CHAPTER III

RESEARCH METHODOLOGY g)

3.1 Introduction A

This chapter outlined the research design, the research me W the population under

study, the sampling procedure and the method that was used to collect data. The reliability and
validity of the research instrument are addressed. Eth t

d'rations pertaining to the

research are also discussed.
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3.2 Research Process 2 T

\ﬁts N
the ent stages the research

Figure 3-1 depicts the research proce%zh hi
employed. The first stage denotes the r@ area,

of the research literature from earlie hapters \e~:}4 r

Il by a thorough assessment
%and conceptual framework was
developed and discussed. Pilot r |nve&|gat , r |nary data testing, and instrument

modification followed. Field k

|V|tr
and conclusions were the% bj"'
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the t stage and data analysis, interpretation,
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Step 1

Figure 3-1: Research Process of the study

Introduction: Area

T

Identification of research issue

£03

Literature Review

IT

Theoretical/conceptual framework

2o 2

Hypotheses and Instruments Development

MODELﬂ)irect Effect
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factors that can influence
perceived level of employee
performance using objective
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through SEM.
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To  investigate  whether  risk
perception mediates between work
environment satisfaction and
perceived level of employee
performance using objective measure
(Questionnaire) through SEM.
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3.3 Research Design

The study selected survey and case-study research design under the mixed methods

strategy to reach the research objectives. This method was selected becaus: it enables the use of
a triangulation strategy, which is considered the best approach to ensur; t\h;?alidity of research
findings in social sciences (Bryman, 2008). Additionally, the approe?ﬁ‘?enables the researcher to
go to the field to collect data addressing the research question am digcovering the effect of risk

A
perception and work environment satisfaction on employee’s performance among staffs of
v ]

< |\
Yq
The design is a framework, or road map, that guides the selection ofa survey sample and

o N

influences a variety of other key elements of the survey (Sutton, 2009). Therefore, the different
PN VDS
sampling techniques and methods used in this sample design enable researchers to perform
h SANEEE Y
studies on staffs of Skikda oil refinery in Algeria, so that the findings may be utilized to draw
) e O
conclusions that can be applied to the whole populatlon é}c?

N Y .
- i
The objectives of the study include descriptive a nd hypothesis testing. Because this kind
(Y | T1TO
of inquiry was correlations study, the study setting was non-contrived. A correlation study is
carried out in a natural setting Wlth little researcher intervention. The individual employees’
a Y NV Y
performance Ievel and Work enwronment satisfaction is the unit of analysis for the population to

. d ) §
\ b)\q’
S
)

Skikda oil refinery in Algeria.
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3.4 Population and Sample

) \w 4
34.1 Study Population

A\

A population is a complete set of people with a specialized set of characteristics, usually

defined based on certain criteria such as geographical location (Cres&l, 2014), it is divided into
A
two groups: target and accessible populations. The target population refers to the whole group of

&
people or things from whom researchers want to derive findings. It is often referred to as the

ot 4
theoretical population since it has a wide range of features. The accessible population, on the

N I Y. N

other hand, is a subset of the target population from which the researcher collects his samples

— % 22X d X
(Banerjee & Chaudhury, 2010). The target population of the present study included all workers

~ \
of Algeria's Skikda oil plant. The sum of es foéki refi ~e%was estimated at 12,000
people (Sonatrach Annual Report, 2019). i
NP/S
N7 " Lo\

34.2 Sample Size

needed, who are basically n

the study (Creswelébw). T

I
¢
Morgan (1970) tﬁﬂ@)f samplin bfseej&? the study population. For the population of 12,000

N
employees % Iectfd.ajy)?ﬁneg@the required sample size based on Krejcie and Morgan
(1970) is approximately 3®mples.

&

hough, a general rule of the thumb is to always use a larger sample size possible, as

v - ‘ \‘
In a quantitative r earcithe par’icip ion @fﬁciently large number of individuals is
re

:
exteQ§rfely describe experiences and phenomena in

e si e<\¢0r this study was determined using Krejcie and

e larger the sample the more representative it be. Hence from the estimated sampled size that
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was determined in this study, the value was rounded up to 400 samples in order to take care of

outliers, non-response and missing values and questionnaire.

Thus, the minimal sample size for this research is three hundr seventy-5|x (376)
respondents from a population of 12,000 workers from the chosen oil refineries (Krejcie &
Morgan, 1970; Sekaran, 2003). As a result, the sample size wil enough information for

subsequent data processing. Because this research study i cIu?'f!sting at a certain moment in

time, four hundred (400) respondents are thought to gi r Ilat;l\lnfa-natlon

Simple random sampling is used in sampl%&dom sampling ‘s_{k}nd of probability

sampling design in which everyone has a know q aJQ fbeﬂ&hosen This sample
Y*

method is the least biased, and the results c neraﬂ‘zed

3.4.3 Sampling Technique

0 ‘:i?
Probability sampling e i thls rch. The goal of this approach is to
\

reduce sample bias (Sekaran, 03) ’Drob ||ty pllng techniques are mostly used in

quantitative studies, and tha ente.( tﬂ? relatlvely large number of units from a

population, or frorﬁ‘g&\cm S o&@, populatlon in a random manner where the
[ (/

probability of | eﬁc b f the population is determinable” (Teddlie & Yu,
2007). Int stan'ce t : y Iatlon was based on oil refineries in Algeria. Skikda oil
refinery, wi 5se cted based on p\f'ojductlon capacity and being the central and major refinery in

WhICh result can be generalized on other refineries. Secondly, by simple random
Q method, based on the estimated employees of the refinery, the sample size was
uted. The employees were randomly selected based on their current job level as,

management staff, senior staff, and junior staff.
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3.5 Research Instrument

A research instrument is a device that is used to measure natural andssecial phenomena
(Rowold, 2008). A questionnaire, which includes questions or statem N gned to assess
certain constructs, was used in this research as an instrument. In thisaﬁh]e questionnaire is
designed based on sections with headings that reflect the name othended construct, with
items measured in Likert scale format. The questionnaire mas adapted from previous
studies comprised four (4) different section includin ,%g‘aphic information, work

environment satisfaction (Janmaimool & Watanabe, 14) M;ce%_ipn (Raziq &

N
Maulabakhsha, 2015) as well as employees’ perfo Koop tJI._@4).
Y-

P 4
o 7~ -
3.5.1 Operationalization of Data

-) by P 3
These questionnaires were adoptm»m oop et_ﬁ. (2014) study on Employees’

(—a A
Performance. The 26 items questioanai wa%)ro Qopmans et al. (2014) comprised
‘% .
questions regarding task perfor ; conMrfo;&%ﬁce, and adaptive performance. A 5-
\
:

point Likert scale is usetfor aluation as
performance will be based on*Sel {( ; “Sometimes” (2); “Frequently” (3); “Often” (4); and

A

“Always” (5) while Taskperf negfwill b@ased on “Never” (1); “Seldom” (2); “Sometimes”

1 O
3); “Frequently’g}ld ‘f)ﬁ‘en’ 4 C')

*

%:,%\
&5

ownsn~Table 3-1. The Contextual and adaptive
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Table 3-1 Questions on Employees’ performance

CODE | FACTORS | QUESTIONS
Contextual Pe rformance
Pl I was able to meet my appointments.
P2 | was able to fulfill my responsibilitiesas specified.
P3 Collaboration with others red uces‘nﬂggf'accident.
P4 I understood others well, when told me something.
P5 Communication with others led tefimprove productivity.

