helpful in data screening, generating desc analysis,
and plots. Therefore, it is used to determine the missing values andygto conduct the
descriptive analysis related to the demographic information. Also, ttshelps to find the
standard deviations, frequencies, and means. The foll &;isfical technique
employed was the Partial Least Squares Structural Equat ode inM‘EM) 3.0.
It enables the researcher to assess or test the reliability he validity h{ i@%nt

used for the study. Previous studies conducted b%,p er,@ AIL@?L?) have
pact oftAIS M &R and the

'ty.é

4.9.1 Descriptive Analysis ‘% 0 4 ég)

The descriptive analysis vij summary.
data

applied measurements% ibes tE‘

'3 &)
summary could $al i} e-to-ﬁefstand graphs or quantitative-like
summary statistics. descripti alysi sents the basis of the initial description

@)

also used these techniques in analyzing th

agency costs as the moderator on Pakiw Es profi

!

¢

of the data a amare pre e&at@?c?il analysis. Occasionally, it can be sufficient
N

for a specific investigati aunde% et al., 2009). Descriptive analysis is used to

| s . |
ana e profile and demo re@wﬁ/ information. This study uses descriptive analysis

t xe the respondents (founder or top management team characteristics), including

& age, gender, educational background, experiences, and entrepreneurship program
a

rticipation. In addition, this current study analyzes the ECF-funded firms’ profile
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such as types of industry, age, and size. Besides that, the descriptive analysis is also
used to analyze the information related to the firms’ equity crowdfunding activ%
Apart from that, the researcher also analyzed the mean and standar(%}lons

of the dimensions. These included a means and standard deviations fo ensions

of independent variables; four dimensions of financial management practices; working

M and reporting,

ks a'wd a dimension

capital management, financial planning and control, financial_a

and accounting information systems, a dimension of socia

of ECF platform providers. In addition, business intelli e as a mediating variable
L

Yw
and firm business performances (financial an@&nancia a hel q@dent
variables. Y' \ \Y

Mean is the arithmetic average (Haw, 20 St to measure

an interval or a ratio scale data (also cawac) (Hai
the standard deviation is a squared @nit of \m%w @ir etal., 2006, 2010).
N

It describes the spread or variat%he sﬁnple is ibliét.%ga’values from a mean and

is perhaps the most valuable dis ionli ex (Hair e &2006, 2010). The estimated

standard deviation is | a 7-point Li rt'sceb’the value of >3.0 is considered
Sy &
istrib

as large), the respo inasa utio numbers do not fall very close to a
mean of the distgibutiom, or i
¢

!
opinions. O other hand, th esﬁ‘m :,\Tjjstandard deviation is small (value of <1.0),

200@610). Meanwhile,

-3

at t)é?ls a lot of variability in the respondents'

N
then thedistribution ¥ e cloéo a mean, or it means that the respondents are
verﬁstent in their opinio@bout the variable (Hair et al., 2006, 2010). Finally,

ijard deviation of the sampling distribution of a mean is also referred to as the

t E
6 ard error of a mean (Hair et al., 2006, 2010).
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4.9.2 Partial Least Squares Structural Equation Modeling (PLS-SEM)
In order to understand the partial least squares (PLS) modeling, there i |s

to look at its root cause, which is the structural equation modeling (SEM). Itls erlc
statistical modeling technique that is concerned with the latent factors a?&represent
the theoretical constructs. SEM is commonly used in behavioral social's€ience research
(Hox & Bechger, 1998). It has been widely used in academi h and doctoral
thesis as well (Civelek, 2018). It enables the academic mst to confirm the
factor analysis model, regression model, and complex mo IWBechger

ce_Bds ctu&}%quatlon

1998).

Popular SEM approaches include the

Modeling (CB-SEM) and Partial Least S ation eling (PLS-

SEM). SEM is known as CB-SEM as | a struct

rth <%arlance between
&

the observed variables. The main of Iﬂl to %duce the theoretical
St

covariance matric by avoidi ncentrate nuthe lained variance. Most

researchers believe that SE%e 31 as €B- S@nalyms using software like
d

Amos, LISREL, Mplu others (Hair et ah, 2011).

