CHAPTER 3

N
METHODOLOGY *
Y

3.1 Introduction

The previous chapter summarised and reviewed extens ature to conclude
current research from previous research by setting forwar arc framework and
hypotheses. This chapter describes the research philoso paradi stlfl the
research design, and describes the research tec used to dd tAe-éﬁBstlons
outlined in Chapter 1 and the literature revie asi in apt “W‘z;he final

partial least squares structural equation |n (PLS- ).
.\
&
3.2 Research Approach and De 0 0)
h 99

The term “research phll\ reNm <<e'nswe notion that describes

how knowledge develts and the nat re o hilt ledge. Research philosophy is
beliefs about how  evide e rﬁb should be obtained, analysed,

interpreted, and Q‘b de Lynehﬁ004) Research designs are the plans

and procedur nd cting ?Fch‘ﬂ%(ranges from general research hypotheses

to speCIfl ue, da} c Ie and analysis (Creswell, 2009). The process of

de3|gn search study aIWQB. egins with the selection of a topic and research

P m (Creswell, 2009). A paradlgm is a collection of assumptions that creates a

ceptual framework or a philosophical worldview that allows us to explore the
Q

rld around us in a systematic manner (Suppe, 1977).
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According to Filstead (1979), as referenced by Deshpande (1983), Paradigms
fulfil numerous functions. First and foremost, paradigms assist professiowvy
highlighting critical difficulties confronting any sector. Second, paradﬁg\lable
researchers to construct models and theories that allow them to tackleﬂ;\problems.
Third, paradigms provide requirements for tools like methodology, iastruments, and
data collection that will be used to deal with these issues. Fi aNradigms outline

the concepts, procedures, and methods to follow if similar lems arise in the future.

The two main research paradigms—positivism an
S
serve as the direction for researchers. Positivism stematic method of"%itegratmg
4
deductive reasoning and specific empirical oWio w vidual@haviour to
at can sxplain general

discover and establish a set of probabc' N| us
iti aIiKerarated from the

isé;a'eotive (Weber, 2004).

o
Positivists frequently empl\ |ouMes é&heir preferred research
methodologies, including WS, fifd experim n@,\and laboratory experiments.
!HEny)d

ata_usih sg” mghods and typically use statistical

—

!
Contrar%‘r\erp ti\'/is ;fes&"@ses that the researcher and reality are
inextric Iy%ed ber' 2 4®d interpretivists frequently comprehend and
‘DJ.'
fro

inteﬁ their frame of r Vgce (Fitzgerald & Howcroft, 1998). Interpretivists
\

t employ hermeneutics and phenomenology to unravel ambiguous meanings

and, reflect on concealed ones. Among their favoured study methodologies are the
S

e, ethnographic, phenomenographic, and ethnomethodological studies (Weber,
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2004). Regarding research design, there are quantitative and qualitative methods

(Neuman, 2014). Yv

Quantitative research involves testing objective hypotheses by ins%ng the

relationship between the constructs studied (Neuman, 2014). Ai a result, these
constructions may be measured using instruments, and the resulting ‘numerical data

can be examined statistically. More recently, the qua tita??pproach has also

t i C(erora es causal

pathways and the determination of the combinez strength m cofn@ents
(.;)

included extended structural equation modelling (

(Creswell 2009). The demand to evaluate com sive theories ‘and conéspts has
4
N \’T

X

According to Creswell (2009), @e research.i w@fo investigate and
@sor human problems.

Quialitative research integrate%ons fand &edu@) where data are often
CAR
[ rche\

obtained in the participant’sm:g. JT n evaluates the data after

led to the growth in the popularity of SEM (RigWQQ

understand the meaning that peoplé or groups \ngQ

inductively building fr rticulars ta general the@s. The philosophical foundations

s

- : s _
of quantitative and w{tatl e}rﬁ proa% es vary, as do some of their methods,

models, and pm@s (

a 014500mparing quantitative and qualitative
!

ncﬂ'aal-%'?-l below.
N

e@n Quantitative and Qualitative Methods

Y,
uantitative Research’ Qualitative Research
ers test hypotheses that are Researchers capture and discover
meaning once they become immersed in
a beginning the data
ncepts are in the form of distinct Concepts are in the form of themes,
nstruct motifs

generalizations, and taxonomies
Measurements are systematically created Measurements are created in an ad hoc
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before data collection and are manner and are often specific to the

standardized individual setting or researcher

Data are in the form of numbers from Data are in the form of words and iW

precise measurement from documents, observatio d
transcript

The theory is mainly causal and Theory can be causal or nonGausalsand is

deductive often inductive

Procedures are standard, and replication Research procedures ar icular, and

is frequent replication is very rare
The analysis proceeds by using statistics, Analysis proceeds xtgacting themes
tables, or charts and discussing how what or generalization%)1 evidence and

they show relates to hypotheses organizing data,to ent a coherent and

|

|
So rcwim (2014)
Y-v

Despite the differences between quantitati qualitative methods, Neither is

better; each has advantages and disadvantage? iﬁe \searQ used guantitative

technique paradigm based on the posﬁ\/ﬁ pro mpr' pIe.<I<n particular, the

consistent pict

quantitative technique is the most summo for i tud_@cause most of the

procedure involves quantifyin d rrwn%'
a

4]
i ex;&@ hypothesised correlations
between variables whilg co ing p’e-ex ilgSr@\vledge about the phenomenon.
Surveys are widely emp;oya in r% eth'odglpgies designed to collect data from
@

a specific population a ;lopul ion s@e, and the survey instrument is a

N
questionnaireesobgn,l 93). ! (_)(J

i pgg)t\ f the constructs. The

study employed a survey desi

g

% N
Q, designis appropriate~for obtaining a public opinion on social issues

v

and ﬂal realities relevant\"the current state of phenomena and for establishing

t Mral context of existing circumstances in a state of affairs (Cresswell, 2009;
h

im, 2000; Cohen & Manion, 1980), and adopted for the current research in the

Qoption of online media as a Fatwa information platform among Malaysian Muslims.

In social and behavioural sciences, the survey design is a superior method for
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collecting primary data, as it allows for direct observation of large sample size (Pope
et al., 2002). It is a comparatively cheap and accurate method of getting |nf0

from respondents. Therefore, the survey method was selected because |t®§9n to
be cost-effective and time-saving and allows an established method analysis
that appeals to the researcher to deploy in research. Besides, the datY‘ merical and
comes from accurate measurement; it can be checked for reliability"and subjected to a

critical analysis using the appropriate statistical methods ( 1 20}4)

As a result, the main reason this study should be cond ted I g an wrline

\
survey rather than an interview survey is that thi rch focu S adopt‘r?fg online
media. The target sample is those who use and ract em a|Iy Most

study that evaluates online media %}M gt e dent {ough online

questionnaires. For example, Setyast et K & uted an online
questionnaire to the respondent : aace'k\J ch%/ch/ social media is the
preferred source of parentmg mille ms @ng mothers in Indonesia.

Besides, Krystelle & Chris Womi Okabe' et ake(2021), Tan et al. (2022), and
1

Scandurra et al. (2022) ; ’sed n ghli uWe%o get respondents in their research.