P6 I came up with creative ide
productivity

rk in order improve

P7 I took the initiative when thegre was a problem to be solved.

P8 I took the risk when someéthing he!d to be organized.

P9 | started new task s“f eh.my old ones were finished.

P10 | asked for help when there afe leakagessin LNG

P11 | was open to critict i )

P12 I tried to lear the feedback T got frem others on my
work. y

Adaptive Performance

bilify)

P13 Iworkg i
P14 [ wg\r%fq eping_myob skills Up to date.
P15 | haveyde monstrated

as able t

P16 itmﬁficult situations and setbacks

i
N

i N
P17 veréd fa ifter gj&ult situations or setbacks at
ork. ~_ R
P18 camestp-with creative solutions to new problems

P19 Y"'I was abl o’cg@%ll with uncertain and unpredictable

situations’at w

P20 I e8sily-adjlsted to changes in my work

Task Perf nce | INN VY
P21 « |1 nagegjgplan my work so that it was done on time
P22 - MPworked fowards the end result of my work.
)

P23 C; | I ept+in mind the results that | had to achieve in my work.

P24 | had_trouble setting priorities in my work.
P25 LWwas able to separate main issues from side issues at work.
((/ @as able to perform my work well with minimal time

P26
< “and effort.

se questionnaires were adopted from Janmaimool and Watanabe (2014) who

@ted a study on risk perception as depicted in Table 3-2. A Likert scale, a single-select,

rating scale question method was used to collect the data related to respondents’ attitudes about
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industrial risks. Respondents were asked to rate their level of concern about potential impacts of
air pollutants on their health and well-being, divided into five aspects. In ¢ to previous
research, on risk perception, where the relevant characteristics of risk and%g.s ales have been
based on literature, the study uses the 5- point rating scale ranged frak( high impact”) to 4
(“Extremely Low Impact”). Respondents were asked nine questioWld the results obtained
would be tested for their correlation before being added ﬁd}fzulated as a mean score,

representing a level of risk perception.

Table 3-2 Questionnaires

CODE | FACTORS QUESTIONS o o~
Risk Perception ¥~ ~N 7N
R1 Sometimes jit is necessary+to fgnore safety regulations keep
productiop-goi 0\
R2 There i I

imes pressure to %Sproduction before

R3 idents pre d if a little care and
ventive measures
R4 re g to personal safety
to keep up with the production
R5

R6 it ﬁq.eessary to take chances to get a job done.

i A
L , Sometie
R7 (\ |Lo Fsmall ries and minor accidents are a sign that

erio cidents could also occur.

I en%@ near misses at the workplace are often the
0

f
R8 \ : d _
C!'\ ’ lto planning and management.
R9 Q_f I ) I)Jintidg.()ut breaches of safety instructions can easily be
5 L

see unnecessary hassle

R10 Goqd proposal on how to improve safety are often stopped
if-they cost too much
R ‘Some workers are accident prone

The use of machines and technical equipment make
accident unavoidable
Most accidents are due to human failure (negligence,

inattention)
R14 I never think about the risks now that | am used to the work
R15 The permit to work system is just a paperwork system
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This questionnaire was adopted from Razig and Maulabakhsha (2015 0 carried out a
study on Work Environment Satisfaction. As shown in Table 3-3, the ;Qﬁ.questionnaire
adapted from Razig and Maulabakhsha (2015) included questions abon@v needs, job safety
and security, working hours, trust, coworker and supervisor relatiorwy, and nature of work to
determine the impact of overall working environment satisfactioNresponses were graded on

a 5-point Likert scale ranging from "not at all plﬁi satisfied," "neither” "slightly

satisfied,” and "totally satisfied.” Many authors opine t st is.?fcaidgka%ef are the most

: : : N
appropriate and consistent tools for evaluating hu@ data (Bu rlzg@). As a result, the
programmed “Statistical Package for Social SWS \QQ fo statistical analyses

SPSS év
(5PSS) (_}’ N
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Table 3-3 Questionnaires on Work Environment Satisfaction

CODE | FACTORS QUESTIONS Ty
Work Environment ‘
Satisfaction Ve
Sl Satisfaction with physical working conditi 9}
S2 Satisfaction with current maintenance of &mlﬂng
S3 The firm has sufficient arrangements for the health and safety of its
employees
S4 Management act very fast to protect empleyees from accident
S5 The hygiene maintenance in the or;}?ion
S6 The company encourages a goo ife balance scheme for its
employees (flexible workin .
S7 The work activities comparedit r skills and the opportunities for
improving your compet
S8 Access to equipment necess or perfor yourktasks
S9 The firm is committed ployeefs deqx&oyme@f:)tﬁrough trainings
and workshops AN
S10 Teamwork In the instittion ~ » * b
S11 Possibilities to re ssistance co-workers when necessary
Top Management & - A\
Esteem Needs N s ‘é\
S12 ides me With sufficientdnformation related to work
S13 Superviso e expectations of work
S14 ryst in fellew co-workers
S15 late supervisors toward employees
S16 ing the Trust jathe Head of the Department
S17 nsibility,in the'organization as a whole
Job Safety Security &
Work Hours L 4 N
S18 rainingthelped In agvanpcement of career
S19 Training.helpéd.to improve work efficiency
S20 : ees spend their working time effectively
S21 'K\ Organization asa*work environment meet expectations
S22 . Hhergis trustamong employees in general
Relatio Mth -5 Sl VD
worker;&\ ?O P S, S
S23 v I Conflictresolution skills of immediate supervisor
S24 8 PR The career advancement opportunities or your competence in general
¥ { Management and professional skills of immediate supervisor
Communication between the immediate supervisor and employees
“Satisfaction with the human resources management and the
communication between employees
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3.6 Data Collection

The collection of data was conducted using random sampling method. earcher and
r

two enumerators who were trained about the content of the questionnc' e “wisited Skikda oil

refinery in Algeria and distributed the questionnaire to the accessibleq% heir consent were

seek to take part in the survey and they were informed that aIWe-information would be
exclusively used for academic purpose only and would be kqemdemial. This was done to

reduce possible strategic bias. If they understand that thei nses' would be made available,

they might ignore or avoid taking part in the exercise. .\d.

