CHAPTER 4 %\Y

DATA ANALYSIS AND FINDINGS :
41  Introduction Y'

The five sections in the body of this chapter presents?k and elaborations

of the findings. The first section presents a descriptive a e demographic

information of the survey respondents and the overall ‘fespo e.r\e'dhe s%;ond
section presents an assessment of the reflective ément d tlle-étt;actural
Equation Modeling (SEM), elaborating on the?«!!cree ess \@t‘ryrincludes
identification of missing data, as we%ﬁ ﬁs\ers, linearity,

homoscedasticity and multi- colllnearl

AN
confirmatory factor analysis w ongmatory factor analysis
(CFA) or the goodness of fit measis%} rms of unidimensionality,
validity, and reliability truc al potheses testing. The fourth

]
section discusses the roup an;l;sj> moderating effect of trust on the
variables, and thefchapter e@ dISCU on the final structural model for the
study and the u5|o :
’ C’)
S
4.2 |ve ﬁ é\

% 5

1s sectlon presents«@escrlptlve analysis of the respondents’ demographic
ation as well as discusses the overall response rate. The study’s respondents are

employees from 26 toll concessionaire companies in Malaysia.
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4.2.1 Demographic Information

ot

Table 4.1 shows the distribution of the respondents who participated %‘

erience

explained using two demographic features — level of management and workhg
(number of years). In this regard, 162 respondents (46.1%) m the top
management, while 190 respondents (53.9%) were from middle ent employees.

The majority of respondents (63.9%) had over 11 years wor, 'nmence, 20.5% had 6

to 10 years working experience, and the remaining 15. had IeWears.
'YX
Table 4.1: Distribution of Respondents accc@ Demo ra;yXS In@
Frequency Percentage (%0)
Management Level O ?Y"
4

Top Management % W 6.1
Middle Management \ O 53.9
Working Experience

More than 11 years c) 22
Between 6 — 10 years %

Less than 5 years \

4.2.2 Response Rat(oY. L}%ﬁ" § :

In compli with\t@lecti@uirement& 400 questionnaires were

administeret% p' d&@ibed in 4.2.1 above. From the 400, 352

employ &
questio %Were}e y and @pleted. The response rate was thus 88%, which
b
matcN the'required response(%(tg?or a survey exercise.

N

Table 4.2: Survey Response Rate

QE Survey Administered Survey Returned Complete Match

400 352 352
(100%) (88%)




4.3  Assessment of the Reflective Measurement Model in Structural Equation

Modeling (SEM) T

An assessment of the reflective measurement model in SEM was conducted
using AMOS Version 23.0. The process started with data scrgening, including

identification of missing data, followed by testing of statisticalassumptions such as

multivariate normality, detecting outliers, linearity, ho o?&licity, and multi-
collinearity between constructs. Hair et al., (2010) at it' is vital to test

statistical assumptions to avoid violations that m

jeopardis tM'ﬂ the
j I L}w'
results. p “\
\ \/‘Z~

4.3.1 Data Screening Y- Q‘r
&

&

Various methods were used%(a sereeni cluding” detecting missing

values and outliers, conducting gmaty,ﬂl' itypand t@scedasticity tests, and

checking for multi-collineari\ '¥ “'\A(S(
Y~ %

4.3.2 Missing Data
N3
Sekaran @gie 2l)10) tes tr@issing data in any research is a serious

B
issue as it c@ﬁca tly affeet ﬂe y’s results. In this study, the survey was
conducte%, and there e rg\\&résing values among the 352 responses.
& v

: 2k 4
4. ultivariate normalit (,}f
k

‘% A normality assessment is conducted evaluate the skewness for every variable,

O‘yd was undertaken using the skewness and kurtosis. A skewness value of 1.0 or lower

e
Qo(/

means the data was normally distributed. The AMOS SEM using the Maximum
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Likelihood Estimation (MLE) is a relatively vigorous test to identify skewness more
than 1.0 in absolute value, especially in cases with large sample size. Meanw}w'me
Critical Region (CR) for the skewness does not exceed 8.0. In MLE, a@ size

greater than 200 is considered large even though the data distribm&s slightly

abnormal. Y’
Y

Therefore, with a sample size greater than 200, the cher was able to

proceed with the analysis with the absolute skewness Zai L'din, 15). For

this study, the skewness range is -1.164 to -0.499, which IS belaw th e Sti{s@ated
+-1.5 (Hair et al., 2010), as seen in Table 4.3. efore, normal fo! this data is

s &
achieved. ? \ X

Table 4.3: A@vt of Noﬁ 6<~

VARIABLE | MIN MAX SKEW C.R. KURTOSIS C.R.
INV1 1.000 5.000 -499 -3.820 675 2.583
INV2 1.000 5.000 -586 -4.490 590 2.258
INV3 1.000 5.000 -676 -5.180 1.214 4.648
INV4 1.000 5.000 -.653 -5.002 824 3.154
INV5 1.000 5.000 -879 -6.729 1.738 6.655
INV6 1.000 5.000 -651 -4.989 1.276 4.886
BIl 1.000 5.000 -619 -4.743 943 3.613
BI2 1.000 5.000 -656 -5.025 1.490 5.706
BI3 1.000 5.000 -556 -4.257 463 1.773
Bl4 1.000 5.000 -.629 -4.819 .606 2.320