@)
In addition, this @vas (@1 whe@alaysia was locked down due to the
N
spread of theew -1 pﬁ?l},lm it risky to meet people face-to-face for

(@]

data col Ie \(J
g resent research e>ggl_’01es whether Fatwa awareness, Maqasid al-Shari’ah

N

|on Religiosity, and UTAUT?2 influence the adoption of online media as a

a information platform and how age, gender and education level moderate the
I

ationship between these variables. Therefore, explanatory research has been used to

understand the complex construct, cause, and effect between variables (Sobe &
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Kowalczyk, 2013). Descriptive and causal analyses were used in this study (Hair et
al., 2006). The descriptive analysis was performed using SPSS statistical aww,

while the interrelation of variables was using the Partial Least Squar@tural

Equation Modeling Approach (PLS-SEM). A
Figure 3.1 below illustrates the seven-step quantita reZarch'procedure used

in this research, which was carried out following Neu 2014') W
A 53

X
N
5

igure'3-1: \hﬁhe Quantitative Research Process
P 4
p_i

3.3 Research Process

ﬁ% L &
Th %te to sun rt@a thorough literature review. The problem
DI o
t, rese sti

statem arch questions, andjgjectives will then be developed by identifying the

ey

d problems in the literature while choosing the topic. The identified theories

tinent to the literature will serve as the foundation for establishing this research’'s
Oe

oretical framework and hypothesis. Among the fundamental theories selected for

this study are (1) Fishbein and Ajzen’s (1975) Theory of Reasoned Action (TRA), (2)
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Doll and Ajzen’s (1992) Theory of Planned Behaviour (TPB), and (3) Davis’

Technology Acceptance Model (TAM) (1989) (4) Venkatesh et al.'s (2003 WQ)

Unified Theory of Acceptance and Usage of Technology (UTAUT and U@

An appropriate research design for the study will be establlshﬂ Eurlng the third
step. A quantitative approach was employed in this study, pri r|Iy ncerned with

quantifying and identifying the data collection type. Fourthly ?ﬂof questionnaires

a ipstrument for the
quantitative data-collecting technique in the measurement phase. S %a ch

Sl
determined how Malaysian Muslims adopted o media asa

wa irfﬁmation
platform. The questionnaire includes several ogra

modified from prior studies will be utilized as th

a or-related” questions,

such as age, gender, education level, and e vaI/ nnrv ale 2& er.

O

The questionnaires were distr uted to M @fl I}len the fifth and sixth
stages. The data will then be ed ©utli ill Q‘e’)tested and the general

&
perspective of the responderhbe @ment Model and Structural

Model Assessment are carried out l;%ttuc@ Equation Modelling (SEM)
L ’ ' g

&

analysis. \ |
/\ S
3.4 Populati Nﬂ pli | (_;
he pop lati onskigd of Malaysian Muslims who used and
interac nllﬁe usmg a convenience and snowball sampling

§The population of the study

The term “population” can describe the group of people, events, or things the

researcher is interested in investigating (Sekaran, 2010). Another definition of the
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population is the theoretical concept of a sizable group of numerous cases from which
a researcher selects a sample and to which sample results are extrapolated (N

2014). Even though several interpretations exist, the phrase’s core stays t@ For
example, if a vendor is interested in researching a customer’s purc habits in
Malaysia, the target population may be all consumers throughout country. This
study investigates the factors affecting Malaysian Muslim's of online media
in Malaysia. The study and investigation of adopting %:e ia as a Fatwa
information platform are still limited. Therefore, in t tudy,}M M Musllms

will be selected as the population of the study or ta opulation. 'm_@ant to

pt onli dia.a8 a Fatwa

Y
: X
3

und Q million Muslims
A

investigate factors that affect their decisio

information platform to improve Fatwa acc

According to the latest DOSM%) stw:j

'\Umber of Muslims in

live in Malaysia. No latest offi

Malaysia. It is estimated that @86% he aIaAﬁ& population will be active

online media users. Thi w?ﬂ!e of 4% pare%o 2016, in which online media
o P

users made up 62% e Joverall ioh Q/Malaysm Therefore, there are an

—

estimated 14 964}thllm®\edlaﬁz)% in Malaysia.
S
C\ 7,400,000 X 86%-/100 = 14,964,000

g

3.4.2 2%/ me}h $
ording to Kothari (208%)‘3; sample is a subset of the population studied in a

;é pl’OjeC'[ In contrast, sampling is the process of choosing a sufficient number
e

ments from the population so that the researcher can generalise specific

Qpertles or characteristics from the sample to the elements of the entire population.

The probability and non-probability sampling approaches are the two main types of
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sample methods that researchers have extensively employed. In contrast to non-

probability sampling, which is based on “non-random” selection, probability Sw

A

A quantitative cross-sectional research technique will achiev%tudy’s goal
Kk

is based on the concept of random selection.

(Bryman & Bell, 2015). Through social media platforms Iike% , Telegram,

and WhatsApp, primary data will be gathered through a we survey sent to a

sample of internet users employing a non-probabili a Iin@ch. This
research employed convenience sampling, which is, low-cost and straightfe to
ploy: pling g rvv\wd

implement to reach a more extensive Malaysian nt base. In a |tion,‘l}is study

adopted snowball sampling to obtain a refe%‘fro ﬁn;k rvey @ﬁcipam by
asking each personal and business cor(Wi recommene othe ﬁ

personal and professional network. Simultaneously, t se&c@ delivered online

surveys to Facebook groups an cc@wugil%a ion@!stricts throughout all
i0

o
Malaysian states. The combinQK f co?%;andﬁball sampling allows this

study to reach a larger udiwnd i+reas eg@\frhood of engaging people with
!
relevant knowledge an%ience. P 2

Convenieé@plin \@own C}gﬁ accidental or haphazard sample, is a

sons in their

S

!
non-probabili plin ap‘)pr Pfthat-}ca]ploys individuals who may be researched

conveni@%ﬁns f#ﬂ Y, @). Although convenience sampling is the least

genﬁb and accurate sarr@@ethodology, there are occasions when there is no
N

.

tion, such as when urgent information is required or when doing exploratory

6 rch. This type is rapid, easy, and less costly than other sampling methods.
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3.4.3 Sample size

In selecting the sample size for this study, two factors must be conside
population and the requirement to use a statistical tool of IBM-SPSS anq LS.
Krejcie and Morgan (1970) developed a table for simple referencel&imate the

sample size for a given population. The formula for tabulating sample size is as

follows. \,

s-XZNP(l-P)+d2(N-1)‘J@.:p‘|\d
Y

s = required sample size. N
IO

X2 = the table value of chi-square for 1 degree of freedlem at tite X
N

N = the population size. z W \ ?Y.
P = the population proportion (assum@inc i oulﬁtxvide the

maximum sample size)

d = the degree of accuracy expres propokti ). o}’\
? @

q Q—
’ﬁ;j NG
Table 3-2: Determinin le Size for ear ctivities, Educational and
ychological n

N
N 4%\ RS (s N S
10 1 | 6 234 25,000 378
20 &o, 7 UL 50,000 381
30 \§8 5 0 ., 260 75,000 382
50 (0 4 @goo 7 o8 100,000 383
75 63 1200l 291 250,000 384
100 Q’ %0 ) 1 306 500,000 384
1 &, 1089~ ¢ 322 1,000,000 384
2& 132 00 333 2,500,000 384
152 3500 346 10,000,000 384
\qp 169 5000 357 100,000,000 384
0 196 7500 365 200,000,000 384
500 217 10,000 370 300,000,000 384

N: Population size. S: Sample size. Confidence level= 95% with a 5% of error estimate.