X
N %\ | &
3.7 Pilot-Testing 2 \Y

In social science research, the term tud %rredéq?&s the pre-testing of a

o5

particular research instrument (Baker, K he pilo

S imS&nsure, among other things,
clarity (i.e., the questionnaire’s ins%on |%? K}espondents), comfort (i.e., the
respondents are comfortable abo%erin@the tioa@’\necessary for proper recording of
data (Bryaman, 2018). It alsg_su stej Cﬁp;:tsé%fessionals and potential respondents

involved enabling early a ts of the v. di{yaa' reliability of the research instrument.
4 &
These deter@ e Jspo nts' @ee of comprehension and plausibility of the
N
questionnaire's c@ aT kel 'd"npfeg!'g the questionnaire by identifying and eliminating
O
problems. F@ese‘grvhﬂ r co@ended using 10% for the sample size (Connelly, 2008).
4
However, Hertzog (2008) recor@}:ded a sample size of 10 to 30 participants for survey
N
resea ilot studies to evaluate internal consistency or test-retest reliability. The questionnaires
e ‘given to arbitrators for expert review. Part of the observations raise on some of the
[

ons that related to oil pollution were suggested to be removed, the questions on risk

perceptions should be clear and unambiguous and should be based on the objectives of the study.
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Their observations were adhered to, and the questionnaires were modified before the pilot study

was carried out. In this regard thirty (30) questionnaires were distributed for pi sting within

management staff, senior staff and junior staff. c\

The study carried out Exploratory Factor Analysis (EFA) through SPSS 24.0 on the 30
respondents in order to test the validity of the items used. Allgthe factors loading below 0.05

thresholds were removed. The study further tested the reliabili e data and all the items that

do not fall within the Cronbach Alpha threshold were Al tl’e ites that were removed
were shown in Table 3-4. The result of the pil@t, study reveal ?oé‘%ﬁwl of internal

consistency, reliability, and validity of the inst nt; tPer fore, thewdata generated was
N

considered highly valid and reliable. Vz v\ \ S‘
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Table 3-4: EFA Removed Ite ms

Construct Items N Factor Loadi
Work Environment S1 30 Removed
Satisfaction o
S2 30 Re|
S3 30 Remove
S4 30 d
S5 30 ved
S6 30 moved
S10 30 moved
S11 30 emoved
S12 30 Removed
S13 30 Re moved
S14 30 emoved
S15 30 = wd
S16 30 i ed _
517 30 | Removeds.t
520 30 moved )
S21 30 . ! Removed”
S22 30 s ¥ P‘/ Re moved
S27 30 E - N\ emoved
Employees’ P5 30 gbr}nved
Performance »
P10 L~ Removed
P18 \./ Removed
P20 300 o ) -\ Removed
P24 ho ‘,by‘ 7 N Removed
P27 306 | Y Removed
Risk Perception - }' M. Removed
R3 30 AW Removed
30 ?1 N Removed
R% 30 / \% Removed
\J 304 YSNJ Removed
R P 3 iﬂ’ s X, Removed
\RM W N 0 .\ Removed
& RlS\} 30 ,~ Removed

3.7.1 Validity

L 4 - Y‘
. N :
y test is mtended&tb measure how well an instrument measures the concept

\

ex measure. Validity of a research instrument means that the instrument can be used to
@e what is to be measured accurately and correctly. According to Creswell (2003), validity

refers to the precision and accuracy of a measuring instrument.
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Factorial validity was demonstrated in this research by imputing the data for factor
analysis. The quality of research data is determined by the quality of the i nts used to
collect data. In order to test the quality of the research data before it is pa:) and analyzed,
there is also the need for considering the concept of measuring data q-knamely: validity and
reliability. Factor analysis (a multivariate method) findings will We whether or not the
hypothesized dimension developed. As a result, factor analysiY\iv\l:.me if the dimensions are,

as predicted, accessed by the items in the measure. Th in’ is how each element is

~ [ 37s

A\
When the measurement model is deN! re lmd

In terms of high Modification Indices m wm@?
% A
model (MI). The researcher may t rrpd%abr en@,‘ing one of the components. The
-

(7]
correlated pair may alternativeIM ecifie "freﬁz(rameter estimate" by the researcher.
\
The correlation between cxoggous constru §h@be smaller than 0.85, which is another
t valdit

i lidity is“et%dned, according to James (2011), when the

evaluated:

3.7.1.1 Discriminant Validity

~ X
Ienfzgthis validity is attained.

e Eéjof redundant elements in the

criterion for discrimin i

L
measurement mode‘ﬁwev '

:
dimensionality, \(ﬂ} could ‘be ch‘le\écﬂNhen the measuring items have acceptable factor

% N
loadings % respgc%_e/?gtent-@wstruct. In order to ensure one-dimensionality of a
X

measur@Amodel, any item V\@d low factor loading should be deleted. For newly developed

und@ elements. The first step is to achieve one-

items,?\ctor loading for an item should be 0.5 or higher while for already established items,
ctor

e,

loading for an item should be 0.6 or higher.
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The deletion should be made on one item at a time with the lowest factor loading item to

be deleted first. After the item is deleted, the researcher needs to run tr:XJneasurement

model. The procedure is repeated until the criterion for one-dimensionality

t. In terms of

high Modification Indices, AMOS was utilized to detect a pair of n%:iant elements in the

model (MI). As indicated in table 3-5, several items with high Ml W than 15 were given a

free parameter; between e3, e21, and e34, the free parameter d. The table 3-5 shows that

the modification index varies from 4.090 to 13.803, be

(James, 2011), and none of the elements are repetitive, the

trrz indicators are below 15

t|o all %zgeptable

Table 3-5: Modification I@ 0 varia s)' _\%
Par Change X
e34 | <-->| Risk Perceptl U -.0504,

e33 | <--> [ Performance 4(._286\ -.Q2%
e33 | <> ! =046
e2l | <--> 4,012
e2l | <--> -.042
e2l | <--> o, .052
e20 | <—> . -024
eld | <> o) .036
el3 | <- -.021
e9 | <> .010
33 5103 .020
Env Satisgctioq‘\:‘?.om .007
e2L . '13.803 - 074
5 - :ﬁ Fﬁrcepti@}’ 9.576 .036
%\ <[ eI, > | 4718 ~013
->| Eqv_ Satisfaction | 5.166 .013
e <-->+ Risk Perception 4.090 -.032
C') e3 | <->"ed4 , 4.319 .034
e3] | < el 5011 -.015

ok

I&)rrelatlon between ngenous constructs should be smaller than 0.85, which is

anoth

iterion for discriminant validity (Zainuddin, 2012). Table 3-6 shows that the

lations among the exogenous variables are all less than 0.85 thresholds. All the correlation

ates are lower than James's (2011) 0.85 estimations.
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Table 3-6: Discriminant Validity Results for the Model

Construct Work Environment Risk Pe rformance
Satisfaction Perception

Work Environment Satisfaction 0.71 .

