CHAPTER 4

RESULTS AND ANALYSIS %\
4.1 Introduction Y'

Chapter Four presents the data analysis based on the rew objectives and
hypotheses. The primary goal of the chapter is to prese e cults' which include
descriptive statistics of the data and reliability and va of the instrumént, as well

@
as outcomes of the hypotheses testing. This chapter S the;;djr)sqts_{%:eg on

the data collected from customers of Jordaniv. ercial’banksfin n@,’ central,

and south Amman. V \ ?T
Chapter Four contains four se@st, it p th@Sponse rate, non-

response bias, and common meth%s tests.NrW, i ge\ésribes the initial data
o . > .
examination, screening, a aration. @)ndents’ demographic

characteristics are also de aimhir , S th@lidity and reliability of the

instrument. Finally, it% rllng oflt
determination, prediq'{re evzi

NS

4.2 Respon@ i ’ 4 O

T@ieme%ling @md was used to select the sample of this

Y—v

reseATo distribute the q%dtionnaires, the researcher personally visited 13
N

C Nial banks in Amman and distributed 384 questionnaires to their customers.

0 surveys were personally administered and each questionnaire was attached with a
e

n as a gift. The researcher also assisted the respondents to expedite the answering

potheses testing, coefficients of

process. The respondents were also reminded of the questionnaires through personal
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visits, phone calls, and SMS to increase the response rate (Sekaran & Bougie, 2010a).
These efforts returned 378 questionnaires, indicating a response rate of 98.44 ]
However, six questionnaires were incorrectly filled, leaving only 372 q@aires
that were fit for analysis, indicating a valid response rate of 96.88 pe aruch &
Holtom, 2008). The response rate is similar to previous research (@nyango, 2016;

Talib et al., 2013; Wanyoike, 2016), hence it is considered 3qtisfa ry. The detailed

l

Table 4.1: Response Rate of the Questi nair’s \d
[ o °. X\

response rate is shown in Table 4.1.

North of Central South of

Response Amman  Amman  Amman Freg/Rate
No. of distributed questionnaires 140 125 119 384
Returned questionnaires 138 122 118 378
Returned and usable questionnaires 135 121 116 372
Returned and excluded questionnaires 3 1 2 6
Questionnaires not returned 2 3 1 6
Response rate % 98.57 97.60 99.16 98.44
Usable response rate % 96.43 96.80 97.48 96.88

T
4.3 Sample Characteris% ‘ %\
The respondents%s ed to 'g ﬁ‘g\;e@uesﬁons related to their profiles,
such as gender, Nduca?’o n

& _
, a i(akperlence. The following are the
demographic prefile ofithe s

¢

Firstl bspo e erg aegg to indicate their gender. The descriptive
:d

analysis%

mal is indicates that mor Q%’n half of the users of online banking in Jordan are

feE ¥The respondents were also asked to indicate their age category. The largest
n

NN
that ?ercen@ users were female, while 48.9 percent were

& tage of users was 18-24 (48.9%), followed by between 25-31 (23.9%), between
2-38 (11.6%), between 39-45 (7.8%), between 46-52 (4.6%), and finally more than

52 (2.7%).
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The education level of the respondents was also inquired. It was categorised into
five levels: 1) high school or lower; 2) bachelor’s degree, 3) diploma; 4) ?Ps
degree; and 5) PhD. The respondents were asked to indicate their level ©f mic
qualification. Most of the sample (69.9%) had a bachelor’s degree%ed by a
master’s degree (14.8%), diploma (7%), PhD (5.4%), and high Schcwr'mwer (3%).
With respect to years of patronage, 34.9 percent of users ans rWone to less than
four years, 28.2 percent for less than a year, 19.9 percent w&o.

Ieis than 10 years,

8.9 percent for 10 to less than 15 years, and 5.1 perce 15 MZO years.
L ]

Only 3 percent have patronised the bank for more tha years. l _\‘-}
Table 4.2: Summary of Resp D% \Y
- T
Category A\’, requency™, . 'Percent
Gender | »

&

Male < 3 18 O 48.9

Female 1 51.1
Total \83 ,(\ 100

Age - i A
From 18 to less than 25 years ‘1846 49.5
From 25 to less than 32 years\ 23.9

From 32 to less than 39 yea % 11.6
From 39 to less than 4 earg i 7.8
From 46 to less than 5 2 17 4.6

C-}o 10 2.7

From 53 years and more 4 .
Total \ 1\\ N 3w 100
& .
S.
[

Education Leve - % Q ,

High school an(ﬂQ 11 3.0

Diploma % ‘-' C—)(J 26 7.0
re

Bachelor's (_, 260 69.9

Master's é\\ 55 14.8

PhDs e - 20 5.4
Y-v

Other N 0 0.0

Tot e 372 100
Years,of dealing with your current bank

Le n1year 105 28.2

m 1 to less than 5 years 130 34.9

5 to less than 10 years 74 19.9

om 10 to less than 15 years 33 8.9

rom 15 to less than 20 years 19 51

20 years and more 11 3.0

Total 372 100
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4.4 Non-response Bias Test

Non-response bias is a common error in assessing the characterlstlc
sample due to the non-response of some respondents (Berg, 2010). @g to
Singer (2006), there is no minimum response rate below which t nses are
necessarily biased and above which the responses are necessarlmlased. Bias
should be examined regardless of how small the possibili -response bias
(Clottey & Grawe, 2014). % '

The main issue of non-response bias is that the iews o p ho do not

respond to the questionnaire could be systematically different fro elo@ns of

OHS@&'IS exists,

ampl@:z;act it could

those who do respond (Sedgwick, 2014b). Th w e

the outcome does not accurately reflect the iew fth

lead to erroneous generalisation of 0 Iatlon. dm@t IS essential to

consider this type of error before ¢ |ng the mal W
To minimise non- respon , the ﬁsear en mgié?ed the response rate, as
proposed by Salkind (200 : ‘)éabd reminded the respondents
calls ln il énsuhtlon and SMS (Dillman, 2011

F &

nses gﬁ.ﬂarly and late responses were then

through personal visit% "
Sekaran & Bougi&&%)a).b
compared. &
e DL L
The %onse bias s:assefjs d by separating the respondents into two
NN
groups, nding onftheir stiom&?e return time, for all five variables (INQ, SYQ,

S tinuous-use intenti n@hd online banking performance). Levene's test for

of variance was used to examine whether there were differences in the

3 nces between the early respondents’ group and late respondents’ group.
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Table 4.3: Group Descriptive Statistics for the Early and Late Respondents

Variables Response N Mean  Std. Deviation  Std. Error
INQ Early 185 3.649 0.572 0.042
Late 187 3.617 0.601 0.044
cuUl Early 185 3.718 0.766 0.056
Late 187 3.747 0.815 0.060
OBP Early 185 3.811 0.377 0.028
Late 187 3.773 0.458 0.034
E-SO Early 185 3.500 0.705 0.052
Late 187 3.482 0.692 0.051
SYQ Early 185 3.639 0.734 0.054
Late 187 3.643 0.753 0.055

Note: INQ: Information Quality; CUI: Continuous-Use Intention; Online Banking Rerformance;
E-SQ: E-Service Quality; SYQ: System Quality
@

The standard way to test for non-response bia: 0 compare the 'es&(i@es of

those who respond to the questionnaire ea% to “those dVho r. pongjﬁte. Late

respondents are the non-respondent samplw sumﬁd\e reprc%n?;tives of the
&

non-respondents group (Wagner & K ing, 2010). O
Table 4.4: Statistically Significa 'fferenceib e?n @nd Late Responses
a N

Independent Samples Test
Levene's Test for Equality of t-test for Equality of

Variances Means.
F Sig. t df _ Sig.
Early
INQ Response 342 559 520 370  .603
Late Response 520  369.441 .603
Early
CUI Response 257 612 -.355- 370 123
Late Response -.355- 369.024 723
Early
OBP Response 2.148 144 867 370 386
Late Response .868  358.031 .386
Early
Late Response 242 369.682 .809
Early
N Late Response -050- 369.920 960

te: INQ: Information Quality; CUI: Continuous-Use Intention; OBP: Online Banking Performance;
-SQ; E- Service Quality; SYQ: System Quality
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The Levene’s test showed that the standard deviation and group mean for late
and early respondents were not statistically different. As shown in Table 4.4, t
revealed no significant differences between early responses and late @es in
information quality (t = .520, p = .603), continuous-use intention (t = ‘&0 =.723),
online banking performance (t = .868, p = .386), e-service quality (tw, p =.809),
and system quality (t = -.050, p = .960). Pallant (2013) stated that t#the p is equal or
less than .05, the equality of variance assumption is viol dm |’ Is greater than
0.05, then the opposite is true. The findings showed th p Vv IuWrDore than
0.05 for all variables, which means that the data sho curately refl t[hg\égi‘ons

of online banking users in Jordanian commerci : 4 .\‘f

NG
W
45 Descriptive Statistics \ ®)