The PLS-S Klratlor loitt pendent latent constructs' explained
variance. It has so ne used(é'ﬁarketmg and other business researches
(Henseler 9) owev tlé aEJ atlon of the PLS-SEM approach has mixed
results earclil’e se t re already familiar and attached to CB-SEM
reg S SEM as less rob@aw et al., 2011). Nonetheless, the ability of PLS-

ccommodate a smaller sample size has given it an extra mile (Marcoulides &

ders 2006; Sosik et al., 2009). In fact, according to Cassel, Hackl and Westland

999), PLS-SEM performs effectively with small samples volume and complicated
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models. According to Hair et al. (2011), the negative presumption regarding the PLS-
SEM over CB-SEM is thoughtless. Yv

PLS-SEM is such a complementary as it provides more features unfi CB-
SEM. Also, this technique does not require normal data distribution (CMewsted,
1999), and can conduct both reflective and formative variables that thy emerge
to assess the measurement model and the structural model.

in one structural model (Falk & Miller, 1992). In this study, thNEM is selected
ig tool g

eTerates loadings

and weights amongst items, creates paths between truc ; creates
standardized regression coefficient estimates, the [3 cient (Cla V@t al.,
2012; Croteau & Bergeron, 2001).

This study’s constructs are all refle ez; e gh there are

studies that modelled firm performanwarmatlve uct.@?eallty it depends

on how they define the indicators u d the pe ?ce ‘Bshs 4.8 lists the rules of

thumb in selecting either PLS- B S%M a uggeqs?t y Hair et al. (2011).
T J \
Table 4.8: T?% f Thumb i |n eIEc@PLS SEM or CB-SEM
Item PLS-SEM CB-SEM
Research fthal is predi the ke;&eﬁjget If the goal is theory testing, theory
Goals truct or i identifying k iver”  confirmation or comparison of
b i‘) alternative theories.

I e reséarchyis éxploratory or an
ten o ofane st@tructural
% theor

Y'

M ent If formative co ts are part of the  If error terms require additional
structural model. ote that formative  specification, such as covariation.

|\'Xatlon measures can also be used with CB-
SEM but to do so requires accounting
0 for relatively complex and limiting

specification rules.

Structural If the structural model is complex If the model is non-recursive.
Model (many constructs and many
indicators).
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Table 4.8 cont

Data Sample size considerations — If the If the data meet the CB-SE
Characteristic sample size is relatively low. assumptions exactly with, respect
and PLS-SEM minimum sample size to the minimum size a \
Algorithm should be equal to the larger of distributional assumptz?)
following: otherwise, PLS-SEMis a d
Ten times the largest number of approximation of CB-
formative indicators used to measure  results.
one construct Sample size con@ons — With
large data sw EM and PLS.
Ten times the largest number of SEM are e. Provided that a
structural path directed at a particular  large ber of indicator
latent construct in the structural varia used ro measure the
model. nstructsi(consistency at
I the data are to some extent non- "
normal. Under normal data condition, CB-SEM requirement cal Wbe
PLS-SEM and CB-SEM are highly e.g., ciicg@
similar, with CB-SEM providing i }t nvergence,
slightly more precise model estim istri s@t'ions),
-SEM as a geed...
PLS-SEM and CB-SEM resu \J roximation of CB*SEM
should be similar. If not che€k th ﬁgﬁlts
model specification to e <<
CB-SEM was appropria'm led. O
If not, PLS-SEM results are a goo A
approximation of C U%resul 6
Model If you need to use lat riable f yourfre;\search requires a global
Evaluation score in subse nalyzes. ‘Qooq@]‘a'é—of—fit criterion.
Ifﬂ eed to test for

{

X s

Therefor@

PLS-SEM for@%ﬁuen st%
E iai e;rgégj

approdaehi

gasurement model invariance.
Source: Hair et al. (2011)

S

umb, justifications for the adoption of

phenomenon. The number of entrepreneurs

S fgr f@ing assistance is also small. This study will focus

0 W hat have successfum secured financing via the ECF platform. As their

N

r is relatively limited (see Hair et al., 2011), this justifies PLS-SEM selection.