Risk Perception 0.13 0.90

Employees’ Performance -0.32 -0.1 0.74

Diagonal in bold represent the square root of AVE while the other entries represent the co

v~

3.7.1.2 Conve rgent Validity
When all items in a measuring model are statistica nificant, it is said to have
convergent validity. The convergent validity of e ns uc%lso be checked by

calculating the Average Variance Extracted (AVE). Conve j t "f it§/ tQ:Ge achieved, the
value of AVE must be 0.5 or greater. When all in ap

S

ing @el are statistically
Y/

idity~of efébgaonstruct may also be

rgen
as

E). 8t Convergent Validity to be

i &l&l., 2010). All the constructs in

Ta -1 Results of dgy%‘ measurement model
ModeQ\s I’Uf 7| Number of | Average Variance
ifs Extracted (AVE)
i Y 4 0.500
el
6 0.554
3 0.809
r loading for every item and n=number of items

3.7.2 Reliability

0 ;{eliability on the other hand, refers to the measure of internal consistency of the items

measuring particular construct. It is the extent of how reliable the said measurement model is
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measuring the intended latent construct. The test may be carried out either internally, by

evaluating the internal consistency of the items, or externally, by testmg_(etesting the
Y

instrument. According to Haer and Becher (2012), measuring instrument ility is defined
as the degree of accuracy, precision, or accuracy shown by the dewce urpose of reliability
testing is to see whether the instruments employed consistently gleame results on various
occasions. A popular technique of reliability testing is the Cro%:' Alpha (0.05) value. Based

on the aforementioned criteria, the researchers chose to uti SPISS program to evaluate the

validity and reliability. The assessment for reliability fo a rModercould be made
using the following criteria: ’ _\

iy

T

3.7.2.1 Inte mal Reliability

Internal reliability was assessed

A
(measured in SPSS) indicating su c |nw , 2014). Wh@athe Cronbach's Alpha coefficient
is higher than 0.7 (measured |n )Mrchﬁﬁbnmdered reliable.
Table 3-8: uI f Reliability,0f M ement Model

Model Construct ro ach b 4 gpomposne Average Variance

(Above osq\\ (J"Reliability Extracted (AVE)
Work Environment 0 7 ~;‘ 0.662 0.500
Satisfaction \ ,&
Employees’ Performa o 8$ N 0.876 0.554
Risk Perception O 22 7 0.927 0.809

ol
AVE=K CR= (?()’/ )2+ l,grwhere k=factor loading for every item and n=number of items in amodel
thg c

nstructs Cronbach’s Alpha coefficients were above the 0.7

<
thres M\Rls perception has th\hlghest Cronbach’s Alpha coefficient 0f0.922.
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3.7.2.2 Composite Reliability

In addition, the study tested Composite Reliability (the measure of rgkm and internal
consistency for a latent construct). However, a value of CR > 0.6 (C %}culated using the
given formula) was required in order to achieve composite reliability for a construct (Zainudin,
2014). To obtain composite dependability for a build, the CR vawx:)e greater than 0.6. It is

a measure of a latent construct's internal consistency, (th rm formula is used to compute

CR.). Table 3-8 shows that the composite dependabili es var .662 to 0.927, which

’ . 9
is greater than the 0.6 criteria. N
! .xi"

3.7.2.3 Average Variance Extracted (AVE)

4

The Average Variance Extract ) me tho r a@sing average proportion of

variance explained by the measurlng for a ?ct Iso tested in this research. The

AVE must be more than 0.5 (tn% is.comp ed uz@g the formula provided) (Zainudin,
ee

2014). The average proportlovuarlart lained the measuring items for a construct is

represented by AVE Its%ary to

given formula). Tab@ow@ peroq%ge?én has the highest AVE of 0.809, while others

3

e f\@ at least 0.5. (AVE is calculated using the

'8

&

have AVES higher thaq,0.5, | (_)O
2, )¢
3.8 Data <a|§q€ d 4 X
S’

ta analysis in thlsh'udy was majorly done with SPSS software, especially for the

Ive statistics and inferential statistics. The descriptive statistics was employed for the
g

raphic characteristics of the respondents. In order to examine the mediating effect of the

moderator (risk perception) between IV (work environment satisfaction) and DV (employees’

81



performance), the Maximum Likelihood Estimator Structural Equation Modeling (MLE-SEM)

technique was used. The statistical analysis was aided by computer softwa SS) and the

SPSS-AMOS (Version 24). (\

3.8.1 Structural Equation Model (SEM) Analysis:

\ 4
\tﬁgdata obtained from the

g p#rformance in Skikda Oil

The SEM regression Analysis was used to anal

questionnaire in this research. In this research, the em

Refinery of Algeria attempted to be developed. This te as! use d.ete;&uine the proper

N
connection between these variables. The followingsg=a'representatio tAe-éfﬁlysis:
¢ b 4§
| V™ NV
3.8.1.1 The Steps Involved in CFA for the Measure ment Model of a Latent Construct

According to Zainudin (2014): Con tquF A&@is (CFA) should be used for

C? >| A
the measurement mode; evaluate the“measuring model's ne@ary for Fitness Indexes; examine
‘% .
ct

factor loading; delete an item WN r ' Iess.fﬁ_éﬁ 0.5 (as suggested by the literature);
f lowest

\
m@loading to delete first); run this new

delete one item at a ti seélect the
b4 ‘ . :
measurement model (the model a Nn\ em |s(§feted); examine the Fitness Indexes — repeat

al ieveaé‘%-f the Fitness Index is still not met, look at the

steps until the fitr&&exe

Modification Ind 1);2 hi

in the mod% M1 jhdi

choose the following opti@'o solve the redundant items:

I
allie e_fjlgll (above 15) indicates that there are redundant items

N
.3 a Q?'_&\of redundant items in the model), and the study could

o \l?on 1: Remove one of the elements (select the item with the lowest factor loading),

0 run the measurement model, and repeat the procedures above.
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e Option 2: Run the measurement model and repeat the previous steps with the pair of

redundant items set as "free parameter estimate."

The permissible amount of factor loading, the level of fitness i nd the technique
of modifying the measurement model differs across I|teraturqs fZ inudin, 2014). The

Cronbach’s Alpha, CR, and AVE for the final measurement w as be obtained and the

report of the normality assessment for all measurement moielsWed was assessed

U 4
3.8.1.2 Aralyzing the inte rvening variable for Latent Constructs: The Multi-Group CFA
v , I _\"3

Multi-Group CFA may be broken down into a*few steps: \/\r

I.  Based on the variable to be examinew/i, th into threg~groups.

ii.  Separate the data into two flle\&)ﬂes sho Ia@@d dataset 1, dataset 2, and
dataset 3. \ A

iii.  To testthe intervening v

iv.  Create three dlﬁeren@

renamed.
z\

3.8.2 Justification for Using MaX|mum leellhood Approach (MLE-SEM) with AMOS
The MaxW'Lik lihoo irEa;ﬁ?r (MLE) method via Structural Equation Modeling
(Chumney, tilizin S @soﬁware was the second statistical technique utilized.
The MQIysis was perforr@(o evaluate the measurement model, including its validity,
rellab nd structural model, as well as the study's assumptions. This research utilized the
m likelihood estimators (MLE) method via structural equation modelling to analyze

survey data (SEM). Because of its capacity to assess systems of variables and connections
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concurrently, SEM overcomes the constraints of Ordinary Least Square (OLS) or first-generation
methods such as Logistic Regression, Multiple Regression, Hierarchical Regr?'@, and others
(Chumney, 2012). The SEM technique was created as an OLS exte 'm address OLS's
limitations (Zainudin, 2014). Therefore, SEM is recognized as seaa&generation statistical
technique used to analyze interrelationships among multiple Wes and simultaneous

modeling of relationships among constructs (Gefen, 2000). \’

N

3.8.2.1 Direct Effect of the Constructs
The direct impact on measurement for t d con tr v&as-\(LfR/estlgated in this
P 4
research. The route analysis result as well as the Wsmn imate valu%\i%/vas shown. All of the

fitness index's requirements were met.