Source: Krejcie and Morgan (1970)
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Table 3-2 depicts the table for determining the sample size proposed by Krejcie
and Morgan (1970). According to the latest DOSM (2010) statistics, arouwm
million Muslims live in Malaysia. Therefore, Table 3-2 shows that 384@ are
required for populations 1,000,000 and above. As a result, the minima e size for

the research based on the population is 384 respondents. ?

Q)

There are additional requirements because the researc ds to employ the

structural equation modelling (SEM) method. SEM’s iDi WWS for the
analysis of complex associations using humerous data types‘and ¢omparisons b{tgveen
alternative models, is one of its strengths. Ho , these SE

make it challenging to create general guidelines?r sam

al., 1999). Despite this, several rules Otthff ha

based on a ratio of indicators to laten riab,Kas

suggested that r = 4 requires a‘§ :|e ’izeﬂ o%t 10(}:3/30 r = 2 requires a 400

q
sample size. Roscoe (1975) NK s that I sizzg‘l%er than 30 and less than

p _/\QBoomsma (1985)

500 are appropriate for mo earcr, and ini@ﬂn sample size of 30 for each
[

category is necessary%mplps\m rﬁéx}linto sub-samples; (males/females,

young/adult). /&\ Q <$
N
\ ¢ ! (J
Sample%nme atio MPI.&%M are also included because the current

study emplo to apa D%e dat S-SEM is a tool of the second generation that

IS fme ally based on tf@a aracteristics of Ordinary Least Squares (OLS)
N

r ion. Cohen’s (1992) rule of thumb states that measurement models must be

acegptable in outer loadings (i.e., loading should be above the standard threshold of

.70) based on his statistical power evaluations for multiple regression models. The

minimum sample size requirements needed to detect any endogenous constructs in the
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structural model with minimum R? values of 0.10, 0.25, 0.50, and 0.75 for
significance levels of 1%, 5%, and 10%, assuming the commonly used |
statistical power of 80% and a particular level of PLS path model comple@(ined

as the maximum number of arrows pointing at a construct in the PLS pﬁ%del.

Based on G-Power analysis, the study could gain an appro% mple number.

G Power analysis refers to obtaining a minimum number fsawgfor each analysis.

refers to the probability of rejecting a null hypot
should be .80 or greater; that is an 80% or bm
significant difference or relationship \%\fere is Refe%to G-power
f t&@wer of 0.95, the

appropriate number of samples t :un , pat is'is Jé’{\espondents. A bigger

4]
sample size is not a problem& jib (1 e phas:'@*—that a bigger sample size
N

will strengthen reliabili arWity.’
!
_ ) o'ujo' (?
L RN

analysis, with an alpha value of .05 a m nitu%

3.4.4 Study locati QO

~

This studf&a W. Ille thro@out Malaysia. Table 3-3 shows that the
? g
20
Pul

.ﬁach“%te was initially classified according to its

@

a@ang representing the Northern Zone, Selangor,

states are div%p\o five
zone, Wi %Ke ,
{Q ?ab)?'
p

Wilayah utrajaya, Wilayah K@gl._umpur representing the Central Zone, Kelantan,

N
Ta Nanu, and Pahang representing the East Coast Zone, Negeri Sembilan, Melaka,

Johor representing the Southern Zone and Sabah, Sarawak and W.P. Labuan
p

resent Sabah Sarawak. The researchers asked respondents to choose their zones

and states before answering further questions. As Roscoe (1975) proposed, sample
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sizes must be larger than 30; thus, this research targets more than 30 respondents from

Table 3-3: Study Locations :%
Zone States Number. espondents
Northern Kedah %
Perlis
Pulau Pinang \,
Perak Y’
Central Selangor '>30
W.P. Kuala Lumpur
W.P. Putrajaya \g
East Coast Kelantan *
Terengganu % ' C}Y'
Pahang -\
Southern Negeri Sembilan \4' >3QZ*
Melaka ?
Johor {\Y.
Sabah/ Sarawak Sabah 3

Sarawal\: ,
W.P. Labua SN

A
C—) NS
0 S
3.5 Research Instruments o &
The initial step in co mg :, S instr-ﬂk}ent was to identify previous
Kth

research studies that a% e factors th@gh the search of the journal and
4

each zone.

e sa
&
indexing databases QKhas Sii \G\Q ect g,pzllwww.sciencedirect.com/), Scopus
(http://www.scwﬁ\&\/ho \D (SQI' aylor and Francis
¢

(http://www.t%ndfr
Wiley %klineﬁb r
oogle

and

cis.c /),f @ ub (http://www.sagepub.com/home.nav),
N
}Iey.ce&), Emerald (http://www.emeraldinsight.com/)

cholars (https://s r.google.com/). This research built the instrument
Lo

‘% prior research by Omar et al. (2012), Bolong et al. (2014), Osman et al.
4

Q ), Venkatesh et al. (2003), Hu et al. (2003), Palis et al. (2006), Shaffril (2017),
d Shamsudin (2018).
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The second procedure was concerned with developing a construction definition
for each variable. This may be accomplished most effectively by referencing pwm
research that has examined similar variables. The definitions of t \hables
evaluated in this research were adapted based on Venkatesh et al. ( Hu et al.
(2003), Palis et al. (2006), and Shaffril et al. (2017). This definmrovided the
researcher with a further understanding of the variables stu imond, reviewing
ideas for the best technique to measure the variable result 'mnrights. Research
studies conducted by Omar et al. (2012), Ramli et al. 3), OML. (2014),
Osman et al. (2014), Shaffril (2017), Shamsudin ), and Ya lZgg}were
adopted in this study. Information from these studi su\ rousj~ gestions

for measuring the variables.

The instruments for this study mwd into se&@ After reviewing

the literature, the questionnaw;was con s&? &dlfled via instrument

development. The main goal nstru d elop;(ép# process is to incorporate

online media adoption temV?!ctly ’r indire tIy @ted to online media adoption.
;sea

This goal drives the p study to b{@ previous studies by der Heijden

(2003), Worthln (2d)3), ki & ayah (2010), Davis (1989), Mokhlis

(2009), Ramli t 01 ),B}%gxet al‘_é.D’M) Venkatesh et al. (2012), Osman et al.