A descriptive analysis for M/as c@u‘t deé ibe the information
N,

quality, continuous-use intenti ine %anki operf nce, e-service quality,
system quality from the per. N of ' na Iien@ordanian commercial banks.
This research adopter%z

ti
tinuous-use inténﬁ@s as mediator (as discussed in
4 F &
chapter Two under ion 2.9.‘5 . Iptive.analysis provides more detail about the

andé%‘fdard deviation. Mean is usually used to

responses through, fominsta

¢
measure thE &DI tendency; nﬂ' itéa) gives the overall picture of the dataset
ug

N

(Sekara ied 201 Standard deviation is a measure of dispersion that

i d’E&h iability of th o@ét It is th t of vari Both m d
inaigate € variapltlity o (S €L. IT IS the square root or variance. bo ean an
\

S deviation are common descriptive statistics for ratio and interval scales, such

G e five-point Likert used in this research. To explain the mean, the study followed
e

recommendation of Nik Muhammad et al. (2010), that a value of less than 2.33
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(4/3 + 1) indicates a low level; 2.33 to 3.66 indicates moderate level; and 3.67 (5 -
4/3) and above indicates high level. Yv

The result shows that Online banking performance had the highes M =
3.791 of all the variables with the lowest standard deviation, SD-—\@O; while
continuous-use intention scored the lowest mean, M = 3.372 the standard
deviation, SD = .790. These findings clearly refer to the among the external
clients’ perception of online banking performance and th gi:u ce intention to
use, which means that they continuance intention to use oaline b k.hﬁg\ad\‘eak even
though they perceive as important. The mean of con us-use;int or’ ig\@‘zt‘han
the mean of online banking performance wh?i; efI%’ ma.Lngroblem
statement of the research. \) %\T

System quality had the next hi@n, M = 3 wi@%ndard deviation,
SD = 0.742; this result shows thanjrnaI cl1e\“s\e$1

q
Jordanian commercial banks. tion ’aualit necei\@. mean, M = 3.638 with
% &

ndings

standard deviation, SD = % TT
n

information quality in% e banking s }efn.\@fthermore, Table 4.5 also shows

;UE\OH system quality in

results clearly refer tosthat ts re b&‘ﬁse and emphasise the importance of e-

¢
service quality.“Table 4.5 sho the'deéfi%tive analysis of the variables.

N
b o }ble 415‘:Descriptive Analysis
.

Vari N Mipimsium  Maximum Mean St. deviation
INQ 372 1 5 3.638 0.58590
CuUl 372 1 5 3.372 0.78993
A OBP 372 1 5 3.791 0.41973
A, Eso 372 1 5 3.490 0.69771
SYQ 372 1 5 3.640 0.74228

ote: INQ; Information Quality; CUI: Continuous-Use Intention; OBP: Online Banking Performance;
E-SQ: E-Service Quality; SYQ: System Quality. Scale: Strongly Disagree (1) to Strongly Agree (5).
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4.6 Common Method Bias Test

Common method bias is the errors caused by the method of measuremenv'!r
than constructs that the instrument seeks to investigate. For example, collecting data
using a single (common) method, such as online survey, may cause a%atic bias
that either inflates or deflate responses. A study that has a significant @@mmon method
bias is one in which the majority of variance (more than 50%)&\2\!xplained by one

l

Harman's single factor test was used to see if a'Siagle f thlain the
ingle factor illlagfg;for
rese{ unr@-e'd factor

sin facto@ggunted more

tfo@‘.’sg percent of the

total variance, it was still below th{uﬁhold, t \mdﬁat' g@e absence of common
method bias. This is consisten%odsa'l’(off ™
(2014), who argued that ¢ }inet Ia xists@ single factor explains more
than 50 percent of the % P ' 0’

A\I’able ‘b\%n( tated Factor Analysis
2

factor (Podsakoff et al., 2003a; Podsakoff et al., 2012b).

majority of variance. If common method bias exists

more than 50 percent of the model variance:

analysis of 50 items from all variables revﬁ% at

than 50 percent of the variance. Whilé%ene faor did ac

al. (2 ) and Lowry & Gaskin

== S ~N

&
Total Variance Explained

Initial Eigenvalues Extraction Sums of Squared Loading
Total % of Cumulative  Total % of Cumulative
Component Variance % Variance %
1 14,788 34.390 34.390 14.788 34.390 34.390
2 3.909 9.092 43.482

3 3.000 6.978 50.460

\"
\Extraction Method: Principal Component Analysis.
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4.7 Initial Data Examination, Screening and Preparation

Data examination, screening, and preparation are to ensure that the OTE

~t

clean and ready for further statistical analysis. Data must be checked tc(e.q\ik tha
they are usable, reliable, and valid, as well as to identify any vidAQ of basic

assumptions of multivariate techniques (Hair et al., 2010). There are%veral issues to

address when cleaning data, including missing data, outlier (unlvarlate and
multivariate), normality, linearity, homoscedasticity, and llin r|ty These are
explained below.
! .@
4.7.1 Analysis of Missing Data .\T
Missing data may be caused by qu ion hat GTe I red pondents or

irrelevant to their situation (Cheema, hlssmg da ca@%everal problems,

such as reducing the amount of avallable data for analy5|s ich in turn reduces

statistical power and rellablllty d|t|%1msm@ata may degrade data

efficiency and return biased results (Kwak & Klm 2017) How the missing values are

treated will affect th tg of aanyS|s THe @shold for missing data varies.
7 &

According to Scha 1999) r:n\;l by I&g& Peng (2013), missing data of 5

percent or Iess ac 't (Z@/claimed that missing data of 10 percent

or more Wg:j d t blase éulé-aenerally, if more than 10 percent of the

respons particular, ymble& of a particular respondent are missing, that
vanﬂ& respondent may be ‘gmatlc.

|ng SPSS v22, the researcher identified the missing data for all variables and

ndents (cases). The results indicated that missing data made up less than 10

ercent for every variable and case, which means that there were no problematic

variables or cases in the dataset (Hair et al., 2010). The researcher filled the missing
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data using the median replacement method, which is the most appropriate replacement

X
O

Outliers are extreme values that abnormally lie outside the ovefall distribution

method, especially with Likert-type data (Lynch, 2007).
4.7.2 Analysis of Outliers

pattern of a variable (Kwak & Kim, 2017). Outliers significantly affect the estimation
of statistics, resulting in overestimated or underestimate ?e.g' by pulling the
mean away from the median. How the outliers are treatedhwill aff; ct\hqdlts of data

oy
analysis. There are two types of outliers: outliers @/idual ari s(u@iate),
: mu@ utliers{will also

Mahaéhggis D? was
owe@ the computation

and outliers for the model (multivariate). T

remove univariate outliers (Ho, 2013; ir
calculated using linear regression ana@
of chi-square.

Given that 50 items wer.
Fidell, 2013). The criterion was

D? of 86.66 and abov:

indicate that there

All cases were %

4.7.3 rmalit

- X |
r examining for o@, the study assessed the normality of the data.

Xty is a principal assumption and prerequisite for many inferential statistical

<
—
B

echniques (Hair et al., 2010). Normality refers to the symmetrical, bell-shaped
istribution of the data, with more frequencies in the middle and fewer frequencies

towards the extremes (Gravetter & Wallnau, 2006). According to Coakes & Steed
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(2007), the normality assumption can be explored graphically (histograms, stem-and-
leaf plots, boxplots, normal probability plots, detrended normal plots) and stativw
(Kolmogorov-Smirnov statistic with Lilliefors significance level, %}Wllk
statistic, and skewness and kurtosis). *
Normality can be assessed to some extent by obtaining skew%'and kurtosis
values (Hair, 2010b; Coakes & Steed, 2007; Orcan, 2020), Thereéfore, this study
o

assessed the normality of the data by obtaining the ske L'I’tOSIS for every

item of the instrument. The results were analysed usi eg de owded by
Kline (2011): the skewness value should be between ile rtdsﬁag\meen
-10 and 10. Multivariate normality means t the\(n idual \@Bles and
overall model are normal (Hair et al., 2003, lui& 11, 20 evertheless
Tabachnick & Fidell (2013) indicate tlon fro ma@‘data of Skewness
and Kurtosis mostly do not make am erﬁe%n e analysis when the
| | S

size of samples is over 200. <8\_

As Table 4.7 shows, ost all hi re s d, and no perfectly normal
distribution was obser ﬁel 1 the a he skewness and kurtosis for all
items were within cceptab‘ Wlthln the range of -.842 to .326
while kurtosis i Wlt the -13 2461 Therefore, normal distribution
could be ass , nd p rame c U Id be used for data analysis.