SRS

o A

/

3.8.2.2 Mediating Effect of the Corstructs

According to Zainudin ( [Mumﬁehhood Estimator, firstly, the study

should begin by model%z simple di u(@: of work environment satisfaction on
as i

s

employees’ performa'nK |
\ Figu e

N
Independent Depe_ndent
. | Variable
0 Variable >
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According to Zainuddin (2012), from Figure 3-2, when the mediator variable (risk
perception) enters the model, the direct effect (1) would be reduced since so e effect has
shifted through the mediator. If it is reduced but still significant (p-value M , the mediation
effect here is called “partial mediation”. However, if the direct effeAB*l) is reduced and no

longer significant (p-value > 0.05), then the mediation is called “comwe.mediation”.

3.9 Chapter Summary Y'
This chapter provided details about the proce@me@?y used in the study.

Information about research process, research designfawpopulation and arp'ltn??ﬁrocedure were

provided to give clear picture of how the study was ied oyt. esearch @ruments were fully
W v

explained, and the pilot study was carried % estgt‘ e

\al'idity Q\W'n as reliability of the
instrument. Data collection procedure aK d of lysi d in this research was fully

explained. A justification for using N@gum Lm E i@mr was also explained.
E ﬂ

4/
"
/!/4‘)? =3



CHAPTER IV

DATA ANALYSIS AND RESULTS (\:
4.1 Introduction A

This chapter presents analysis of the collected about the resea uestions and objectives
of the study. Data cleaning, coding, screening, and response ra€ were all covered in this chapter.
Demographic features and descriptive analysis were also . T'|e findings of the research

utilizing SEM as an analytical technique were discussed 1 la ththis chapter. This is

N
divided into two stages: measurement model evalu@d stru 37(1 L'at.is)iﬁ)model evaluation
¥ b4
(SEM) evaluation through direct and mediated e . v
N S QT
4.2 Data Cleaning and Coding \C) 6&
After gathering data from Skeda Oil a \6a§ e r@‘employees, data cleaning was
> S -
n fthe@ormatlon gathered. Cleaning is an

&
essential component of data analysis a’v promﬁwg (Zikmund (2000). Sekaran (2000)
ion

elaborates on this point, s%t tqucj.sJL;és ith more than 25% unanswered items should
&

be rejected, while refqgnts W‘]O leted é&'east 75% of the questionnaire are acceptab le.
t

carried out to verify the correctn ondist

D

&
The coding methodSsin this rese re cdrried out by creating a data file in AMOS 24.0.
o i e st
O
4.3 Data Sc %’an issing Data~
Ppp ol
Data, sCfeening is a cruc(;rs;g[,step in the data analysis process before moving on to
NS
Stru quation Modelling. Data screening, according to Tabachnick & Fidell (2007),
u%

Q verifying data input correctness, dealing with missing numbers, and identifying outliers.

that has not been filtered may have an impact on the analyses' outcome. This may have an

impact on the data's outcome. Before the appropriate analysis, it is critical to verify that data is
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properly gathered, and that the distribution is normal. For the purposes of this research, mean and

standard deviation were utilized to screen and evaluate the correctness of th upplied. All

the answers fell inside the 5-point Likert scale. According to Kline (2005)~if missing values
account for less than 5% of a single variable, the missing data are de&gto be incidental and
not systematic, and there is no cause for worry. Cohen and en (1983) endorse this
perspective, stating that a missing data value of up to 109 N regarded significant and
unlikely to be harmful. The missing value in this resear ?

pro'dmately 6%, which is far

below the prior study's estimate of 10% (Kline, 2005). .\d‘

X
! _@
4.4 Response Rate 2 ‘T

\I\a v
Data was collected from the employees ofSki itand G V?'efinery. Four hundred

(400) questionnaires were distributed a@er

represents 94% response rate. The sucef has an i%

D
c
(72

questionnaires since only 6% of t

N

4.5 Demographic Characteri
As stated in previous }apte&lh
study. The employe }act ‘stic mpl important because the unit of analysis used in
N
this study is at ir@l Ii/ef(i \:&dua ployees). The results shown in Table 4-1, 4-2, 4-3,
O
4-4, 4-5, 4&%’48‘” ica ffg@ces in the demographics of the respondents including
v’

Genderw& arital Status, Ina&: Educational Level, Job Position, Department/Unit and
S

Ny, &
/[/€Ci;}

6&« profile information was presented in this

Year: \gvice respectively.

N



451 Gender

As illustrated in the Table 4-1, the gender of the respondents indicates

males (374) respondents and (2) females representing 99.5% and 0.5% re@)v V.

Table 4-1: Gender v

Frequency Percent Valid Percent Cumulative Percent

Valid Male 374 99.5 \05 99.5

Female 2 0.5 Y* 0.5 100.0
Total 376 100.0 100.0
|

| . _

As illustrated in the Table 4-2, the age of the individual résp dentszindicates most of the
Y,
\ g

ri

45.2 Age of the Respondents

employees are around 28 years of age.

Tabled-2¥Age of Res o
Frequency Perc&‘ Valid Pereent W, Cumulative Percent

Valid 22 1 P . - N : .3
23 3 \a) 8 Ny AR 11
24 7 19, ';7 L9 29
25 19 51 U Q1 8.0
26 16 \ 4.3 } 43 12.2
27 19 ar-%‘ o 51 173
28 26 69¢ 1 . 69 24.2
29 17 Y AN 45 287
30 3ds , ™ 3.7 324
31 11 9 [/ 2.9 35.4
32 ,‘§ 16 | ) 43 |7 4.3 39.6
33 0 [V 53/ 5.3 449
34 N Qt? EANY 5.3 50.3
35 PJd N [ SN 5.1 55.3
36 pPL| L& é , 58 5.6 60.9
37 7 24 6.4 6.4 67.3
B, 23 N 61 6.1 734
3 d S 56 56 790
“17 g 45 45 83.5
13 [& 35 35 87.0
42 B[ - 40 40 91.0
13 35 35 9.4
7 19 1.9 9.3
45 9 2.4 2.4 98.7
46 2 5 5 99.2
47 2 5 5 99.7
48 1 3 3 100.0

Total 376 100.0 100.0

88




4.5.3 Marital Status
As illustrated in the Table 4-3, the marital status of the individual resp?ms indicates a

higher number of married workers (289) respondents than singles @ divorced (3)

representing 76.9%, 22.3% and 0.8% respectively A
Table 4-3: Marital Status
Frequency Percent Cumulative
Percent
Valid Married 289 76. 76.9
Single 84 99.2
Divorced 3 . : . 100.0
Total 376 g 0 —S}

4.5.4 Income of the Respondents

As illustrated in the Table 4-4, t 0 er’@‘inco e of@'individual respondents

indicates majority of the respondents M)round 800 &nd Q@epresenting 13% and 8.5%

respectively. C—) >\YT §
<>
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Table 4-4: Income of the Respondents