(2014), S 018) to construct the most appropriate items
for th ent The édop d adapt methodology was used, in which items

from{ us research were aTtg%d to fit the current context of the study.
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3.5.1 Section A (Respondent’s demographic data)

The first section of the questionnaire is devoted to the respo?.’
demographic information. This section includes 11 questions about %Nents’
gender, race, age, residential area, educational achievement, occu monthly
income, online media application and average time spent per daWrs). In this

section, respondents were given closed-ended answers and were notyermitted to pick

more than one answer, except for question A8, which allowed por'dents to choose

Table 3-4: Instrument for De

phic Prof

more than one answer (Table 3-4).
L

No. Measure Items R Reférences
Al Location (Open=ended) %ﬁc‘Research
A2 Gender Male C\} W <\2 der Heijden,
Female (2003)
A3 Race Malay \ OShaffriI (2017)
Chinese \T /(\
Indian N
Other ‘% 6 q Qi? _
A4 Age Belov% rs ol A% (Suki &
21-30 ye N Ramayah, 2010)

A5 (Suki &

Ramayah, 2010)

RP/PMR/PT3)
\ Malaysi rtifi(gof Education

!
n@lig&%ﬂ?eligious Certificate

ST >
7 #ian %@her School Certificate
)

Matriculation/ School of Foundation
Studiesw

Diploma

Bachelor degree

Master degree

Doctorate of Philosophy (PhD)
Others

Occupation

Government sector
Private sector
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Self-employed

Student
Pensioner
Others
A7 Monthly  Below RM 2000 Hs@
income RM 2001 - RM 3500 0
RM 3501 — RM 5000

More than RM 5001
None
A8  Online media Facebook Shamsudin (2018)
application  YouTube
Twitter Y'
WhatsApp '
Blog
Google+ .\d
Telegram ‘X

Instagram | _\C}
Others
A9  Average time Lessthan 1 hour 4 Da@%g)

on online media 1 — 2 hour \ Y-
(Per day) 2 — 3 hour > é
5

More than 3 houE ?
0

3.5.2 Section B (Fatwa AW

Section B of the quesm n res ents Fatwa awareness. All
questions are matrix zwnh ;y:ale @wers of 1 (strongly disagree), 2
’
a 5 (s gly agree) were used to measure

(disagree), 3 (not %), (
W|t(h-qj$m s statements (Table 3-5).

respondents’ level of'Ratwa

3 Table ns n@.ent for Fatwa Awareness

']

be Item Adapted and
tems/S ents Modified from
F areness B1-B14 Shamsudin (2018),
\ Buang & Che Rosli
(2018)

N
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3.5.3 Section C (Behavioural factors studied)

Section C of the questionnaire focuses on the study’s six behavioural VT
and one mediating variable (CA, CB, CC, CD, CE, CF and CQG), (er%hance
expectancy, effort expectancy, social influence, habit, religiosity, Maw-Shaﬁ'ah
Application and behavioural intentions. Four to six items representew factor, and

the total number of questions asked in section C was 35 (Table 3-6):

Section Number of Item A antt
Items/Statements Modli
Performance 6 “CA6 , atesh'et al.
expectancy b 4 1%37&1ffril
(2017)
Effort expectancy 51' V%z@a esh et al.
& 2), Shaffril
(2017)

enkatesh et al.

(2012), Shaffril
(2017)

Habit Venkatesh et al.

C
&) (2012)
Religiosity X Ail(\“é Worthington et al.
Y' ' N (2003), Mokhlis,
[ ? (2009)
Maqasid al-SharT'ah % 5 \,‘ bj ’ 2 & -CF5 Alam et al. (2015),

Application Abu Bakar et al.

\ l = (2018)
Behavioural & CG1-CG5 Venkatesh et al.

intentions  » (2012)

Social influence

A\
"
A7/‘1
J

l; 4
3.54 S%!n D (Online medL) option as a Fatwa information platform)
ection D of the questionnaire examines how Malaysian Muslims utilise online

la to get Fatwa information. Six items represented the variable to evaluate

spondents’ level of online media adoption for Fatwa information. This section has
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five Likert scale response options ranging from 1 (hardly ever), 2 (rarely), 3

(sometimes), 4 (often), and 5 (always) (Table 3-7). Y~

Table 3-7: Instrument for Online media adoption as a Fatwa informat'ﬂr&@orm
Section D Number of Item dapted
Items/Statements
Social media 6 D1-D6 This research

adoption as a Fatwa

information Y’
platform |
3.6 Data Screening and Analysis | _{—)
After the data collection process, the ra ta ‘goes thfough the d(t}Ré'creening
process to ensure that data is cleaned be$ i g\the pr%b&vd statistical
analyses. Figure 3-2 shows the flow ci@ta scree d a@sis.

b
Data Screening
1. Data entry
2. Case screening

n

3. Variable screening
»n N\
-

Descriptive analysis

U L EN;
Measurement model (Reflective
Model)

1. Internal consistency

™~

2. Convergent validity
3. Discriminant validity

o)
\
St

Structural model
1. Assess of Collinearity

2. Significance and relevance of path
coeeficient

% 3. Assess of R2
\ 4. Assess of f 2

[ Mediating ]

[ Moderating (MGA Analysis) ]

Figure 3-2: Data Screening and Analysis Step
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3.7 Validity, Normality and Reliability

After developing an instrument set, testing its validity, normality, andﬂg'lity

is essential. Validity is the process of ideas and measures conceptualiza& uman,
2007). A data set's suitability for modelling by a normal distribution_can be assessed
using normality tests, which can also be used to estimate the Iik% that a random

variable underlying the data set is normally distributed. While lity is the level of

consistency with which it measures whatever is measuri
two validity and reliability processes; one was conducted beforg the oblleqﬁon,
| | &
and another was conducted after the data collecti y etal., 2002 A
v 5
3.7.1 Validity N E\T
Neuman (2010) defines cont %ty as

concepts; the measures should encoffipass all o \eq\rge > ideas or areas. There are

- - N .
two types of validity measurements..gententivalidity and coristruct validity.
T A
Validity
J, |
Content Validity Construct Validity
\r \
Literature review Expert’s review —> Convergent validity

Pilot test Discriminant validity

Figure 3-3: Method Used to Assess Validation Measures

Q‘
N
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Content validity entails three steps which thoroughly specify the entire content
of a construct’s definition, define a sample representative of all sections of the Td
population, and develop an indicator that captures all of the definition’s @ents
Content validation of an instrument always focuses on the materﬂ*ered the
appropriateness of the wording in the questionnaire, and the adequac We sample of
items to measure the construct (Ary et al., 2010). In this stud t matter experts
consist of the researcher’s supervisory committee and fo &.e

W r' experts elected

from different universities and fields to validate the™guestio a.ﬁe\iduding the

oy
clarity and readability of the items. ¢ ' _\‘-}
s b 4§

The first validator is Dr Abdul Manan WI, \kcs\ ate Pr%ésor in the

Faculty of Syariah and Law, Unlversm ai a (USIM, a Fatwa and

Usul Figh expert. The second valldator I SthI{ d, rstociate Professor

in the Faculty of Islamic Studl$sm b%aa Is&)m (UKM) and an expert
in Syariah and Islamic rese e twtorﬁ Nik Ahmad Sufian bin
Burhan @ Jaohari, a senio ,n th lcu Human Ecology, Universiti
Pertanian Malaysia (w and {ﬁj;:g}guantitative research and human
behaviour. The | \ﬂ&torwhd S n Hassan Jaohari, a senior lecturer in

the Faculty m icatio rid a Studies, Universiti Teknologi Mara
(UITM), in new m nds&ﬂmunlcatlon
’ Y'
R
3 lability
‘éhe term “reliability test” describes how consistently the same findings may be

Oalned from a measurement procedure, such as a test, observation, or questionnaire

on repeated trials (Neuman, 2014). It may be summed up as the consistency or

ikg
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stability of scores throughout time or across raters. It is essential to understand that
reliability relates more to scores than to specific individuals; therefore, cons

someone as reliable in research is never acceptable. Generally, a pilot te@%\ed to

conduct the reliability test of a questionnaire. *

A pilot test was conducted in Sungai Besi, Kuala Lumpur,%‘O respondents

were involved in the pilot test process. As shown in Table 3-8YMbach alpha values
for the pre-test were from 0.685-0.922, while for the tudy, tQ{?W&S from
0.852-0.953. For both pilot and final tests, the Cronbach alpha value Withia-the
N
| S
<

appropriate values (above 0.7) Hair (2006) suggested.