This study investigates the determinants of financial management practices,

social networks and ECF platform that influence the ECF-funded firms’ performance.
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Therefore, when the goal is to identify the key ‘driver’ construct (see Hair et al., 2011),

the PLS-SEM will be used. T

This study also investigates the mediating impact of business int on
the relationship between financial analyzing and reporting and financiﬁ%ning and
control. Thus, it is suitable to use the PLS-SEM (Hair et al., 2011). T%e 4.9 explains

the rules of thumb in evaluating the model. V

Table 4.9: The Rules of Thumb for Mo valu tl&\d
| N

lity should e higher than 0:70
accepﬁb . N

i W .70.
shoul@gher than

0.50.
Discriminant validity: The AV %tent con ou@@her than the
construct’s highest squared correla ith any otheplatent censtruct (Fornell—

Larcker criterion). _\

An indicator’s loadings shoul gher @ff ts r@oadings.

Examine each indicator’ relative im loading (absolute
importance) and use b ing to ance.

The minimum number o tstr nd the number of cases
should be equal to th er of obser i ns in the*original sample. Critical t-
values for a two#tailed test are 1.65 (si vel = 10 per cent), 1.96
(significance le %@ r cent)gand ?( cance level = 1 per cent).
When all the indicat we| r ni CQJ here is empirical support to keep all
the |nd|c

If both th |gh and Edln e non chant there is no empirical support to
retain t ndl or an retl vance should be questioned.

Multi I11n 1ty agh in nce inflation factor (VIF) value should be
less t

d r wei Md e med to determine if they are affected by
ed or uno erve‘d) geneity, which results in significantly different
-speC|f|c coeff|C|e theory supports the existence of alternative groups of
ta carry out PLS-SE ultlgroup or moderator analyzes. If no theory or

;\mformatlon is available about the underlying groups of data, an assessment of

==
@D
3
-
=
»
%)
m
<

Internal consistency reliability: Composite re
(in exploratory research, 0.60 to 0.70 is coRsi
Indicator reliability: Indicator loadings sho
Convergent validity: The average vari

Reflective Measurement

Measurement Models |Models

Formative

unobserved heterogeneity’s existence must be conducted by means of the finite
mixture PLS (FIMIX-PLS) method.

When many indicators are used to measure a formative construct, with some being
nonsignificant, establish two or more distinct constructs, provided there is
theoretical support for this step.
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Table 4.9 cont

R 2 values of 0.75, 0.50, or 0.25 for endogenous latent variables in the struct
model can be described as substantial, moderate, or weak, respectively. LV
Use bootstrapping to assess the path coefficients’ significance. The mini N
number of bootstrap samples is 5,000, and the number of cases should t% 0
the number of observations in the original sample. Critical t-values foria two-tailed
test are 1.65 (significance level = 10 per cent), 1.96 (significance le er
cent), and 2.58 (significance level = 1 per cent).

Predictive relevance: Use blindfolding to obtain cross-validated re ancy
measures for each construct. Make sure the number of valid ebservations is not a

multiple integer number of the omission distance d. Choose va f d between 5
and 10.

Resulting Q 2 values of larger than zero indicate that thé,exogenous constructs have
predictive relevance for the endogenous construct unde i eratil)n.
Heterogeneity: If theory supports the existence of ive groups of , carry
out PLS-SEM multigroup or moderator analyzes. If n ory or in ion about

Structural Model

the underlying groups of data is available, an assessment of unobserved \‘T
heterogeneity’s existence must be conducted by means of the Fl Pﬂsié‘mod,
which is available in the SmartPLS software age. _ | -
Y. 0 air\et}al. (2011)
\ T
4.10 STAGES AND PROCESSES I