RDRE

N
\C.)

RN
'~
N
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Table 4.7: Normality Test

Std. Deviation

Item Mean Skewness Kurtosis
INQ1: The website provides relevant information. 3.67 827 -.627- .878
INQ10: The information provided on the website is based on facts. 3.66 .809 -.204- -.100-
;(la\lr%ﬁgl:itl-/he information provided on the website has a good reputation 353 708 013 029
INQ12: The information presented on the website is protected against 370 737 043 - 450-
unauthorised access.

INQ13: The information presented on the website is easy to 364 836 - 305- -022-
understand.

INQ2: The website provides an appropriate amount of information. 3.64 .869 -.440- .240
‘Ialr\:OQrS: The information provided on the website is accurate and free-of- 3.49 789 226 - 061-
lIJI;Ie(fQuﬂi: The information provided on the website is consistent and 363 760 - 930- 158
INQ5_: The information provided on the website is complete enough for 3.40 880 - 955. 354
the client's needs.

INQG6: The website provides believable information. 3.55 795 -.199- 261
INQ7: The website is accessible when needed. 3.89 944 -.842- 592
INQS: _The ban_k website saves the client’s time to get exactly the 378 979 - 530- -.061-
needed information.

INQ9: The information provided on the website is easily interpretable. 3.76 967 -.501- -.140-
CUIL: I intend to continue using online banking in the future. 3.67 972 -423- -.197-
CUI2: | intend to take full advantage of online banking. 3.58 944 -.300- -.398-
CUI3: 1 will use online banking regularly in the future. 3.73 .986 -.396- -.419-
CUI4: 1 will frequently use online banking in the near future. 3.72 926 -.553- 135
CUI5: -I intend to continue using online banking than using any 363 997 -.359- - 390-
alternative means (traditional banking).

CUI6: The probability that I will use online banking again is high. 3.66 .659 .268 -.496-
CUI7: | have positive attitudes toward using the online banking system. 3.86 742 105 -.918-
CUI8: The likelihood that I would recommend the online banking 3.79 644 -020- L9297

system to friends, relatives, or others.
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‘Table 4.7, Continued’

Std. ‘Deviation

Item Mean Skewness Kurtosis
OBEl: | prefer visiting f[he branch instead of using online banking 376 670 007 022
services to do my transactions.
OBP_lO: I feel at risk while making transactions through the online 390 279 -101- _597.
banking system.
OBP11: Online banking systems work as advertised. 3.79 641 -.582- 1.582
OBP12: Online banking systems are exposed to illegal tampering. 3.95 735 .031 -1.037-
OBP13: The service delivered through the e-banking systems is quick. 4.05 .758 -.454- .040
OBEl4: My h_|gh confidence in online banking services is making my 116 743 -497- - 306-
relationship with the bank closer.
ﬁeB\l/DV%)?I:d.Onlme banking services are available 24/7 and anywhere in 378 686 - 801- 2461
OBP16: | am satisfied with the transaction processed via online 388 814 155 -1.346-
banking services.
OB_P_2: _ Online banking system perlodlcall_y_ _sends warning 384 688 117 - 688-
notifications to my account to avoid fraudulent activities.
OBP_3: I can easily complete any transactions through the online 342 848 -199- 065
banking service channels.
%Iillzlzrl]g Online banking service is secure and safe from any fraud or 338 896 -195- 116
OB_P_5: The securlt-y systems of _the online banking services send 370 808 -108- - 045-
notifications to confirm the transactions are performed by me.
OBP6: The use of online banking services saves time and effort. 3.51 .907 -.207- -.188-
OBP7: Online banking services are provided in various languages. 3.53 .848 -.178- -.198-
OBP8: Online banking services do not allow intruders to access my 3.27 .813 .106 .346
accounts.

3.65 .832 -.308- .005

OBP9: Online banking services have low fees/charges.

141



‘Table 4.7, Continued’

‘Std. Deviation

Item Mean Skewness Kurtosis
E-SQ1: The bank makes accurate promises on the website to the 373 993 - 656- 056
client regarding order delivery and item availability.

E-SQ2: The WebSIt(? deals with _prot_)lems promptly, as it tells the 3.66 883 -590- 612
customer what to do if the transaction is not processed.

E-SQ3: The website is safe from intrusion, as the system protects 365 854 -001- - 300.
client information.

E-SQ4: The bank assists the client through telephone or online 7
representatives if there is a problem regarding the website. 3.58 897 a 114
E-SQ5: '_I'he bank continuously processes the technical functioning of 361 900 _570- 371
the website.

\I/Eve?)g?e The bank compensates the client for problems caused by the 361 879 - 495- 173
lIJES:eSQ7: The customer can access the website quickly and it is easy to 367 807 L 627- 878
SYQZ1: The website system is easy to use. 3.66 .809 -.204- -.100-
SYQ2: _The wepsne system has the flexibility and portability to 353 708 013 029
accomplish banking transactions to the fullest.

SYQ3: The website system is trustworthy. 3.70 737 .043 -.452-
SYQA: The website system is easily accessible to precisely do what 364 836 - 305- -022-
the client wants.

SYQS5: The website system provides up to date information. 3.64 .869 -.440- .240
SYQG6: The response time of the website system is acceptable. 3.49 .789 .326 -.061-

Note: INQ: Information Quality; CUI: Continuous-Use Inté;nt‘lbn;‘OBPZ:j-Qn?Iine Banking Performance; E-SQ: E-Service Quality; SYQ: System Quality

142



4.7.4 Linearity Test

The linearity assumption is supported by a normal probability plotw
regression-standardised residual, as indicated by various authors. Figures@%&d 4.2
show the results of a linearity test for each of the continuous-use interrﬂ*g mediator
and online banking performance as dependent variable. The figureS¢below indicate
that all of the points are in a fairly straight diagonal I%\N the normality

assumptions are achieved, and that there are no significant'dewiations f’om normality.

N o

Mormal P-P Plot of Regression Standardized Residual

Dependent Variable: CUI

Expected Cum Prob

j 1
0.0 02 04 08 08 10
_ Observed Cum Prob
~

—

_\\_\ Figure 4.1: Test of Linearity for Continuous-Use Intention (CUI)
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Normal P-P Plot of Regression Standardized Residual

Dependent Varlable: OBP

1.0

0.8

0.6

0.4

Expected Cum Prob

0.29

0.0 g T T T T T
0.0 0.2 0.4 o] 0s 1.0

Ohser\rgd Cum Prob

AN
Figure 4.2: Test of Linearity fo OnIi%’iI; Jgﬁ%rmance (OBP)

@

e,'hQTloscedasticity test, as suggested by
studies in the Iite@g. Hdir
intention and W king
'

residuals tilised to est)lo oscg&s‘ticity. Figures 4.3 and 4.4 show two scatter

o
_ﬁo
N
% 2010Qallant, 2013). For both continuous-use
N

plots t wibe thd ragfisiof th@t.