Final

Table 3-8: Reliability Coefficiwzilot;ﬁe

v

Variables Pre %O) &
No. Items Ipha (o)

Ac@test (n=500)
. Items Alpha (o)

Fatwa awareness 1 : ) &-%4 852
N

Performance expectancy Ac') 931
Effort expectancy ‘é 6 9 q Q(? 5 953
Social influence 8 &) 4 .883
Habit \ 20 \A 4 938
Religiosity .685 6 875
Magasid ~ al-Sharifah 5 854 5 934
Application E o '3
éﬁ'@ 5 951
6 931

Behavioural intenti
Adoption of onli Orhh | 6 %885
as a Fatwa information %

Platform £ §

%
Z

3.7.3 rmality g

5or ality test has bee
\

a Nndent variable data with the accepted threshold. Table 3-9 shows the value of

osis and Skewness for the independent and dependent variables. The kurtosis
I

ue was between -2 and +2, and skewness between -0.5 to 0.5 fit the criteria, as

ducted to assess the normality of the independent

<o

T
%‘1/17?
J
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George and Mallery (2010) showed. Thus, the distribution is approximately

symmetrical. Yv
Table 3-9: Assessment of Normality (n=500) !(0

Variables Min. Max. Mean SD Std.Error S ness Kurtosis

Fatwa awareness 3.00 5.00 429 504 .022 -.229

Performance 250 500 434 .667 .029 0 -.374

expectancy

Effort expectancy 280 500 434 .682

Social influence 150 500 391 .816

Habit 1.00 500 393 .919

Religiosity 3.83 500 472 .339

Magqasid al-Shari’ah 1.00 500 396 .889

Application

Behavioural intention 2.00 5.00 4.19

Adoption of Online 200 5.00 4.14
Media for Fatwa

Information

3.8 Data Analysis

O
A

Statistical Package for the %}ieg\c ) ébttural Equation Model

[7 % o )
use analyse ata. Descriptive analysis

Partial Least Square (SEM-P
or d ptive%}alysis, frequency, percentage,

was performed using SPSS are.
%0 'S

e,

mean and standard deviatio Wer% ddS(J' e the demographic characteristics,
level of Fatwa vhe@ess, ‘oerfo ance ectancy, effort expectancy, social
N
influence, halc'Ngio ity, “,s'ili atghéri’ah Application, behavioural intention
do

and online@ ption. Bec use&&e’present research consists of numerous latent
£ st v

variab relationships €mon§rmultiple predictors, Structural Equation Model
: ; N
Pa& st Square (SEM-PE(S?is the analytical tool for quantitative data analysis.

%thers can use SEM to investigate a series of interrelated relationships between a

0 of constructs represented by numerous variables while accounting for

measurement error. Brief descriptions of PLS-SEM, the justification for its
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application, the model’s evaluation using measurement and structural models, and the

issues with collinearity are given in the following subsections.

Table 3-10: Objective-based data analysis 1 :' ’
Sis

No. Objectives A

Objective1 ~ To obtain a profile on online Descriprt%ﬁalysis
media adoption as a Fatwa (Frequeney, perentage, mean
information  platform  among and_stan deviation)
Malaysian Muslims.

Objective2  To identify the level of Fatwa DesCriptive analysis (compute
Awareness, Magqasid al-Shari’ah to three
Application, Religiosity, oriesy1. 99, 2.34
UTAUT2 behavioural factor to 3.699 and 05. for
behavioural intention and onlin low, i r’ :
media adoption as a F é
information platform ' 4

Objective 3 To determine the relatiw ML%Equati \Modeling
between  Fatwa areness, wtUs artiqgst Square
Magqasid al-Shari’ah tionj (PI&- M)
Religiosity, \LL‘J AUT2 O
behavioural factors, avieural
intention and(ﬂine ﬁ;? ,<\
adoption as twa' info c;
platform %

Objective 4 t

“ &
To exami media effect tural Equation Modeling
of behavioural int Nhe\ sing Partial Least Square
rela 'on%' betieen ai§ (PLS-SEM)

Magasid a SHar¥
4 eliﬁio,zi}y,
| fac nd
atwa

m s

examine erho@%&!ng effect Structural Equation Modeling

dér and’ education Using Partial Least Square
elatianship between (PLS-SEM)
en& Magasid al-
" Application,
Religiosit)%\\/ UTAUT?2
behavioura factors and
behavioural intention of online
media adoption as a Fatwa
information platform
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3.8.1 Level of measurement

5 Likert scales are used for selected respondents to answer the questivhe

mean summated score was computed to gain the level of all the variables{re gin

a value ranging from 1 to 5. The mean score was grouped into three ies which
were 1.00 to 2.399, 2.34 to 3.699, and 3.7 to 5.0 for low, medium, igh levels,
respectively (Table 3-11). \,

Table 3-11: Level of measureme '

Level

Low
Moderate
High

3.8.2 Structural Equation Modelinm

The researcher used a Stru %}u&ti%&g ﬁhg Partial Least Square
@
erdepen i

(PLS-SEM) to integrate the i dencies between ﬁﬁ-hiple variables. PLS-SEM

of datent a@manifest variables. A latent

is a multivariate techniqu istin
LY
variable is a variable that'is not d@ obSepved, but inferred from a set of variables

that we measure&“ﬂg te|5ts a surv%. Meanwhile, the manifest variable is

described as Mve variable used &)(d}fine the latent variables. When analysing
'

R

LS was used to evaluate how well it could

a proposed’ theoretical ﬁ,
estim ({;warian{:e atrix fo@mple dataset and its capacity to make sense of
: S N
Y e in the endogenobé’.?/ariables. In PLS-SEM, independent and moderator

th
‘ées represent exogenous variables, whilst dependent variables are endogenous.

chis study, exogenous variables are behavioural factors, Fatwa awareness,

religiosity, Magqasid al-Shar’ah Application and behavioural intention variables,
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whereas the endogenous variable is online media adoption as a Fatwa information

platform. Yv
Partial least squares SEM (PLS-SEM) are an alternative to SEM (SE@VI) co-

variance, which defines its statistical properties. The purpose of em%ﬁ LS-SEM
orfant

is to determine one or more key variables and identify the most p antecedents

of the targeted variable (Hair et al., 2011). On the other h d,Wdel set-up should

be a less developed theory which is a new or an extensi t'ng theory (Hair

et al., 2013; Henseler et al., 2009; Urbach & Ahleman,*201 ‘thezdata
characteristics should have a small sample size; asing thlcoﬁeg%?ﬁ PLS-
SEM estimations (Sarstedt et al., 2014). The Si search@ses a less

developed theory (extension of vanable(Nstm PL §M analysis is

used in this study. O

%) A
3.8.3 Evaluation of PLS- SE%C') (| AY C§

A PLS path model com S t S: theﬁmeasurement model and the
r\IodeI

structural model. The Ezment

variables and is pI ed at*one VGQ |thout(§s’|gned exogenous and endogenous

|

|qu@e relationship between latent

variables), Wh|| stru esses the interrelationships between
' Fros

exogenous a ge us v ly'bs ummary, the measurement model studies

measureme eory Jg/v er t e ural model involves determining whether the

structural relationship is mgmﬂ@_)m, and testing hypotheses.