According to Barclay, Higgi@s %9 ere are two main steps
N

required to analyze and expla%LS r'ﬁodel. e rement model and the
structural model. The form \resr ea rem@( its reliability and validity.
The measurement mo i iﬁs the relatio

sh'p b@/een the items and constructs. It
explains the consK nd sen?s
latter tests the akelationship

er
’ 4 ¢ &
“K :
r@c?wo processes.
N

0 theﬁbllen, 1989; Gefen et al., 2000). The
following s &@nsd cribe
Q/i ? S

%

4.1 st Stage: Assessme 6F the Measurement Model
K

n theﬁéﬁfnstructs (Fornell-Larcker, 1981). The

!
rtfle

\fhis assessment measures the outer model. Thus, it will be assessed by validity
ndereliability, as exhibited in Table 4.10. According to Sekaran and Bougie (2010),
e reliability test is performed to determine how reliably the measuring instrument

measures the concept used in the study. To analyze the reliability, the internal
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consistency reliability is performed. For the individual item reliabilities, the researcher

looked at their loadings on the particular constructs. Yv

In the case of the validity test, this test examines how well the re@ has
developed the instrument, that is, whether the instrument measure wh upposed
to measure (Sekaran & Bougie, 2010). Item reliability and validity argghe main focus

of Stage 1. According to Hair et al. (2017), researchers may. row with structural
model testing after all the required criteria are met by hu ement models.
Measurement items are deemed reliable if they consiste eas rewepts they
are intended to measure. On the other hand, measure items are d e‘ t@/alld

if they measure their intended concept well. e“ nd c@%'lmlnant

d@hthls study is
reliable and valid. Table 4.10 explalnwasuremen el'séssment tests, the

threshold value, and some explan Impor . es ;( must be done and

confirmed before testing the hy% in t% sec sta essment
‘C\ | @
4.10.1.1 Indicator rel uter r;y;‘t
|f a

Accordeeh an n indicator truly measures what
it is intended to measure, the i cator Ilable Indicator reliability is conducted

¢

validity were performed to test whether or th

nﬁlc&tjrg are consistent with what they intend to

to test the Es 0 which_t
measur |s udy i cutﬂF\/aIue of 0.5 to determine the significance value

L
eim:hcator (Hair et al. @ Loading values equal to and greater than 0.5 are

le, if the summation of loadings in high loading scores, contributing to AVE

: E
0 s of greater than 0.5 (Byrne, 2016).

212



4.10.1.2 Convergent validity

Convergent validity can normally be determined using the Average VT
Extracted (AVE). Fornell and Larcker (1981) underlined the condition that E of
a construct should be at least 0.5 in PLS for convergent validity to be a&% Urbach
and Ahlemann (2010) state that convergent validity takes two m ures that are

supposed to be measuring the same construct and show that th%Nated

4.10.1.3 Discriminant validity ‘\d
@

The Fornell-Larcker’s criterion (Fornell & L r, 1981) a c‘os.&qading

Ii% ly K,‘G'in PLS.
areoqot posedébe related are
in fact, unrelated (Urbach & Ahlema\%) Once om[@ t score of each

latent variable (LV) correlates Wlt% of all %m | LIC s-loading is present

N
(Chin, 1998b). There is no ange9b|I

ity between-indicators of different
constructs, if, compared to %er t e@ng of each indicator for its
designated construct i ?As per n:‘}?r néll ker criterion, the AVE of each

(Chin, 1998b) are the two measures of discri

Discriminant validity shows that two measures t

&

LV should be grea %n the g est &red correlation with any other LV.
Therefore, an m har rlan@(th its assigned indicators than with any

other LV. ES es) the bove- vé @Imes Henseler et al. (2015) recommend
testing MT ‘yvhethe?lt is significantly different from 1.00 via
boom& ing. HTMT could K e tested at a lower threshold value such as 0.85 or

ending on the study context (Franke & Sarstedt, 2019). A summary of the

Galmes for assessing measurement model validity is provided in Table 4.10.
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Table 4.10: Assessment of Measurement Model