{ BI5 1.000 5.000 - 719 -5.508 985 3.773
~.@1 1.000 5.000 - 717 -5.492 516 1.977
PV2 1.000 5.000 -895 -6.853 1.890 7.238
Q PV3 1.000 5.000 -.662 -5.069 .998 3.820
PV4 1.000 5.000 -815 -6.245 1.483 5.680
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VARIABLE | MIN MAX SKEW CR. KURTOSIS
PV5 1000 5000 -774 -5.928 1456 5
PV6 1000 5000 -660 -5.054 1.211 \X~
PV7 1000 5000 -798 -6.110 1.120 _{1)287
PV8 1000 5000 -742 -5.682 360 w1378
GI6 1000 5000  -865 -6.625 1214 4649
GI7 1000 5000  -653 -4.998 229 879
GI8 1000 5000 -628 -4.808 488 1870
GI9 1000 5000 -832 -6.372 744 2849
GIO 1000 5000 -804 -6.157 1087 4162
GI11 1000 5000  -.888 —6 804 993 3.804
ATT1 1000 5000 -1.164 R J '<€'° 175
ATT2 1000 5000  -533 Ydﬁs \ 804 Y\" 6.910
ATT3 1000 5000 - 097" 5.766
ATT4 1.000 5.000 0) -8.810 @3 11.271
ATTS 1000 5000, -9 . 8T 42398 9.183
ATT6 1000 50 (').99& = (‘,}&2.281 8.735
ATT7 1.000 5&% 1084 -gB06 & 2338 8.954
SN1 1000 5000 -764 -5.849 1109 4247
SN2 1000 5000 -521 -3.993 1014 3881
SN3 1000 5000 -530 -4.061 950  3.640
SN4 1000 5000 -708 -5.420 1230 4710
SN5 1000 5000 -664 -5.084 1015  3.886
PBC1 Q’J) 7) o (:?54 5774 724 2773
PBC 10 #. 0 W1623 -4.772 533 2042
p 1000 %0007~ -881 -6.744 1222 4680
A 1.000 5.@ _626  -4.794 629 2410
5 1000 5000 -625 -4791 408 1563
PBC6 1000 5000 -638 -4.884 555 2127
PBC7 1000 5000 -618 -4735 380 1488
Multivariate 790320 116526
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4.3.4 OQutliers

Byrne (2010) refers to outliers as any observation that is numericat!@e.nt

in comparison with the overall dataset. Schumacher & Lomax, (19&) e that
outliers have the ability to affect the parameter estimates. Table 4?@% 43 cases
(where squared Mahalanobis distance values exceed the criw -square value,

which in this case is 73.402 (refer Appendix 1), and are thus wred outliers.

Table 4.4: Outliers , .\d‘
g

| N - ]
Observation number Mabhalanobis d-squared pl p2

335 Yv 195,@‘0-400?\_5(00
261 \/ : Uﬂ? .000

248 \(’) 1781504 C%oo 000

A
Q\ .000 .000
¥ e
247 1@8 000 .000
A;j X
141 Y' ’ gz.mz 000 000
234 lo130.662 000 .000
P . P 2 CQ

7 119898 000 000
&

o 118.890  .000 .000

Q’ / & 118422  .000 .000
(Q 242 % V)o' ‘Z%\ 116.703  .000 .000
A 292 Q) 112484 000 000

\ 260 109.863  .000 .000
294 104.730  .000 .000
274 100.369  .000 .000
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Observation number Mahalanobis d-squared pl p2

223 79.380  .001 .000
235 78577  .001 %
23 76.710 .00*)0
43 76.697 . .0 .000
103 76.68 2 .000
94 72

217

" ,é\

According to Pallant (2011), prior W;gt ision to@n ain or delete

1sta®l*value to identify
o@»e results. Tabachnick

S
and Fidell, (2007), however, a@ cases with@ook’s ance value of larger than

1 are those found to hav l ms} In th e@se of this study, the Cook’s
\1 |

the value, the researcher is require ookrinto C

whether those values (cases) have njustifi W'nc

Distance value, seen i% 5, sho ln aIue i50.822 (less than 1). Based
4

on this, all 43 case&w retalr
c\ I Tab 51C G.d Distance Value

Min. Max. Mean Standard Deviation N

oRSDlstance. 0007 \8)2? 006 045 352
\A \'%

Linearity and Homoscedasticity

0 The assessment of linearity was conducted through a residual analysis that

resulted from the regression analysis. The homoscedasticity test was conducted using
165




a scatter plot diagram of standardised residuals, and results showed the existence of
homoscedasticity in the set of independent variables, and the variance of the dew

variable. ('}

Pallant (2011) assumptions of linearity and homoscedasticity.can be identified

by examining a scatter plot of standardised residuals. Figure 4.lsshowsithe scatter plot

for linearity and homoscedasticity scores are concentrated.,in t re (along with the
0 points). Therefore, the linearity and homoscedastici a evw data.
A , e LU o
Scatterplot