‘@\Aeasurement Model
T

here are two types of measurement models: reflective and formative. The

eflective measurement model is evaluated differently from the formative
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measurement model. The following subsections explain the measurement model for

3.8.4.1 Reflective Measurement Model 3 :' ,
Reflective measurement is treated as the outcomes of constructs. The variable is

interchangeable (removed items without changing the meaning of the Criable, have a

reflective construct and formative construct.

measurement error, and items associated with a particular v?‘v should be highly
correlated with each other). On the other hand, the co@no@:& IS caused
by and reflects variation in underlying latent f (Jarvis gt al. 3). Ip~the

actors
l N
reflective measurement model, three criteria are d at the outs h eﬁteria are
J
i Th

internal consistency, convergent validity, and imin nw y. e§:,\6riteria are

shown in Table 3-12 below. (\/ 0\ s

%

N ®)
Table 3-12: Reflective m WTt
ReflectiveMeasufement Blﬂ odel ™)
o on%éhﬁ Alpha

Internal consistency
omposite Reliability

\ 4
Convergent validity Y' I @) @Loadings
o ! N%'age Variance Extracted (AVE)
Discriminant validity

¢ 4ornell & Larcker Criterion

%(.@ross Loadings
&

N
Y
igates &e@ cator loadings in the reflective measuring

N
: % I mu% than 50% of the indicator’s variance if the

Ioaqm&xceed 0.70 (Sarstedt@eﬂ., 2014). The researcher then continues evaluating
\

t Xstructions’ internal consistency and reliability. Composite reliability is

af

requently used in PLS-SEM to assess internal consistency reliability (Jo'reskog’s,
971). Higher values indicate a higher reliability level. Values between 0.70 and 0.95

are regarded as “satisfactory to good”, while the composite reliability values range
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between 0.60 and 0.70 as “acceptable in exploratory research” (Hair et al., 2014).
Values greater than 0.95, on the other hand, are problematic because the itw
duplicated, resulting in undesired response patterns, exaggerated correlﬁg}cross

indicators and error terms (Drolet & Morrison, 2001). A

The reflecting measure’s convergent validity will be exarw}z the following

phase. Convergent validity is the degree to which the in%ﬁl item reflects a
variable (Kline, 2011). It also acts as the internal cc@of &?tems and
represents the strength of the relationship between the items predicte reprewt a
| | . . | &
single variable (Brown, 2006). The characteristi he items sho repreésnt only
s X
b

one factor and be strongly related to each othQ Con ?gsat\ Iidité@‘f e tested
using Average Variance Extracted (AVE(Nor i An :ﬂ) priate AVE is
ec FQJC'[ explains more

often 0.50 or higher since it indicate%on awg&
than 50% of the variance of its elge:ntslBrxr%y air

%&m., 2010).

4]

&
The next stage is to asse&e T iminant val@y of the constructs once the

reliability and conver‘en; v;'dity 0
to

refl tiUe@nStructs has been satisfactorily

'] 2
\'e.li lein lﬁgl%ath model empirically differs from

validity é?.vr et al., 2010). The Fornell and Larcker

established. The deggee i

another is known'as discri

!
nost c‘c')%ervative criterion for discriminant validity.

This te@om?a s the AV@alue of each construct to the squared inner

(1981) criteri onsidered t

b
construet correlation (a measu%ﬁ. shared variance) with all other constructs in the

N
s;c I model. As a result, the recommended guideline is that a construct's shared

iance with any other construct should not be higher than its AVE value. This
proach is employed in the current study.
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Studying the cross-loadings is a less exact approach to determining discriminant
validity. As a rule of thumb, an indicator variable should be higher than the su i
cross-loadings with other variables in the structural model (Hair et al., » The

construct shows discriminant validity if the indicators (items) Ioadings%&nsistently

highest on the construct with which they are associated. Q

3.8.4.2 Formative Measurement Model Y'
The assessment of the measurement model now EV% on&?ructs that
are formatively assessed. As shown in Figure 3-4, the “€valuation ovmaQ-'vely

N
assessed constructs entails examining (1) converg@hdity, (2) c nez!ritQ,:\)nd 3)
4

M air e@",z;OM).

statistical significance and the relevance of the w;!or wei
t va&ty of formatively

1(%2 co iy
measured constructs is determine{ by how 0 '@gmeasured construct
correlates with a reflectively me (ofy single-item) \struct having the same

Hair et al. (2014) noted in Ste\
ccord-igtho Hair et al. (2014), a path

&
yfqrr@y measured construct should
me

<

meaning as the formatively measuged

coefficient of about inzates t

£
r
l

e

:

account for at least 65% of the a@d item(s) variance.

$ .?:I(J%(J
&L

V
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-

measurement models

Step 2:

Assess formative measurement models for

Step 1t
Assess convergent validity formative
collinearity 1ssues ]

Step 3

Assess the significance and relevance of d
formative indicators g

)
\
< ,17's
. _ b 4 X~
Figure 3-4: Formative Measurement Assessm rocedure
N ¥
0) ur%stlair et al. (2014)
However, a path coeﬁicient(h ﬁ?l /&i shared variance of
around 50%) would be acceptable | t cifcumsta qes. @ the final questionnaire
must contain a single-item N e of matix&' measured construct or a
N
reflectively evaluated striz for researchers o @ate convergent validity during

the research design stage. HOw és& et a{ 4) advised against avoiding using

a single item for Mct measurement. D'\ ntopoulos et al. (2012) state that single

items have m@er redi? yglidﬁmlevels than multi-item scales, which might

O

be prot@%he& sing’ a a@e-based analytic method like PLS-SEM. As
a4

previously mentioned, convergte'ggg\?alidity assessment aims to have a measure that

r the essence of the construct that the formative indicators are intended to

rmatively measured concept as an exogenous latent variable predicting an

0 sure (Sarstedt et al., 2012). Chin (1998) described redundancy analysis as using a
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endogenous latent variable operationalized through one or more reflective

measurements of the same construct. Yv

Step 2 applies the variance inflation factor (VIF) to determing, the level of
collinearity between each item's formative indicators. Collinearity is the term used to
describe situations with a high correlation between two for tixcators. The
presence of more than two indicators is referred to as mul icowaﬂty. Collinearity is
commonly employed for the convenience of usa e Jcolli arity” 1S
employed throughout the thesis and the subsequent, discusSion Mm Szudy.