Reliability Measure Threshold Explanation
and Value
Validity
Internal Composite CR>0.70 Similar to a Cronbach? m for
consistency reliability (Fornell & internal consistency rﬁ%:y (CR)
reliability (CR) Larcker, 1981)  assessment, a CR of 0.70 or “higher is
counted acceptable ( Larcker,
1981). The different is that, CR focused
on individual ite lgading whereas,
the Cronbach’s esumes that each
item contributestifl the same way to its
construct ( tal.}1995).
Indicator Items Loadings > The indi reliability ‘can bgassessed
reliability loading 0.50 (Hair et by inspecting the i w. Hence,
al., 2010) it is vital to have a/satisfagct yI'hdiQtor
[ for a measurement @del,
each item’s léading issno less
0. V&
Convergent Average AVE > 0.50 easties t rianc;}ezl*gabtured by
validity variance (Fornell & the, indica ative easurement
extracted Larcker, 19 ror, thus, it should be&gmerthan 0.50
(AVE) o validate using the<construct (Barclay
\ et al., 1995):
Discriminant ~ Cross Not zﬁwjble ,_diserinfinant” validity shows the
validity loadings Py egree t V\@)\? one construct varies
fr otherq.t an be assessed by using
E twio mea ﬁtes:
\ Ag Fqéeu and Larcker’s (1981)
criterion, and
2) loading.
s 2 Ihe oadingshof the indicators must be
er on their respective construct
\ { \\ @nﬁpared to other constructs.
Discriminant Il- Not applicablel, ) There are two aspects of measuring the
validity arcker

(J construct correlations
NS 2) Compare the AVE with the squared
é correlations among the construct

O Fornell-Larcker criterion (Chin, 2010):
{ C—-) 1) Compare the square root of AVE to

Y' correlations. The purpose is to ensure
("'J\/ the AVE/square root of AVE should be
N greater than each of the construct

correlations. Then only can be said that
the measurement model has
demonstrated adequate discriminant
validity (Fornell & Larcker, 1981).

iscriminant
validity

Heterotrait-
monorait
(HTMT)
ratio of

HTMT < than HTMT values close to 1 shows a lack of
1.00 (Henseler  discriminant validity. Using the HTMT
et al., 2015), as a criterion involves comparing it to a

predefined threshold. If the value of the
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correlation ~ HTMTo.ss HTMT is higher than this threshold, one

criterion (Kline, 2011), can conclude that there is a lack of
HTMTo.9 discriminant validity. Kline
(Gold et al., proposed a threshold of 0.85, he as,

2001) Gold et al. (2001) propose of
0.90. t)

4.10.2 Second Stage: Assessment of the Structural Model \,z

The second main step is assessing the structural equ?model After the
m

measurement model is validated, a representation of the struc 0 eI can be made
by specifying the relationships among the constructs. The“structural I.pro%ldes
details on the links between the variable (Hair et 10; Ho 2006 ' .f)

As proposed by Hair, Babin and Kre ), t str ral bd‘g can be

assessed by observing the beta (B), R StMZ)’

through a bootstrapping technlque wit

ik
Q{Zﬂs well since Sullivan
‘0

reporting the effect sizes (f2) and |c i
and Fenin (2012) claim that t@ %} whetherthe effect exists but does
not disclose the size of the I

The structural% inclu %j ;ell tionships among the hypothetical

constructs. In PLS@Wappidg is to meéure the structural model. It thus differs

from the cov -based a S. C.T)@ PLS path modeling does not count the
% 4

goodness- t. 1¢1s du to e surq@.wn of a distribution-free variance. Instead, in

PLS, t aram ri e s ca employed to assess the quality of the structural

seler et al., 2009). ‘h&'ﬁe PLS approach, to evaluate the model's quality, the
er should focus on the path coefficients' directions and significance level,

|Iar to the multiple regression's coefficients (Chin, 1998b).
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According to Kock and Lynn (2012), though the discriminant validity criteria
has been fulfilled (no issue on the vertical collinearity), but in the same cases, the?m
collinearity (predictor — criterion collinearity) may distort the findings. \