N

5

4.7.5 Homoscedasticity
Y Lj ! §
{
r Qrmagy, scatter plot diagrams of standardised
; he two figures illustrate that there is no systematic structure, such as
V

ilinear or residuals, on one side. As a result, the homoscedasticity assumption was
th.
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Regression Standardized Residual

Regression Standardized Residual

Scatterplot
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Figure 4.4: Homoscedasticity Test for Online Banking Performance (OBP)

145




4.7.6 Multicollinearity Test

Multicollinearity exists when the independent variables are greatly corre
each other (Hair, 2010b; Hair et al., 2014b; Tabachnick & Fidell, ZQ’Q}Vhen
multicollinearity is high, the standard error of the regression coeffici eases, SO

the statistical significance of these coefficients becomes less reliable. Wulticollinearity

can be examined by calculating the variance inflation factor ‘VI d tolerance for

ore than 0.1 and for

4b; ||W0). In this
X
I

study, multicollinearity was tested by examining the lation matri tcje _@ and

e% th@rrelation
2010: H@g al., 2014b).

icient <<above 0.7 as a

each independent variable. The acceptable threshold for

VIF of the independent variables. Multicoki

between independent variables is higher th

However, Pallant (2010) suggestedwalation co
threshold for multicollinearity. T@S ults s\etha @e of the exogenous
j y N,
% e8s thaQ(EB

variables were highly intercorr abl correlation values were

&
well below the threshold on;XE.reflr “no ultic@arity was detected.
Table% Iationsﬁtﬂeﬁ@genous Variables
b . : :IQ_’

Variables INQ CUI E-SQ SYQ
INQ 1
CUlI .361 1
E-SQ .603 378 1
SYQ .659 .356 .599 1
Note: IN

; Mation'.Ql!alit cul; fé’ﬂ?nuous—Use Intention; E-SQ: E-Service Quality; SYQ:

icollinearity was ale&}e’sted using tolerance and VIF tests, as they are the

System

\portant and reliable tools to detect multicollinearity (Hair et al., 2010; Hair et

., 2014b). Table 4.9 indicates that tolerance ranged between 0.492 and 0.820, which

re substantially greater than 0.1, while VIF ranged from 1.219 to 2.034, which are

considerably less than 10. Consistent with Hair et al. (2010) and Hair et al. (2014a),
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tolerance values below 0.10 and VIF values above 10 indicate high collinearity.
Therefore, the results showed that multicollinearity did not exist in the study da

Table 4.9: Multicollinearity Test based on Tolerance and VIF Val@}

A

Collinearity Statistics

Variables Tolerance VIF
INQ 492 2.034
CUI .820 1.219
E-SQ .548 1.824
SYQ 496 2.016

Note: INQ: Information Quality; CUI: Continuous-Use Intention; QY E-Service Quality: SYQ:
System Quality KJ
@

I_\"}T

4.8 Assessment of PLS-SEM Outcome P 4 \}Y*

is. 'Iﬁuter model

indicated the unidimensionality of t)\%h varl @‘ained in Chapter
Three, all items were adapted from previous s‘%? validity,and reliability of the
constructed measures were co@e Struct ,mo > ere evaluated, and the
relationships between the Iaterhhy’abl s»&?Zin\e@ﬂ'Q
After examiningfand Xe-ning Je data, th@ stage was to assess the outer
model and inner mowla et Vinzi et al., 2010). PLS-SEM was
used to evaluate Mer surem&@t model) and the inner model (structural
model). Smar%\.o, :%A’ Eiﬁél-; et al. (2014), was employed to determine
U oo
the pathssbe n the’c st }:t in @model

@r conducting PLS-%E‘»Y/IT the conceptual framework should be clearly

first. Before doing so, it is necessary to determine whether the indicators are
a

s
-

S oy
&

tive or reflective, because the analysis of a reflective measurement model is
ite different than that of a formative measurement model (Hair et al., 2013a; Lowry

& Gaskin, 2014). In this research, the measurement model was reflective.
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The model did not include any second-order constructs; all constructs were
treated as first-order. The model comprised four exogenous latent variable?me
independent variables (INQ, SYQ, and E-SQ,) and a mediating variable @ous-
use intention). The endogenous variables were the mediating variablemuous-use

intention) and the dependent variable (online banking performance).

4.8.1 The Measurement Model z '

The first stage in PLS-SEM analysis is the evaluation,of th mWent model

g
the relatio ip’oe_{én the
th% he Q@t’ruct that

they represent. In other words, analysing w mﬂde ill con@:z.whether the
questionnaire items adequately reprN construct;i ica@the validity and

reliability of the model. (,) >\
[
Y
\‘% &
4.8.1.1 Indicator Reliabili [L N
;e

Validity and reliabili in cr@'ia in assessing the outer model
4
(Hair et al., 2013a; N@yah e‘ ho201

(outer model). The measurement model is concerned

constructs and their items, that is, the theoreti

). T%ci}érence of the relationships between
the constructs i% er end ‘&r’the validity and reliability of the outer
model. The %wode fit c b!e@I}u ted by looking at three indicators. Firstly,
compos% ility ich i&ates the reliability of individual items, that is,
inte onsistency and ind'c@( reliability. Secondly, average variance extracted

( »which indicates the convergent validity of the constructs. Thirdly, the Fornell-

6 ker criterion and outer loadings, which indicate discriminant validity.
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4.8.1.2 Internal Consistency Reliability
Internal consistency measures the similarity of scores between items of th

construct. According to Hair et al. (2013a), it measures whether the iten@ring

the same construct produce similar scores. In this research, internal istency was

evaluated using CR. ?

As Hair et al. (2013a) suggested, contrary to Cronbach's™alpha, composite
;u

reliability does not assume that all items of a construct al gfactor loadings.

Composite reliability ranges between 0 and 1. The thresheld is .GMIer et al.,

le (Hair I.’%@;TA

70 indli ave internal
fiege ovef

tisfaq@;qHair et al.,

Il@nstructs were tested.
N,

2009), but a value of 0.70 and above is more d

composite reliability value of between 0.6

consistency, while a value between 0.70

2014a; Hair et al., 2019; Nunnally & ste'a, 1994).
Accordingly, Cronbach's alp%d CR v\&%r

Table 4.10 shows that all Croni%pha zﬁ]d C valueé?eeded the recommended
\2 air gt a

l., 3a; Hair et al., 2019). The

threshold of 0.7 (Henselerfii al., OCT; %
composite reliability \% ged fr gjﬂ to@943, indicating the reliability of

the measurement Kﬂ @
1 O

g b %)

537

pe degree to which measures of the same construct are

S

@'f other (Henseler et al., 2009). It determines the

Xf correlation between measures of the same construct (Hair et al., 2013a). To

& mine the convergence of construct measurements, the average variance extracted

AVE) was calculated, and its threshold is 0.50 and more (Hair et al., 2012 Hair et al.,

4.8.1.3 Con ent Va

Convergent valid

theaketically correlated with

2019; Henseler et al., 2009). An AVE of 0.50 indicates adequate convergent validity.
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In other words, the latent construct describes 50 percent of the variance of its items
and shows adequate convergent validity (Hair et al., 2013a; Hair et al., 2019). i

research, convergent validity was tested using AVE. Table 4.10 shows th@, the
AVE values ranged from 0.416 to 0.678. The AVE for all constru eded the
threshold of 0.50 (Hair et al., 2012; Hair et al., 2019; Henseler et&%w), except
for online banking performance (OBP), whose AVE was 0.4 Mtheless, Fornell
& Larcker (1981) mentioned even if AVE is less than .50, %(;? 'vas greater than

0.60, it can be concluded that convergent validity was e ished (I-’M 2013a).
L 4
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Table 4.10: Loadings, Reliability and Convergent Validjgl.alues

. : “Indicator ~ Cronbach’s Convergent
Variables  Items Load Reliability Alpha CR AVE Validi?y?
INQ1: The website provides relevant information. 0. 0.608
INQ10: The information provided on the website is based on facts. 80, 0.645
INQ11: The information provided on the website has a good reputation for
quality. 1 0.658
INQ12: The information presented on the website is protected against l
unauthorised access. W 0.593
INQ INQ13: The information presented on the website is easy to understand. .81 * 50664 0.925 0937  0.599 Yes

INQ2: The website provides an appropriate amount of information. N/ “370.566

INQ3: The information provided on the website is accurate and free-of-err 0.496
INQ4: The information provided on the website is consistent and usefi u 0.599
INQ5: The information provided on the website is complete en
client's needs. 0.605
INQQ9: The information provided on the website is easily interp 0.554
CUI1: | intend to continue using online banking in the futur 0.721
CUI2: I intend to take full advantage of online banking. (_;;, 0.721
CUI3: I will use online banking regularly in the future. % Q- 0.706
CUI4: 1 will frequently use online banking in the near fu ¥ S" 0.724
CUIS5: 1 intend to continue using online bankin tw-usmg anysaltern
cul means (traditional banking). % I l 0.744 0.554 0.931 0.943 0.675 es
CUI6: The probability that I will use online banking again is hi s 44, 0.826 0.682
CUI7: | have positive attitudes toward using t ine an syste 9 0.819 0.671
CUI8: The likelihood that I would recommgdqhe e nkinQ%stem to
friends, relatives, or others. ,\ 1 C:\ 1 (O 0.791 0.626
7
) ¢
’ b)" N
<
)
~N
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‘Table 4.10, Continued’