Frequency Percent Valid Percent Cumulative
Percent

Valid 750 13 3.5 3.5 v 3.5
v

760 1 3 3 SNy 37
780 21 1 59

w)| 0o

4
8 i 6.6

2.1
. .8
800 49 13.0 13.0 19.7
i

850 5 13 21.0
860 1 3 3 21.3

850 ¥ 12 245

890 7 1.9 26.3

900 32 8.5 34.8

35.9

37.8

42.6

45.7

50.0

50.3

51.3

52.7

54.8

S57.7

60.1

68.6

73.1

76.6

80.6

89.1

92.6

95.2

98.4

98.9

99.2

99.5

99.7

455 Educational Level
As Jlustrated in the T@M-S, the educational level of the individual respondents

indica jority of the respondents are diploma/college graduate, bachelor’s degree and

@ ry school representing 54%, 30.9% and 15.2% respectively.
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Table 4-5: Educational Level
Frequency Percent Valid Cumulative
Percent rcent
Valid Secondary 57 15.2 1 15.2
Diploma/College 203 54.0 . 69.1
Bachelor 116 30.9 .&@ 100.0
Total 376 100.0 ‘%QD.O

4.5.6 Job position

As illustrated in the Table 4-6, the job position h&ndividual respondents indicate

Cumulative
Percent

Valid Junior Staff 44.1

Senior Staff 100.0

Total
45.7 Department/Unit of Workers

As illustrated in he 7' the @ent/Unlt of the employees indicate all
respondents are given equal c i géjgund 5.3% to 7.2%.
Q ' &
P
O

A8

&’

S
&
S
N
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Table 4-7: Department/Unit of Workers
Frequency Percent Valid Cumulative
Percent ?Ercent
Valid Technical Directorate 23 6.1 6.1
Managing Directorate 3 .8 4 6.9
Regional Management 23 6.1 * 13.0
SIE 21 5.6 - 6 18.6
EP Director 27 7.2 X\ 72 25.8
Directorate XP 21 5.6 ‘\’ 5.6 314
Directorate ONR 26 9 6.9 38.3
TOUAT Directorate 22 | 59 44.1
legal division 20 : ) 49.5
IT Division 23 : ’ é.l’ R a 55.6
Supply Division 24 6.4 ' $.4\‘-‘3“ 4 62.0
RHU Division 25 6.6p ! 6.6: 68.6
HSE 23 Rt bt 74.7
Finance Division 4 qw\ 6.4 81.1
NOC Division U Y 87.5
LOG Directorate 1 O‘ 6.1 93.6
MN Directorate ENA T TN 6.4 100.0
an

Total C‘) ga-""y 100,0~ 100.0
% \J & :
DN . B,

458 Years inService

As illustrated in t 1& 4-8,Mr§.'igsa’vice of the individual respondents indicate

majority of the res@qs @ 2-3QQars in service representing 20.2% and 16%

&

respectively. %\ ‘? | (JC_)O

by
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Table 4-8: Years in Service
Frequency | Percent Valid Cumulative
Percent Percent

Valid 1 23 6.1 6.1 %!
2 76 20.2 20.2 3
3 60 16.0 16.0 ‘O) 42.3
4 20 5.3 5.3 47.6
5 12 3.2 3.2 50.8
6 35 9.3 60.1
7 16 4.3 64.4
8 21 5.6 69.9
9 13 3.5 73.4
10 24 6.4 79.8
11 84.0
12 90.2
13 <6. 94.7
14 97.6
15 99.2
16 7~ 100.0

Total Y

W A\
4.6 Analysis of Result é\
The descriptive data for the SUN re obtained from Table 4-9. Each
A
m m value were calculated using

indicator's mean, standard deviatio
SPSS version 24.0. The descripﬁge isti f@rvey instruments for the model are
shown in this table. The mode r the construct are shown in Table 4-9.



Table 4-9: Descriptive Statistics for Survey Indicator

Construct Items N Minimum Maximu Mv Std.

m \ Deviation

Work Environment S7 376 2 4 A2 341
Satisfaction

ss | 376 2 2.53 861

so | 376 2 2.36 651

s18 376 2 5 3.20 847

s19 376 Y. 5 3.23 836

S23 376 4 2.11 477

s24 | 376 ] \d, 2,09 798

S25 376 1] | g_\, ol 426

526 376 1| | Fa| oo 551

Employees’ Performance PL| 376 v L|° o’ 54} 354 601

P2 | 376 L XN &Y 3 592

P3| 376 \/ RE xS 605

P4 | 3 N5 3.89 606

P12 | 376 . L5 3.83 661

P13 {5;?2 N s 4.04 559

P14 6 % P 5| 408 531

P15 6 | N M 5| 398 589

P 379 ) N1 5] 161 963

h'EL I AIRE 4 1.57 790

19 | 3:69./ P, 1 4| 266 584

N P 3| L 2 5 4.07 596

Pzzxds & 3 5| am 475

p 2 6| 2 5| an 484

1 pos U d37p 2 5| 408 543

‘Q—' BE 376 2 5| 397 615

Risk Perceptiond ) | Y| 376 1 4 3.82 591

R2 |~V'376 1 5 3.80 620

R4 |V 376 1 5 3.84 631

R7 | 376 1 4 2.06 399

Rs | 376 1 4 2.13 559

R11 | 376 1 4 2.00 310

Dt R12 | 376 1 4 2.00 225

R13 | 376 1 4 1.33 518
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4.6.1 Analysis of the Data
As stated earlier, the analysis and interpretation of a structural eq uatlvdel involves

the following processes. It begins with a review of the CFA measureme followed by a

review of the structural equation model. A

46.1.1 The CFA Measureme nt Model Combining All Latent Constructs Simultaneously

Figure 4-1: Pooled Measurement Model Combiging"All Latent Constructs
@G HEDENEDED COED € CDED @@ ED €@

2 (44

mmmmzzzzznza%zzz

8 7O\ 6GA | A2 Snn A1 a8 3

e\

. m (D
[R2 |a—(e8)
(R4 ]- . (=9
09 - @
a6 P.r'z::':hon . m @
| S7 [r=—@13 Em €12
| S8 |=—@13) [Riz}=—@30
[S18f
7 wlS19fe—E€1D
5 _w{s23]=—E1D
2: - @19 Fithess Indexes
< i 1= P-Value = .000
A S26 | -—@33) 2. RMSEA =.137
@ @ 3: GFI =576
4. AGFI =516
5. TLI = .451
6. NFI = 458
. 7. ChiSq/df = 8.011
Certai ss 'Pd es )he led constructs do not meet the necessary threshold in

order to determine the factor of t@)J;search (as indicated in Figure 4-1). When the researchers
look e factor loading, they found that, the loading for item P1, P2, P3, P4, P19, P21, P22,

, P26 (from construct Performance), items R7, R8, R11, R12, R13 (from construct Risk
gtlon) and item S18, S19, S23, S24, S25 (from construct Work Environment Satisfaction)

are below 0.5. These items have caused the measurement model for the constructs to be poorly
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fit. Therefore, the items were deleted one by one, and the new measurement model was re-run as

shown in Figure 4-2. T

After the deletion of all the stated items, the fitness index for @ still below the
required level eventhough the factor loading for all items are above 05%13, one might suspect
that certain items were redundant of each other in the asYT:nt model. The items
redundancy was examined through inspecting the Modifica Tndexes (MI). These factors

contributed to the measurement model's poor fit.