Thus, before measuring the structural model, it is vital to ensure‘l&were is no
issue with the collinearity in the structural model. This would OC(WGH the two
hypothesized variables causally relate in assessing the same OM. According to
Diamantopoulos and Siguaw (2006), the threshold is 3.3. Y;I-'air etal. (2011)

propose that the variance inflation factor (VIF) value sh be legs Mair etal.,

2011). [ _\C—}

4 \,Y'
4.10.2.1 Assessment on collinearity issueJ' \ é\v
re i
in

—X

To ensure that the data introdu 0 bas to the |on@1ts, the structural
relationships were assessed and colI@Sty issue \sr% dies have stated that

N
predictor constructs could have%):gy ccoll&lté‘?lty issues if they have a

VIF value of above 5; wh %eri[ atylower, values (3 to 5) could also

<>

indicate collinearity (Becker e ;a'l'. 2@; Mason & Perreault 1991).

A il
Therefore, the rese&t{sho@o a V&w ue of 3 and lower. One method to
address coIIinew oc 'els t@ﬁre theory-supported and with a higher

@ ? C.)

order (Hair b)l?). O
& 3

4.1Q&st|mate for path co@cﬁents

\‘\s part of the hypothesis testing in this study, the results of each path
elationship in the model were generated using a bootstrapping procedure (a
onparametric test in PLS). In bootstrapping, the original sample is replaced with

repeated random sampling to obtain the standard errors for hypothesis testing and to
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create a bootstrapped sample (Hair et al. 2011). Chin (2010) suggests performing
bootstrapping with 1000 re-samples. To test significance level, the bootstr

function in SmartPLS 3.0 software was used to generate the t-statistics f@ths.
The bootstrapping method with 5000 bootstrap re-sampling and‘k;orrected
confidence intervals was utilized (Hair et al., 2016; Hsu et al., 0). Bootstrap

samples are derived by repeatedly estimating the coefficients itmimum of 5,000
bootstrap samples, each of which comprises N case wmy' sampled with
replacement from the original sample N. The bootstrappi as se t(}&c@égificance
level, with a one-tailed test and 5,000 subsamples¢ ’ .@‘T
Ramayah et al. (2018) provide a guideli the criti ues@‘rthe one-
tailed test are 2.33 at the 1 per cent signific eﬁ .64%3; 5 per cent

significance level (o = 0.05), and 1.2 t iﬁc@level (a=0.1).

Moreover, weaker relationships C(@Se wit

N
coefficients, while strong positi fonships cotrelate <'gvm",gcglalues close to +1 (Hair

[S—

[¢]
=]
[¢]
o]
(@]
[¢]
=

@Es of estimated path

5
—-5€

etal., 2017).

X
Y'\ S
The significan% evealin#}/bm@ized direction and empirically
, W

i &

'stJthe insignificant paths or contrary

support the proposetycausal rf
relationship ind% t th otheé‘iéﬂr(/as not supported (Gotz et al., 2010).
0) d

’ (J"?
\
4.10.2. kffic' Pterm'i&ion R2 of endogenous latent variables
Y.
Axt, the model’s pre@ve accuracy was evaluated using the coefficient of

@aﬁon (R?). A model’s explanatory power can be determined from its R? value.
6 coefficient measures the variance that can be explained by each of the endogenous
onstructs (Shmueli & Koppius, 2011). Rigdon (2012) also indicates that in-sample

predictive power could also be determined from the R2 value. In other words, the
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coefficient of determination (R?), ranging from 0 to 1, shows the model's predictive
power. Hair, Hult, Ringle, and Sarstedt (2017) state that the model has a
predictive accuracy if it has a higher R2 value. Falk and Miller (1992) su@that
R2 values should be the same or more than 0.10 so that the explaln nce of a
specific endogenous construct can be considered adequate. Meanth(.%hen (1988)
explained that R2 values for endogenous variables are v |UN follows; 0.26
(substantial), 0.13 (moderate), and 0.02 (weak). On the md' Chin (1998b)

measured R2 as 0.67 (substantial), 0.33 (moderate), and 079 (weak). r, Hair et
L

al. (2016) acclaim that Rz values for endogenous@nable are e{sew.{a}YO‘B
(substantial), 0.50 (moderate), and 0.25 (weak):