N

. (= ¥ Indicator  Cronbach’s Convergent
Variables Items Loiﬁ Reliability _ Alpha CRAVE Validi?y?
OBP11: Online banking systems work as advertised. 0.62 0.392
OBP12: Online banking systems are exposed to illegal tampering. ?89 0.347
OBP13: The service delivered through the e-banking systems is quick. \.f 93 0.480
OBP14: My high confidence in online banking services is making my relationship
with the bank closer. FO.%G 0.444
OBP15: Online banking services are available 24/7 and anywhere in the world. r 0!641 0.411
OBP3: | can easily complete any transactions through the online banking service
OBP channels. 011 * \?‘ 0.506 0.873 0.895 0.416 Yes
OBP4: Online banking service is secure and safe from any fraud or hacking. 58 _\i") 0.426
OBP5: The security systems of the online banking services send notifications to &
confirm the transactions are performed by me. 0. 0.377
OBP6: The use of online banking services saves time and effort. @J 0.450
OBP7: Online banking services are provided in various languages. % 18 0.382
OBP8: Online banking services do not allow intruders to access my accounts. O .632 0.399
OBP9: Online banking services have low fees/charges. ., 0.620 0.384
E-SQ1: The bank makes accurate promises on the website to the client regarding
order delivery and item availability. 0.842 0.709
E-SQ2: The website deals with problems promptly, as it tells the customer what to
do if the transaction is not processed. 0.821 0.674
E-SQ3: The website is safe from intrusion, as the system protects client
E-SQ information. 0.824 0.679 0.931 0.943  0.675 Yes
E-SQ4: The bank assists the client through telephone or online representatives if
there is a problem regarding the website. 0.791 0.626
E-SQ5: The bank continuously processes the technical functioning of the website. 0.827 0.684
E-SQ6: The bank compensates the client for problems caused by the website. 0.771 0.594
0.857 0.734

E-SQ7: The customer can access the w@uick’y and )t is,g&sy to use.

& s
§
S

&’

152



‘Table 4.10, Continued’

X

. . icator Cronbach’s Convergent
Variables Items Loadlg%ability Alpha CR AVE Validity?
SYQL: The website system is easy to use. 0.822 0.676
SYQ2: The website system has the flexibility and portability to accomplish
banking transactions to the fullest. 0.854 0.729
SYQ3: The website system is trustworthy. 0.796 0.634
SYQ SYQ4: The website system is easily accessible to precisely do what the client 0.905 0.927 0.678 Yes
wants. 0.855 0.731
SYQ5: The website system provides up to date information. 0.797 0.635
SYQ6: The response time of the website system is acceptable. r 0.814% ¢ 9663
Note: INQ: Information Quality; CUI: Continuous-Use Intention; OBP: Online Bankin rman’e; Q:@ervice Quality; SYQ: System Quality

N
<
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4.8.1.4 Discriminant Validity

Discriminant validity indicates how a construct is indeed different from
construct. In other words, the items of different constructs are theoteti not
associated with each other; in fact, they are unrelated to each other (G&ill, 1979;
Hair et al., 2013a). The most common method of evaluating discriminant validity is
the Fornell-Larcker criterion (Hair et al., 2013a). Another me cme cross-loading
test, which is deemed more lenient because it could sh mram validity in

more constructs. .\d

"y
ot of AVE eekh_é}truct

Discriminant validity is obtained when the squ

is higher than its highest correlation to other c

( airet 13a.'\§€nseler et
g‘l‘l _
was*evalua y comparing

the square root of AVE of each conwa)ts correlati

the correlation matrix. Table 4.11 ;@sts the re % @nell-Larcker criterion
N,

test and the square root of th%.lcts.cfhe are 20 of AVE (bolded) were

greater than each consn%hesl rrefation @ther constructs. Therefore,
f con

r‘gét@ir et al., 2013a; Henseler et al.,

2015; Henseler em.&mg), | \ %C/Q
d Distrﬁﬁnant Validity

al., 2015; Henseler et al., 2009). Discriminant

coe@%nts, as shown in

discriminant validity or al

7 OBP E-SQ SYQ

i&% oisg?j" . 0380 0.645

@)
E 0581  ~5970.383 0.437 0.819
0.615 0.367 0.501 0.603 0.823
No . Information Quality; CUI: Continuous-Use Intention; OBP: Online Banking Performance;

T E-Service Quality; SYQ: System Quality

Q Discriminant validity, as Hair et al. (2013a) suggested, can also be evaluated

using the items' outer loadings. They explained that the discriminant validity is
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confirmed when each item's outer loading on the construct is greater than all its cross-
loading to other constructs. Accordingly, Table 4.12 confirms discriminant w

because the loadings were greater than 0.50, and no factors had higher I@than

on the one it intended to measure. A
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Table 4.12: Cross Loading of the Items

BlU

Items INQ PER E-SQ SYQ

INQ1: The website provides relevant information. 0.7802 0,2397 0.3543 0.4398 0.486

INQ10: The information provided on the website is based on facts. 0.8032 0,2688 0.4518 0.4679 0.4926
INQ11_: The mfo_rmatlon provided on the website has a good 0.8115 0.3149 0.4095 0.5169 0.5482
reputation for quality.

INQlZ: The |m_‘ormat|on presented on the website is protected 0.7699 0.2351 0.4286 0.4141 0.4792
against unauthorised access. : )

LIjlr\]léiis?:[a n‘(lj'he information presented on the website is easy to 0.8153 02825 0.4274 0.4474 0.5359
INQ2: The website provides an appropriate amount of information. 0.7518 '0.2412 0.3055 0.4184 0.4729
INQ3: The information provided on the website is accurate and 0.7043 02014 0.3532 0.4231 0.3821
free-of-error. _

Ll;le?ljll: The information provided on the website is consistent and 0.7737 0.2573 0.3756 0.4672 0.426

INQ5: The qurmtatlon provided on the website is complete 0.7776 0.2606 0.38 0.4808 0.4549
enough for the client's needs.

_INQ9: The information provided on the website is easily 0.7436 0.2059 0.3843 0.4073 0.4673
interpretable.

CUI1: I intend to continue using online banking in the futtre. 0.3108 0.8489 0.3228 0.324 0.3075
CUI2: | intend to take full advantage of online banking, 0.3269 0.8485 0.3308 0.318 0.3355
CUI3: I will use online banking regularly in the future. 0.2625 0.8400 0.2621 0.3258 0.3088
CUI4: 1 will frequently use online banking in theJagar future: 0.2526 0.8506 0.3128 0.3241 0.2934
CUI5: | intend to continue using online bafiking than usmg any 0.1371 0.7441 0.2905 0.23 0.1744
alternative means (traditional banking).

CUI6: The probability that | will use onling banking again is hlgh 0.2967 0.8258 0.2948 0.348 0.2875
g/lthgn | have positive attitudes toward, using the online banking 0.2866 0.8193 0.3777 0.3255 0.3527
CUI8: The likelihood that I wouldsecemmend the online banking 0.2727 0.7909 0.2903 0.3099 0.3186

system to friends, relatives, or others.
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‘Table 4.12, Continued’

CuUl

Items INQ OBP E-SQ SYQ

OBP11: Online banking systems work as advertised. 0.2985 Q,2373 0.6260 0.3124 0.3974
OBP12: Online banking systems are exposed to illegal tampering. 0.2985 0.181 0.5889 0.1827 0.2104
OBP13: The service delivered through the e-banking systems is quick. 0.3596 0.2922 0.6935 0.2705 0.3557
OBP_14: My h_|gh confidence in online banking services is making my 0.3039 0.3001 0.6659 0.3298 0.345
relationship with the bank closer.

tOh(Ia3\I,3v%)E;>I:d.Onl|ne banking services are available 24/7 and anywhere in 0.3261 0.2352 0.6412 0.3718 0.3513
OBP_3: I can easily complete any transactions through the online 0.4184 06175 0.7106 0.3681 0.4161
banking service channels.