Dependent Variable: INV

Regression Standardized Residual
L ]

© -4 2 0 2 4

Regression Standardized Predicted Value

> 4 . Y
: t\l‘o‘v’

t of th ndardised Residuals

WCollin;rl y ca'r'1 tc)g\,éﬁined as the component variables being close equal

in™ipearity (Zainuddin, 20@ Multi-collinearity is basically when two or more
%es are not independent and is seen as simply a matter of identifying the degree
oﬁ closeness, to allow proper treatment to be taken in the study. When variables are
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used as predictors, a sufficiently high degree of interdependence can render the model

results inadequate and misleading. Y-

As such, the Structural Equation Modeling (SEM) is a power %od for
managing multi-collinearity in sets of predictor variables. The im*;tance of multi-

collinearity is to define the correlation value between variabw e a value not

exceeding 0.85 shows that the variable is free from the red items (Zainudin,
2015). é .'\d
L ]
Table 4.6: Correlatim [ g}‘r
=\
PBC| SN | ATT | GlI PV Bl INV
Perceived Behavioural [’ A
Control (PBC) i z \\ &\T

Subjective Norm (SN) 697 |- q '\ ;:
Attitude (ATT) 566 Ng23 J- O
Y

Governmental Influence
o o &Sl B
o

Project Viability (PV) 61 [46150 [ 601 V| 656
Behavioural Intention (BI) 4. .59!7\3 " ﬁ 586 | -

Involvement (INV) 682 | .588 -

Multi-collinearity Jcc lation matrix between any two

variables show &%nel
deemed as @dan vari fﬁail‘u&ﬁ, 2015). Table 4.6 shows the value for

perceiv ioqu,aI co?o, subyective norm, attitude, governmental influence,

| intention and involvement variables are between 0.486
S

97, where the correlation among all the variable is below 0.85 and thus indicating

Q t there are no redundant items between variables.

167

b

project viability, behaviour



4.4  Hypothesis Testing

This section will be present on the results and analysis of the hypothog ted

for this study, which predominantly uses the SEM methods. In this stus,;ob stages

of analysis were used: Y'
I.  Measurement Model; \/
ii.  Structural Model; and z '
iii.  Multi Group Analysis, which is us deter iWoderation

®
effects of the trust between be@ intention a 'n\i\ ?;ent

behaviour. ? & b &
Y' N YP
N 5\
O

This section explains the cc%ss of a i gd a using the Confirmatory

4.4.1 Measurement Model

S
Factor Analysis (CFA) metho includes the esz(/ assessing measurement
validity, uni-dimensionali a}hlia i i%zr‘né@uing the structural model and

b
executing SEM, the s is first required vbli@ all latent constructs involved in

b4 .
the model (Zainudwl : 'i is. vl tiorgé}%dure is known as CFA, which can

be executed using et sing&s_%dnstruct CFA and the Pooled-CFA for all

#
constructs. %

NITITAE)
%tudy u‘t'ill the Poqled-CFA method as it is seen to be more suitable,
N
énd thorough, as we‘H&% able to avoid any model identification problems, as

effic
‘éted by Zainudin (2015). Under Pooled-CFA, all the constructs are pooled

ogether and linked using the double-headed arrows to assess the correlation among

them. In this case, all the constructs were pooled and assessed simultaneously.
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The seven variables of this study — perceived behavioural control, subjective
norm, attitude, governmental influence, project viability, behavioural mtent

involvement — which can be further broken down into 44 items is shown |® 4.2.

: 79
Fitness Indexes

1.P-Value = .000 B
2.RMSEA = .059 erceive BC
3.CFI = 874 Behavioural B
4.TLI = 865 Control B
5.ChiSq/df = 2.217 74 BC
B 40
S GT jea—aZD
61 7 G:OA-A-—@
nnience e T
=2 ~[Ci6 bwm—a2>
1
: & R
73 & : AT T Sem—GT>
Attitude AT T dpem—a 1D
74
81 7 66 3
67
- \/Chen-Ga>
° INV/5hwa-E22
. e T Involvement I %
= INV.
- 77 9:53-—@
S == tee—eiD
11 |ye—aa2>
y [EVE pom—a3D
55 PV 7]
: ?V;.__@
75 Project T:'\ﬁn-—@
Viability PVA4 pem—E3D
PV3 peu—a@3>
- PV2 heu—a3b
Subjective
Norm
%‘:igu r'e’l
Three |d|m nallty (i) validity; and (iii) reliability
for measl@\ode , Wer w@ efore modelling the structural model. These
assess explaine

N
I Unldlmensmnallty c')
% The requirement of fitness indexes for this study was achieved through item-

emoval of low factor loading items identified through pooled-CFA. Eight items were

deleted — three from governmental influence (G6, G7, G11); two from subjective norm
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(,

(SN1, SN4); and three under project viability (PV1, PV7, PV8), after which, the model

run and the fitness indexes achieved the required levels for the study to c‘?ﬁue

(Figure 4.3). (ﬁ\

The fitness indexes were met based on requirements sp by Hair, et al.

eci
(2010). There was no issue of Model Identification in this study event with the removal

of the eight constructs since the combined constructs woul ha?'!!reased the degrees

of freedom for the model (Zainudin, 2015). On a similar te,‘i\itgs showed

ENIES

e —

positive factor loading values.