| &

From a methodological and interpreting perspe , collinearity p Iems'}night be

4 r

problematic. Each indicator of the formatively assess Mst\r tis re@sed on all

b ﬁresearcher. A

(@]
—
>
@D
=
3
€]
QD
[%2]
c
-
@
3
@
>
—
=
@
3
w
o
-+
—
>
@D
[72]
QD
3
@D
o
z
3
o
(%]

VIF score of 5 or below in PLS-SEM is a tabwf

Step 3 evaluates the in@ sighifica and @ance. The indicators or

assu@ions in PLS-SEM, allowing

error terms are not subject to a dist[

for quick testing of thefweights’ significa a(;ed@- he normal distribution. For this
'3

nc
o .
reason, researchers Ktm m pping(procedure, a resampling approach that
creates many su@s (u 0) fr@& e original data (with replacement) and
!
re-estimates (%odel or'e ﬁbaﬁﬁale. The researcher can calculate standard
bootstra erk usin'g es ;u sa@\bes, allowing for the determination of t values
alues) for each indic@ngeight. The importance of the weights may be
\

(and
aEN based on the t values to decide the following: The indication is retained if the

Q' ht has statistical significance. As long as theory and professional judgement

stify its inclusion, an indicator is retained even if its weight is non-significant, but its
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loading is 0.50 or higher. If the weight is insignificant and the loading is low (i.e., less

than 0.50), the indication should be removed from the measurement model. Y-

Sarstedt et al. (2014) warned researchers not to delete formaxg'malcators
based on statistical outcomes for at least two reasons. First, the weigii is a function of
the number of indicators used to measure a construct. A highew of indicators

implies a lower average weight. In other words, for atti'Hsurement has an

inherent limit on the number of indicators that can mai ati til:ally ignificant
weight. Secondly, removing formative indicators from the mod
exception since formative measurement theorv&res measure
4
construct’s entire domain. The content validitme M ent m might be

adversely affected by deleting an indica@l et . In @r weights for

relevance are standardised to values be n -]{d Wit‘&Qghts closer to +1

denoting strong positive relationships ndﬂ%goseq% -1 indicating strong
o
negative relationships. The & ion 0 S-SEM ﬁnues with the structural

model assessment, whi;h Wred ’v th : t $\nce the measurement model
t

assessment concludes t mo% i aﬁa(}z/

igure@ and the in-depth literature reviews in

nts toxcover a

Regarding thesguid

Chapter 2, Ta&)li%c fi'rm
the pres trkrch.
d v):

K
K
N

u&il%rizes the measurement models adapted for
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Table 3-13: Summary of decision for measurement models adapted for the present

research
Constructs Measurementh
Fatwa awareness Reflect(g)
Performance expectancy ReflecCtive
Effort expectancy Ref
Social influence e
Habit R ctive
Religiosity tive
Magasid al-Shari’ah Application ectlve
Behavioural intention Yﬁe lective
Online Media adoption for Fatwa information Reflective
l
NI X
The evaluation of PLS-SEM then moves the me eﬁ@odel
assessment when the decision and justificati the e ent\ll%'dels are

formed. 0\ %T

3.8.5 Structural Model Assessment

-\
The structural model as ent h n ct‘) measurement model
assessment is completed and c able;%‘tﬁztu del assessment examines
the independence of the rel ips tftwe c ucts proposed in the research

I

model. Due to the lack™of a ommo -fit statistic, PLS-SEM differs from

odness-
(./

CB-SEM (Hensel & sted{ o Inste LS-SEM assessment of the model’s

quality is bas Ms abi I|t edict @enous constructs. Figure 3-5 illustrates a
' 4
i al

tlnk(l'.hb output of structural models. In PLS-SEM,

tep 4) are the h\%,% criteria for evaluating the structural model. Before

systemati rocédure for e)
the si W of th{p co'efflo?n s (Step 2), the level of R? value (Step 3), and the
éze (S

essment, the researcher must examine the structural model for any predictor

Ostruct collinearity. Regression analyses are used to calculate the path coefficient

connecting the constructs. So, the researcher must ensure that collinearity problems do
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not skew the regression results. The only difference between this phase and the
formative measurement model assessment is that the scores of the exogenouw

variables are used as input for the VIF evaluations. \

Step 1:
Assess structural model for collinearity issues

LY A

i

Step 2
Assess the significance and releveance of the structural r
model relationships - Y'

N
Step 3: 5)
v

Assess the level of B2

Step 4:
Assess the effect sizes

Figure 3- 5 As ssm&ﬁ&ocedure
Step 2 assesses th flca 7 ple@llty of the structural model

relationships (i.e., t at coeffl t(Qe Iect the proposed relationships

O

cance@essment is based on bootstrapping

between the co ruEyThelsngm'
standard error Mth t vald

of formati ator elg7s at?&éfﬁment values for relevance are normalised
from w with co icients dgser to +1 suggesting strong positive relationships

cients closer to -mdlcatmg strong negative relationships. The study

‘é must be taken into consideration when determining if the size of the

fficient is significant. The coefficient determination (R? value) is the most used

N
of thg‘ga.th coefficients, the same as the evaluation

measure for assessing the structural model in Step 3. R? measures the variation
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explained in each of the endogenous constructs, or put another way, it measures how
accurately the model is predictive. Higher levels of the R? which goes from )
indicate more prediction accuracy. R? values of 0.75, 0.50, and 0.25 ar(%ered
substantial, moderate, and weak, respectively (Hair et al., 2011; Hens ., 2009).

Nevertheless, the R? should always be interpreted in the context ‘of the study by

considering R2 values from related studies. : \)
Step 4 involves measuring effect size 2. The th Flz value when a
specific exogenous construct is removed from the model can b el!erm:q're' if
N ) | &
the construct significantly influences the en us constructs; in a‘%_ﬁmon to
4

evaluating the R2 values of all endogenous COWS.
given to this metric. According to Cohen @Ahe
medium, and large effects are f* valumz, %

the relationships between exogen cﬁ enﬁ%’j

4]
it is essential to include total rﬁ the sumsof direct @iirect effects between the

two constructs. Total effect?ﬁonsi ered elag\llows researchers to evaluate

how an exogenous @ct ffect tafzibconstruct through all mediating

constructs. This ephanc un@wg of t@elationships in the structural model.
N

3.8.6 MediacQ)Anal sis ' C’

In Q{%udy, }h D.dia mgﬁpact analysis was examined. The mediating
b4
analzmi’nc

t Ns how indirect impacts change the hypothesised direct paths through the

e =

des establishing %irect theoretical relationship between constructs

lating variables. Hair et al. (2014; 2017) advised that researchers follow Hayes
d Preacher's (2014; 2008) technique for assessing mediating effects and

bootstrapping the sampling distribution of the indirect impact. According to Zhao et
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al. (2010) and Hayes (2009), bootstrapping is a nonparametric resampling procedure
recognised as one of the most rigorous and robust ways to explore medlatlng