Because the fitness index AGFI did notr%the necessa ier‘) f 0.9 owing to
ng met

do gy ordlng to Zainudin

red@ﬁt items in the model:
delete one of the two redundant item @ the ne asu@ﬁent model or set these two

correlated measurement errors of r@?ant ite\ﬁsT f:@parameter" and run the new
? f S

measurement model. “ Q;-
\
For the purpose ofthl : th reddindant items were not deleted, and free parameters

was introduced between ( nd 11} (P'l@@.nd P17). The fitness index conditions were

@)
achieved. Conseq ue @ ure a new measuring model has been developed.

superfluous elements, the research changed the

(2012), the researcher has two options wh de ing A\/it
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Figure: 4-2: The New Measurement Model for Pool Construct: Factor loading, correlation

and R? kv.

Fitness Indexes

1. P-Value = .000
2. RMSEA =.070
3. GFl =937
4 AGFI =904
5 CF1 =963
6. TLI = 851
7. NFI = 044
8. ChiSq/df = 2.845
U ~
After achieving fact@g, hla rese ch onto checking the data's unidimensionality.
e\ O
I ' G
46.12 Unldlrrlenuonallty
gs«‘ o Lo
U tionality is achle(v”eg-when the measuring items have acceptable factor loadings
for t ctlve latent construct. In order to ensure unidimentionality of a measurement model,

Q with a low factor loading should be deleted (Zainudin, 2012). For already established

he factor loading for an item should be 0.5 or higher. All the other variables in table 4-10
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met the Unidimentionality criteria and were over the 0.5 limits. Thus, all item removed are with

low factor loading below 0.5 T

Table 4-10: Factor Loading for the Model ¢

Construct Factor Loading\ - N
Loading
Items 1
Work Environment Satisfaction \/
S7 0.60
S8 0.83
gl 4S9 0.76
18 Removed

S19 ¥~ Removed
| /S233] Removed
P fi S24 Removed

~. o7 325 Removed

N W\ 5% 0.61

Employees’ Performance {’) < P Removed
% .3 P2 Removed
U

P3 Removed

N
Y )~ P4 Removed
"'i? RN P12 0.60
L.
u J P13 0.93
\ A ; 3 P14 0.94

NG,
N P15 0.78

? | s P16 0.53
C) oo Jol Y P17 0.57
i il P19 Removed

(I
’K\ Y P21 Removed

- ¥ X P22 Removed

~N | O P23 Removed

X, 7 P25 Removed

‘Qf 1 7)) & P26 | Removed

Risk Percegtion | .'P_/‘ s S R1 0.99
T Ay R2 0.89

& R4 0.81

- R7 Removed

R8 Removed

R11 Removed

.l R12 Removed

R13 Removed




4.6.1.3 Fitness Index of the Mocel

When the Fitness Indexes for a construct reach the necessary level, ¢

established. Table 4-11 shows the fitness indices and degree of need for t

Table 4-11: Fitness Index for the Model

o

Type Name  of | Acceptable Fit Comments
Index
1. Absolute fit Chisq The required
level [§
p-value P greater than 0.05 achieved
RMSEA RMSEA  less _t
0.080
GFI GF1 greater thang.90 pe
AGFI AGF1 greater tha 0
2. Incremental fit CFI CF1 greater t .90 The required
TLI TF1 greate .90 T level is
NFI NF1 greater tzn 0.90~. achieved
3.Parsimonious fit | Chisg/df Chi s M Iess‘?pa The required
5.0 % level is
\ achieved

significant at 5% level. The R

S

| of

lute

AN

)ngch as the p-value of the study is

In the Table 4-11, the requir
&
K&shoulj:%lg b‘é@ 0.050 and 0.080. While 0.050 is a
acteptab,

good fit, value that falls

required threshold.

0.90 thresholds @redl The ?'llno
O

S o@that the data are fit for the structural equation modeling.
s

ce of the model's_sufficient unidimensionality and fitness index, all of the

less than the 5.

Asacw

qu‘i;e LT

X Lf

RMSEA is 0.070 a value tha eeu{ red

s

N
O

the @

N

Ie%\n (Zainuddin, 2012). However, the study
I. The GFI and AGFI are greater than 0.90
mental fit, the CFI, TFI, NFI are greater than

AN
ﬁagct(s fit shows that chi square/df of the study 2.845 is

const Nere valid measures based on their parameter estimations (Chow & Chan, 2008).

S




4.6.2 Measurement of Structural Equation Model (Hypothesis Testing)

The next stage after analyzing the CFA measurement model is to a structural
equation model by analyzing the model. In order to test for 3|gn|f|can ata was tested
using 1000 bootstrapped samples as suggested by Davidson and M%on (2000) with 376
cases for the model sample. T

Structural equation model was used in this study to de%ﬁlthe overall direct effect of

the factors affecting the employees’ performance at Skikda ga'; refinery and to assess the

mediating effect of the risk perception on employees’ Eer nc[. .\d‘ NS

MRS

The findings demonstrated sufficie unid&merﬁio ity and model's fitness index,

46.2.1 Direct (Unconstrained) Effect of the Constructs

indicating that all constructs were Iegltu\%sures nt parameter estimates (Chow
& Chan, 2008) ,d\

Hi: There is significant dn‘fera% mqoye ’«rls rceptlon and their performance
among staff of Skikda oil re |n %ﬁ

Figure 4-3: Regres% ights: DJ Is isk Perception and their Performance
F \-\

Risk
Parception

Fitnoss Indoxos
P-Value =
RMSEA =

CFI = 971
TLI = 956
NI = 961
ChisSa/df = 3. 977

/l.
ONOQAQRN-
>
0
L
]

0
(0]
A
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Table 4-12: Regression Weights: Employees’ Risk Perception and their Pe rformance

Estimate S.E. C.R. P-val esult on
ypothesis
Employees’ <--- | Risk -0.163 | 0.042 | -3.881 : ignificant
Performance Perception 4 (t)

The study models the simple effect of risk perception on emplo»ees’ performance as
shown in Figure 4-4. As illustrated in Figure 4-4, the research investigates the direct impact of

risk perception on employees’ performance. B1 is -0.163, évivhas a significant impact on

employees’ performance (p-value 0.05), as shown in 'I% In other words, the regression

weight for the risk perception in the prediction of perggived leve OM@'B significantly

different from zero at the 0.05 level (two-tailed). ther wc‘);d ot hyg cgis stated above is
Y

significant. 2 R \&
Hz: There is significant difference | Goywéct 0\ environment satisfaction and

employees’ performance among staff of Skik il refine i/eékj*n Algeria.
Figure 4-4: Regression Weights: W nvifonment atis@on and Employees’ Performance

RPN

"

- @
Fitness Indexes

P-Value = .000
RMSEA =.072
GFIl =.954

AGF| =922

CFl =.968
TLI = .955
NFI = 953
ChiSq/df = 2.948

ONBIOHDON =
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Table 4-13: Regression Weights: Work Environment Satisfaction and Employees’

Performance
Estimate | S.E. C.R. | P-value sult on
pothesis
Employees’ <--- | Env_ -0.324 | .144 | -2.500 0 gnificant

Performance Satisfaction
To begin, as illustrated in Figure 4-3, the research models the Pasic impact of work
environment satisfaction on employees’ performance. As iIIustnt%dz Figure 4-3, the research

investigated the direct impact of work environmental satisfawmn employees’ performance.