79 PBCHem—GED

Fitness Indexes %

1.P-Value = .000 A "
2.RMSEA = .058 Perceived PBCHam—@E&DD
3.CFI =.904 (' Behavioural F—s@-PBCtet—ED
4.TLI = .895 s Control ~g PBECHem—@E&h
5.ChiSq/df = 2.185 T APECH @D
PBC lw—GD

78 GI0 jes—&2D
/‘Governmental e GO Fem—EZD
\ Influence GI8 |--—&Z3

81

Behavioural - g:gi . @3
Intention 5 =

Ow- PV5bea—a3D

™ {PVilm—c32

PV3hea—&3H

— PV2 |-=—&3b
61D
@1D

Figure 4.3: The Pooled-CFA after Removal of Low Loading Items
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@)  Validity

For validity assessment, three processes were conducted, namely\z

a. convergent validity; : (f)

b. construct validity; and
c. discriminant validity. \,z

(a) Convergent Validity - The assessments for Co veWalidity was made

based on the values of Average Variance Extracted ( nd*Composite Reliability
(CR) as shown in Table 4.7. The study computed these values foriever st?uckzwith
| &
a minimum threshold value for AVE is 0.5 or r, and CR is"0.6 ide@iﬁed for
P 4

validity to be achieved (Hair et al., 2010). Y' N Y’b’
Table 4.7: The AVE\.‘E@/alues on@ﬁls

Factor Loading CR AVE

Construct ltem
(above 0.50) (above 0.6)  (above 0.5)
Perceived
Behavioural Control PBCL 74 0.902 0.569
PBC2 .81
PBC3 .79
PBC4 71
PBC5 .68
PBC6 75
PBC7 .79
Subjective Norm SN1 Removed 0.754 0.506
SN2 .76
SN3 .70
4
SN4 Removed
‘< SN5 .67
Attitude ATT1 .66 0.892 0.543
ATT2 72
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Construct Item ST [LORLITE CR AVE
(above 0.50) (above 0.6)  (above 0.5)
ATT3 7
ATT4 75
ATTS .78
ATT6 .76
ATT7 71
Covernmental Gl11 Removed 0.778 0.538
Gl10 76
GI9 .70
GlI8 74
Gl7 Removed
Gl6 Removed
Project Viability PV1 Removed 0.836 0.506
PV2 .68
PV3 .69
PV4 71
PV5 .80
PV6 .67
PV7 Removed
PV8 Removed
Frft';?]‘t’iigﬁra' BIL 64 0.840 0.514
BI2 A7
BI3 15
Bl4 .64
BI5 A7
Involvement INV1 .66 0.877 0.545
INV2 12
INV3 73
INV4 15
INV5 .83
INV6 73
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The results in Table 4.7 show the AVE and CR values for all constructs exceeds
the threshold value of 0.5 and 0.6 respectively. Thus, the study concludes wwe

Convergent Validity and Composite Reliability for all constructs in the@khave

been achieved (Zainudin, 2015). *

(b) Construct Validity - From the Pooled-CFA results, the gsearg er intended to

identify the Fitness Indexes for the measurement od factor loading for

each item, and the correlation between constr .L'd
®
N4

Table 4.8: Fitness Indexes for Fitne the Construct ' c,)
.\

Name of category Name of index  Index value Comments
1. Absolute fit RMSEA ‘ 0.0 \equw Sve”l achieved
i vel achieved

2. Incremental fit c 0.904 quwe
3. Parsimonious fit ChlSq/ 2.1 Re@d level achieved

SN

Table 4.8 shows that ire value or tf@nness Indexes have been
achieved for Construct V S propos Zq@dm (2012). Based on this, the
measurement model |%o iev ‘C n?gct Validity.

(©) Dlscrlm |d| I Thegfinal of the Pooled-CFA method, the study

asses@dls imin \the constructs to clarify that they are not

of eyer Déém}nnant validity for the construct is achieved if
&rrelaﬂon mong t%‘rdependent variable in the model does not exceed
\O .85 (Zainudin, 2015)\f’he study also developed a Discriminant Validity Index

§ Summary (Table 4.9) for all constructs in the model.
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Table 4.9: Discriminant Validity Index Summary

PBC SN ATT Gl PV Bl INV [

Perceived Behavioural 754

Control (PBC) N

Subjective Norm (SN) 697 | 711 |-\

Attitude (ATT) .566 .623 .736

Governmental Influence (GI) | =43 | 599 | .486 | .733

Project Viability (PV) 611 | .615

Behavioural Intention (BI) 635 | .590 716

Involvement (INV 592 | .609 o -

) \ N \?B

A

Y4
The diagonal values in bold presented iR, Tabl \1‘& he geroot of the

correjetion between the

respective pair of constructs. The Elscri a \w

achieved if the square root of E @xCeedsjits corrélation value with other
“« Q-
constructs in the model. In &b&r ords, thesdi rimimﬁ&'validity is achieved if the