%Engonlme banking service is secure and safe from any fraud or 0.3567 0.237 0.6531 0.2714 0.3232
OB_P_5: _The security systems of Fhe online banking services send 0.2639 0.1792 0.6135 0.2286 0.2437
notifications to confirm the transactions are performed by me.

OBP6: The use of online banking services saves time and effort. 0.3136 0.4098 0.6713 0.2635 0.3238
OBP7: Online banking services are provided in various languages. 0.2708 0.2132 0.6177 0.2047 0.2721
;I?EuSr;ts)nllne banking services do not allow intruders to access my 0.3191 0.1796 0.6322 0.268 0.2516
OBP9: Online banking services have low fees/charges. 0.3415 0.2079 0.6195 0.2523 0.3191
ETSQl: The_ bank makgs accurate promises on the website to the 0.5347 0.3233 0.3713 0.8418 0.5281
client regarding order delivery and item availability.

E-SQ2: The websm_e deals with _pro!olems promptly, as it tells the 0.4926 0.2953 0.3144 0.8208 0.5126
customer what to do if the transaction is not processed.

ETSQQ: The vyebsne is safe from intrusion, as the system protects 0.5355 0.3016 0.4289 0.8236 0.4685
client information.

E-SQ4: The b_ank assists the client thfough teleph_one or online 0.3646 0.3243 0.2784 0.7906 0.4417
representatives if there is a problem regarding the website.

E-SQ5: The bank continuously processes the technical functioning of 0.4678 0.3172 0.4126 0.8265 0.5113

the website.
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‘Table 4.12, Continued’

Items INQ CUl"  OBP E-SQ SYQ
. . =4

E-SQ6: Thg bank compensates the client for problems caused 0.3561 0.2153 0.228 0.7712 0.4129

by the website. Y

E-SQ7: The customer can access the website quickly and it is 0.5304 \Qj 87 0.4082 0.8565 0.5582

easy to use.

SYQ1: The website system is easy to use. 0.5038 2795 0.3836 0.4613 0.8224

SYQ2: 'I_'he webglte system _has the flexibility and portability to 0. 483 0 0.4315 0.477 0.8544

accomplish banking transactions to the fullest. .

SYQ3: The website system is trustworthy. q7 5 0.4647 0.4644 0.7961

SYQ4: Th(_a website system is easily accessible to precisely do Szg_ 0.4046 0.4945 0.8546

what the client wants.

SYQ5: The website system provides up to date information. 0. 86\ 0.5347 0.5387 0.7966

SYQ6: The response time of the website system is acceptable. 4661 0.4926 0.5504 0.8144

Note. The bold values indicate the items that belong to the column’s construct

INQ: Information Quality; CUI: Continuous-Use Intention; OBP: Onllne in

gP

SNS

\
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After confirming the validity and reliability of the measurement model, the next stage
was to evaluate the inner model (structural model). While the original mowm
adapted from previous studies, it must still be reviewed since the eval t\f the
outer model resulted in the deletion of seven items. None of the Aycts were
removed, and each construct still had a sufficient number of items (Hair et al., 2012;

(Hair et al., 2020).

iy invargl fveu] [no1g inqus] [nvqz| [mvas| [mog] ivas| [ves]

e

0.000 0.095 0.181

: e
SYQl .
INQ cyn
e 017, 0.5¢%
0,822
-SvQ3 0796 -
: . 0BP14
prrmes 0.000 Q 0.180
SYQ4 ¢
0.814 sYQ 0.666
SYQ5 3
o5
SYQ6 67
o] ! i
0347
0.614
ESQ =
0.080 0671
-0.000
OBP 0,518
. Q.63
8620
OBP7
0.842.82% ghap 1910\52 77 PES7
ESQ1| |[ESQ2| |ESQ3| |[ESQ4| |[ESQ5| [ESas| [Esar OBP9

4 ¥ &

- J
&\Flglire ~Measurement Model

4

&
’ J (.)(J
48.2 The %a.lral odel (_/
NN
A@e'd r e t@uter model (measurement model) is examined

3

and&&alidity and reliabili the model are discussed, the next stage was to

e%\g the structural model (inner model) results. Evaluation of the structural model

Ives examining the inner model's predictive abilities and the relationships

dﬂween the constructs. According to Hair et al. (2013a) and Hair et al. (2019), the

main criteria for assessing a structural model in PLS-SEM are coefficient of
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determination (R?), predictive relevance (Q?), significance of path coefficients, and
effect size (f2). In this research, the structural model was systematically analw
present a detailed picture of the results and to comprehensively test al@\ated
hypotheses. The PLS-SEM algorithm estimated the size of the path ¢ ients, while
the significance of the relationships was tested using the PLS-S bootstrapping

method in Smart PLS 3.0. The number of cases was set Wto the original
go

sample (372), and the bootstrapping subsamples were s 0 'Henseler et al.,

2009; Hair et al., 2012; Hair et al., 2011; Hair et al., 20 .\d
@
N4
| S
4.8.2.1 Evaluation of Coefficient of Determinati & \T

N WX

The most common measure for assesm ructural medel is oefficient of

determination (R?) of endogenous | vaables (Hai aIé’IBa; Hair et al.,

2019). As Cohen (2013) reported, lues of g 7; 313 3@0.02 are respectively

strong, moderate, and weak ef%s. T re 4.5 revealed that the

R? of continuous-use inten@(&l) e@online banking performance
(0.347) was strong. l 0’
4 $ &
M ned

As shown in

findings in

SYQ, and E-S

mediating vii% continuou
\
four ex% variabl : SYé,\E-SQ, and continuous-use intention) explained
gy

35 of the variance in t{s\)e‘ndogenous variable (online banking performance).
:E\e&e, the R? of the endogenous latent variables on online banking performance
0.35) and on continuous-use intention (0.18) indicated that the model had substantial

Q:dictive validity.

coun@(or 18 percent of the variance in the

sJi ention. Likewise, the overall R? value for all
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Table 4.13: R-Square of the Endogenous Latent Variables

Endogenous Variables
Online Banking Performance

Continuous-Use Intention
Note: CUI: Continuous-Use Intention; OBP: Online Banking Performance

4.8.2.2 Estimation of Path Coefficients and T-statistics

4.8.2.2.1 Direct Relationships i '

The study estimated the direct relationships b the independent variables

(INQ, SYQ, and E-SQ) and dependent variab ine banking rm@ as

represented by hypotheses 1-3 (H1 to H3). Flgure and an e%- 4 show
NV

the path coefficients, t-statistics, and p-valu f d|r nsh Q@B

r
AN

INQL)INQIQl IINQIIf INQ12| (INQI3| [INQ2| |INQ3| |INQ4 1INQ9

0‘< Figure 4.6: PLS Algorithm Direct Relationship (INQ, SYQ, E-SQ, and OBP)
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Figure 4.7: PLS-SEM Bootstrapping @aﬁonshl , S@%-SQ, and OBP)
Using PLS-SEM algorithm ed bootstr \hQT

coefficient from the independ%ﬁ pen@variable. The findings
showed that all independentN le |tive,~\$t(r1 coefficients towards the
dependent variable. %R:;appilg %

all

fi iﬂgQ} Figure 4.7 revealed that the
g
association betwee\ dti

significant, p <,0. Ther:

'3
t variat(é" and the dependent variable is

hypeﬁeses were accepted. The results suggest

!
that poor websi Alitylis a d'im&ec&nent of online banking performance. Table

4.14 shows ath ceefficients, t- tics, and p-values.
?v)%' S
-\. able 4.14: Direct&E;ionship (INQ, SYQ, E-SQ, and OBP)
N

Path Standard
thesis Path Coefficient Error T-Statistics | P-Value Decision
H1 INQ -> OBP 0.274*** 0.047 5.8961 0.000 Supported
H2 SYQ->0BP | 0.256*** 0.060 4.3018 0.000 Supported
V H3 E-SQ ->OBP | 0.128*** 0.041 3.1208 0.000 Supported

*: p<0.05; **: p<0.01; ***: p<0.001
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Hypothesis 1 posited that information quality (INQ) influences online banking

performance (OBP). The hypothesis was supported, = 0.274, t = 5.8961, p Yﬂ!

This means that the higher the information quality of online banking, t)@er its

performance.

Hypothesis 2 posited that system quality (SYQ) ianuencMne banking

performance (OBP). The hypothesis was supported, = 0.25Ql t = 243018, p < 0.001).