Bl is -0.324, and it has a substantial impact on e “per rl’nanc (p-value 0.001), as

shown in Table 4-12. In other words, the regression weight for work v'roh satisfaction in
%)
the prediction employees’ performance is signiﬂm&jiﬁ ent from ze%éat the 0.001 level

\-i.ﬁcant. Y\'l

(two-tailed). In other words, the hypothesis stated %ove

Hs: There is significant difference*anployees isk @rception level and work
Caykikqﬁ}fe ies, in Algeria
0 >

. Risk Rercep r‘fand&ork Environment Satisfaction
A

.

>

environme nt satisfaction among s

Fitness Indexes
P-Value = 074
RMSEA =.040
GFl =.985

AGFI = 967

CFIl =.994

TLI = 991

NFI = 985
ChiSq/df = 1.610

DNOOAGDN=

@ 4-14: Regression Weights: Risk Perception and Working Environment Satisfaction

Estimate | S.E. | C.R. | P-value | Result on hypothesis
Env_ Satisfaction | <--- | Risk Perception 0.126 | 0.020 | 6.300 [ 0.029 | Significant
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The study models the simple effect of work environment satisfaction on risk perception,

figure 4-5 depicts this view. As illustrated in Figure 4-5, the research investigates the direct
0.126,

impact of work environmental satisfaction on risk perception. Bl it . and it has a
substantial impact on risk perception (p-value 0.05), as shown in Tabl-&l. In other words, the
regression weight for work environment satisfaction in the predw of risk perception is

significantly different from zero at the 0.05 level (two-taile(;]!. In“ether words, the hypothesis

NN

After running the model for direct effect (uncomstraingd),’ thefnext irthe inclusion of risk
N
ye

perception to test the mediating effect on t% Y margg?rst, the direct effect of

independent variable on dependent Va@ signific h@“bhe mediator variable “risk
perception” enters the model, the di%ffect W\d\%

N
shifted through the mediator. Ifiéiuceg but sti s@‘acam, the mediation effect here is
called “partial mediation”. Ho%if tT rectieffec Areduced and no longer significant, then
the mediation is called “c%t medj;i SJ}Q@H, 2012). The mediation effect was tested

. N O
through Hypothesis 4
K7 &

stated above is significant.

4.6.2.2 Mediating Effect of Latent Constructs

q;@d since some of the effect has

—
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H,: Employees’ risk perception mediates the relationship between work environment

satisfaction and e mployees’ performance among staff of Skikda oil refine

Figure 4-6: Regression Weights: Mediating Effect of Latent Construc

(&7 < (2D
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Table 4-15: Regression ew!’Me atingrEffe
R

ti R,

s\aille

C.R.| P-value | Result Result  on
AE& 1Y hypothesis
Employees’ <--- %Q'factidn -0-308(5‘143 -2.154 *** | Significant | Partial
Performance % i 2N 4 mediation
Risk 5 0 | 1166 0.771 .027 | Significant | Indirect
Perception ’ {5 effect
Employees’ 0124 | .040 -3.100 .019 | Significant | Indirect
Performance %\ effect

***Qpservelthat™hé direct effé€ts o WC{,
percepti d the model \(.)

\

environment satisfaction are reduced from 0.324 to 0.308 after Risk

hypothesis testing for a direct effect of work environment satisfaction on the

@yees’ performance and work environment satisfaction has significant and direct effects on

employees’ performance. Beta coefficient is reduced from 0.324 in Table 4-12 to 0.308 in Table
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4-15. The Hypothesis is supported. In examining, the hypothesis testing for the causal effect of
environmental satisfaction on risk perception, work environment satisfaction S;jgnificant and
direct effects on risk perception; the hypothesis was supported. Howe\er, rder to test the
hypothesis for the causal effect of risk perception on employees’ p ance, risk perception
has significant and direct effects on employees’ performance. HWr, the hypothesis was

supported. Finally, the concept ‘risk perception' does infl M connection between the

employees’ performance and work environment satisfaction: aus’ all the three propositions
are significant, the type of mediation used here is called tia mM." b‘%gause the direct

N
effect of work environment satisfaction on emploérfor nceyt slil]_é?@nificant after the
L 4

risk perception was included in the model,?ﬁ though be%\}:;efﬁcient for work
environment satisfaction was reduced frotw to 0?5'708 I Fig&%}& In Figure 4-6, work

environment satisfaction has a substantiaNect wi the loyees’ performance in this
€

A
instance, as well as a significant indir egfeévh oyees’ performance through the
(7]
mediator variable, risk percepti A%
-~ l’?j S

' 2B _ N
4.6.2.3 The Result of the Hypothesis Testing

The model re&ﬁqga SUW in Tahle™4-16 and Table 4-17 thus:
&)

N
Table 4-16: The mof'-lypo hesi h’eﬂ.gwr_j for Respected Direct Path Analysis
% 3

Hypothesis Stat I @] Estimate P-Value Result On
P ) ﬁ“ Hypothesis
Hi: There ig ﬁcant‘r j n‘te i Ymployees’ risk 0.126 0.029 Supported
perception ‘and r performance amon{’ﬁt-aff of Skikda oil
refineriex&' eria )
H,: Thére is significant difference ifr the effect of work | -0.324 .000 Supported
) Xatisfaction and employees’ performance among
a oil refineries in Algeria.
e is significant difference in employees’ risk -0.163 .003 Supported
ion level and work environment satisfaction among staff
ikda oil refineries in Algeria
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Table 4-17: The Summary Results of Hypothesis Testing for Mediated Path Analysis

Estimate | P-value | Result Result on
thesis
employees’ <--- | Env_Satisfaction -0.308 0.000 | signific rtial
Performance ediation

Risk Perception <--- | Env_Satisfaction 0.128 0.027 | signticant
employees’ <--- | Risk _Perception -0.124 0.019 | sight

Performance
From the result above, hypothesis H1 to H3 are significa&@:upported. Hypothesis H4
showed partial mediation between the risk perception ndve| relationship between work

environment satisfaction and employees’ performanc ng staff of Skikda oil refineries in

Algeria. ' ’C}T
=

4.7 Chapter Summary T \" ¥

Chapter 4 explained how the datacwalyz i

screening. On the model, the profile feat of r spond Weglven Finally, the SEM was

\/
dmg&a cleaning, coding, and

utilized to figure out what fact I Smw es’ risk perception and their

Iu
performance. The data was che de validity in the initial round of the study. In
the following analysis, oply i that’ \éry criteria was considered. The items
loading must be at least O&comp@ |dB fity values must be more than 0.7, and the AVE
value must be at I@. Th@was t@? utilized to test the hypotheses that had been

N,
. \m | O
established. All (@j (zrs‘as |0t%)vere found to be true. The last chapter presented the

)
%ﬁ

O

itations, and recommendations for further research.
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