S
ue

diagonal values (in bold) aredigher t}‘#n any other. s in its row and column.
4 ¢ &
in

Based on criterii, 0 gé%e tabulated values in Table 4.9, the

AVE of the respective constructs, WQHU

study meets the,threshold
Discrimina%iityf ra
(iiz' <é}iabim

S
E\ Reliability is the extent of how reliable the said measurement model is in
suring the proposed latent construct. The assessment for reliability for a

Qeasurement model uses the following criteria: -
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a) Composite Reliability (CR) — The CR indicates the reliability and
internal consistency of a latent construct. A CR value of 0.6 ow
is required in order to achieve composite reliability. Tab@wows
the CR value for the constructs perceived behavioural | (0.902),
subjective norm (0.754), attitude (0.892), governmeéntal influence
(0.778), project viability (0.836), behaviour%ﬂ‘on (0.840) and

involvement (0.877). As such, all the co t chirve the required

oy
b) Average Variance Extracted (A\%he AVE v hd_{%s the
e

average percentage of variatio d byﬁ ng t@gms for a

latent construct. An AVE oﬁl@ 0.54 ired fo@gr.y construct.
Table 4.6 shows the A\ ;or>onstructs eive@ghavioural control

(0.569), subjectivw (. \a&tu
influence (0.5%' iabili

(0.514) and*'Evo
achiev% i
N8
4.4.2 Structur }9 I %
&
!
[

Thi ecEDn explai e’pr@s of analysing data using the Confirmatory

N
Factor lysts (CFA d. This.includes the processes of assessing measurement

Y—v
valﬂm‘ni-dimensionality a@}é’liability. Prior to modelling the structural model and

@543), governmental
0.5@, behavioural intention

&

\ng SEM, the study is first required to validate all latent constructs involved in

e?u
U\ model (Zainudin, 2015). This validation procedure is known as CFA, which can
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be executed using two methods — the single construct CFA and the Pooled-CFA for all

constructs. T

The section illustrates the process of answering the research 3} ctives and
research questions that have been earlier presented in Chapter 1, mainly those related
ze

to the use of SEM analysis. After confirming the validity of th% ment model,

the structural model is specified as by assigning relation ipwfmen the constructs
based on the conceptual framework developed in Chap 1gure @following
hypotheses were then tested: g
yp A3
| S
H1:  The decision makers’ attitude a positive effect onftheir bwt'aviouml

NV
intention towards involven‘Ktin/ P swa@j.ects.
H2:  Subjective norms haveN;l

<'goural intention of
the decision mak %e pr@vt tdu)éfds invovement in PPP
toll expressw@s. g : <8~'
L S
H3:  Percei eral y has apositive effect on the behavioural
inte ti% th ision m

ve effect o

@D
o
£)

|
’ 3 ) )
in the private sector towards

i@ment' P IIex@vay projects.

o

S
intenti Sthe ésision makers in the private sectors towards

\A involvement im@s toll expressway projects.
§ H5:  Project viability has a positive effect on the behavioural intention of the

decision makers in the private sectors in PPP toll expressway projects.
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H6:  The behavioural intention of the decision makers in the private sector

has a positive effect on their involvement behaviour in Pwml

expressway projects. (ﬁ\

@D AT
@D-»{a3}
SE=
| AT
=

/ 55 37 52 09 38
O \EAEAEAEAEDR

o\ K /e @ 3

Behavioural
Intention

en
S

0 ~eadl O
= .
E@:ﬁp
e X ..
\ 2
e
==
[1]
32
@
=
=3
]
==
il o
en

[

(2

CEEEICE

=
=

Fitness Indexes
1.P-Value = .000
2.RMSEA = .061
3.CFl =.892
4.TLI = .883
5.ChiSq/df = 2.323

—1: Governmental
Gy 59\ Influence

Q—J T£}i&|r;é§%Structural Model
& v

N
-A 5
\ e results displaye?\within Table 4.9 affirms that attitude, perceived

ioural control, government influence contribute significantly to behavioural

Qtention and behavioural intention significantly impact on involvement. Meanwhile,

subjective norm and project viability are not significant to behavioural intention.
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According to Hair et al (2016), the significance level for p value is below than
0.05 and the critical ratio (CRa) is above 1.96. Governmental influence re
highest contribution (f=0.415, t-value = 5.780 >1.96) followed b@ived
behavioural control (f=0.329, t-value = 4.131 > 1.96), and finally attiﬂ&=0.205 , t-
value = 2.841 > 1.96) which has a very little bearing on involvenmn the other
relationships, behavioural intention contributed significantly @ment (B=0.657,

t-value =11.080 >1.96).