This means that the higher the system quality of onl a ing' the higher its

performance. .\d

X
Hypothesis 3 posited that e-service quality ) influgnc n'n&‘b}hking

c@ = .120@' < 0.001.

This suggests that the higher the e-servicésguali othll banki@g:e higher its

performance. \% O

The study then estimated o@jirect E&!Wp be’\l%oeen the independent
variables (INQ, SYQ, E-SQ) a[%pen(ﬁntv iable &;@\nuous-use intention), as
posited by hypotheses 4-6 %46)’ Pﬂ?ures 4.8 @.9 and Table 4.15 show the

path coefficients, t-statisti p-valdes fi dir{g@he model.
N3 £ &y

performance (OBP). The hypothesis was supp

&
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Using PLS-SEM algorithm and bootstrapping, Figure 4.8 presents the path
coefficient from the independent variables to the dependent variable. The w
showed that all independent variables had positive path coefficients {o the

dependent variable. The bootstrapping finding in Figure 4.9 revealef&the paths

from INQ (p < 0.05), SYQ (p < 0.01), and E-SQ (p < 0.001) towa@tinuous—use

intention were significant. The hypotheses were accepted. T ewlts suggest that
u

intention of online

_statis ichalues.
X

Table 4.15: Direct Relationship (IN . E-SO, ag&@l)_\‘-}

Path Standard b 4 ‘W\/ -\z-
Hypothesis Path Coefficient Error tistic’e,\\P— ue ecision

INQ, SYQ, and E-SQ play a critical role in the contin

banking in Jordan. Table 4.15 shows the path coefficien

g Ty
H4 INQ->cUl | 0103* | 00 23467 0020 [ supported
H5 sYQ->cul | 0.176% 1 3.4731 0.004, | Supported
H6 E-SQ->CUI |  0.220%** \49 4471 0.000,~|  Supported
*: p<0.05; **: p<0.01; ***: p<0.001 7

\3 Y
Hypothesis 4 posited that i ion HY(INQ i&tuences continuous-use
. . : f x e,
intention (CUI) of online b The%@s w pported, B = 0.103, t =
2.3467, p < 0.05. This su?w that’the igher t formation quality of online
[
uods

banking, the higher the ers' cop ;lsgﬁntion of online banking.

tem %:,»@“y (SYQ) influences continuous-use

Hypothesis’QN,ted that
intention (CU Wnl banking. |Th @pothesis was supported, p = 0.176, t =
P A3

3.4737, p @' his showS)th the\ﬁ.i.gher the system quality of online banking, the

n us-u&elntention of online banking.

N
\ thesis 6 posited th&'tje-service quality (E-SQ) influences continuous-use
‘éon (CUI) of online banking. The hypothesis was supported, p = 0.220, t =

0718, p < 0.001. This shows that the higher the quality of online banking, the higher

the customers' continuous-use intention of online banking.
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The last direct relationship was between the mediator (continuous-use
intention) and the dependent variable (online banking performance), as pos
hypothesis 7 (H7). Figures 4.10 and 4.11 and Table 4.16 show the path t(e% t, t-

statistics, and p-value of the model.
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Using PLS-SEM algorithm and bootstrapping, Figure 4.10 reveals the path
coefficient from the independent variable to the dependent variable. The w
shows that the independent variable had a positive path coefficient @@! the
dependent variable. The bootstrapping finding in Figure 4.11 r that the
relationship between the independent variable (CUI) and the de'ent variable

(OBP) was significant, p < 0.001. Therefore, the hypothesis \/{&S}Mf)ted. Table 4.16

shows the path coefficient, t-statistics, and p-value.

Table 4.16: Direct Relationship (C OBP)
‘X
Path Standard ' (.3"
Hypothesis Path Coefficient Error tics | P-Valu ision
H7 | cul>oep | 0397= | 0036 108718 |S 0000/ | _ Stipported

% p<0.05; **: p<0.01; ***: p<0.001 Y" N 8 sz
Hypothesis 70 posited that contin Winte
influences online banking performan@).{
A
0.397, t = 10.9718, p < 0.001. T 'C@ws th@?g‘er the“eustomers' continuous-
[} 4 QC:)
use intention of online bankin higher its per rmange. ;
\ \A

i
4.8.2.2.2 Indirect Rel%ips (Myﬂlst_ij Ie&t()}o'
N

After estim@ di@onsm% e mediation effect of continuous-use

intention on @Iaﬂ nspi tyveeang, SYQ, E-SQ, and online banking
'
as-estim d.?s ow. G.DIFigure 4.12, the path coefficients of the three

performanQ'
inde;:@,ariablé Qr SYQ%\and E-SQ) and the mediator (continuous-use

V - - - -, .
owards the dependmarlable (online banking performance) were positive.

=

%

int

%otstrapping findings shown in Figure 4.13 indicated that all the relationships

Ore significant.
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Mediation analysis estimates the indirect impact of an intervening variable on
the relationship between the independent and dependent variables. Preacher &Yy!s
(2008c) explained that there are several methods to test mediation, one of@s the
serial approach or causal steps strategy (Hoyle & Robinson, 2004), w)‘ﬂé@ers to the
four steps proposed by Baron & Kenny (1986). Other methods for r&iﬂion analysis
are the product of coefficients, or Sobel test (Sobel, 19 \Juct distribution
(MacKinnon et al., 2004; MacKinnon et al., 2007), and b B%im'(Hayes, 2009a;
(Hayes & Scharkow, 2013). The most common mediation awhmque IS
bootstrapping, since it creates an empirical represent of the sa ndd _&@utlon
of the indirect impact (Hayes, 2009a; Hayes & W, 2013 \/

For mediation to hold, the four con ns f Bw\on @56) must be

met. The first condition is that theWJe a tota ct Y) relationship
%rl '}c). However, it is not

as a(gpgnlflcant indirect effect,

between the independent varlables

always essential for the total eebe

\ &
and thus mediation, may sw er i 'f's%t total effect (Hayes, 2009a;
Rucker et al., 2011; M%\ et al ,200 ;I'Iao@'al 2010). The second and third

conditions are th %lnder arlagé./should significantly influence the
&n d it

mediator (a), tl\ ' S|gn|f|cantly influence the dependent

variable (b) cher & a es, 8 (?elther of the relationships is not significant,

\
the me ator “eannof” me }e n the independent and dependent variables
(Pr & Hayes, 2008D). F@{/ the total direct effect of the independent variables

OS ependent variable (c’) must be non-significant or smaller than the indirect
t

Q (c). However, Rucker et al. (2011) challenged the emphasis on labelling a
diation as either full or partial following the changing total effect value after the

inclusion of a mediator.
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The bootstrapping technique starts by assessing the path model of the direct
relationship from the independent variables to the dependent variable in the abs?!ﬂ
a mediator. These path models contain the path coefficients and t-values(e%&ively
estimated by the PLS-SEM algorithm and bootstrapping (Hair et al ). In the
second step, the path model is estimated with a mediator, focusir&n~ whether the
relationships between the independent variable and mediator, “and between the
mediator and dependent variable, are significant. It is ess 'mo sufficient for a

mediation effect. Finally, the product of the two signific ath eWis divided

) '~
by the standard error of the product to test t ance of they d‘regi‘?fect.

Numerous studies have highlighted the aJ?ﬂjes dﬁ\ |f|ca Vrfor using

the bootstrapping technique to examine @ (Hair et 2013£|ayes 2012b;

Hayes & Preacher, 2010; Preacher & et al. @10) According to

Hayes & Preacher (2010), the f ‘@s @.‘( & 1986) cannot include
? (]

standard errors, while the So&st requites th assum@r'on of a normal sampling

distribution of the indirect owever, thelsamplidg distributions of the effect of

LE

the independent varia% the me iat g‘n@ effect of the mediator on the

dependent variabl Nmmeltrlc eacher. ayes, 2007a). The distribution of the

product meth com ed t(tgs}without the support of tables, and it also
'
requires th tlon fanormal s@pling distribution (Hayes, 2009a).
z Entf' en maintained that bootstrapping could be used to

fidence interval ah&?nitigate the aforementioned flaws, as it allows the

tion of an indirect effect to be examined empirically. Moreover, Zhao et al.

@ 0) argued that the bootstrapping method solves those problems by creating an
empirical sampling distribution (a x b). Hayes & Preacher (2010) and Preacher &

Hayes (2008b) explained that the fundamental advantage of the bootstrapping method
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is that it does not need any assumptions regarding the sampling distributions of the
indirect effect or its product. Put another way, the bootstrapped confidence WI
can be asymmetric, unlike the regular confidence intervals of other metl@}uis §
because bootstrapping provides an empirical estimation of the samplm@&butlon of
the indirect effect, while other methods assume a normal sampling distribution.