Next, after examining the R2 of all @Zj \s and,é% esult of the
ess@\ﬁe change in the

r)tr\'l\butlon in the model.

hypotheses, the effect size of the medN ct wil

R2 shows whether the mediating va%has asl \I‘lsa

@

~ &
4.10.2.4 The effect size (f2 \ ¥ \A
This study als% the efl;:.t} tf%ﬁetermines whether exogenous
4 rate,

latent constructs Wbstan'i ak impact on the endogenous latent
construct (Gef et 201

i et aI(J 17) propose for researchers to test the

change inth e anw e éolejc?lQSS) recommended a guideline to measure
the ma t f the £2, whi |s Oeé\(large effects), 0.15 (medium effects), and 0.02
(sm cts). NV

\‘°

6&2 5 Predictive relevance (blindfolding) Q2
Predictive relevance or the Q2 test was developed by Stone (1974) and Geisser

(1975). It examines the model's predictive validity using the non-parametric Stone-
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Geisser test (Chi, 1998a; Fornell et al., 1994; Geisser, 1975; Stone, 1975). This test
uses the "blindfolding™ technique. According to Henseler, Ringle and Sinkovics I?!V
the blindfolding process is merely applied to endogenous latent variabl@ave
reflective measurement model function. The test is an indicator of how‘ﬂNwe model
and its parameter estimates reproduces the observed values. Form al. (1994)
explained that depending on the form of prediction, the cross-validated commonality
and cross-validated redundancy may occur. However, Chi SY%)

;]roposes the use

of cross-validated redundancy to assess the predictive ance fWretical or

@
Yw
odel is re deﬁ@ving

ed% nce%%n the Q2

value is zero or lesser (Barroso et al., 2010)% y nies inndL@&é procedure
ED n

S of@ictive relevance.
Hair et al. (2017) recommend thatﬁ@jlindf@r

structural model. If the Q2 value is greater than zero,

predictive relevance. In other words, the model

—og

ce &‘\use only endogenous

constructs with a reflective me t. Ifthe v aof(o '\greater than 0, then the
predictive relevance of the % m M@icular endogenous construct
(Cha, 1994; Fornell et%} : Hair“eT
N

4.10.2.6 PLS predict{Q%ore N
ST O
Hair g

%

!

and' Sarstedt éo 1‘)?xplained the lack of a statistical tool that

NN
allows esearchep’t ?rgo théholdout sampling approach to evaluate out-of-
sam edictive ability as @emative with a multivariate procedure. Thus, to
‘@ this type of analysis in PLS-SEM, Shmueli et al. (2016) propose the
6 redict technique. PLSpredict applies a holdout sample approach to generate
bservation-level predictions on an item level (Shmueli et al., 2019). Evaluation

metrics such as R? and Q? reported for PLS-SEM results provide in-sample predictions,
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but PLSpredict uses multiple randomly selected holdout samples to calculate out-of-
sample predictive power. Information systems researchers using PLS-SEM v
routinely report the results for the PLSpredict procedure (Chin, 1998 Ni in
2017).

Further to that, as suggested by Shmueli, Sarstedt, HaWeah, Ting,
Vaithilingam and Ringle (2019), explain the holdout sample%%. ocedure which

generates case-level predictions on an item or a construct ing re PLS-Predict

with a k=10-fold procedure to check for predictive re ce. Shm I (2019)
suggest measuring the root mean squared error (R and a‘me b[;o _ﬁe} rror
(MAE) of linear model (LM) value with th n f th@T_S The
difference between the two is known as Q di hum LS predicts
that when the exogenous and endoger\%: in W values lower
than RMSE or MAE of naive LM b ark, the 'Mh prediction power.
\
If all show a positive sign o predﬂt, th cthe% ictive relevance is not
confirmed. The negative m ign of'Q%predict s G@moderate predictive power,

whereas minority mear% low "r ﬂ ‘ﬁo igure 4.2 shows the procedures
to translate the PLS fredict o Utf NS
NS

o !
S

N
\C-)

s

C—)
&
N
N
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Assess the PLS-SEM Q) valuc for all
nxlicatars of a measurcinent mocel
T