Table 4.10: The Hypotheses Result b ed on Boot rap . X~
N
I ',
H Estimate CRa
) SE t=value Result

; . ~ AS
H1 ﬁ\ig;lt?c?ne Behavioural .205 [w) @ OO4®Supported
F s \

030 123 243 808 Not

H2 Subjective Norm -
Behavioural Intention ' Supported
H3 Perceived Behavioural ’¥ ' ,{\
Control - Behaviour 9 & .08 w4 ***  Supported
Intention .ﬁ"
H4 Governmental Influe \ ,
) 415 072 .780 ***  Supported
> Behavioural Ijtenﬁ' N \g
H5 Project Viability > Not
Behavioural Intention Lk U ik = Supported
~ ol
He Beha"'our B"’O” >l 57 %59 11.080  ***  Supported
Involve " <Q
o \J
T 4 H , H3, e supported and H2 and H5 are not supported.
Base e results, e r(fatloﬁqmp between behavioural intention and involvement

|w ant. Subsequently, study proceeded to analyse the moderating effect to

§ss H7, as presented in the following sections.
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However, before proceeding to analyse the moderating effect under H7

hypothesis, the author extended an additional exercise of H2 and H5 du i
insignificant result. In clarifying further on these insignificant results ofﬂa} H5,
the interview exercise with few Chief Executive Officer (Ceﬂ* the toll
concessionaires’ companies have been conducted. Neverthelesw interview
exercise is only to seek clarification in justifying the result, thus content analysis is not
required as this interview process is not part of the study{% '

Due to insignificant result of H2 (subjectivegnorm)®and H5 (p tVi@'rty),

t.)
the interview with CeO of X, Y and Z company closed real name dl’Jeﬂprivacy
4

reason) have been conducted and every insighificant M have@n asked a
question as follow; CV 0\ QE
(6}

@gniﬁcant other is not

—=9

Question 1:  “Why do ygu think su ective
: > S
import nt fér the pan)@konsmermg involvement

O
@Tws \ypyr ve@ard to secure this huge project and looking
X :

orward to have Iong-tw%ntract with the government.”
N N
? Answered of Question 1 by CeO of Y toll concessionaire:

“In developing country, such as Malaysia, the influences of local society such

as non-governmental organisations or association bodies do not jeopardise
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much on the company’s decision making particularly in deciding to get involve

in government contract.”
Answered of Question 1 by CeO of Z toll concessionaire: : :' ,

“PPP is between the company and government, thus the co W should take
full consideration and cautioned more on fulfilling obllgat etween partners
rather than too focus on others. Thus, besides stakehgldeks, ot ers do not much

influence in our decision making in PPP.”

Yv

for the company in men%h_v PPP toll

expressway pro;eﬁ\[
Answered of Question 2 by hﬁx

“Normally the gover ook I‘étu the viability of the PPP

project before cal y tT er Or'RFP &equest for proposal), thus, in

deciding to pa%\ or no gszj ore focus on financial feasibility

intermo &Qted rel/en ther h verallof project viability.”
Q stion *&e@éﬁ( toll concessionaire:

Question 2:  “Why do you think proj %ﬁy is Mot i mlan-&p ement

Ny
ing & ‘s'on agie\%ment in PPP, the viability of project would not

e the main concern j{%ﬁe company as the profit guaranteed and projected

E\future profit are clearly stipulated in the contract.”
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Answered of Question 2 by CeO of Z toll concessionaire:

“We have a very good government and our government policy is a%zess-

friendly policy particularly in lure of private sector’s parSzpat' n and
Ir

involvement in the public infrastructure projects. Hence‘: o'|ec viability
should not be an issue as the company could rely on fu% ment support
and assistance especially when the nature of pr?ﬁnvolves national

interest.” '

' X

45  Multiple Group Analysis — Moderation _\t,}

Zainudin (2015) emphasises the com es i na ng ttﬁ_ oderating

effect for a model with latent construct. \[n groﬁp CEA sug &an alternative
. .

method for this process, with two sep

other is an unconstrained mod pa h
parameter = 1.
\

This study ht dopted the mod tlpnﬁess for multi-group CFA by

a
Zalnudln(2015) lo klng ru ode ariable in the relationship between

behavioural |nt and im/olvement b@our of the private sector in PPP toll

O

expressway (H . Thisi dep E:-f}emm Figure 4.5. In testing trust as a moderator,
the rese wded tasets |gh data trust (scale 3.51 to 5.00) and low data

ust aI .00 to 3.50). Eacl}f_l)&et was tested using the two models — constrained

§Mand unconstrained mod\i.
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Involvement
Behaviour

Behavioural
Intention

Figure 4.5: Trust as a Mo ‘\d
L 4 \Y'
! _{?
The results of the tests are significant if the'di ferenc;i Ch quarﬁy lue for

NV
\abeye 3.84, Two types of

. Fult,moderator occurs

moderators, full moderator and part@)r,

when high data or low data is significant, Whileparti &tor occurs when both
é—n) A
high and low data are significant%’i ing2015). Fru tvua%wanalysed as a moderator
“« Q-
on both tests, high and low dN ing constrai and\\k onstrained model.
N

In elabo@s te |Fig 4.6 H@I’ rust Data: Outputs for the Constrained

Model, Tabl hi-quLhr I‘ug a F for the Constrained Model for High Data

Trust, Fq% Hi‘gh ru; ta: Qutputs for the Unconstrained Model, and Table
i-

b
4.12 are Value and DF.for the Unconstrained Model for High Data Trust are

\C.)