Additionally, bootstrapping generates an interval estimate of ENE ation parameter

that cannot be achieved by other mediation analyses (Rod - ntrera etal., 2016).
Because of its advantages, Hair et al. (2013a) a aye wer (2010)
bootstra g’t@’ques

of@ -used?~ ntion on
nkmg@:grmance by

4, @%strates the PLS-

proposed examining the significance of mediation
Therefore, this research examined the mediati

the positive effects of INQ, SYQ, and Q

bootstrapping with 372 cases and 1,0\%)mples.

SEM algorithm after adding contln se inten gth ry\'hmtor and Figure 4.13
shows the bootstrapped esﬂn‘%ﬂerhaddl con&@s -use intention as the
mediator. «\‘A

The bootstrappi Wer Lsed 'm I Iy paths a and b, the result of

4
which was divided w stanil \H‘Q of th duct (a x b) to obtain t. Table 4.17

shows the resuléb!med'
#
=0.035,t= g@mo 01),

NN
betweer% d OBP. 9.017,'4\b 1.844, p > 0.05). The results of the hypotheses
L 9

are a&nsed in Table 4.18,
XS

x
N

'p05| v%’elatlonshlps between SYQ and OBP (B

's6 a@"aBP (B = 0.046, t = 2.718, p < 0.01), but not
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Table 4.17: Results of Mediation Test

Path Standard T- P-
Hypothesis Path Coefficient Error Statistics | Value Degision
ot
H8 INQ ->CUI->0OBP 0.017 0.019 1.844 O'OQ%pported
H9 SYQ->CUI->0OBP 0.035*** 0.03 2.492 ‘S’upported
H10 E-SQ->CUI>0BP 0.046** 0.029 2.718

*: p<0.05; **: p<0.01; ***: p<0.001

‘%.013 Supported

Table 4.18: Recapitulation of the Hypotheses Fiw
A w 4

Hypotheses Statement of Hypotheses k X Decision

Hi Quality of information has a positive direct effect on online Supported
banking performance

H, Quality of system has a positive direct effect on online Supported
banking performance

Hs Quality of e-service has a positive direct effect on online Supported
banking performance

H, Quality of information has a positive direct effect on Supported
customers' continuous-use intention of online banking

Hs Quality of system has a positive direct effect on customers' Supported
continuous-use intention of online banking

He Quality of e-service has a positive direct effect on customers' Supported
continuous-use intention of online banking

H- Continuous-use intention of online banking has a positive Supported
direct effect on online banking performance

Hs Continuous-use intention mediates the negative relationship Not
between information guality and online banking performance supported

Ho Continuous-use intention mediates the positive relationship Supported
between system quality and online banking performance

Hio Continuous-use intention mediates the positive relationship Supported
between e-service quality and online banking performance

j \<V ‘r(:*j/ Source: Author

4.8.2.3 Evaluati@ect ’ze 45
N

(
The ne@val ted t e’ﬂjectfs%g (f 2), as proposed by Hair et al. (2013a).
cinihe o

exogenous construct is included in the model

Effect si changg in
& i
and ni1s eliminated f:orn\:fﬁé model. The purpose is to assess whether the
5
0 d exogenous variables AFﬁve a significant effect on the endogenous variables
alr et al., 2017c). Effect sizes of 0.02, 0.15, and 0.35 are respectively small,
Oderate, and large (Cohen, 2013; Henseler & Fassott, 2010). Nonetheless, Chin et al.

(2003) stressed that even the smallest f 2 must be considered as it can influence the
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endogenous variables. Effect size is calculated using the following formula (Cohen,
2013):

RZ

£2 = included— Rgy ciugea %\
= - A
NV

1-R included

f2 = effect size Yb
RZincluded = R? value of the endogenous vz@en all the exogenous
variables are included in the model \do Y.
4 N
R%xcluded = R? value of the endo ariabl he\c;?efined
s b &
el WV

exogenous variable is exc?!frorﬁ%be\

In this research, the effect size of the enouus\va iables oﬁ"&z endogenous

where;

@D
2
w
@D
—h
-
@D
(@]
—t
7]
o
—h
@D
D
(@)
=

variables were evaluated and reported le 4.19

\1 Y

exogenous variable on the endog riab esul (j)@wed the effect sizes of
L> @

the exogenous variables Werxl to Wrsﬂ I. These mean that INQ,
CUI, E-SQ, and SYQ varia ve s,bsta ive sm fluence of effect size toward

|
the model or endogenow le. » > &
NN @)

ROEL Effect Size

Variables 3
INQ -> @U

P <~ 0.004 Small
INQ - I 0064 Small
cu% > 0.051 Small
E-8Q -> CUI N 0.036 Small

te: INQ: Information Quality; CUI: Continuous-Use Intention; OBP: Online Banking Performance;
SQ: E-Service Quality; SYQ: System Quality

'sQ"™ OBP 0.003 Small
%S cUl 0.018 Small
Q > OBP 0.049 Small
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4.8.2.4 Evaluation of Predictive Relevance (Q?)

Another evaluation of the structural model is the model's predictive relev?ﬂt
can be evaluated using the Stone—Geisser criterion, which supposes th@lodel
must be able to predict the indicators of the endogenous latent varia nseler et
al., 2009). Q? can be estimated using Stone-Geisser's Q? test, whicme measured

using blindfolding procedures (Henseler et al., 2009; Hair et a‘l:w Therefore, this
r

research used the Stone-Geisser test to obtain the cross- ed'Jndancy for the

endogenous variable (Hair et al., 2019). Table 4.2 sent th -validated
L ]
Yv

redundancy for continuous-use intention and online banking perform _{—)

Table 4.20: Predlctlve \T

\

Total SSO s o N\ Qésl -SSE/SSO
Ccul 2976 | 0.118
OBP 4464 7. 65 0.136

Note: CUI: Continuous-use Intention; OBP Onll ne Banki fT e
ig a ZQ.ro for both continuous-

Table 4.20 shows that aII aI v#

use intention (0.118) and ban orn@g— (0.136), indicating the

predictive relevance o: thelyymo eI ‘,h ese elult con3|stent with the criteria

proposed by Hair et al. (2019) and He r et CUZOOQ), that a Q? value above zero

indicates that th 0 ha@ve re ce, while a value of less than zero
&)

indicates othe |s e l

o'

igétlon of odl‘ress-d?Flt Index (GoF)
nhaus et al. (2004) “defined GoF as the global goodness-of-fit. It is the

I’IC mean of both average variances extracted (AVE) and the average R? of the

Odogenous variables. The purpose of GoF is to evaluate overall model fit, not only at

the measurement or structural level (Chin, 2010; Henseler & Sarstedt, 2013). GoF
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index can be classified into 3 criteria which are small, medium, and large validating
power for the values 0.10, 0.25, and 0.36 respectively (Wetzels et aI.,W.

Consequently, the formula for GoF index of a model is as follows (W%\t al.,

2009): A
GOF =+ AVE x R2 \S

where; Yb
GoF = goodness-of-Fit '
AVE = average communality .\d, &

R? = coefficient of determination é '
b 4

%5

Table 4.21: GoodneST G g

Variables R Square
INQ

CUlI 0.18
OBP 0.35
E-SQ

SYQ

Average 0.265
GoF 0.401
Small: GoF = 0.10; MediumsGoF =0.25; : ;

Note: INQ: Information Qn% ; OBP: Online Banking Performance;
E-SQ: E-Service Quality; SYQ:

the average R? 1s 0,265 for a

N
Thus;A % ' 4 (e Yg\

@F =/0.608 x 0.265 = 0.401

?ith this calculated score of GoF, it exceeds the cut-off value of 0.25 and this
dlcates the proposed model performed better than the baseline model.
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4.9 Conclusions

This chapter has presented the analysis of data collected with questio
distributed in commercial banks in north, central, and south Amman. Th c\r has
described the response rate, sample characteristics, and non-responseﬂ&st. It has
also shown how the data were initially examined and screened including an

assessment of outliers, missing value, normality, and mul{'chrity. Next, the
uated,

measurement and structural models using PLS-SEM were so included the

findings of the hypotheses testing. \d
o
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