To explore the mediation impact of indirect effects that react to simple a rous
mediator models, Hair et al. (2014; 2017) enhanced the bootstrappm@% ation. In
addition, the bootstrapping method is ideal for PLS-SEM sim makes no
assumptions about the variables' distribution or the statistics' sam Istribution. This
method is used in the present study to examine the mediat % (]f the mediators,
specifically behavioural intention, as described in C r2. Th gs of the

Yw

behavioural intention mediation effects are stated in t llowing ch r' _\‘-}

&

3.8.7 Moderating Analysis

When the values of a variable that r@ﬂs the con
an external latent variable on an en%us IQV ble, @ is known as the

3 S
moderating effect. This is often e tona ctlrg;rnpact As a result, the
PLS path model includes the& tion t au&i&/ variable to consider the

interaction between the m an exo

ion Qié\the impact of

us Ia@'t variables. Moderators come
in two types: catego hnd coyt' s:%gnagnitude or direction of the
relationship betw&\Nxogelmus ent véaz@(a'lje and an endogenous latent variable
is affected by@nu atc]r @«‘){.Lnentloned by Henseler and Fassott (2010)

. (2 16))to analg&e/ the moderating effects, it is necessary to
mvest:: dlrec li b%twe$e exogenous and moderator variables and the
a te

and Hens

in rm with the endo@&'?ous variable. The significance of the path coefficient

‘éuated using the bootstrap method. If the path coefficient is significant, then the

Oderatlng effect's magnitude must be evaluated. In the present study, the researcher

intends to identify potential heterogeneity by analysing the moderating effect of
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gender, education level and age in the proposed relationships using multigroup

analysis (MGA). Yv

Many scholars have begun to investigate the concept of heteroge hwhich
market segmentation is based on differing views and assessments_of products or
services. Chin and Dibbern (2010) emphasized that disregarding? heterogeneity
frequently results in dubious conclusions. It is argued tha sthat aggregate data

as a single homogeneous population failed to determi ether t r'e are substantial

variations between two or more subgroups in the d:s. Multigroup an S QMS{%) is

the suggested method for addressing this issue.
b4 \,Y'

Xg pr(%tgr.nined (also

statiStically significant

MGA or between-group analysis isWCd
known as a priori) data groups to \%e existe

.g-outer weights, outer

variations between group-specific parameter i?
) N
loadings, and path coefficients)%et alf 201 GA@bles researchers to test

[ Q
According to Ha%. (2017),%/I_Jjn<zll_ PM is among the most efficient

ross s%ral connections. Standard moderation
NI

at thigueractlon point between the product of two

4

exogenous%iav san thzn gen@s’variable (i.e., the dependent variable may be

predic uItipf;/i in ndent variable by the moderator variable). In

- N - -
co »MGA provides a mdr&?horough picture of the moderator's influence on the
‘@s outcomes, as the focus moves from assessing the moderator's effect on a

Ogle-modelled relationship to examining its effect on all modelled relationships

(Hair et al., 2017, 2018).
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Given that the basic assumption of MGA is group heterogeneity, it is beneficial
for measuring group differences. According to Sarstedt and Ringle (Zw
researcher’s failure to account for heterogeneity can jeopardize the vaIi@PLS-
PM results, resulting in inaccurate conclusions. Assessing M PLS-PM
significantly improves researchers’ capacity to find meaningful¢differences in
numerous associations among group-specific data (PiconBerjqyo etal;, 2016; Schlagel
& Sarstedt, 2016). Following the recommendation of O&Zt'al. (2016), the
measurement models’ acceptability and invariance t b W‘d before
multigroup analysis is conducted. This study evaluat measureme tiﬁv&ﬁ&z of

composites (MICOM) method using the meas invarian ho@nseler et

\ =
al., 2016). NV o\ {\
& )
The process consisted of threms: i% sm&rgf configurational
i jance

invariance, ii) the assessment of :paiti(}?

o
equal means and variances. Fikst, con ational @nce was established due

to the same assessmen anWstme't of m a%f\ement model for the gender,
ge

[
level of education and oup_a rt)r(@d in the preceding phase. Second,

é} iii) the assessment of

the researcher s@d thl permutatio st using 500 permutations and a

N
significance t N ofy 5%.

irdly, &%Jesearcher examined the composite mean

values an lancCes forfinvariance. arify, composite invariance is obtained when
’
the ini 'a%&n difference fa'lls VWchm the 95% confidence interval (Henseler et al.,
N
2048) S

N
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Figure 3-6: The Measurement Invariance osﬂé"\/l (MI@%) Procedure
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Ensure sufficiem Step Iz Comfigural f:z IN: Crmpasitions) Full Invariowce: Boih
statistical power i Invarisnce + Make sure the Mlean and Vamance
1 Fuqual sample saevs *  Oeemerate the ['mlm. . Original Differences Ell

“Chriginal

(il pesssiblie) cicgorical kkemtpal Correlation” is hetween the 2.5% and
I o L 57 B4 e
Avoid straight * - - ‘ . midialirs -‘ gemer 1 ‘.\ & boundaries

linig data Idemtical dain Partial Ievarames: None

Ensure daia based on theary or treatment b e 7% el ar onby one of the Mean or
[— ohservations *  ldemtical o fhepenlos b Variance Original
qualsty {reliable n: icand, then y i i
o valid)i algorithm i Dilferemce [alls between
wm this invariamce is - .
sl T cstblished the 2.5% sl 97 5%,
9

housdanes

[ Waart: IT Step A sd Step B Gl 1w be essbhished, cheek Tor dan and o
| measwement meode] issues

$

Naster: I Step 4 Step 4: Analyse using MGA approaches in PLS-SEM
Fals o deteet
significam path Two Girutips ]
defferences. »  Pamameinc’ Welch-Samerthwaite :;::T;:?ﬁ::r:;z;’w
check for data Test )
y Dafferences. (OTG) with either

— B i e Feomfiram coerestion or Sidik
mAamen 1 Henseler's PLS-MGA
el 1astis P COTEIN

<&

LN
;\ Figure 3-7: Guidelines for Running MGA in PLSPM
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3.9 Conclusions

The present chapter focuses on the research design, the research instrum?he
population and sample, the study location, validity and reliability ee'f}data
collection, the data collection process, validity and reliability after dak&&@ction and
data analysis. This study is quantitative (descriptive correlational W where the
developed questionnaire was used as the main instrument in ang the required
data. The research instrument has four main sections: re X:je'nographic data,

Fatwa Awareness, behavioural factors studied and on edia aa‘bp@ds a Fatwa
L ]

information platform. % [ _{.)\Y'
The developed instrument has undergon idity ahd.reli iIit)@'(Bcesses -

before and after the data collection. The f& \rume lidity relied

on the literature review and experts @eliabilit ysis@( looked into the
Cronbach alpha value of the pre-te@scess 0 \h\f%to §@ied. Furthermore, the
S
%e iQromept)

second validity and reliabilit rumentrely the measurement and

structural models. This study involv ala@ Muslims from five zones,
?; b

where the number W% ased on oﬂiv@nce sampling and snowballing
4

'3
technique samplin qurvi pr@technique used in collecting data.
tion pr

After completing t ata oéd, the data were cleaned and analyzed
!

[
using analysis%/are cha 9'3@ martPLS.
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