:Mi. Further explanation is provided in the following paragraphs.
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Intention
[7]
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Trust
4
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TRU1 |[ TRU2 || TRU3 || TRU4 || TRUS || TRUB |[ TRU7 || TRUB || TRUS [|TRU10
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60
650 INV6
o of ¢l NV
INV4.
INV3
ey
(NI e

Involvement

\ 4 L | S
» P '3
Figure 4Qi W&Mpl@r the Constrained Model

]
Table 4.1C$7re'\/a

&
ﬁd [!FS'ér the Constrained Model for High Data

(JTrust
. 1) &
Model NPAR CMIN  DF P CMIN/DF
@model 3.7 200056 88 000 2.273
%Jrated Model 120 .000 0
andependence Model 15 795.408 105 .000 7.575
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PR RN PR T

[ BI5 || B4 |[ B3 | B2 |[ BIT |

76 \ 58 0

8% 5g
Behavioural
Intention 46
% @ INVG Jeat-623
88/ T INV5 62D

J' p| INV4 jnt-E2D

» AN el
58 INV2 {62

INV1 ea-62B

37 <49 43
5 80
49 54
25 13 24 6 29 Wl 19

TRUT | TRU2 ]| TRU3 || TRU4 || TRUS || TRUB || TRU7 || TRUS || TRU9 ||TRU10

Figure 4.7: High Data : utputs fﬂ;ﬂ TJ )@ralned Model
Table 4.12: Chi- Square N@amed Model for High Data

l
Model NPAR CMIN DF P CMIN/DF

Default modej\’\ 70.5@” 87 000 1.961
Saturated 6OD 0
' O

Independe Modfl 1 408 105 .000 7.575
""‘-
N
‘-3

Table 4.11 shows the output of chi-square values for the constrained model,

O ere the CMIN is 200.056 and DF is 88. Meanwhile, Table 4.12 shows the output of
c

hi-square values for unconstrained model, where the CMIN is 170.587 and DF is 87.
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For the moderators to be significant, the difference in Chi-Square value
between constrained model and unconstrained model must be higher than 3.8
degree of Freedom (Zainudin, 2012). Table 4.13 shows the moderation @}High
trust is significant as the difference in Chi-Square value between ‘H;Qnstrained
(200.056) and unconstrained (170.587) models is 29.469 (200.056-1?@7) while the

Degree of Freedom is 88-87 = 1. V

Table 4.13: The Moderation Test for Hig@st elultsd
i

Constrained Unconstrained Chi-Square Result on

Model Model Difference Moderation
) I L
Chi-Square 200.056 170.587 i 29.469 Slgnlf{eant
NV

DF 88 87 ? Y X
The test carried out for H7 onwaon found he r@%rator variable for

High trust does have a moderatir%ect on t\Hgio N.—Q\between behavioural
sz o

intention and involvement be@s theﬂ differenee i Q?—Square value is 29.469,
X
N

which is above the requirev\O&S .
auj S

452 Test Moderation fo owKaf st'(fj/

In elab %hist r'e 4.8& Data Trust: Outputs of the Constrained

¢
Model, T Za the Chi-Sq rng and DF for the Constrained Model for Low
NN

Data , Flgure 4. Da@st: Outputs for the Unconstrained Model and
TQ4 the Chi-Square V@and DF for the Unconstrained Model for Low Data

!\?re referred. Further explanation is provided in the following paragraphs.
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Figure 4.8: Lo \;u - Outputs for Ac\c:nstrained Model
NS

(

) 4 b 4 &
Table 4.14: mre \@ F forthe’Constrained Model for Low Data
Tr%
a O a

Model NPAR CMIN  DF p CMIN/DF
Def p V}I J 5 @141 88 000 3.308
Saflra odel 1 ‘Z'ooo 0

dence 1502766463 105 000 26.347

eI

S
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Figure 4.9: Low Data Trusmuts for the %nstr@d Model
AN
%") V<
0 e,

Table 4.15: Chi-Square Valu DF fer the c‘éns@ed Model for Low Data
Ak
Model NPAR CMIN DF P CMIN/DF
Default model J 3lz QM%' 6987 000 2.359
120 000

Saturated Mo % % 0
Independe 0 I. \5\ ,27(;@% 105 .000 26.347
o VS
14 |§.0 Dtyof chl,@uare value for the constrained model, where the
Ch@lﬂ and DF is 880_;Lh‘z|7e Table 4.15 shows the output of chi-square value

unconstralned model, Where the CMIN is 205.258 and DF is 87. For the test

eration to be significant, the difference in Chi-Square value between the
onstrained and unconstrained models must be higher than 3.84 with 1 degree of

freedom (Zainudin, 2012).