Arc predaction ¢rrors
highty symumetically
listizbuted 7

Use RNISE Use MAE

L |
+

Checic if
PLS-SEM < LM

Fora
majority of
inclicators Q
X
Predictive relevance not confinmex) Low Aednun High
Check for data and/or measuresnent pre=dictive predictive predictive
model sssucs power power power

v 0\80 e: Shr@h"et al. (2019)
Figure 4.2: Interpretinwaedict Res uic@%s
AN

53 @ S
“« Q-
4.10.2.7 Assessment for medw ariab ness intélligence)
N
This re rthoy th bpo@ping approach (Arbuckle &
SS a

Wothke, 1999) to asse inesi\n't i ncsémediating or indirect effect on the
relationship betw@ant@nd t@tcomes. Many researchers favorably

N
use this met@val ating .indi teééts (Bollen & Stine, 1990; Hayes, 2009;

MacKinno%, 20045 Magki o@fuecken, 2011; Mackinnon, 2011; Preacher &

4
Hayes SQShrout & olf;'er,\i,ﬁUZ). Bootstrap results are claimed to have more
ac% robability estimatesﬁs this method can help with mediation problems in

the mediator and outcome variables are not normally distributed (Hayes 2009;

Qrout & Bolger, 2002). The reasons to apply the bootstrapping method are: (i) this

method provides a general way to test significance and confidence intervals in a wide
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variety of situations; and (ii) this method does not require many assumptions, and as
such, make the result more accurate (MacKinnon, Fairchild, & Fritz, 2007). Y~

To evaluate the mediator, the researcher needs to consider each h@gs ized
path, the total effect, indirect effect, and direct effect. The total effect egree to
which a change in the predictor (independent) variable is related %0 the criterion
(dependent) variable. The indirect effect is the degree to which cWin the predictor
variable produces a change in the criterion variable throug Y;at r variable. The
direct effect is the degree to which a change in the predictar, varia Iew‘y re

lated
Yw

to the criterion variable without going through the me variahle. s’:m@irect

and indirect effects equals total effects. Conventi ge% tis si@ﬁficant if
the 95% confidence interval (Cl) denoted bw nd nf\)pe unds g@gae the value
of 0. > é

The researcher needs to deteﬁ%whethe\d%re q@’!e mediation is partial
N
or full mediation (Mathieu & T%)OG).qf bothpt ind@t effect and direct effect

are significant, this indicat a 'all ation. If t% irect effect and total effect
t

are significant, but the direet,effect is not si ifica is reveals a full mediation.
’ 4 ¢ &
NS &
4.11 CHAPTER SUMMA &
e DL M

This has discu d‘rhecej‘;?arch methodology employed in this study.

N
This stu yed & sur )netho& collect the data, which then used a quantitative

appmAto observe and me@é the collected numeric information. The unit of

a \h in this study were firms that successfully obtained funding from equity
rowdfunding and represented by the owner-manager. The survey questionnaire was
repared in English. Unfortunately, due to Covid-19 and the movement control order

(MCO), the questionnaire has to be adopted into Google form as a medium in
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distribution to the respondents. The Google form questionnaire link was sent to the

ECF platform providers via mail, and to reach the expected outcome, folwm
procedures were conducted. C}

The questionnaire consisted of 58 items. The measurement scﬁ!&re tested

for validity and reliability to ensure appropriateness. The study exw the direct

effect involving exogenous and endogenous variables. Further, it"also analyzed the

%n us variable and

impact of a mediator on the relationships between the sele

endogenous variables. The data was compiled and then"amalyzed using, thie Statistical

AY
Package of Social Science (SPSS) 20.0 and PLS-S rsion 3.0. ﬂe)i@apter
discusses the results of the main data analysis f is Study. ¢ \/‘T
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