V'L
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Table 4.16 shows the moderation test for Low Data Trust is significant since
the difference in Chi-Square value between the constrained and unconstraine I
Is 85.883 (291.141-205.258), while the Degree of Freedom (DF) is 88-87 =,1.%Thus,

the Chi-square value is above than 3.84 and therefore, the low data tr ignificant.

Table 4.16: The Moderation Test for Low Data Tn;@;ts

Constrained  Unconstrained Chi-Square Result on
Model Model Difference Moderation

Chi-Square 291.141 205.258 Q%' Qgﬂcam
DF 88 87 I .

The tests for H7 on moderation thathT

moderator variable for High and Loweus e

relationship between behaviour and Mmen{he stei{Qor this analysis to
identify which data group (low ; oPhi%hdévw ﬁme definite moderator
cée

S
. . . “ % :
variable (trust) effect. Thlsp\ quirésithe standar estimates for the path of
\

@D
o
c
—
—h
o
—
=
2
—
=
@D

(72}

interest for both datasets.

(? 'S
’ 4 2 _
Table% e S&a@\ ed Es@te for High Data Trust

2 i =

Standardised
Construct Beta Estimate P Result

') ' =4
Beha 'OI > \bve .260 .000 Supported

P
A \’T
Table 4.18: Th@&%ndardised Estimate for Low Data Trust
NN
Standardised

‘< Construct Beta Estimate P Result
Behavioural Intention - Involvement A71 .001 Supported
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Based on the results, the standardised beta estimate for high data trust is 0.260
with the P value 0.000 (Table 4.17) and for low data trust is 0.171 with the
0.001(Table 4.18). As such, it can be concluded that the effect of the n@on IS
supported in both high trust and low trust. The results also show e type of

moderation is partial moderation as the standardised estimates for both high data trust
and low data trust are significant. In conclusion, H7 is N where trust is
confirmed as a partial moderator in the relationship betwe S%Ju'al intention and
involvement. ‘\d‘

| &
4.6 Final Structural Model “\
F 4 \,Y'

Figure 4.10 shows the critical ra@o'll p v@r the Final

Structural Model. The critical ratioh\ facé%ading, where a

minimum critical ratio value of 1860 is requ r %&onsidered significant
@ ’ S
(Byrne, 2010). Meanwhile, a g@ below 0. co red to be significant.

)2
’/1,€

-
Altitude Hi
2841 (0.04)
H3
H6
Perceived 4.131 (0.00)
1108 (0003 T
Behavioural — }————| Behavioural y > lmrc-l':f_ment
Control Intention Behaviour
HT
P= .00
H4
Governmental 5.780 (0.00)
Influence Trust

Figure 4.10: Final Structural Model
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Table 4.19 shows the summary of seven hypotheses of this study. The results

for each hypothesis are as follow: H1, H3, H4, H6 and H7 are ssupported andw

H5 are not supported. (’}

Table 4.19: Summary of Hypotheses %

Hypothesis Statement Result

~

H1 The decision makers’ attitude has a positiv%'l Supported
Ivement l

on their behavioural intention towards i

in PPP toll expressway projects.
p y proj t P

H2 Subjective norms have a positive effect on the Not
behavioural intention of the decision makers in the | Supported
private sector towards invovement in PPP toll
expressway projects.

H3 Perceived behavioural contro}ﬁas a
on the behavioural inten ofithe deci
in the private sector t inv

toll expressway prm

~7
sitive Bffect Supported
N
~

H4 Governmental influence has g;lénthe Supported
behavioural in nof th akers'in the
private sect rds nt ip:{_ P toll
expresswayaprojects.
pressweARQ) R\

H5 Project viability has a positive effect on the Not
behavioural intention of the decision makers in the | Supported
private sector towards involvement in PPP toll
expressway projects..

H6 | e‘@hav%entio e decision makers in | Supported
the priva hasa-positive effect on their

olvement }}al/io in PPP toll expressway

rojegts. \(J
Ny

Tr’st' h mod@ting effect on the relationship | Supported
between hg\gural intention and involvement
behaviour i toll expressway projects

[&7 p Yy proj
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4.7 Conclusion

This chapter presents in detail the findings of this study. Overall, thﬁznse

rate to the survey conducted was good and focused, with 88 per cent S%ndents
n

strictly from toll concessionaire companies in Malaysia. The respo ts also show a
balanced ratio between middle and top management employees,, with the majority of

them having over 11 years working experience.

The data screening process was conducted @ hé\qu{l%, confirm

L ]
normality as well as to check for muIti-coIIineari@rmator facto a,a@?&ere
bles?

' eliability tests were'\¢onducted

conducted to ensure construct validity of all v
\ N
to determine the internal consistency between items agﬁi Himise @Xﬁ errors. On

top of that, discriminant validity asse s done ide ﬁditional measure
for all remaining items. c \? /.\-\
o S

This chapter also pr& the results of the mﬁtheses tests, effect of the

moderator, and the outconw&e str,ctur uati odels. The results, in general,
(

supported most of the%ﬁeses, except,subjective norms and project viability. The

study’s overall I@d recb@batiorz?% be discussed in greater detail in the

next chapter.%\ ‘?:' C—)O
DA
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